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Abstract
New venture team composition lies at the heart of this thesis. Drawing on
social-psychological explanations and human capital reasoning, the thesis
addresses the social as well as the instrumental foci facing new venture teams.
This is done by addressing four research questions: 1) What are the
characteristics of new venture teams and their team members? 2) What impact
does team composition and firm performance have on team dynamics? 3) What
impact does team member characteristics and individual deviation have on
individual dynamics? 4) How does team composition and team dynamics
influence firm performance? Dynamics is studied by investigating the adding
and dropping of team members.
Research on entrepreneurial teams is characterized by several methodological
challenges that this thesis takes on. First, there is a lack of longitudinal studies.
Second, no studies are based on truly random samples of teams. Third, the unit
and level of analysis has been the team and the firm. Rarely is the individual
considered. In addition, the thesis sheds light on team diversity and its effects as
well as the relationship with performance, both as an antecedent and as a
consequence.
The empirical setting is based on a unique database covering all individuals
entering into self-employment in knowledge-intensive industries in Sweden
during the 1996 to 2000 period. Their firms are tracked annually up to 2002,
providing a census panel three to seven years long consisting of five cohorts.
This is done by using secondary data from Statistics Sweden (SCB) covering
information on individuals as well as their firms. By combining individual and
firm level data, the thesis demonstrates how team level constructs can be
obtained.
Overall, the hypothesized relations predicting team member and individual
exits receive strong support. Entries to teams and the performance of the firms
are not as well explained by the chosen constructs. The findings show that
greater internal diversity along some but not all demographic dimensions is
positively associated with a higher rate of team member exits. More precisely,
when diversity can be linked to status differences, the impact is more
pronounced. Furthermore, the findings show that deviation from others in the
group has an impact on which individual is likely to leave the team. There are
also considerable differences in behavior between teams consisting of spousal
pairs and other teams. In fact, the findings show that spousal couples venturing
together are very common and that the typical team does not match the
entrepreneurial team as it often is portrayed in the literature. In sum, the study
suggests that diversity in attributes related to status can influence team stability.
In addition, trust and prior relationships appear to be especially important for
the creation and development of new venture teams.
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Chapter 1
1 Introduction
This thesis focuses on firms founded by teams within knowledge-intensive industries.
It combines human capital reasoning with social identity theory and so captures the
social processes and instrumental foci entrepreneurial teams face. In doing so I
intend to shed light on team composition and team member characteristics and how
these aspects influence team and team member dynamics. Additionally, the thesis
investigates the possible links to performance. The first chapter opens up the issues of
discussion and presents definitions central to the thesis. The chapter closes with the
expected contributions of the thesis.

1.1 Entrepreneurship as a social endeavor
Early entrepreneurship research mostly portrayed the individual entrepreneur as
a lone cowboy. This depiction is greatly misleading. In fact, it has become wellknown that entrepreneurship is indeed a highly social endeavor (Aldrich,
Carter, & Ruef, 2002). A significant share of all new firms involves team startups where two or more people together found a company (Aldrich et al., 2002;
Cooper & Gimeno, 1992; Francis & Sandberg, 2000; Gartner, Shaver,
Gatewood, & Katz, 1994; Kamm, Shuman, Seeger, & Nurick, 1990). Despite
this knowledge, research has to a large extent focused on entrepreneurs as solo
entrepreneurs and their individual characteristics and behaviors (Gartner,
1988). As a consequence, in the early days of entrepreneurship research, little
attention was paid to entrepreneurial teams (Birley & Stockley, 2000). During
the last decade, however, an encouraging increase in the body of literature
concerning entrepreneurial teams can be observed (cf. Beckman, Burton, &
O'Reilly, 2007; Birley & Stockley, 2000; Chowdhury, 2005). Initial attempts
to study entrepreneurial teams have given ample empirical support to the
notion that teams indeed are superior to solo ventures. Findings unanimously
reveal that firms started by teams perform better on several dimensions (Bird,
1989; Chandler, Honig, & Wiklund, 2005; Cooper & Daily, 1997; Kamm &
Nurick, 1993; Lechler, 2001; Ucbasaran, Lockett, Wright, & Westhead, 2003).
More precisely, it has been suggested that team start-ups frequently occur,
constitute a significant share of all start-ups and often perform better than their
counterparts of single-founders (e.g. Cooper & Gimeno, 1992; Lechler, 2001).
Given these findings, it may be a very fruitful journey researching further the
domain of entrepreneurial teams.
1
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One of the most discussed team issues deals with the composition of
successful teams, especially in regards to heterogeneity and homogeneity. The
literature on teams provides mixed messages concerning what approach to
pursue in relation to heterogeneity and homogeneity (Birley & Stockley, 2000).
Text books inform us of the importance of creating a well-balanced team with
complementary skills and experiences (Timmons, 1999). Popular and famous
entrepreneurs such as Johan Staël von Holstein (1999), a founder of Icon
Medialab, highly praise the power inherent in heterogeneous teams.
Additionally, there is research emphasizing the importance of heterogeneity as a
way to increase creativity and performance (Jackson, 1992). Another reason for
why team heterogeneity is advocated by some is that it will increase the
knowledge resources of a firm (Kor & Mahoney, 2000). Research has also
shown that heterogeneous teams are characterized by more conflicts, which may
be good for creativity (Jehn, 1995). Oftentimes, however, conflicts may
obstruct the development of the team, shifting the focus from the actual
development of the business to dealing with affective conflicts (Jehn, 1995).
Although heterogeneity and diversity are argued to be valuable sources for
creativity, the link between them has been questioned and debated and there
are no clear-cut answers (Guzzo & Dickson, 1996; Williams & O'Reilly,
1998).
At the same time as group diversity is advocated within popular and
entrepreneurship literature (Foo, Wong, & Ong, 2005), sociological research
tells us a different story. Homogeneity as the opposite of heterogeneity is the
result of a behavior driven by homophily (Williams & O'Reilly, 1998).
According to homophily, people are prone to engage in homosocial behavior,
i.e., we are drawn to people similar to ourselves and prefer to socialize and form
homogenous groups and networks (McPherson, Smith-Lovin, & Cook, 2001).
Team research suggests that homogeneity fosters cohesion (Birley & Stockley,
2000), which leads to high levels of trust and low levels of affective conflict
resulting in increased effectiveness (Birley & Stockley, 2000; Ensley, Pearson, &
Amason, 2002). There also appears to be less turnovers within more
homogeneous teams (Chandler et al., 2005; Ucbasaran et al., 2003). In short,
heterogeneity is claimed to be important and so is homogeneity. Therefore,
there appears to be a conflict in the literature on teams. The pros and cons of
diversity in groups are not fully understood and arguments go both ways
(Milliken & Martins, 1996). This is a conflict this thesis addresses. In addition,
diversity has traditionally been treated as a one-dimensional concept. Recent
contributions argue that this is not sufficient. Instead, diversity should be
viewed as consisting of several dimensions (Ashkanasy, Härtel, & Daus, 2002;
Williams & O'Reilly, 1998), and the structure of diversity is likely to have an
impact on organizational work processes and outcomes (Harrison & Klein,
2007; Lau & Murnighan, 1998, 2005). In practice, this suggests that diversity
should be captured by incorporating several variables. Furthermore, what
diversity is a signal of should be considered when making claims about its
2
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potential effects. One such important aspect relates to status and inequalities
(Blau, 1977; Harrison & Klein, 2007). While diversity as a signal of variety
may be beneficial, diversity as a sign of disparity and inequality may not
(Harrison & Klein, 2007).
Much of the research favoring heterogeneity has taken an upper echelon
perspective. This stream of research has traditionally relied on demographic
characteristics as proxies for the mindset of individuals as well as their stock of
human capital (Hambrick & Mason, 1984). This approach has been criticized
for relying too much on demographic attributes of individuals ignoring the
cognitive processes taking place in the “black box” where demographic diversity
is claimed to transform into cognitive diversity (Pelled, Eisenhardt, & Xin,
1999). In fact, research findings have so far failed to find a link between
demographic diversity and cognitive diversity (Kilduff et al., 2000). Thus, it is
unclear how the positive aspects associated with demographic differences
actually benefit team processes and outcomes. Research looking at the negative
aspects of diversity, on the other hand, to a large degree relies on social identity
and social categorization theory. Here demographic characteristics have a value
in their own right because they are highly transparent, observable features that
allow for social comparison and identification (Lau & Murnighan, 1998).
Focusing solely on demographic differences and viewing them as proxies for
differences in cognition and attitudes is problematic. However, there are reasons
to believe that demographic characteristics do have an impact on social
behavior. Instead of disregarding the role of demographics, this thesis suggests
an alternative approach in that it combines theory from social psychology with
insights from human capital research by using status as an important distinction
between types of diversity and its differential effects. The combination of these
views is an accurate reflection of the specific context of entrepreneurial teams.
These teams, most often, are formed on a voluntary basis, as are social informal
groups. At the same time, they perform under the pressure to meet financial
goals and objectives (Ruef, Aldrich, & Carter, 2003). While entrepreneurial
team formation is likely to be a result of the team members’ personal social
preferences, they also have an instrumental focus that is likely to affect team
composition and development. By combining human capital reasoning with
social identity and categorization theory, the social and instrumental
dimensions are more readily captured.
Within the entrepreneurship literature, some studies have looked at team
heterogeneity and homogeneity in relation to how teams develop until actual
start-up (Ruef et al., 2003) or throughout a spin-out process (Vanaelst et al.,
2007). There is also a vast amount of organizational studies that focus on the
top management team and its composition (Birley & Stockley, 2000). In
regards to start-ups, however, little is known about the composition of the
founding team and how it develops over time, what impacts this development
and what influence it has on a firm-level (Birley & Stockley, 2000; Lyon,
Lumpkin, & Dess, 2000; Ruef et al., 2003; Vanaelst et al., 2007). Exceptions
3
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are the studies by Ucbasaran et al. (2003) and Chandler et al. (2005) that look
into the development of the team after start-up and issues related to team
member turnover. Beckman, Burton and O’Reilly (2007) also link team
member turnover to performance (defined as IPO and VC funding). Even
though the initial team is likely to change over time (Gartner, Bird, & Starr,
1992; Vanaelst et al., 2007; Virany & Tushman, 1986), existing research on
teams is heavily characterized by cross-sectional designs (e.g. Ensley et al., 2002)
and retrospective approaches potentially involving success bias (cf. Ucbasaran et
al., 2003). One aspect of how teams develop over time is the adding and
dropping of team members. If there is a need for more knowledge and
resources, new members need to be added to the team (Ucbasaran et al., 2003).
Likewise, teams could expel team members if no longer needed. Thereby,
adding and dropping team members is an adaptation mechanism allowing the
team and the firm to develop (Chandler et al., 2005). Therefore, it is critical to
study changes to the initial team line-up over time.
Furthermore, performance has been treated as an effect of team composition
and team processes. Chandler et al. (2005) and Beckman et al. (2007) study
how team member turnover is related to performance. Most studies
investigating the link between team level issues and performance adopt a
unidirectional approach (e.g. Chandler et al., 2005; Ensley, 1999).
Consequently, founding team characteristics are seen as determinants for future
performance. It is, however, plausible that past performance influences the
development of the team, i.e., the relationship may go in both directions (cf.
Wagner, Pfeffer, & O'Reilly, 1984). In other words, it could be the case that
different aspects of performance impact the stability and the development of the
team (a matter of reverse causality). This is an important consideration when
investigating the link with performance.
Studies conducted so far have contributed with valuable insights and paved
the way for more inquiry into this research field. They have indeed shown that
it is a promising research area. However, research focusing on teams struggle
with a number of difficulties. First, teams are difficult to sample (Forbes,
Borchert, Zellmer-Bruhn, & Sapienza, 2006). Firms and individuals are usually
the most convenient sampling units and therefore studies are not based on truly
random samples of entrepreneurial teams. Second, it is difficult and resourcedemanding to follow teams longitudinally and observe changes taking place
(Arrow, Poole, Hentry, Wheelan, & Moreland, 2004). This is because it takes a
long time if one wishes to follow teams in real time and the initial sample needs
to be large enough to allow for missing cases due to team terminations. If, on
the other hand, survey data is used, hindsight and survival bias may taint the
results. Using matched employer employee data, the thesis demonstrates how
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this approach can resolve these shortcomings. This enables unbiased estimates
of new venture teams and their characteristics.
Research on entrepreneurial teams adopts a team and firm level of analysis.
No study investigates how individuals of specific teams react to certain
compositions. This is surprising given the findings suggesting that individuals
react to group heterogeneity differently based on their own characteristics
(Chatman & O'Reilly, 2004). In addition to teams expelling team members, it
is equally plausible that members exit because they no longer wish to be part of
the team. The reasons for leaving a team could be both economically and
socially dependent. If the payoffs to a person’s human capital are not high
enough, he or she is likely to leave the team. Likewise, being very different from
others on the team might make individuals prone to leave. Team diversity can
indeed be expected to have different effects on different team members.
Pressures toward homophily has shown to strongly affect entrepreneurial team
formation, resulting in teams that are much less diverse than would be
expected, based on the populations from which members are drawn (Ruef et al.,
2003). Moreover, empirical research on various kinds of teams across a wide
range of demographic dimensions suggests that there are more changes in the
composition of teams when they are diverse. There are strong reasons to expect
that the homophily principle is applicable to understanding how members of
new venture teams respond to team composition. As a consequence, the
probability of e.g. leaving the team because of team diversity is highest for the
individual deviating the most from the other team members, which would be
the case if homophily has an effect on team dynamics. Even if the main focus
lies on the team and firm level, the individual is also considered, which provides
a more nuanced picture of the effects of diversity.
In sum, five main issues characterize research relevant for the study of
entrepreneurial teams. (1) There are mixed results concerning team diversity
and the effects thereof. (2) There is a lack of longitudinal studies. (3) No studies
are based on truly random samples of teams. (4) The link between team
composition and team processes and performance has been studied in a
unidirectional way. (5) The unit and level of analysis has been the team and the
firm. In many regards, research on teams has produced inconclusive results
concerning team composition and diversity (Birley & Stockley, 2000). Since
we, based on research, decide to adopt different strategies when for instance
educating students or when impacting the formation of start-up teams, it is
critical that we learn more about team composition and team dynamics. That is
the focus of this thesis. Consequently, the purpose of this dissertation is to
investigate new venture team composition, how the composition influences team and

1

My research project is part of a larger research program, which is described in more detail in
Chapter 3. Thereby, I have access to data on all individuals employed and firms operating within
knowledge-intensive industries. The data are matched employer employee data obtained from
Statistics Sweden.

5

Jönköping International Business School

team member dynamics, as well as the relationship between composition, dynamics
and firm performance (as an antecedent and as a consequence).

1.2 Research questions
More precisely, the main questions covered in the thesis are as follows:
1. What are the characteristics of new venture teams and their team
members?
2. What impact does team composition and firm performance have on
team dynamics?
3. What impact does team member characteristics and individual
deviation have on individual dynamics?
4. How does team composition and team dynamics influence firm
performance?
The first question deals with the composition of teams and characteristics of the
team members. Diversity and deviation aspects are part of this question. This is
a descriptive research question. The second question relates to the effects of past
firm performance, team characteristics and team diversity in regard to teams’
probability of adding and dropping team members. Question three refers to
individuals’ likelihood of exiting a team based on their individual characteristics
as well as their deviation from other team members. The final question aims at
investigating how team composition, diversity and member entry and exit
influence firm performance.

1.3 Contributions
By conducting this research I hope to make important contributions to the field
of entrepreneurship as well as to the diversity research conducted on teams and
groups in general. Considering that team start-ups are fairly common, but
rather understudied (Chowdhury, 2005), it will indeed be an important
contribution to provide unbiased estimates of the frequency of team start-ups as
well as the basic demographics of the teams and their team members. The
research based on the Panel Study of Entrepreneurial Dynamics (PSED)
conducted by Aldrich and colleagues (e.g. Aldrich et al., 2002; Ruef et al.,
2003) has shown that it is common that spousal couples venture together. This
is not in line with how textbooks typically portray entrepreneurial teams (e.g.
Timmons, 1999). The PSED is based on a random sample of individuals (i.e.
not teams) representing all types of industries. The empirical context of the
current thesis is knowledge-intensive industries. It is reasonable to believe that
knowledge-intensive industries are more likely to contain “textbook-like6
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teams.” This is, however, not well-known. It is important to become informed
of what characterizes the typical team, otherwise researchers risk theorizing
about a different phenomenon than what we purport to investigate empirically
and as a result might arrive at erroneous results or interpretations. Strategic
management research has been criticized for being based primarily on nonrandom samples (Short, Ketchen, & Palmer, 2002), and my review of team
research within the entrepreneurship domain reveals that this criticism applies
also here. Studies are either conducted on convenience samples (e.g. Chaganti,
Watts, Chaganti, & Zimmerman-Treichel, 2008; Ensley & Hmieleski, 2005),
very specific populations of firms (e.g. Bamford, Dean, & McDougall, 2002;
Ensley, Carland, & Carland, 2000; Ensley & Pearson, 2005) or at best on
random samples of individuals (Ruef et al., 2003; Steffens, Terjesen, &
Davidsson, 2007), see Appendix 1 for more details. Notwithstanding the
important and valuable knowledge brought about by these studies, there is a
need to conduct team research representative for entrepreneurial teams in
general.
The entrepreneurship team literature at times lacks a strong theoretical
ground (Bird, 1989; Cooper & Daily, 1997). Therefore, my research
investigates how well-developed theory from the field of sociology and social
psychology can be applied and combined with human capital reasoning and a
status perspective in order to conceptualize team composition effects and
dynamics.
One important aspect of teams is that they are believed to develop over time
(Arrow et al., 2004; Birley & Stockley, 2000; Chandler et al., 2005; Ucbasaran
et al., 2003). Nevertheless, many studies take a static view of composition at
e.g. start-up and investigate its link to performance a year or a few down the
road. The study by Ensley (1999) uses team level variables to predict
performance and growth during the previous five years. However, then a critical
aspect of teams is lost, i.e. their dynamics. By following teams over their first
years in business, seven years at the most and one at the least, this study shows
how they develop during their first years in business and sheds light on the
intricate interplay between performance, composition and team dynamics. The
method employed thereby enables me to study previously understudied aspects
of entrepreneurial teams. I hope to show how matched employer-employee data
can be a valuable source of new knowledge about entrepreneurial teams.
Furthermore, research on diversity has to a large degree adopted social
categorization and social identity theory (Jackson & Joshi, 2004), which implies
that the body of knowledge within this field is well-founded within a few
theories. However, there is a lack of longitudinal studies, and diversity is often
measured by focusing on only one characteristic (Jackson & Joshi, 2004). At
the same time scholars conceptually argue for the importance of adopting a
multi-dimensional view on diversity since people are likely to identify with
more than one group based on social categories (Jackson, Joshi, & Erhardt,
2003). Additionally, new venture teams provide a relatively new setting for this
7
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type of research considering that work groups, project groups, top management
teams and informal social groups are the ones primarily at focus. It is reasonable
to assume that entrepreneurial teams are different compared to e.g. project
teams. Project teams are often formed within organizations and the team
members do not necessarily have a say in who should be part of the team.
Founding teams, on the other hand, are a form of top management teams but
they form voluntarily, and their tasks, targets and objectives are largely
unknown (cf. Sarasvathy, 2001). Therefore, my research investigates a relatively
new setting, complementing existing diversity research.
I also aim to inform policy makers and practitioners. The quotes below are
excerpts from a recent discussion I had with a manager of an entrepreneurship
masters program. They help visualize some commonly held beliefs about
heterogeneity and diversity:
-We force our students into teams in order to get as heterogeneous teams
as possible.
-How does that work?
-It doesn’t work at all.
It is indeed becoming increasingly common to educate students in
entrepreneurship. One central activity of many programs involves the actual
start-up of a company. When working with start-ups, different programs take
on different approaches in regards to the way students form start-up teams.
Some decide to be in charge of designing the actual composition of the teams in
order to secure a diversity of experiences and resources while others adopt a
wait-and- see approach, where the teams are allowed to form themselves based
on shared interests. Consequently, when teaching entrepreneurship, we act on
certain beliefs that are not necessarily anchored in research (cf. Timmons,
1999). My research will hopefully lead to more informed decisions in regards to
teaching entrepreneurship.
It is not only in our teaching we are guided by some widely held beliefs. The
value of interdisciplinary work is often put forward. The government, when
discussing the innovation system, discusses the importance of interdisciplinary
co-operation (cf. www.vinnova.se). By studying entrepreneurial teams, we will
know more about how teams look in regards to their degrees of heterogeneity
and if there are major differences between teams. This can serve as valuable
input when making policy decisions. Furthermore, e.g. venture capitalists
sometimes decide to impact the composition of teams and emphasize the team
composition (Timmons, 1999). My research can also inform this group of
practitioners in regards to team composition.
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1.4 Definitions of central concepts
1.4.1 Entrepreneurship
Some core concepts of the study need to be clarified. The two most apparent
ones are entrepreneurship and teams. Considering the plethora of definitions, I
do not intend to offer an own definition or model of what entrepreneurship is.
Instead, I will dwell on some different existing views and show how my research
is a study of entrepreneurship. Despite the efforts put into finding a monolithic
definition unifying the field of entrepreneurship, the quest for a consensus has
not been fruitful (Shane & Venkataraman, 2000). There are, however, a
number of available and often applied definitions; some are more explicit
whereas others are more vague and oftentimes even implicit (Gartner, 1988).
Some of the definitions are detrimentally different but many definitions have
some overlap or similarity. Entrepreneurship has for example been defined as
follows:
Table 1.1 Overview of different definitions on entrepreneurship
Reference

Definition

Davidsson (2004)

“new economic activity”

Gartner (1988)

”creation of new organizations”

Kirzner (1973)

”the competitive behavior that drives the
market process”

Low & McMillan (1988)

”creation of new enterprise”

Schumpeter (1934)

”a process of creative destruction”

Shane & Venkataraman (2000, p. 218)

“ the processes of discovery, evaluation,
and exploitation of opportunities”

Stevenson & Jarillo (1990)

”the process by which individuals – either
on their own or inside organizations –
pursue opportunities without regard to
the resources they currently control”

The definitions all focus on some type of process. However, other definitions
adopt an individual level. There may, therefore, be fundamental differences
concerning underlying values of entrepreneurship. More precisely, whether they
relate to an action (e.g. Gartner, 1988), such as starting a new firm, or
something more abstract as personality (e.g. McClelland, 1961). In other
words, definitions may differ in terms of whether entrepreneurship is an innate
characteristic or a certain behavior (Davidsson, 2004). Furthermore, there is a
difference in whether the action can be considered unique and pathbreaking,
i.e., if there has to be a certain degree of newness. Entrepreneurship in this
9
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regard can be viewed in a Schumpeterian sense as the introduction of new
products or production processes, the opening up of new markets, the
identification of new raw material sources or re-organization of industries
(Schumpeter, 1934), rather than merely imitating already existing knowledge,
which can be the case of Gartner’s (1988) definition. Central to Schumpeter’s
definition is innovation. Others argue that less innovative and more imitative
ventures also are acts of entrepreneurship. Despite little agreement on the
definition, in line with Davidsson (2004), probably few would oppose to the
view that starting new firms is an entrepreneurial act and that merely focusing
on innovativeness as a qualifier for entrepreneurship would cause problems.
Following Davidsson (2004), I view entrepreneurship as new economic activity,
focusing on start-ups. As a consequence, having economic activity is necessary
for being classified as a new venture team. New economic activity is therefore
pivotal in the team identification process described in section 3.2.6.

1.4.2 Entrepreneurial team
Team research has adopted a number of different definitions and
operationalizations on who is part of the entrepreneurial team. In some
instances, it is even unclear what definition has been employed.
Table 1.2 presents a small selection of the criteria used in previous research
for defining entrepreneurial teams. Even though there are some differences
between studies regarding the criteria used, the literature on entrepreneurial
teams has some common beliefs about who is part of the entrepreneurial team.
Owning equity is for example one important dimension. So is being part at the
founding of the company and working within the firm. Most definitions focus
on teams that are involved in de-novo startups (Harper, 2008) and equate
entrepreneurial teams with new venture teams. I agree with Harper (2008) in
that entrepreneurial teams can act within, across or outside firms, both in newly
founded and in established businesses. However, I focus on new venture teams
and view them as entrepreneurial teams even if entrepreneurial teams indeed
can be found in also other contexts.
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Table 1.2 Overview of different criteria used for defining entrepreneurial
teams
Study

Criteria

Chowdhury (2005)

Multiple founders, participants in
decision-making, and hold equity
shares.

Cooper and Daily (1997)

They state that there is no clear-cut
definition and the most often used
approach is to ask respondents who
they consider as being part of the
entrepreneurial team.

Cooper & Bruno (1977)

Two or more founders working fulltime with the firm.

Eisenhardt and Schoonhoven (1990)

Individuals working full time when the
firm was founded

Ensley et al. (2002)

Has to fulfill two of three criteria:
founders, hold more than 10% equity,
be involved in strategic decisionmaking. The CEO, President, and Vice
president of critical functions are also
included.

Ensley et al. (2003)

Unclear

Harper (2008, p. 5)

He defines an entrepreneurial team as
"a group of entrepreneurs with a
common goal that can only be achieved
by appropriate combinations of
individual entrepreneurial actions."

Kamm et al. (1993; 1989; 1990)

Two or more people who are involved
in pre-start-up activities and who
formally establish and share ownership
of their new organization.

Ruef et al. (2003)

Co-founder sharing ownership.

Talaulicar et al. (2005)

Unclear

Timmons (1975)

Unclear

Watson et al. (1995)

Two or more individuals who together
establish a firm that they have equity in
and continue running together.

In this thesis, influenced by the most common definitions employed (e.g.
Kamm et al., 1990; Watson et al., 1995), ownership and being involved in
running the firm are considered. The founding team will consequently be
11
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individuals owning and managing the firm during the first year in business. In
other words, the focus is put on individuals owning and working within the
firm, and teams are groups of people being part owners working within the
same firm. Studying the development of the entrepreneurial team over time, it
is important to not merely focus on the founding team but instead accept that
the team may change, and is likely to change (Timmons, 1975), over time. So,
the two important dimensions to consider when deciding who is part of the
entrepreneurial team or not is ownership and being involved in running the
company. Within entrepreneurship research, the concepts of new venture teams
as well as entrepreneurial teams have frequently been used. These terms are in
this thesis used interchangeably, even though from a conceptual point of view
they do not necessarily denote the same. It is plausible that entrepreneurial
teams exist also in established organizations, just as entrepreneurship can
(Schumpeter, 1934; Stevenson & Jarillo, 1990). Nonetheless, my discussion
focuses on new ventures and views the starting team as an entrepreneurial team.

1.4.3 Heterogeneity/diversity and homogeneity
Central to this thesis are the concepts of heterogeneity or diversity and
homogeneity.
Heterogeneity
relates
to
“the
state
of
being
heterogeneous”(Merriam-Webster, 2003), which in turn means “[c]onsisting of
dissimilar elements or parts” (Merriam-Webster, 2003) as opposed to being
homogeneous, which refers to being “[o]f the same or similar nature or kind”
(Merriam-Webster, 2003) or being “[u]niform in structure or composition
throughout” (Merriam-Webster, 2003). Homogeneity and heterogeneity can
consequently be viewed as two opposite sides on a continuous scale.
What aspects then are considered similar or dissimilar? When discussing
composition, the concepts of achieved or ascribed characteristics can be used
(Lazarsfeld & Merton, 1954; Tolbert, Andrews, & Simons, 1995). Ascribed
characteristics are more innate characteristics such as sex, race and age (Tolbert
et al., 1995) and are more or less fixed (Lazarsfeld & Merton, 1954), whereas
achieved characteristics relate to e.g. education and professional experience
(Tolbert et al., 1995) that are results of individual choices and achievements
(Lazarsfeld & Merton, 1954). Consequently, not all aspects in which teams
may be homogeneous and heterogeneous are covered in this thesis and there are
other dimensions of homogeneity and heterogeneity not considered. Examples
of such dimensions relate to personal values, cognition and opinions (McGrath,
Berdahl, & Arrow, 1995), but also aspects such as leisure activities.
Heterogeneity in the current study therefore means that individuals within the
team differ on certain dimensions such as education, age and sex. Furthermore,
groups and teams should not be seen as heterogeneous or homogeneous, rather
it is likely to be a matter of degrees (Lazarsfeld & Merton, 1954). The choice of
dimensions and the concept of composition are further discussed in Chapter 2.
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Looking at the etymology of homogeneity and heterogeneity, it is interesting
to note that homogeneity comes from the Greek word homos as in “same” and
heterogeneity emanates from heteros for “different” while genos refers to kind,
gender and race (www.etymonline.com). Research of groups and teams use
both the terms heterogeneity and diversity to explain differences within groups.
Literature within the entrepreneurship (Birley & Stockley, 2000; Chandler et
al., 2005; Cooper & Daily, 1997; Ucbasaran et al., 2003) and top
management team (TMT) (Amason, Shrader, & Tompson, 2006; Priem, Lyon,
& Dess, 1999) research domains primarily talk about heterogeneity, even if
there are exceptions, (e.g. Chowdhury, 2005). Sociology and social psychology
research, on the other hand, primarily use the term of diversity (Jackson &
Joshi, 2004). A plausible explanation is that diversity accommodates the
possibility for more differences if considering the etymology of the concepts.
However, this does not imply that research conducted on heterogeneity is not
comparable with diversity literature since they use the concepts to describe the
same types of variables. It is possible that diversity is used in order to signal
inequalities in an aim towards equal opportunities while heterogeneity does not.
In addition, this stream of research is often termed diversity research. Diversity
is a concept used interchangeably with heterogeneity in my discussion. Other
terms that have been used in the literature are dispersion, dissimilarity,
divergence, variation and inequality (Harrison & Klein, 2007). A more
thorough elaboration on types of diversity is included in the theoretical chapter.

1.4.4 Dynamics
When discussing the dynamics of entrepreneurial teams over time, focus lies on
the entries and exits of team members. More precisely, team dynamics is viewed
as team member changes, i.e. turnovers. From a team perspective, the
probability of teams experiencing a team member change, i.e. adding or
dropping a team member, is investigated. In addition, at the individual level,
who is actually most likely to leave a team is the matter of inquiry. Team
dynamics can also relate to other team processes such as the development of
cohesion, conflicts and team work (Ensley & Pearson, 2005), but that is outside
the scope of this thesis.

1.4.5 Composition
Team members can be viewed as the most important resources of the team and
the people within the group are likely to affect the development and effects of
the team (Levine & Moreland, 1990). In essence, composition implies a focus
on the makeup of the group and it is common to focus on achieved or ascribed
characteristics (Lazarsfeld & Merton, 1954; Tolbert et al., 1995). When
discussing composition, the readily detected characteristics and attributes of the
13
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team members are referred to. There are different ways in which the
composition of a team can be measured and most often the configuration is
measured in terms of homogeneity or diversity, where central tendency or
measures of variability frequently are employed (Levine & Moreland, 1990).
Following prior research this approach is adopted in the current study of
entrepreneurial teams. Mean values, diversity measures as well as team and
individual characteristics are employed in the analyses. More information on
these measures is provided in the methods chapter.

1.5 Thesis outline
In order to embark on the quest for answers to the research questions the thesis
proceeds as follows:
-

Chapter 2 is devoted to reviewing theory relevant for understanding
team composition, dynamics and consequences, showing how social
identity and categorization theories can be merged with human capital
reasoning and status. Based on a conceptual model, two research models
are presented, for which a set of hypotheses are developed.

-

Chapter 3 concerns the method chosen and explicates the research
design, sample selection, key variables and analyses conducted.

-

Chapter 4 covers descriptive statistics for the team and team members.
It provides an initial understanding of the empirical context. This
chapter aims at answering research question 1.

-

Chapter 5 includes analyses of team and individual dynamics. It
constitutes the main analysis chapter. Hypotheses concerning team and
individual dynamics are tested. Research question 2 and 3 are covered in
this chapter.

-

Chapter 6 provides results on firm performance and how team
composition and dynamics influence different types of firm
performance. Hypotheses predicting firm performance are tested, which
is related to research question 4.

-

Chapter 7 offers a discussion on the findings and results in relation to
previous chapters. Suggestions for future research and implications of
my findings are provided.
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Chapter 2
2 Theory
This chapter reviews and develops theory important for understanding
entrepreneurial teams and their dynamics. Relevant literature from sociology and
social psychology as well as organizational behavior, strategic management and
economics is presented. Furthermore, research conducted on teams within the
entrepreneurship field is reviewed. Based on theory, this chapter proposes a set of
hypotheses that constitute the foundation for the analyses of entrepreneurial team
composition, its dynamics and consequences.

2.1 Theory on groups and teams
2.1.1 Groups and teams
As social beings, humans tend to form and be part of different groups. These
groups can be placed on a continuum running from informal, such as a group
of friends, to formal, such as a board of directors. Additionally, they differ in
whether they are task-oriented or not. Early studies within social psychology
placed much attention on the development of friendships and small informal
groups (Levine & Moreland, 1990). Later, organizational psychology scholars
started to investigate different aspects of work task groups and other more
formal groups within existing organizations. It was also these scholars who
made important contributions to the progress of research on small groups
(Levine & Moreland, 1990). During the last decades the literature on
organizational teams in general and top management teams specifically has
expanded immensely (Arrow, McGrath, & Berdahl, 2000; Carpenter,
Geletkanycz, & Sander, 2004). Indeed, why we prefer to form teams and social
groups with certain people and how these groups develop and perform are
questions that have long occupied social psychological as well as organizational
scholars.
Group formation has primarily been studied by looking at either the
emergence of natural and voluntary groups or at the creation of work groups
and top management teams within established organizations. These two settings
are rather distinct and different. In the case of natural groups, a group usually
emerges through the preferences of the individuals who wish to associate with
one another, such as in friendship groups. In the case of deliberately formed
15
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groups, outsiders’ influences create a group that would not otherwise form on
its own (Sims, 2002). For example, someone within a firm might deliberately
put together a multi-disciplinary team to perform a certain task within a limited
time. Entrepreneurial teams represent a hybrid of these two types and thus
constitute a unique setting for studying group formation and development.
Entrepreneurial team formation is likely to be decided on by the team
members, but they also have an instrumental focus that is likely to affect their
composition and development. For example, the tasks at hand might call for
specific competencies and certain human capital to be represented on the team
and thus require a deliberate recruiting effort to find the most competent
person. Therefore, this setting is highly interesting since the social psychological
processes governing natural group formation and development are likely to be
in place at the same time as a team faces pressure for group success at the
instrumental level.
There have been a number of researchers showing interest in entrepreneurial
teams (e.g. Beckman et al., 2007; Birley & Stockley, 2000; Chandler et al.,
2005; Ensley et al., 2003; Ruef et al., 2003; Ucbasaran et al., 2003).
Nevertheless, research on entrepreneurial teams is still at an early stage (Forbes
et al., 2006). Besides looking at the start-up process, few have studied the
development of entrepreneurial teams over time. Exceptions include
contributions by e.g. Chandler et al. (2005), Ucbasaran et al. (2003) and Forbes
et al. (2006). In their review of entrepreneurial teams, Birley and Stockley
(2000) conclude that one is likely to encounter difficulties when striving to
develop a coherent picture of the research conducted on teams. This is partly
due to the field being fragmented and interdisciplinary in nature, the use of
different levels and units of analysis as well as frequent inconsistencies in the
terminology used. These difficulties are important to bear in mind when going
through the literature. In order to develop a sound theoretical base, this chapter
reviews relevant literature on groups and teams through drawing on three
strands of research: research on group formation and development within
sociology and social psychology, research on top-management teams,
organizational teams and work groups conducted by organizational behavior
and strategic management scholars, as well as research on teams from the
entrepreneurship domain. In essence, I build on two theoretical perspectives
and rely on studies conducted within the fields mentioned above for empirical
support. The two perspectives consist of (1) the complementary theories of
social identity and categorization and (2) human capital theory.
The social identity and social categorization theories are two theories within
social psychology that have been shown to be robust over several different
contexts (Haslam, 2004) and particular useful for explaining inter-group
behavior as well as individual behavior within groups. I do not equate intergroup behavior with inter-team behavior. Within one team there may in fact be
different social groups represented and therefore there may be inter-group
behavior taking place within a team. Much of the empirical work focusing on
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the negative aspects of groups and workplace diversity relies on social identity
theory and social categorization theory (Ho, 2007; Joshi & Jackson, 2003).
These theories have been used to explain team dynamics and behavior (Jackson
et al., 2003). Therefore, I rely on social identity and categorization theory to
explain the social dimensions of team composition and development.
To capture the more instrumental dimension of the teams, I find human
capital theory useful. Research investigating the link between the team and firm
performance is often based on human capital theory (e.g. Baum & Silverman,
2004; Cooper, Gimeno-Gascon, & Woo, 1994; Gimeno, Folta, Cooper, &
Woo, 1997). In addition, studies highlighting the positive aspects of diversity
frequently draw on human capital and resource dependence arguments (Forbes
et al., 2006; Ucbasaran et al., 2003). Diversity is typically viewed as detrimental
for group processes within social identity research while the arguments in the
upper echelon literature frequently revolve around the positive aspects of
diversity. At a first glance these two perspectives on diversity may seem
incompatible since they often times produce conflicting predictions.
Nevertheless, the combination and complement of the two is an important
contribution that can be beneficial for gaining an understanding of
entrepreneurial teams, their development and performance. Moving on, I will
first introduce each of these perspectives separately. Thereafter, in section 2.1.4,
I will discuss how they each can predict different outcomes and how they can
complement each other as well as how they can be combined by using status as
an important feature.

2.1.2 Social identity and social categorization theory
Social identity and social categorization theories have shown to provide
valuable insights into the understanding of the consequences of diversity
(Brewer, 1995; Jackson et al., 2003). These complementary theories suggest
that people have a predilection for categorizing others as well as themselves into
social categories (Tajfel & Turner, 1986). This is done both as a way to classify
others but also as a way to define oneself in the social environment, hence social
identification theory (Ashforth & Mael, 1989).
The identity and categorization processes are closely linked and interrelated
(Haslam, 2004). They do, however, have some distinguishing features. Social
identity theory has primarily and initially been concerned with prejudice and
adopted a “we against them” stance. It is mainly concerned with inter-group
relations (Turner, 2004). Social categorization builds on social identity but
incorporates the individual more by also considering the “me against us”
perspective and the formation of psychological groups (Turner, 2004). Henri
Tajfel is considered the father of social identity theory and regarded as a seminal
figure within social psychology (Turner, 1996). He was initially interested in
the cognitive processes underlying prejudice and stereotyping (Haslam, 2004).
A very influential experiment for the theory development was conducted in
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order to explain inter-group discrimination among minimal groups. In the
experiment, the participants were randomly assigned to two groups. When later
asked to allocate resources, anonymous in-group members were assigned more
than out-group members despite the fact that the decision-maker could not
benefit him- or her-self (Turner, 2004). These results provided support for the
belief that people display in-group favoritism. The findings were extended and
supported in later studies performed in different contexts and accounting for
several potential influential factors. One of these studies is highly interesting
since participants in the experiment faced a number of choices when deciding
on pairs of rewards. In particular, they were able to choose one of four reward
strategies: fairness, maximum joint profit, maximum in-group profit or
maximum difference (Haslam, 2004). One might anticipate that the strategy
participants would choose is the one maximizing in-group profits. However,
participants tended to choose the strategy that maximized the difference
between the groups while still making sure that one’s own group received the
higher ranking (Haslam, 2004). Haslam (2004) points out that from an
economic self-interest model this is highly irrational. The experiments showed
that it was not doing as good as possible that was important, rather people were
focused on doing better than the other group. Another important insight
gained from social identity and categorization research is that individuals tend
to view out-groups as less trustworthy and competent than in-group members
(Brewer, 1979; Tajfel, 1982).
So, what is social identity and categorization? Tajfel defined social identity
as “the individual’s knowledge that he [or she] belongs to certain social groups
together with some emotional and value significance to him [or her] of this
group membership.” (cited in Haslam, 2004, p.21). The original foundations
of the theory consists of three interconnected processes (Ellemers, Haslam,
Platow, & van Knippenberg, 2003):
1. Social categorization – relates to the tendency of people to classify others
into social groups instead of viewing them as separate individuals. The
categorization process is important for self-categorization as well as social
categorization. Categorization has been shown to be one way of handling
uncertainty and create a sense of structure.
2. Social comparison – involves the comparison between groups as a way to
assess the relative worth. This can be related to status. By comparing one’s
own group with another, it is possible to rank the groups and determine
the social status of the different groups. It is worth pointing out that in
order for the categorization process to be worthwhile it always has to
include the possibility of comparison. Categorization is essentially about
inclusion and exclusion. If everyone is included in a single category then
this classification is useless. What appears to be important is the
comparability.
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3. Social identification – predicts that people relate to situations, not as
separate individuals but as members of a group, which in turn might
influence their behavior. In other words, by being a teacher, one might
react in line with the expectations of being a teacher when meeting
students even outside of the school. Furthermore, one often strives for
positive distinctiveness (Haslam, 2004), trying to make “we” appear better
than “them.” Once identification with a group has been made both the ingroup and the out-group are viewed as more homogeneous and
stereotypical than they might be (Haslam, 2004).
It is important to remember that there are different levels of identities. It can be
visualized by thinking of a Russian doll, where there are a number of different
layers. Once one identity at the higher level has been removed, another at a
lower level is revealed (Haslam, 2004). For entrepreneurial teams the
overarching identity could be that they belong to the same team (Shepherd &
Haynie, 2009). However, at lower levels they might identify with different
social categories based on e.g. sex or age. Another important dimension is that
identities can be seen as degrees as well as composites of several identities
(Lazarsfeld & Merton, 1954). People oftentimes identify with several social
categories and the categorization process can be likened to a painter’s palette,
which consists of several different colors that can be mixed. Therefore, diversity
is a multidimensional concept implying that there are several aspects and
degrees of diversity. Surprisingly then, Jackson et al. (2003) note, in their
review on team and organizational diversity, that as much as 43 % of the
studies reviewed only used one diversity attribute. In fact, few studies
conducted on group diversity focus on more than two dimensions at a time,
implying that there is a loss of valuable information (Jackson et al., 2003). For
that reason, it is important to incorporate several diversity dimensions into the
study on teams.
When not content with one’s social identity or position in a specific social
category, one can choose from three different strategies. Namely, individual
mobility, social creativity and social competition (Haslam, 2004). Individual
mobility is when a person is able to move out of one group and enter another
social category (Blau, 1977; Turner, 2004). This is likely to take place when the
status of a group is relatively low and the boundaries are permeable (Haslam,
2004). This is very difficult for some types of categories, such as age, sex and
race as they are difficult to hide and/or change. However, this may have
important implications on how individuals behave depending on to what
category they belong. Social creativity and social competition both focus on
social change rather than individual behavior. These strategies are used when
individuals find it difficult or impossible to cross the boundaries of their
category. Social creativity involves finding other out-groups to compare oneself with, try to change the values associated with the group or by finding new
dimensions on which the groups can be compared (Haslam, 2004). The
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competition strategy is when the group acts collectively in order to improve
one’s status relative to another group. This strategy is likely to result in open
conflicts. I do not intend to investigate these strategies empirically, but I believe
they may be important for understanding team dynamics in relation to status,
which is further discussed in section 2.1.4.
As the entrepreneurial team makes up one social category, individuals will
attribute values and images to what the identity means depending on who is
part of the group. If not content with the values that the team identity brings
about, members are likely to want to deal with this. Either one may choose to
exit from the group; one might force others to exit; or simply work on making
the image of the identity more favorable by for example bringing in new
members.
Closely linked to social categorization and identification is the
similarity/attraction hypothesis (Williams & O'Reilly, 1998). It posits that
demographic similarities, among others, result in increased attraction and liking
producing a tendency for people to group with similar others (Byrne, Clore &
Worchel, 1966, cited in Williams & O'Reilly, 1998). In other words, being
part of the same social categories and sharing social identity is believed to
increase attraction and liking and as a result, individuals are more likely to favor
one another. The similarity attraction proposition seems to hold for a diverse
set of characteristics, ranging from demographic characteristics and personality
traits to life-style or opinions (Cialdini, 1993; Williams & O'Reilly, 1998).
Demographic attributes that are easily detected such as age, gender and
ethnicity can indeed be socially meaningful (McGrath et al., 1995; O'Reilly,
Caldwell, & Barnett, 1989; O'Reilly, Williams, & Barsade, 1998). Similarity
has also shown to be one major factor influencing the decision to join a group
(Parks, 1999). The tendency to group with similar others is explained by
homophily (Lazarsfeld & Merton, 1954; McPherson et al., 2001; Williams &
O'Reilly, 1998). While the similarity/attraction hypothesis is primarily
applicable at the individual level, the homophily principle applies on dyads and
larger networks (Forbes et al., 2006). Still, the similarity/attraction argument is
argued to be embedded in the homophily principle (Williams & O'Reilly,
1998). This principle has been described using the old proverb of “Birds of
2
feather flock together” as opposed to the view that “opposites attract.”It
predicts that people similar to one another experience contact with each other
at a higher rate than with dissimilar people (Lazarsfeld & Merton, 1954;
McPherson et al., 2001; Williams & O'Reilly, 1998). Research findings offer
support for the homophily principle as an important mechanism in the
formation of social networks (McPherson et al., 2001) as well as in the
formation of entrepreneurial teams (Ruef et al., 2003). Having a preference for
2

This old saying was used by Lazarsfeld and Merton (1954) to describe the behaviour they
termed homophily. According to McPherson et al. (2001) the proverb was also used by Burton in
1927 who in turn stated that the proverb stems way back from Western thought and there is no
well known father to the saying (McPherson et al., 2001).
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similar others can be interpreted as a cognitively consistent behavior. If one
dislikes someone that resembles oneself it also has a negative impact on our selfperception, and vice versa (Cialdini, 1993; Parks, 1999). In sum,
heterogeneity/diversity and homogeneity concern the composition of a group,
while homophily is the behavior resulting in homogeneous groups. Given that
diverse groups are more likely to experience team member exits (Chandler et al.,
2005; Ucbasaran et al., 2003), the homophily principle is likely to be at play
also during team development. In section 2.3, I elaborate in detail on different
team and team member characteristics in relation to homophily and team
member changes.
There is criticism toward adopting a social identity perspective. Social
identity theory has been criticized for treating diversity as a generic concept,
meaning that different attributes on which one can be diverse are viewed as
interchangeable (McGrath et al., 1995). In other words, racial diversity is
viewed as having the same effects as sexual or religious diversity (McGrath et al.,
1995). There is also criticism towards focusing on demography when
conducting organizational research, since demographic attributes often are
viewed as e.g. directly influencing the frequency of communication (Lawrence,
1997). Priem, Lyon and Dess (1999) question the usefulness of relying on
demographic measures when conducting heterogeneity research on TMTs,
since it e.g. does not reveal how cognitive processes within groups develop
(Kilduff, Angelmar, & Mehra, 2000). TMT research frequently makes
assumptions about readily detected diversity being reflections of underlying and
cognitive diversity (Carpenter et al., 2004; Jackson et al., 2003; Lawrence,
1997). Social identity theory, however, does not make such an assumption.
Rather, it asserts that readily detected attributes are important in themselves for
driving social processes (Jackson et al., 2003). Essentially, what this means is
that social identity theory does not assert demographic diversity to signal
different cognitive perspectives, which in turn could increase creativity and
indirectly be positively related to performance. The black box discussion
concerns the processes in which diversity would be converted into creativity and
better performance and under what circumstances. The inability to show what
occurs in the black box and the inability to find conclusive results on the
anticipated positive link between demographic diversity, creativity and
performance has therefore added fuel to the questioning of reliance on
demographic attributes (Kilduff et al., 2000; Priem et al., 1999). Studying
diversity from a social identity perspective does not fall into this line of criticism
as it does not rely on these assumptions.
This does not mean that lower level variables probably play an important
role in interpersonal attraction. It is likely that they are most critical for
interpersonal attraction. However, these identities are less stable over time and
context. The more readily detectable characteristics are almost always salient in
social interaction because they are difficult to disregard (Lau & Murnighan,
2005). Based on the criticism, I find two issues important to bear in mind.
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First, other aspects than the demography of teams and team members are
important for fully understanding team dynamics. Furthermore, it is important
to consider different dimensions when investigating team diversity. This thesis
focuses on easily observed characteristics as they can add valuable insights into
general social behaviors of teams and team members. When doing so I include
several dimensions along which individuals can be diverse. I do not consider
aspects related to cognition and team conflicts. However, in order to capture
issues related to the instrumental level I draw on insights gained from human
capital theory and research.

2.1.3 Human capital
Human capital theory uses economic logic for understanding how individuals’
investments in skills and knowledge such as education and training, pays off in
their careers, including self-employment (Shane, 2000). The underlying
assumption is that individuals’ career choices are guided by the potential return
on their human capital. According to human capital theory, individuals
possessing higher levels of human capital are generally more successful and have
higher returns (Becker, 1975). Scholars have examined how human capital of
the founders affects individuals’ entry into entrepreneurship as well as the
performance of new ventures (Bates, 1995; Bowen & Hisrich, 1986; Davidsson
& Honig, 2003; Gimeno et al., 1997). Within entrepreneurship one would
expect a positive association between an individual’s human capital and his or
her performance in the new venture, i.e. how well the firm performs. Age,
education and prior industry experience, among other things, have shown to be
positively related to new venture performance (Davidsson & Honig, 2003;
Gimeno et al., 1997; Shane, 2000). Cooper and Daily (1997) discuss how new
firms can draw upon the educational, functional and industry experiences that
each founder contribute with in order to survive.
The human capital that founders possess can be discerned as being either
general or specific (Becker, 1975). General human capital is transferable across
contexts whereas specific human capital is particular to specific situations.
Human capital of the general kind is often referred to as explicit knowledge
whereas the specific is compared to know-how and more tacit knowledge
(Polanyi, 1967). In addition, I see that general human capital can be reflected
in both achieved and ascribed characteristics, whereas specific human capital is
only apparent in some of the achieved characteristics. Previous work experience
is often viewed as a source of tacit knowledge (Vesper, 1990). This knowledge
can aid individuals in the venturing process (cf. Shane, 2000). When
entrepreneurs start new ventures in industries where they have prior
experiences, they are more likely to have a well developed network as well as be
more knowledgeable about customers and suppliers (Gimeno et al., 1997). As a
consequence, having prior industry experience is likely to positively affect new
venture performance.
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Davidsson and Honig (2003) found that people with higher levels of human
capital were more likely to act on identified opportunities in terms of number
of nascent activities conducted. Much of the upper echelon research can also be
linked to the human capital reasoning. When using a human capital rationale,
the focus is on the performance of the team or the group (Forbes et al., 2006).
Therefore, for entrepreneurial teams the performance of the firm is a proxy for
the return on their human capital.
A human capital perspective on entrepreneurial teams implies a focus on the
existence of particular experiences and the average characteristics of the group
members (Beckman et al., 2007). It does not consider differences across
individuals, which the social identity and categorization approaches do
(Beckman et al., 2007). However, human capital can be important both from
its existence and structure, but the effects are likely to differ. I therefore
anticipate that the stock of human capital, measured as the existence of a
particular experience or the average characteristics of the group members, will
have a positive effect on performance. However, I also anticipate that diversity
in human capital could be related to team dynamics, i.e. member entries and
exits, and/or firm performance.
Given that group members are important resources to the group itself, one
should consider both the stock and the structure of the group members’ human
capital. In a sense, diversity could be a sign of the breadth of human capital
while homogeneity would signal its depth. Consequently, when a team is
heterogeneous in human capital the need for complementary knowledge and
skills will not be as high. However, when the team is homogenous there may be
more reasons for bringing in new members (cf. Forbes et al., 2006; Ucbasaran
et al., 2003). Conversely, from a social perspective homogenous teams are
claimed to be more cohesive (Birley & Stockley, 2000), and possibly less open
to bring in outsiders. Prior research suggests that team member entries and exits
are influenced by different factors (Ucbasaran et al., 2003; Vanaelst et al.,
2007). Following their arguments, I anticipate that the diversity measures
leading to entries are different from those that drive member exits. When there
is high diversity on human capital measures that capture status differences, team
member exits are more likely to be observed. When the diversity does not signal
differences in status, I instead anticipate a positive link to performance. Teams
homogenous in relation to human capital that does not signal status differences
are also likely to bring in new team members to acquire complementary skills. I
elaborate more on this in the following section. Furthermore, in Section 2.3
different aspects of human capital are discussed and their hypothesized effects
presented.

2.1.4 The structure of diversity
In order to account for positive as well as negative consequences of diversity,
scholars have adopted different approaches. There are studies separating
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between informational, defined as educational, and social categorization
identity (Dahlin, Weingart, & Hinds, 2005). Others distinguish between
functional and relations oriented diversity. There has also been a separation
between surface level and deep-level diversity (Harrison, Price, & Bell, 1998;
Harrison, Price, Gavin, & Florey, 2002). Surface-level diversity concerns easily
observable characteristics such as sex and age, while deep-level diversity captures
underlying values and beliefs. In a similar vein, Lazarfeld and Merton (1954)
differentiate between status and value homophily. Status homophily consists of
factors such as age and sex while value homophily relates to values and beliefs.
The examples above demonstrate the different concepts used and the wideranging terminology adopted. McGrath et al. (1995) offer one way to classify
diversity, which incorporates the above examples. According to them groups or
teams can be diverse on five dimensions, namely, (1) demographic attributes,
(2) task-related knowledge, (3) values and attitudes, (4) personality and
cognitive behavior as well as (5) status. In line with social identity theory and
human capital, my focus lies on the demographic attributes that are easily
detected and that can indeed be socially meaningful (McGrath et al., 1995;
O'Reilly et al., 1989; O'Reilly et al., 1998). In addition, I intend to account for
issues related to task-related knowledge as well as status aspects. Therefore, my
aim is to focus on three of the five diversity types mentioned by McGrath et al.
(1995). Consequently, it is important to note that I capture some, but not all,
aspects of diversity. The empirical study is delimited to those attributes that
have been shown to add valuable insights in previous research.
There are basically two streams within research: those that promote diversity
and those that argue against (Jehn, Northcraft, & Neale, 1999). The potential
positive link between diversity and creativity and innovation has repeatedly
been suggested by researchers (Jackson, 1992). However, there is little proof
that this link actually exists and many findings are unclear and contradictory
(Guzzo & Dickson, 1996; O'Reilly et al., 1989; Williams & O'Reilly, 1998).
Based on prior research findings, Milliken and Martins (1996, p.403) conclude
in their review on diversity within organizational groups that diversity appears
to be a “double-edged sword”. It is plausible that diversity on some levels is
positively related to creativity while diversity on other aspects might result in
less creativity and destructive conflicts (cf. Jackson & Joshi, 2004). Therefore,
different diversity types, such as the types suggested by McGrath et al. (1995),
are likely to have different impacts. In order to know when to anticipate what
type of outcomes, I believe that the structure of diversity, in relation to status, is
useful for investigating demographic and task-related diversity and their
consequences.
Already Blau (1977) discussed how society is socially structured and how
that in turn may lead to inequalities. He distinguishes between horizontal and
vertical differentiation arguing that there are two types of parameters (or
factors) that can help structure group memberships. The first parameter is the
nominal, which relates to categories such as sex, national origin and industry.
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Nominal heterogeneity, or horizontal differentiation, is when individuals
belong to different nominal categories. The other parameter is the graduated
and concerns for example income, age and wealth (Blau, 1977). Vertical, or
graduated, differentiation is also referred to as status heterogeneity. Blau (1977)
elaborates on the difference between inequality and status diversity, which are
both captured by the graduated parameter. He means that a group with high
inequality may have little status diversity. One such example would be wealth
distribution. A group where all wealth is concentrated to one individual, and
the others have equally as little, has high inequality while the status diversity is
low. A group where wealth instead is distributed in a rank order exhibits low
inequality but high status diversity. Social stratification is often used to describe
inequality. For my thesis a critical point in Blau’s reasoning is that diversity
may be horizontally or vertically structured, where the latter implies status
differences. I find this to be an important element when probing into team
diversity and team dynamics. I also find this distinction as a way to reconcile
the positive and negative view on diversity, which is offered by diversity
research based on human capital theory and diversity research based on social
identity theory.
Status has been defined as the “esteem, respect, or approval that is granted
by an individual or a collectivity for performances or qualities they consider
above the average” (Goode, 1978, p.7). Status in turn can be ascribed, achieved
or affiliative (Packalen, 2007). Ascribed, or socially defined (Jackson, 1996),
status relates to stable characteristics such as age and sex, achieved status is
related to factors that can be changed such as educational level, and affiliative
status is about being part of an organization with high status. Ascribed and
achieved characteristics are at the focal point of my research questions while
affiliative status is not. Therefore, I do not intend to further elaborate on
affiliative status. The connection between characteristics and structure is
depicted in the figure below.
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Figure 2.1 A visual explanation of status variables
According to Blau (1977) vertical structure can be viewed as status differences.
The characteristics in turn can be viewed as either achieved or ascribed (Tolbert
et al., 1995). Based on this reasoning, I view achieved characteristics that can be
rank order, i.e. are vertically structured, as achieved status. Ascribed status on
the other hand refers to ascribed characteristics that can be vertically structured.
In sum, the vertically structured characteristics are viewed as status variables.
They in turn can be either ascribed of achieved. Regardless of whether they are
acquired or attributed, diversity on these dimensions signal status differences.
Variables belonging to either of the two boxes on the right hand side, are
expected to have negative effects and lead to team member exits. Likewise,
individuals deviating from others on the same dimensions are also more likely
to leave a team. When, instead, variables pertain to the left column, diversity is
expected to have neutral or positive effects.
An entrepreneurial team high in horizontal diversity consists of individuals
that are different but of equal status. If the team is horizontally diverse, it
instead implies that the individuals also have different social status. It is likely
that horizontal and vertical diversity have differential effects on the outcomes of
interest, such as team dynamics and firm performance. According to Blau
(1977) sex would fall into the horizontal category as it is a nominal
characteristic. Nevertheless, there are numerous claims that sex is vertically
structured. Several diversity scholars claim that sex is indeed related to status
(Chatman & O'Reilly, 2004; Jackson, 1996; Packalen, 2007). Therefore, I also
view sex diversity as status diversity even if it is a nominal category. Status has
been found to highly correlate with demographic characteristics such as sex, age
and ethnicity (cf. Joshi & Jackson, 2003). Possibly, even though its nominal
nature, country of birth could also be viewed as a status proxy. However, this is
not necessarily the case as country of birth is more neutral than race and
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ethnicity. Therefore, following Blau (1977), I view country of birth as a
horizontal characteristic.
Status has been claimed to exert strong influence on social behavior (Adams,
1953; Kriesberg, 1963). Differences in status are likely to result in differences in
power and influence (Levine & Moreland, 1990; Moore Jr., 1968), which in
turn may result in group conflicts and process losses (Jackson, 1996).
Therefore, I anticipate that diversity will have a positive or neutral impact on
performance when the particular characteristic is horizontally structured. When
it is vertically structured on the other hand, I anticipate more team dynamics.
This is because the negative aspects of diversity are more likely to surface if
there is also an imbalance in terms of status and influence.
Human capital theory has previously been used in connection to status
research. However, status attainment researchers have been criticized for relying
too much on human capital theory to predict status (Sørensen, 1998). Instead
of using human capital to predict status, I believe status, as defined using Blau’s
(1977) logic, is better used for explaining when diversity in human capital is
likely to have a positive, a negative or a neutral impact on the studied outcomes.
From a human capital perspective, this results in two expectations for the
relationship between diversity in human capital and team member dynamics, in
the form of member entries and exits. First, when a team is homogenous in
non-status characteristics I anticipate that new member entries are more likely
to occur. Second, when a team is heterogeneous in status related variables, I
anticipate a higher probability of member exits. Therefore, when an attribute
can be associated primarily with status, I anticipate that social identity and the
homophily principle will influence team member exits but not necessarily
performance. In addition, I expect teams diverse in non-status dimensions to
show better performance.
In sum, I view the graduated variables as signs of status while the nominal
categories are not. In addition, based on prior research, I also view sex as
vertically structured. More precisely, I look into readily detected attributes of
the teams. Some of these aspects are closely linked to human capital. I expect
the level of human capital, measured by means or mere existence to have an
impact on performance. When also considering the way human capital is
structured in the team, by looking at diversity, I find status to be one way to
distinguish between aspects important from a social identity perspective and
aspects important from a more task-oriented perspective. More precisely, I
differentiate between ascribed and achieved characteristics as well as whether
they can be viewed as vertical or horizontal.
The decision to focus on vertical and horizontal structure is in line with the
view of Harrison and Klein (2007). In a recent article they discuss the common
procedure of discussing diversity as differences. They highlight that seldom are
the anticipated effects of diversity and how diversity should be distributed
discussed. Harrison and Klein (2007) mean that diversity can be viewed as
either separation, variety or disparity. Social identity and categorization based
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arguments would view diversity as separation, resulting in individuals having
communication problems, less cohesion and more conflicts. Much of the
literature focusing on the positive aspects of diversity has adopted a view in
which diversity is seen as variety (Harrison & Klein, 2007). Finally, there is
research focusing on diversity as disparity, which is similar to Blau’s view on
inequalities between team members. As I have adopted a social identity and
categorization perspective, I view diversity as a measure of separation between
individuals. If the variables studied are signs of status, the effects will be
negative and more pronounced. Diversity on attributes, linked to informational
and knowledge benefits, that cannot be rank order, I instead view as variety and
anticipate that positive effects are more likely to occur. Consequently, the status
aspect is used to decide when demographic and task-related knowledge can be
expected to have positive or negative effects on team development and
performance. In section 2.3 I discuss each aspect of diversity in terms of these
distinctions. Before doing so, I first aim to clarify what aspects of teams I intend
to study. These aspects are pivotal for my research questions as well as the
discussion in section 2.3.

2.2 Different perspectives of team research
Teams have been studied from several angels and perspectives. Team research is
interdisciplinary and the accumulated research is often claimed to be incoherent
(Birley & Stockley, 2000). Therefore, I find it important to show how my
research fits into existing frameworks. Based on my research questions, I focus
on team composition, team and team member dynamics and firm performance.
I do this in a specific context, i.e. within knowledge intensive industries.
Following Levine and Moreland’s (1990) classification of the small group
research field I touch upon aspects related to composition, context, time and
performance. These aspects are central to the small group research field , which
encompasses research on natural groups, informal groups, work groups as well
as project teams (Levine & Moreland, 1990). I do not intend to conduct an allencompassing study on teams but my research questions fit well into the
accumulated framework developed by research on small groups. In the
reminder of this section, I will review what characterizes research conducted
concerning composition, context, time and performance in order to develop a
conceptual model that can guide my own research.

2.2.1 Team composition
Composition of groups has primarily been viewed as a cause as well as an effect
(Levine & Moreland, 1990). Composition as a cause implies that the
composition itself will have implications for team dynamics and consequences.
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This view is the most frequent view in the research conducted to date.
Composition as a cause could be related to the studies investigating the link
between team composition and certain outcomes such as team member
turnover (Chandler et al., 2005; Ucbasaran et al., 2003), performance (Amason
et al., 2006) or team processes (Chowdhury, 2005).
The view that composition is a consequence has mainly been adopted within
research on natural groups (Levine & Moreland, 1990). This research has
shown that group members often resemble one another (Levine & Moreland,
1990). The work of Ruef et al. (2003) is an example of research viewing
composition as a consequence. They investigate the composition of new venture
teams and find that the actual composition is often an effect of homophily and
homo social behavior. Following the method developed by Ruef et al. (2003),
Steffens et al. (2007) are able to find additional support for the notion that
homophily drives the entrepreneurial team formation process.
Another aspect of composition concerns relationships between team
members. Underlying the homophily principle and the tendency to group with
similar others in the face of uncertainty is trust. One way to handle and reduce
uncertainty is to rely on others whom one trusts (Birley & Stockley, 2000;
Krackhardt, 1992; Ruef et al., 2003). Homophily is related to the distances in a
social network such that close and strong ties are more homophilouos than
weak ties (Touhey, 1974). Strong ties are also characterized by higher levels of
trust (Aldrich, 1999). They have also been suggested to be important for the
development of new ventures, especially in the early phases (Greve, 1995).
Trust can develop in several ways. Within team and entrepreneurship research
two factors are commonly brought up. First, having worked together previously
makes people more prone to form groups together and trust one another.
Second, family ties seem to be an important aspect when deciding to start a
venture together as it involves high levels of trust (Aldrich, Carter, & Ruef,
2004). The relationships between individuals on the team appear to be
especially important to incorporate in the study of team composition.
Therefore, I consider whether the persons have previously worked together and
if they are in fact starting the new ventures together with their spouse.
I am interested in the composition as a cause, i.e. to investigate its impact on
team stability as well as performance. Indirectly, I will also shed some light on
the composition as an effect. This is done by studying what teams display most
dynamics and what team members are more likely to leave a team. In addition,
I account for some important relational factors. Namely, spousal relations and
prior joint work experience.

2.2.2 Teams in their context
The context is believed to be important not only for the development of teams
but also in terms of their compositions. Richard, Barnett, Dwyer and Chadwick
(2004) found that the possible benefits of diversity are context-dependent.
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Murray (2003) hypothesized that homogenous teams were better off when
there was intense competition and a need for efficiency, while heterogeneous
teams would be more suitable and flexible under conditions when the
environment changes rapidly. He gained partial support for this hypothesis. Put
differently, some believe that the more heterogeneous the environment the
more heterogeneous is the team likely to be (Wiersema & Bantel, 1993). They
do not say that they thereby are more successful but from an ecological point of
view, that certain types of teams dominate in certain context would be a sign of
success. More precisely, these teams make it through to formation and survival.
This would be in line with Ashby’s law of requisite variety which some scholars
draw parallels with when researching entrepreneurial teams (e.g. Birley &
Stockley, 2000; Chandler et al., 2005). The law of requisite variety was
developed within cybernetics and posits that in order to handle variety in the
context there has to be at least as much variety in the controlling unit (Ashby,
1965), e.g. the organization. Put differently, “only variety can destroy variety”
(Ashby, 1965 p. 207). At the same time as one could argue that certain contexts
call for more diversity in the entrepreneurial team, uncertainty is argued to
enhance the process of homophily. For example, Chatman and Flynn (2001)
suggest that the more uncertain the environment the more prone people are to
socialize with others that are demographically similar and thus part of the same
social category. Using a similar logic, Amason et al. (2006) suggest that teams
working on a novel idea need to learn by doing and thus the need for smooth
interaction and team effectiveness is large. Imitators, on the other hand, need to
scan the environment more and so have access to a larger network. As a
consequence, imitative ventures learn by watching and should benefit from
more heterogeneous management teams (Amason et al., 2006).
Applying this to the context of industry, one argument would be that if the
industry is categorized by high levels of uncertainty it might very well be the
case that homophily on readily detected characteristics will dominate and
should be beneficial. The above suggests that it is important to control for the
nature of the environment in which the entrepreneurial team operates. I do so
by allowing for industry controls. Additionally, in order to reduce potential
unobserved heterogeneity, I include a limited set of industries, legal form and
cohorts.

2.2.3 Time and team dynamics
The temporal aspects of context relate to changes that occur over time. As time
passes, it is likely that groups change in one way or the other (Birley &
Stockley, 2000; Cooper & Daily, 1997; Timmons, 1999). Empirical research
suggests that there are more changes in the composition of the team when the
team is diverse on e.g. demographic characteristics (O'Reilly et al., 1989).
O'Reilly et al. (1989) found that homogeneity in terms of group level
demography was likely to increase social integration and indirectly decrease the
30

2. Theory

overall turnover rates. This would be in line with the arguments put forward by
social categorization and identity theory as well as the homophily principle.
Cooper and Daily (1997) argue that we know little about the link between
heterogeneity and entrepreneurial top management team turnover in new firms.
Even though most studies on entrepreneurial teams view the team as rather
static, attempts have been made to capture turnover within teams (Chandler et
al., 2005; Ucbasaran et al., 2003). Within the TMT literature, more work has
been conducted to study how teams change over time. It is interesting to note
that the negative influence demographic diversity can have on a team level may
weaken over time as one tends to focus on other social categories that are not as
readily detected, e.g. more deep level diversity (Harrison et al., 1998; Harrison
et al., 2002). In other words, in the beginning the relational demography is
likely to have the largest impact while over time other aspects are likely to have
a stronger impact. One implication of this is that not only should teams be
followed longitudinally also how long the team has been in place may be a
critical factor for team dynamics.
A majority of research on homophily has focused on group formation and
tie creation. Rarely has the focus been on tie dissolution and group dissolutions
(Burt, 2000; McPherson et al., 2001). There is some research suggesting that
demographic dissimilarity can drive tie dissolution (McPherson et al., 2001).
Homophily seems to be particularly important during rough times and crises
(Hurlbert, Haines, & Beggs, 2000) and ties to dissimilar others are more likely
to be dropped (McPherson et al., 2001). Interestingly, there appear to be fewer
turnovers within more homogeneous teams (Chandler et al., 2005; Ucbasaran
et al., 2003).
When people depart from a group, it is most likely the person that is
furthest away in terms of social category that departs (O'Reilly et al., 1989). In
their study on top management teams and turnover O'Reilly et al. (1989)
found that individuals who were distant in the otherwise homogeneous group
were most likely to exit the group. According to Popielarz and McPherson
(1995), the more dissimilar an individual is to others in the group, the more
likely he or she is to leave the group. This implies that homophily should also
be important for understanding team dynamics and tie dissolutions
(McPherson et al., 2001).
In sum, homophily could be a mechanism explaining why some team
members exit from the team, or are dropped, while others continue to stay with
the team. Based on the reasoning above, I anticipate that there will be more
dynamics in diverse teams and that the more an individual deviates the more
likely that he or she will exit the team. As the firm survives and grows, there
may also be a need to bring in new resources in the form of additional team
members. Therefore, team member entries might take place over time. Since
teams are likely to change in composition as time passes, they should be studied
longitudinally.
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2.2.4 Team performance
Team level performance outcomes range from team level outcomes such as
conflict (Amason & Sapienza, 1997; Ensley et al., 2002; Pelled et al., 1999),
group productivity, problem-solving and decision-making to issues related to
the whole organization such as firm performance (cf. Birley & Stockley, 2000;
Levine & Moreland, 1990). Much of the criticism directed towards the upper
echelon perspective is that the top management team characteristics are
assumed to represent subjective concepts (Lawrence, 1997) and the so-called
black box where processes mediating the relationship between individual
characteristics and performance are seldom investigated (Carpenter et al., 2004;
Lawrence, 1997). Therefore, the assumed link is not always direct and the
relationship may be contingent on e.g. context (Smith et al., 1994). Another
interesting issue in regards to the assumed link is the results found by Wagner
et al. (1984) indicating that poorly performing firms were likely to have higher
turnover rates than better performing firms. Research on groups has found that
members of well-performing groups find their groups to be more attractive than
members of poorly performing groups (Napier & Gershenfeld, 2004). It could
be the case that team members are willing to work harder on solving problems
if the firm prospers financially (Cooper & Daily, 1997). Most people would
probably readily agree that this is a rather reasonable effect. Yet, a majority of
the studies conducted overlook this reversed effect and we know little about the
impact financial performance may have on team member turnover (Cooper &
Daily, 1997). However, past performance might affect the likelihood of a team
experiencing exits as well as entries. Bad performance would likely cause team
member exits (Wagner et al., 1984). A firm that is doing well however might
need additional skills and competencies to continue doing well, or even better.
Therefore, high performing firms would be more likely to experience team
member entries (Matlay & Westhead, 2005).
There is a vast array of performance measures covering aspects such as assets,
return on equity, return on sales, liquidity, and gross sales (Daily, McDougall,
Covin, & Dalton, 2002). Growth is also viewed as a performance indicator but
may be conflicting with financial performance and sometimes imply less
profitability (Daily et al., 2002). According to Daily et al. (2002) human capital
does not lead to growth. This thesis views performance as the return on the
human capital employed in the team as well as the ability of team members to
function well together. As a consequence, sales and profitability best reflect
these aspects.

2.2.5 Conceptual model and research models
Certain aspects of the composition are brought up in the literature on groups
and teams and studies often distinguish between ascribed and achieved
characteristics. Applying this to entrepreneurial teams, the achieved and
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ascribed characteristics are important for two main reasons. First of all, these
readily detected attributes are likely to guide social processes. Therefore, people
can be expected to form teams in a similar way as social groups are formed.
Homophily has shown to heavily influence these processes (Ruef et al., 2003).
Secondly, individuals starting a firm are likely to have a set of goals that might
require them to team up with people who are different and complement them.
The human capital needed might influence who joins and who leaves a team as
well as the performance of the firm. Consequently, diversity may have different
implications for the social aspects as compared to the more instrumental view.
The figure below is an attempt to summarize and visualize what literature on
teams and groups in regards to team composition, team dynamics and team
performance hold as important. Upper echelon and human capital theory
produce slightly different predictions as opposed to social identity theory and
the homophily principle. Human capital stresses the rational reasoning, and
provides a normative framework for when, as well as which, members should be
added/dropped (Forbes et al., 2006). Social identity theory and the homophily
principle instead addresses the likelihood of teaming up with similar others as
well as the likelihood of teams homogenizing over time (Forbes et al., 2006). It
is likely that entrepreneurial teams balance both social and instrumental aspects.
The model below shows how both social processes and human capital aspects
can influence all parts of the team development process, i.e. formation,
dynamics and performance. Moreover, there are constant feedback loops.
Team composition can be viewed both as an effect and as an outcome
(Levine & Moreland, 1990). Social identity processes and homophily as well as
human capital needs are likely to influence the composition. Accordingly,
composition is an effect of homophily and human capital requirements. Team
composition is likely to affect turnover within the team and possibly
performance as well. In that sense, composition can also be viewed as a cause.
Social processes, such as homophily, as well as human capital aspects are both
likely to influence changes over time. Time and context are important
considerations in the development of the teams. Furthermore, one could expect
that performance affects turnover and composition. In other words, the
different steps are interrelated and rather complex. This is an effect of adopting
a temporal perspective on team processes. I do not intend to test this model;
rather, it is an attempt to show these aspects of teams are portrayed in the
literature.
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CONTEXT

Social identity and categorization

Composition

Dynamics
(Stability/
Turnover)

Performance

Human capital
DEVELOPMENT OVER TIME

Figure 2.2 The relationships between team composition, dynamics and
performance
In sum, entrepreneurial teams and their development can be viewed from a
more social point of view, but they can also be analyzed based on the human
capital employed by the team. The development of the team is likely to be
influenced by both human capital logic as well as more socially driven processes.
In addition, performance could be seen as an outcome of the composition and
team dynamics. However, performance could also influence team stability and
the composition of the team.
In order to answer the research questions, the conceptual model has been
turned into two research models that are presented below and specifically relate
to the research questions formulated in Chapter 1. It is acknowledged that they
are simplifications of the processes that teams and team members undergo.
Figure 2.3 concerns the team level and Figure 2.4 concerns the individual level.
The two models depict what aspects and relationships this thesis set out to
study. Team composition, team and team member dynamics and firm
performance are the main components of the research questions. In section 2.3
hypotheses for these relationships are developed.
In Figure 2.3 all three aspects of composition, dynamics and performance
are included. This is because my primary unit of analysis is the team. As the
figure reveals, focus is placed on team composition and its affect on team
dynamics. Composition relates to characteristics of the team members, the
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diversity as well as their prior relations. Furthermore, when investigating team
dynamics, past performance of the firm is likely to have an effect and
consequently, the relationship between performance and team dynamics is
included. Finally, team composition and team dynamics can be expected to
influence performance.

Team
Composition
*Characteristics
*Diversity
- Ascribed
characteristics
- Achieved
characteristics
*Trust & joint
experience

Firm
performance
Dynamics

*Profits

*Entry
*Exit

*Sales

Figure 2.3 Research model at the team level
When discerning how team composition affects dynamics, it is important to
account for this process at the individual level. This is because previous research
has pointed to the possibility that individuals react differently in certain
constellations and so some individuals might be more likely to leave a group
than others. From social categorization theory, it can be learned that individuals
being in minority, and/or deviating from others in the group, will react
differently depending on how they value being in minority (Abrams, Thomas,
& Hogg, 1990). Status is likely to determine who will actually stay or leave the
group. According to Figure 2.4, only individual dynamics, in the form of exits,
are accounted for. This is because the focus lies at the team level, but the
analyses will also account for how individuals react to certain team
compositions.

Individual
*Characteristics
*Individual deviation
- Ascribed
characteristics
- Achieved
characteristics
*Trust & joint
experience

Dynamics
*Exit

Figure 2.4 Research model at the individual level
These two models are the foundation for the analyses chapters but are also
central for the development of hypotheses. Based on these models prior research
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is reviewed in the following section. Social identity and human capital
predictions and the structure of diversity are used in order to formulate
anticipated effects on the outcomes studied. At the team level, the focus lies on
the dependent variables of entries, exits and firm performance. At the individual
level, hypotheses concern individual exits.

2.3 Hypotheses
In this section, I develop hypotheses predicting team dynamics and
performance, i.e. the relationships depicted in the two research models in
section 2.2.5. More precisely, four aspects are covered: firm performance,
ascribed characteristics, achieved characteristics and team demography. Social
categorization, human capital and status are linked to each separate part.

2.3.1 Firm performance
Founding team characteristics have primarily been employed as determinants
for future performance (Beckman et al., 2007; Chandler et al., 2005; Ensley,
1999). As discussed in section 2.2, performance can be viewed both as a cause
and as an outcome. In this section, I primarily focus on the effects of past
performance. More precisely, how past performance is likely to influence the
dynamics of the team. Indeed, some research indicates that past performance
might influence team composition. For example, Wagner et al. (1984) found
that poorly performing firms had higher turnover rates. They argued that the
cost of replacing top management team members was so high that only very
poorly performing executives were replaced. If the firm performs poorly, it is
likely that the team members will not be satisfied with the group functioning
and are more likely to search for problems within the team. Past performance as
such can be a proxy for how well the team has functioned in the past and how
well the human capital has paid off. If the performance is not satisfactory,
changes are more likely to take place. Conversely, firms performing well are
more likely to be happy with the team functioning. Boeker and Wiltbank
(2005) show that team member changes are more common for very low or very
high growth firms. Unfortunately, they group entries and exits into one
measure and therefore, their study does not reveal if expectations for entries and
exits differ. They do, however, show that very bad performance and very good
performance are both related to team member changes. Fiet, Busenitz, Moesel,
and Barney (1997) show that when firms perform badly, members in the new
venture top management stand a higher chance of being dismissed. On
entrepreneurial teams in young firms, poor performance will be especially
worrisome and so one might expect that members will be under strong pressure
to hold others accountable. Members might leave because they are dissatisfied
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with their team’s performance or because they have been targeted as
responsible, but in either instance, I anticipate that poor past performance will
drive member exits. In addition, when a firm is doing well, there may be more
demands on the new venture teams and thus additional skills and competencies
are needed to be brought in (Matlay & Westhead, 2005). Consequently, wellperforming firms are more likely to bring in new members than poor
performing firms. Therefore, I hypothesize that:
H1a: Past firm performance is positively related to team member entry
H1b: Past firm performance is negatively related to team member exit
Are entries and exits good or bad? This question relates to performance as a
consequence. One could ask whether it is the ‘right’ person exiting the team or
if it is more the case of a path of least resistance, i.e. is it easier to expel members
who are different even if they bring more to the table? The theoretical
arguments are not clear-cut. In terms of member entry, the new person will
bring in new competencies and so increase the returns of the team. It could be
possible that the costs associated with the socialization process initially wipe out
this effect. Nevertheless, I anticipate that member additions will have a positive
effect on firm performance. Member exits, on the other hand, could be argued
to have positive as well as negative effects. Vanaelst et al. (2007) show that the
drivers behind team member exits and entries differ. They find that conflicts
result in team member exit while the need for more resources leads to member
entries. This implies that entries are associated with more positive aspects than
are team member exits. Consequently, member exits could be a sign of
dysfunctional teams and the impact on performance is likely to be negative.
Beckman et al. (2007) found that team member entry was positively related to
performance, measured as reaching an IPO, while exits of top management
team members were negatively related to performance. It thus appears that the
addition of new team members is primarily linked to a human capital rationale,
while the exit of team members is more often viewed as a sign of ill functioning
social processes. Therefore, I hypothesize that:
H2a: Team member entry is positively related to firm performance
H2b: Team member exit is negatively related to firm performance

2.3.2 Ascribed characteristics
Ascribed characteristics relate to salient features of a person (Tolbert et al.,
1995). Within research conducted on teams and groups, gender, age and race
are some of the most often investigated characteristics (Levine & Moreland,
1990). Gender and race were the first issues research on groups showed interest
in since individuals belonging to minorities within these groups often are
discriminated against (Schneider & Northcraft, 1999). Research considering
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these characteristics of groups and teams strongly reveal that they are central to
how individuals categorize others and identify themselves (Chatman & Flynn,
2001). When forming groups, these characteristics strongly drive the process
(McPherson et al., 2001), especially when groups and teams are formed
naturally (Jehn et al., 1999), which could also be the case for entrepreneurial
teams since it is reasonable to assume that most start-up teams are not forced
into groups. Exceptions relate to when students are forced into groups or when
venture capitalists or other stakeholders heavily affect the composition. Venture
capitalists typically invest after team formation, and so they affect dynamics
rather than initial composition. However, in most cases the individuals
themselves come together based on their own preferences. I will go through the
characteristics most often studied one by one. This is done by relating to the
previous discussion on vertical and horizontal diversity as well as human capital
expectations.
Gender. By and large, most adults have rather sex-integrated social networks
(McPherson et al., 2001). In their review on homophily in social networks
McPherson et al. (2001) conclude that homophily based on gender is not as
strong as e.g. homophily based on race and education. However, it is wellestablished that in business networks men tend to socialize more with other
men, while women appear to socialize with men and women to a similar extent
(Aldrich, 1999; Ibarra, 1992). In addition, within organizations it has been
shown that men socialize with other men while women also socialize a lot with
other men (Sachdev & Bourhis, 1991). This could be due to a status effect
(O'Reilly et al., 1998), i.e. women are viewed as having a lower status.
According to distinctiveness theory (McGuire, 1984, cited in Mehra, Kilduff,
& Brass, 1998), which is an extension of social identity theory (Mehra et al.,
1998), people belonging to lower status groups often aim to socialize with
higher status groups as an attempt to be identified with this group. This is also
a sign of social creativity, see section 2.1.2, which states that individuals
unhappy with the category to which they belong try to identify with other outgroup members in order to obtain a more positive identity (Haslam, 2004). In
regard to team member turnover, Chatman and O’Reilly (2004) found that
men and women differed in their reactions to diversity in terms of sex. Their
findings revealed that men were more likely to leave work groups as the
proportion of women increased; women, on the other hand, were more likely to
leave homogenous or balanced workgroups. These findings support the work of
Tsui, Egan and O’Reilly (1992), who found that being in minority in terms of
gender affected men more negatively. Consequently, gender composition seems
to have nonsymmetrical effects (Bhappu, Griffith, & Northcraft, 1997; Tsui et
al., 1992). Findings also reveal that relational conflicts are larger when groups
are diverse in terms of gender (Jehn, Chadwick, & Thatcher, 1997), which may
result in more team dynamics. Taken together, previous findings suggest more
team member exits when teams are diverse in gender. Given these findings,
gender homophily is likely to be high and diversity may lead to higher
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probability of member exits, even if men and women may react differently to
diversity. Based on the literature, I anticipate that gender diversity will influence
the probability of exits from the team. I also anticipate that individuals
deviating, by being in minority, are more likely to leave the group. It could be
the case that men in minority are more likely to leave a group than women in
minority. However, based on this particular setting, I expect that minority
members in general are more likely to leave the team. Sex is an ascribed
characteristic, which also relates to status. Therefore, I anticipate diversity to
influence team member exits. There are researchers who have found firms run
by gender-balanced teams to report superior profitability (Litz & Folker, 2002).
As I do not view gender as a human capital proxy, I do not expect diversity to
be related to performance or team member entry.
Age. Friendships are often characterized by a strong degree of age
homophily (McPherson et al., 2001), i.e. people tend to socialize with others of
similar age. The social system in terms of schooling is likely one factor causing
this homophily. There is some evidence suggesting that social integration is
associated with diversity in e.g. age (O'Reilly et al., 1989). However, Jehn et al.
(1997) found that diversity in visible individual demographic characteristics
such as age increased relational conflicts. Zenger and Lawrence (1989) found
that similarity in terms of age had a positive effect on the frequency of technical
communication taking place within a research division of an electronics
company, even if these results have been questioned at a later stage (Lawrence,
1997). Turnover within teams has been found to be positively related to age
diversity (Jackson et al., 1991; O'Reilly et al., 1989; Wiersema & Bird, 1993).
At times scholars view age as a proxy for experiences and knowledge which then
impacts what status we ascribe to this individual (Tsui, Xin, & Egan, 1995). It
is reasonable to expect entrepreneurial teams to be rather homogeneous in terms
of age and diversity in turn may influence team member exits. Following Blau
(1977) I view age as an ascribed vertically structured variable. Consequently,
diversity in terms of age signals status differences. I therefore expect that higher
age diversity is likely to lead to team member exit. In addition, the more an
individual deviates from others in the group, the more likely they are to leave
(O'Reilly et al., 1989). Therefore, in new venture teams it is likely that age
deviation will positively affect individuals’ choices to exit, or chances of being
expelled, from their team.
In terms of human capital, age can serve as a proxy for experience and onthe-job training (cf. Becker, 1993; Gimeno et al., 1997). Generally, older
individuals are expected to possess more human capital, which would make
them better equipped to running a new venture. Thus, human capital would
increase with age, resulting in higher returns from self-employment as
individuals grow older. There has been research suggesting an inverse U-shaped
relationship between entry into self-employment and age (Bates, 1995).
Davidsson and Honig (2003) account for age effects and the potential negative
effects of increased age, but do not consider a possible inverse U-shaped
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relationship. In sum, research suggests that age is a proxy for human capital.
There are also studies investigating a possible inverse U-shaped relationship
between age and entry into self-employment. As this study focuses on teams of
people that have recently entered into entrepreneurship, age is expected to have
a linear relationship with performance. Put differently, the mean age of the
team members is expected to affect positively firm performance. In addition,
older individuals, equipped with higher levels of human capital, are expected to
be less likely to leave the team. Furthermore, since this human capital proxy is
related to status, diversity in age would imply status diversity and lead to team
member exits. Consequently, I do not hypothesize about a potential
relationship between age diversity and firm performance or the entry of new
team members.
Race or country of birth. Within the American context, race has shown to
be the most influential characteristic, on which individuals categorize
themselves and others and homophily on this attribute is exceptionally strong
(McPherson et al., 2001). Individuals being in race minority are less prone to
stay with the organization (Tsui et al., 1992). Findings from the U.S. regarding
race is probably not directly applicable in a Swedish context. It is possible that
the effects of race are not as prevalent. However, it is likely that country of birth
has some impact on the social processes, implying that there is homophily in
regards to if people are immigrants or born Swedes. Nationality of group
members has been found to have important influences on team processes and
performance (Bochner & Hesketh, 1994; Watson, Kumar, & Michaelsen,
1993; Verkuyten, de Jong, & Masson, 1993). In relation to entrepreneurial
teams, homogenous teams based on country of birth are to be expected.
Following Blau (1977), I view country of birth as an ascribed horizontal
characteristic and therefore not as a signal of status. Therefore, diversity on this
aspect is not likely to have a negative effect during the early stages of the firm’s
life. This applies to the firm as well as the individual level. Race, or nationality
of birth, is generally not seen as a human capital proxy. Therefore, there are no
hypothesized relationship between country of birth diversity and firm
performance or team member entry. Since it is a salient characteristic, in most
instances, I do, however, find this attribute important to include in the
analyses.
Gender, age and country of birth are ascribed characteristics. In addition,
the two former can be classified as status signals and diversity on these
dimensions are likely to have a negative impact on team processes. As a
consequence, teams diverse in age are more likely to experience member exits.
In addition, deviation in age, is likely to affect individuals likelihood of exiting a
team. Furthermore, age is a proxy for human capital and can, therefore, be
expected to have a positive impact on performance. Due to the vertical
structure of age, diversity is not hypothesized to have a positive effect. Instead,
the mean age of the firm is anticipated to have a positive effect on firm
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performance. In addition, an individual’s age is anticipated to be negatively
related to individual exits. Based on the discussions above, I anticipate that:
H3a: Diversity in terms of ascribed vertical characteristics, measured by gender
and age diversity, is positively related to team member exit
H3b: Deviation in terms of ascribed vertical characteristics, measured by gender
and age deviation, is positively related to individual exit
H3c: The stock of human capital, measured by mean age, is positively related to
firm performance
H3d: Human capital, measured by an individual’s age, is negatively related to
individual exit

2.3.3 Achieved characteristics
Achieved characteristics are also salient but have been acquired over the years.
Based on the view of the team as a bundle of resources characterized by the
aggregated human, social and financial capital of the team members, research
has mainly looked into certain specific characteristics. In relation to human
capital, the most common aspects being investigated are education of members,
industry experience of members, and prior work-experience of members (Birley
& Stockley, 2000). Differences in knowledge bases can also be viewed as
informational diversity where education, experiences and expertise are examples
of such diversity (Jehn et al., 1999). These characteristics have also been
investigated in diversity and social identity research.
Education. Education is an achieved characteristic, but it can be argued to
partly be determined by family origin (McPherson et al., 2001). Networks have
been shown to be rather high in homophily regarding education (McPherson et
al., 2001). People are more likely to form ties with people sharing the same
educational level (Kalmijn, 1998). Depending on the type of relation,
educational homophily tends to be more or less pronounced, e.g. in less
intimate ties educational homogeneity appears to be more important than in
more intimate ties such as marriage (McPherson et al., 2001). Yet, marriage ties
have been found to also be homogenous in education (Kalmijn, 1998).
Diversity in educational levels within the team could be viewed as sources of
informational diversity resulting in task related conflicts (Jehn et al., 1997). It is
likely that teams are rather similar in terms of education, both in regards to type
as well as length. However, education type is an achieved horizontal
characteristic and educational length is an achieved vertical characteristic.
Therefore, the former does not signal status while the latter does. As a
consequence, diversity in educational type is not expected to have negative
consequences on team dynamics, while diversity in educational length is.
Furthermore, educational length is an often applied measure for human capital
(Davidsson & Honig, 2003) and therefore, the human capital available within
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the team, as measured by educational length, is likely to have positive effects on
performance. On an individual level, education has been suggested to be
positively related to firm emergence and performance (Bates, 1995; Davidsson
& Honig, 2003; Honig, 1996). Aldrich and Kim (2005) found that educational
length was especially important for the success of nascent entrepreneurs within
knowledge-intensive industries. Based on the reasoning in section 2.1.4, type of
education is a horizontal achieved characteristics. Therefore, the benefits of
diversity are more likely to be reaped. Being homogenous in type of education
may require additional competencies, complementary to existing ones, to be
brought in. As a consequence, homogeneity in educational type will increase the
likelihood of new team member entry.
Prior industry experience. Prior industry experience is primarily and
frequently linked to human capital and firm performance (cf. Delmar & Shane,
2006). Work experience can be seen as a proxy for individuals possessing
knowledge relevant for the start-up such as knowledge about the task
environment and the likelihood of possessing important competencies (Cooper
et al. 1994; Chandler 1996). Studies, not looking specifically at teams, reveal
that prior work experience has effects on a firm level. Davidsson and Honig
(2003) found a small yet significant relationship between prior work experience
and firm start-up. Not many studies have investigated the importance of prior
experience for entrepreneurial teams. However, there are a few that have and
they point towards the importance of prior work experience (e.g. Eisenhardt &
Schoonhoven, 1990; McGee, Dowling, & Megginson, 1995). The possibly
important role of prior work experience is often put forward when discussing
the potential of a team (Timmons, 1999). Furthermore, it is suggested that the
extent to which prior experience corresponds to current practices may be of
importance (Chandler, 1996; Chandler & Jansen, 1992). In addition, industry
switchers have been found to experience process losses lower their return on
human capital (Huang, 2003). Having industry-specific experiences is suggested
to be positively related to the success of the entrepreneurial team (Birley &
Stockley, 2000). There are a number of possible reasons for why this is the case.
First of all, the team members are familiar with customers, suppliers and
competitors and are therefore better able to evaluate and tackle strategic issues
(Cooper et al., 1994). It is also reasonable to assume that they have better
developed networks within the industry that they can use as a resource in the
venture (Shane, 2000). Siegel et al. (1993) found that the only difference in the
top management team between low and high growth firms was prior industry
experiences, which could be considered a proxy for important more subjective
attributes. Within the entrepreneurship literature, industry experience has been
found to be important for new venture performance (Chandler, 1996;
Chandler & Jansen, 1992; Cooper et al., 1994; Siegel et al., 1993). From a
human capital point of view, prior work experience is likely to be important for
the group composition and its relation with performance. In sum, industry
experience is an achieved horizontal characteristic that does not imply
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differences in status. Therefore, the positive aspects often attributed to diversity
are more likely to surface and thus have a positive effect on firm performance as
suggested by the findings of Eisenhardt and Schoonhoven (1990). Likewise,
teams being homogenous on this dimension will be more likely to add new
team members. Furthermore, having someone on the team with prior industry
experience that match the industry in which the new venture acts is anticipated
to result in higher firm performance. At the individual level, I anticipate that
team members having prior industry experience in the same industry are less
likely to exit the team.
Salary. Income levels have been argued to be a proxy for human capital
(Becker, 1975) even if it is a crude measure not exactly reflecting the human
capital possessed (Becker, 1993). Income is also a sign of status (Harrison &
Klein, 2007). As a measure, it can be classified as an achieved vertical
characteristic. Diversity in salary is then related to status diversity. High
diversity in income will have a negative effect on team processes, and so teams
experiencing high income diversity will also face a higher chance of
experiencing team member exits. As a proxy for human capital (or the return of
the human capital possessed), however, the mean salary of the team members
could be expected to have positive effects on firm performance. In addition, at
the individual level, the higher an individual’s salary the less likely he or she will
be to exit a team.
In summary, education, prior industry experience and salary are achieved
characteristics all being related to a person’s human capital. Education has both
a vertical and a horizontal dimension. Prior industry experience is a horizontal
characteristic consisting of both industry experiences as such and a match
between prior industry and current industry. Finally, salary is a vertical
characteristic. In line with my prior arguments, vertically structured diversity in
these human capital variables will be related to team member exits. Diversity in
terms of horizontally aligned characteristics, on the other hand, is expected to
influence firm performance and team member entries. At the individual level,
deviation in vertically structured characteristics will predict the likelihood of an
individual exiting a team and the human capital is negatively related to
individual exits. Therefore, I hypothesize that:
H4a: Diversity in terms of achieved vertical characteristics, measured by length
of education and income diversity, is positively related to team member exit
H4b: Deviation in terms of achieved vertical characteristics, measured by length
of education and income deviation, is positively related to individual exit
H4c: Diversity in terms of achieved horizontal characteristics, measured by type
of education and industry experience, is negatively related to team member entry
H4d: Diversity in terms of achieved horizontal characteristics, measured by type
of education and industry experience, is positively related to firm performance
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H4e: The stock of human capital, measured by mean years of education, match
between current and prior industry experience and mean salary, is positively
related to firm performance
H4f: Human capital, measured by years of education, match between current
and prior industry experience and salary, is negatively related to individual exit

2.3.4 Team demographics, trust and joint experiences
In relation to team work, aspects such as prior joint working experience, team
tenure, conflict and cohesion lie at the focal point (Birley & Stockley, 2000).
Furthermore, team size can be viewed as another aspect of team work relating to
aspects of conflict and cohesion (Amason & Sapienza, 1997) as well as the level
of human capital employed by the team (Cooper et al., 1994). Aspects related
to team demographics concern team size and team tenure. Trust is captured by
prior joint work experiences and whether spousal couples are venturing
together.
Team size. It can be argued that the reason for teams generally performing
better than solo entrepreneurs is that they have access to a larger resource
bundle (Vesper, 1990) and that the total human capital employed by the firm is
larger (Cooper et al., 1994). Interpreted this way, it could be concluded that the
more the merrier, i.e. the larger the team the better. But is that always the case?
Size is one of the most common variables employed when examining the
relationship between the founding team and performance. Cooper and Gimeno
(1992) reviewed a number of studies that investigate this relationship and they
state that six out of ten studies conclude that larger teams are better performers.
In their study of 98 US semiconductor firms, Eisenhardt and Schoonhoven
(1990) also favor larger teams and propose that they allow for more
specialization in decision-making, which leads to faster decisions being made
since the large responsibility can be shared among more people. Roberts (1991)
found that larger teams perform better, suggesting that the more the merrier.
There are indeed several studies reporting that team size is positively related to
firm performance (Baum & Silverman, 2004; Bruton & Rubanik, 2002;
Cooper et al., 1994; Gruber, 2007; Weinzimmer, 1997) and employee growth
(Bruton & Rubanik, 2002). However, there are studies suggesting the opposite,
i.e. larger teams face more conflicts (Amason & Sapienza, 1997; Clarysse &
Moray, 2004) and team size is not found to have any significant impact on
performance (Ensley, 1999). By and large, previous findings seems to support
the view that team size has a positive effect on performance. It may very well be
the case that there is a need for a critical mass of people coming together in the
entrepreneurial team. Considering that some studies suggest that very large
teams imply more conflicts and inertia (Clarysse & Moray, 2004), it is also
reasonable that beyond a certain point the positive effect levels off and perhaps
even becomes negative. It is also important to note that the larger the team the
more likely is the team to be heterogeneous. From a human capital point of
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view, the larger the team, the more human capital and the higher the potential
returns. Furthermore, new venture teams are generally rather small (Aldrich et
al., 2004; Ruef et al., 2003) and therefore are not likely to experience process
losses associated with very large teams. I predict that:
H5a: Team size is negatively related to team member entry
H5b: Team size is positively related to team member exit
H5d: Team size is positively related to firm performance
H5e: Team size is positively related to individual exit
Team tenure and age. Research conducted on teams and groups within
organizations has shown that homophily in this aspect is likely to influence the
social categorization process, where groups of new-comers and old-timers tend
to form (Tsui et al., 1992). This, in turn, has an impact on the turnover within
organizations and teams (Wagner et al., 1984). To some extent, this is
supported by the findings of Chandler et al. (2005). They conclude that it is
better to start with a large team from the beginning rather than starting small
and adding members after a while. Diversity in team tenure has been found to
lessen social integration since individuals entering an organization are likely to
share similar views (O'Reilly et al., 1989). Since I study new venture teams,
tenure diversity will not be that common. One could instead consider the
tenure of the team, i.e. how long the team has been in place. Aspects likely to
create conflict in the beginning of the venture’s life may not have as much an
impact at later stages. There are findings showing that diversity on ascribed
characteristics may have most impact in the beginning whereas other aspects
tend to matter more when the team ages (Carpenter, 2002; Pelled et al., 1999).
It is also likely that after a while the team working improves. For
entrepreneurial teams it could then be reasonable to assume that different
aspects of diversity play a role at different times. Therefore, younger teams may
be more likely to experience team member exits than older teams and the age of
the team will be an important control variable.
Prior joint work experience. Trust has been viewed as critical for new
venture team formation. Teams whose members have worked together prior to
starting and running a new firm can be argued to exhibit more cohesion than
teams which members have not previously worked together (Birley & Stockley,
2000). In that sense, it can be viewed as a proxy for their team working skills.
There are empirical studies suggesting that prior joint work experience of team
members is positively linked to performance (Eisenhardt & Schoonhoven,
1990; Roure & Keeley, 1990; Roure & Maidique, 1986). When there is prior
joint work experience, there may be less turbulence within the entrepreneurial
team in terms of turnovers. Consequently, the team is less likely to experience
team member exits. In regards to member entries, one could expect that these
teams are more instrumentally focused and thus open for new member entry.
Deciding to start a business together with a co-worker is a sign that there
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indeed is trust between the individuals. In addition, having prior joint
experiences implies that there is an ability to work together effectively which
can positively influence firm performance (cf. Beckman, 2006). Based on the
discussion above I predict that:
H6a: Having prior joint work experience is positively related to team member
entry
H6b: Having prior joint work experience is negatively related to team member
exit
H6c: Having prior joint work experience is positively related to firm
performance
H6d: Having prior joint work experience is negatively related to individual exit
Spousal relations. There are several studies pointing towards the fact that new
venture teams often consist of individuals who already have an existing
relationship such as being a spousal couple (Aldrich et al., 2004; Kamm &
Nurick, 1993; Ruef et al., 2003). Xu and Ruef (2007) find that individuals are
indeed more likely to trust others to whom they have strong ties. The strongest
social ties that exist in our society are marriage ties. These ties are both legal and
social in nature. Consequently, married couples are likely to have high levels of
trust, which, in turn, could be anticipated to lead to higher team stability.
Ucbasaran et al. (2003) argue for, and find, that family ties reduce the
likelihood of exits from new venture teams. This applies to the team as well as
the individual level. In addition, there is research arguing that family as such
can be a source for human capital and the family can be a source of higher
commitment (Sirmon & Hitt, 2003). Based on the discussions above I expect
that:
H7a: Having spousal pair(s) on the team is negatively related to team member
entry
H7b: Having spousal pair(s) on the team is negatively related to team member
exit
H7c: Having spousal pair(s) on the team is positively related to firm performance
H7d: Being in business together with a spouse is negatively related to individual
exit

2.3.5 Overview of hypotheses
As I intend to study several different outcomes and the effect of several types of
predictors, it may be difficult to clearly grasp how the different hypotheses are
structured and to what outcome they are related. Therefore, Table 2.1 provides
an overview of the hypothesized relationships.
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Table 2.1 Overview of hypotheses and expected relationships
Team member
Entry
Exit
PAST PERFORMANCE
Profit
Sales
TEAM DIVERSITY
ASCRIBED

+
+

Firm
Performance

Individual
Exit

-

Vertical
Age
Sex

+
+

Horizontal
Country of birth
ACHIEVED

Vertical
Years of education
Salary

+
+

Horizontal
Type of education
Industry experience
INDIVIDUAL DEVIATION
ASCRIBED

-

+
+

Vertical
Age
Sex
ACHIEVED

+
+

Vertical
Years of education
Salary
HUMAN CAPITAL
ASCRIBED
Age
ACHIEVED
Years of education
Salary
Prior industry experience (matching
current industry)
TEAM CHARACTERISTICS
Team size
TRUST & JOINT EXPERIENCE
Joint work experience
Spousal pairs
TEAM DYNAMICS
Team member entry
Team member exit

+
+

+

-

+
+
+

-

-

+

+

+

+
-

-

+
+

-

+
-

At the team level I investigate entries, exits as well as firm performance. At the
individual level, only individual exits are investigated. In each column, the
hypothesized direction of the relationship between the variable and that
particular outcome is stated. Descriptive statistics concerning all aspects in the
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table above are presented in Chapter 4. Chapter 5 covers team and individual
dynamics. More precisely, predictions concerning teams’ probability of adding
and dropping team members as well as individuals’ likelihood of leaving a team
are tested. Finally, in Chapter 6 the hypotheses relating to firm performance are
investigated.
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Chapter 3
3 Method
The method chapter discusses how I have gone about answering the research
questions. As my research project is part of a larger research program, the chapter
briefly describes the overarching program. Primary focus lies on explaining data
sources and the data used. There is an extensive description on how the teams are
identified and tracked over time since this is a novelty in entrepreneurship research.
Furthermore, the chapter elaborates on the statistical techniques employed. The
choices made and the potential strengths and weaknesses the choices have brought
about are discussed throughout the chapter.

3.1 Conducting research within the social
sciences
Social science research prompts critical issues regarding the phenomena studied
as such and whether it lends itself to scientific scrutiny or not. Philosophy of
science contains several paradigms, sometimes complementary but often
incompatible that one can subscribe to. I am a bit resistant to assign myself to
one specific philosophical stream. Instead I draw on several thoughts that I
believe reflect my outlook on research. Nonetheless, it is critical to be explicit
about the choices and view taken in order for the reader to be able to judge the
appropriateness of the chosen method, analyses and interpretations. Below I
explain the research view taken bearing the research questions and theoretical
framework in mind.
The theoretical chapter contends that social categorization processes are
important for understanding the impact of team composition on team
dynamics and performance. Social categories are socially constructed and
context-specific (cf. Salazar, 1998). They do not exist independent of our
actions and knowledge. Furthermore, numerous factors influence human
behavior. In other words, the study of social behavior is in no regards an exact
science. As a result, there are numerous exceptions to general patterns. Even if
there is not one law-like and objective truth it is possible to discern patterns in
social life (Elster, 2007). Tajfel (1986) as well as Elster (1989, 2007) argue that
certain structures, sometimes consciously but oftentimes unconsciously, guide
the way we do things. In other words, they propose that there are some sort of
social mechanisms affecting our behavior. However, these mechanisms are not
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necessarily always at play and deterministic, which is a major difference between
laws and mechanisms (Elster, 2007). Social mechanisms have received increased
interest within sociology and have been proposed to represent a middle ground
between social laws and description (Merton, 1967, cited in Hedström &
3
Swedberg, 1998). So, what exactly are social mechanisms? There is an
abundance of definitions of social mechanisms. According to Elster (1989, p.
36) “mechanisms are frequently occurring and easily recognizable causal patterns
that are triggered under generally unknown conditions or with indeterminate
consequences.” This means that mechanisms help explain and understand
sequentially ordered patterns of association that are observed in real life (Elster,
1989). In a similar vein, Steel (2004, p. 59) proposes that “Social mechanisms
are complexes of interacting individuals, usually classified into specific social
categories, that generate causal relationships between aggregate-level variables.”
Interestingly, Steel (2004) emphasizes the role of social categories. Both
definitions above are in line with the social identity and categorization
approaches. Tajfel and Turner (1986, p.10) specifically state that research
“should focus on the socially shared aspects of human behavior, the collective
regularities, not the individual exceptions.” In addition, Stinchcombe (1991)
discusses social mechanisms as an aggregate of smaller entities which in practice
suggests a need to investigate multiple levels, i.e. the individual and the group,
in order to understand the social mechanisms that operate at an aggregate level.
Social mechanisms are also pivotal for theoretical development within the social
sciences (Stinchcombe, 1991).
Manicas (2002) asserts that there can be several social mechanisms that are
related to the phenomena studied and one mechanism seldom operates in
isolation. In fact, by relying on a combination of mechanisms, one might be
more able to understand and explain social behavior (Elster, 2007). Therefore,
in order to account for several influencing mechanisms in the study of team
dynamics, it is highly suitable to combine insights from social identity and
categorization theory with status and human capital aspects. Important to bear
in mind is that social mechanisms help explain and create an understanding for
the generalizations made (Manicas, 2002). They cannot predict a certain
individual’s behavior. This is because individuals are always viewed as the agents
who remain the key actors leaving room for stochastic observations and
randomness, even if they operate under the influence of social mechanisms. In
that sense, social mechanisms are not deterministic. This is especially important
when drawing conclusions based on the generalizations made. In other words,
social mechanisms are causal mechanisms generated by agents but it is highly
unlikely to receive full predictive power. Hedström (2008) argues that social
mechanisms can improve quantitative studies by providing better guidance on
choice of statistical analysis, explanations of correlations and facilitate causal
3

Social mechanisms have been discussed by a wide range of authors, representing
several philosophical stances and disciplines (Hedström & Swedberg, 1998).
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explanations. The combination of social and instrumental explanations is
important for understanding entrepreneurial teams. Hedström’s (2008)
arguments would also favor a longitudinal approach to studying social behavior.
Since social mechanisms, by definition, are social and have been created by
the agreement of many individuals, they have evolved over a long period and
are often “hidden” (cf. Elster, 2007). Accordingly, actors are likely to be
unaware of their impact. To change them completely is also likely to take a long
time. Altering such deeply rooted processes requires consciousness of the
behavior as well as a desire to change the behavior. The existence of general
causal patterns suggests that mechanisms are difficult to alter and their impact is
often larger than one wants to believe. Just looking at the debate concerning
gender issues in childcare gives plenty of fuel to such an argument. People
working within childcare have come to realize that there are indeed certain
patterns that they follow based on pre-understandings, especially in regards to
gender. These behaviors in turn tend to be transferred to the actions of small
children and may impact their behavior as adults (SOU, 2004). Such
inconvenient truths often circulate in media. They concern issues ranging from
prejudice and stereotyping to preconceived behavior. Even when these patterns
are recognized, it is difficult to change completely such deep-rooted behavior.
In regards to team composition and the way it develops, social categorization
processes have an important influence in the sense that certain patterns on an
aggregate level can be observed. Patterns that can be explained by social identity
and categorization processes as well as human capital and status influences.
In addition, Tajfel (1986) explicitly states that knowledge is cumulative and
research should be theory driven and cumulative. In the light of this, I draw
from and build on existing research. Even if I do not subscribe to a specific
philosophical paradigm the reliance on social mechanisms implies that I to a
large degree operate under a realist view on science. There is, however, not one
realist view but several such as scientific realism, critical realism, transcendental
realism, scholastic realism, naïve realism and pragmatic realism (Hjørland,
2004). The underlying belief of a realist view is that a mind-independent reality
exists, but all scientific claims are not necessarily true (Hjørland, 2004). In
essence, scientists are only able to offer realistic representations of the world.

3.2 Research design
3.2.1 Level of analysis
When studying teams, the issue of level of analysis becomes particularly
pronounced (Arrow et al., 2004). Levels of analyses within entrepreneurship
research range from micro to macro levels and from the opportunity level to the
national level (Davidsson & Wiklund, 2001). Davidsson (2004) points out that
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even if the firm level has dominated entrepreneurship research, there are many
other equally important levels of analysis. The choice of level of analysis and the
implications thereof are certainly important to discuss. The research questions
and theories used should guide this decision rather than letting the level on
which the empirical data is collected be the determining factor (Davidsson &
Wiklund, 2001), which in my case is on both the individual and the firm level.
In relation to diversity issues, the choice of level of analysis is particularly
interesting. This is because the individual level and the team level address
different research questions (Williams & Meân, 2004). William and Meân
(2004) explain that when adopting a group level view, focus should be on how
diversity as a group characteristic affects group level outcomes. When adopting
an individual perspective, on the other hand, focus should be on how an
individual responds to a certain group composition. According to Rousseau
(1985), the issue of level of analysis is highly relevant considering that ‘most of
what we study in and about organizations are phenomena that are intrinsically
mixed-level' (Rousseau, 1985, p.2). According to Davidsson and Wiklund
(2001), multi-level approaches have been rather scarce within entrepreneurship
research. Also within the diversity literature, a call for more multi-level research
approaches has been called for (Jackson & Joshi, 2004).
Consulting the research questions, it is clear that the firm level, team level as
well as individual level outcomes need to be considered. However, for
entrepreneurial teams it is reasonable to view firm level outcomes as effects of
team level variables. As an effect, firm performance is viewed as a team level
outcome. Main interest lies at the team level. Nonetheless, the individual level
is important to incorporate into the study of teams as team level behavior and
outcomes will be easier to understand when also the individual level is included.
Consequently, three levels of analysis are considered; the firm, the team and the
individual. The first two are strongly interrelated and as a result they are often
treated within the same analyses. By accounting for different levels of analysis I
hope to be more able to explain and understand the different outcomes and
processes. In short, when focusing on the team level I am interested in
observing how team composition and diversity affect team dynamics, such as
team member entries and exits, as well as firm performance. When the
individual is at focus, I am instead interested in finding patterns for individual
outcomes, i.e. individual exits, based on the characteristics of the individual and
the team. Taking a step further by focusing on the effects of exits this
combination of levels might prove to be especially fruitful. One such example
would be the question ‘who is most likely to depart from a group that has high
age diversity?’ This example relates to whether or not diversity and deviation
leads to exits. Diversity might increase the likelihood of a team experiencing
member exits. If that is the case, there is still a lack of information on who of
the team members is most likely to leave the team. Only by also adopting an
individual level of analysis will I be able to shed light on this issue.
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3.2.2 The research program
My research project is part of a larger research program established by
Researchers at Stockholm School of Economics in collaboration with
Jönköping International Business School. The name of the program is ‘The
Entrepreneurial Process: Emergence and Evolution of New Firms in the
Knowledge Intensive Economy’ (EPRO). The aim of the program is to study
knowledge-intensive entrepreneurship in Sweden from several perspectives. The
initial design was made by a larger research group in 2002, consisting of both
Swedish and international representatives, led by Professor Frédéric Delmar and
Professor Johan Wiklund. This group set up a structure for how knowledgeintensive entrepreneurship and entrepreneurial processes could be captured.
The outcome was a plan to construct several data sets, consisting of similar
variables but partially different individuals and firms. The three main data sets
are described below. The first set, sample 1 and 3, is based on type of
education. The aim is to follow individuals with a certain degree and their
career paths, as well as the development of their firms. These data cover all
individuals with at least a 3-year university degree within natural sciences,
medicine or technology. The second data set, consisting of sample 2 and 4, is
based on individuals’ work experiences. All individuals ever employed within
knowledge-intensive industries are included and information on their business
start-ups is collected. The second data set is highlighted in the table below and
it constitutes the empirical setting for my thesis. The third data set, sample 3
and 6, has not yet been gathered. These individuals and firms can constitute
control groups in future projects.
Table 3.1 Overarching research program (EPRO)
Individual level

Firm level

Sample 1 All individuals with a
university degree (three years or
longer) within natural sciences,
medicine or technology.

Sample 4 All businesses started by
individuals in sample 1.

Sample 2 Everyone working
within knowledge intensive
industries.

Sample 5 All businesses
started by individuals in
sample 2.

Sample 3 Random sample of
individuals in the Swedish
population.

Sample 6 Random sample of
business start-ups.

Sample 1 and 4 were the first to be collected. After that, samples 2 and 5 were
compiled. Within the research program, there are four PhD students. All are
focusing on the second data set, i.e. samples 2 and 5. Each of the four thesis
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projects has different research aims, theoretical foundations as well as
methodological approaches.
The first delivery of the data I have worked with was received during the
spring of 2005 and complementary data was delivered in 2006. Throughout the
process, I have been involved in the interaction with Statistics Sweden(SCB) and
have had the chance to influence the data collection. One such example is that I
was able to obtain data on spouses, which was not part of the initial
specification. Since the data set was constructed to serve several purposes, I
have started out with a gigantic material, which has required me to develop a
systematic procedure for identifying and tracking entrepreneurial teams. I see
this as a strength since it would not have been possible for SCB to sample teams
only. This also means that my final sample is not the same as for the other PhD
students within the project.
My research project is partly financed through this program. This means
that I knew what data set I would work with already from the start of my
research journey. One could, of course, question whether this is optimal bearing
in mind the purpose of my research. However, since relatively little is done on
the development of entrepreneurial teams over time, I find this to be a valid
route for the chosen purpose. Another issue supporting the chosen approach is
the potential bias in existing research on entrepreneurial teams. A vast majority
of the studies rely on random sampling on individuals. This implies that teams
are more likely to be sampled than solo-entrepreneurs. In the same light, larger
teams stand a larger chance of being sampled than smaller teams. It has also
been pointed out that linked employer-employee data is underutilized for
studying entrepreneurship issues (Campbell, 2005). I show how these data can
be used to develop a unique new dataset following entrepreneurial teams over
time. In the next section, I explain the study design and the data sources and
explain how this approach can serve to overcome several of the difficulties
associated with studying teams over time.

3.2.3 Study design and data sources
There is always a tradeoff between number of observations and depth of the
information related to each observation. The choice to rely on data from SCB
enables me to observe many cases over a longer period. An alternative approach
would have been to study a few cases more in depth. However, the time would
have been limited and I would not be able to say as much about the
development of the team composition over time. Accordingly, relying on
secondary data is appropriate. Few longitudinal studies have been conducted on
this topic (Arrow et al., 2000). Yet, the need to adopt longitudinal designs
when studying teams and groups is frequently expressed (Arrow et al., 2004;
Cooper & Daily, 1997; Guzzo & Dickson, 1996; Harrison et al., 2002).
Therefore, I find the current design suitable in order to provide further insights.
54

3. Method

Consequently, in order to answer the research questions, secondary data
from SCB are relied upon. With the help of experts from SCB, a number of
different data sources have been combined in order to create a database wellsuited for the aim of the research program as well as for the purpose of this
thesis. The data cover information related to the individual as well as the firm
level. Individual specific variables primarily come from the data registers
4
LOUISE and RAMS, while variables relating to the firm level are gathered
from RAMS, FDB and SRU. Each of these data registers is briefly described
below (the descriptions are based on information retrieved from www.scb.se).
LOUISE is a database covering all individuals in Sweden between 16 and 65
years of age (after 1995 also people over 65 are included). LOUISE integrates
and contains information regarding education, the labor market and the social
sector. The focus lies on the individual even if variables such as household
income are included in the data. It also has links to firms and work places.
RAMS covers all people who are in the national register at the end of each
year. It contains information regarding labor market statistics and is based on
statements of income from employers and business owners’ income and tax
declarations. RAMS is in turn a register built on information from e.g. the
occupational register.
FDB is a firm specific database covering basic firm specific information and
work place information. It includes information such as number of employees
and education levels of employees.
The SRU database consists of detailed financial information taken from the
Standardized Annual Company Report, also referred to as the standardized
accounting returns (Standardiserade RäkenskapsUtdrag in Swedish, SRU). These
are handled by the Swedish taxation authority. The information regarding each
firm depends on the legal form of the firm. Furthermore, the data has
somewhat changed over the years. Therefore, the primary aim has been to
construct one database consistent over time and legal form. Since the early
1990s SRU data is collected annually by the National Tax Board. In
1994/1995 SCB tested the data in order to investigate its potential as a statistic
data source. These tests resulted in that SCB has used the data on a full scale
since 1996. Therefore, I have access to SRU data from 1995 and onwards. The
SRU data involves no probability sampling since the procedure is that of a takeall. There are, however, some cases where data is missing or has been rejected.
The missing cases constitute on average 12% and concern mostly the smallest
businesses, more precisely one-person companies run as sole-proprietorships.
Missing cases would then be a minimal concern considering my focus on firms
owned and managed by at least two individuals.
By combining the obtained data sources, I obtain information on all firms
started by two or more individuals between 1996 and 2000. I am also able to
follow the development of these firms until year 2002. Consequently, I am
4

During 2004 LOUISE was extended and renamed LISA.
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dealing with five cohorts followed seven years at the longest and three years at
the shortest. The same variables are measured at each observation point, which
is a characteristic of panel data. In addition, I access data on all firms in which
the individuals have worked prior to starting the company of interest from
1989 and onwards. This means that I have information about where each
individual was employed prior to entering as a member of the entrepreneurial
team. Such information reveals among other things what industry the person
previously worked in and if team members have previously worked in the same
business. Given that I deal with a total observation period of 14 years, five
different cohorts of start-ups, and firms observed for seven years at the longest,
it is essential to clarify the structure of the data. This also helps me explain why
I have chosen to focus on the five cohorts.

3.2.4 Understanding the structure of the data
Working with longitudinal data involves considerations that do not apply to
purely cross-sectional studies. It does offer a lot of value since one is able to
follow changes over time. However, it also involves issues that are problematic.
A consequence of dealing with a limited period is that data are censored in one
way or the other, see Figure 3.1 below. Several possible scenarios can be
observed in the figure. It could be that a team owns and runs a firm already in
1989 (as in example A). In another case, a firm started by a team in the
observation period survives until 2002 and thus becomes right-censored
(example B). It is also plausible that a team run venture is started and shut
down during the observation period (example C). All of these possibilities are
depicted in the figure below.
The team
start-up
Prior
experience

Window of observation

A
B
C

1989

1995

2002

Figure 3.1 The structure of data, adopted from Yamaguchi (1991)
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Two important concerns are worth mentioning when working with
longitudinal data. First, I have no information about what the individuals have
done prior to 1989 regarding e.g. place of work or industry of work. However,
information about highest education and year of finishing the highest education
are included in the data. Second, the type of information I have depends on
when the teams are formed. If the team is formed early in the observation
period, I am able to follow the development of the team and the firm for a
relatively long period. On the other hand, I have less information on what the
individuals were involved in prior to joining the team. Similarly, I have rather
extensive information about what the individuals were doing prior to joining
the team when the team is formed late in the observation period. Conversely, I
do not have much information about the development of the team and the firm
over time if it is founded towards the end of the observation period.
Consequently, I deal with data that is left-censored on the individual level, and
in many cases right-censored on the team and the individual level. Generally
speaking, left-censoring can be problematic because it can lead to biased results.
However, the chosen research design avoids completely the problem of left
censoring since none of the teams and firms are left-censored. Limited years of
background information would be the greatest challenge when studying teams
formed early in the period. Therefore, in order to avoid this potential problem,
I exclude teams started before 1996 and focus on teams started between 1996
and 2000. In addition, full financial information is only provided from 1995
and onwards. Thus, this design allows me to include full financial information
for all new ventures being started. Finally, I want to make sure that the teams
are observed for at least three years, if they survive, in order to be able to
account for changes over time. Therefore, I exclude teams started after 2000.

3.2.5 Industries included in the study
Team start ups are argued to be common in knowledge-intensive industries and
primarily within high tech (Birley & Stockley, 2000). One could also presume
that human capital aspects, e.g. education and industry experience, are of
greater importance within these industries (cf. Vesper, 1990). Therefore, it can
be fruitful to study and follow entrepreneurial teams within knowledgeintensive industries. There are numerous definitions of what knowledgeintensive industries are. Relating to the debate on what high-tech industries are,
aspects such as the total investments made on R&D within the industry or the
education profiles of people employed within the industry (Butchart, 1987)
have been used for demarcation purposes. There is also a definition proposed by
Eurostat which categorizes industries as knowledge-intensive both in terms of
production and in terms of services. It uses a more aggregated level consisting of
10 groups, of which 6 are knowledge intensive.
The selection of industries for my research project is based on Eurostat’s
definition of knowledge-intensive manufacturing and service industries
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(Götzfried, 2004). This definition is very encompassing and at times, it is too
broad since it includes almost a third of all industries. Industries such as driving
schools are included. Therefore, while Eurostat’s definition was the starting
point, the number of industries chosen was narrowed down. The decision to
narrow down the sample was both related to resource limitations as well as a
wish to eliminate the less knowledge-intensive industries. The selection of a
more qualified set of industries was done in cooperation with SCB.
Nevertheless, all industries included in the current study are according to
Eurostat’s definition knowledge-intensive. Appendix 2 lists the industries
included in the study, while also stating number of team start-ups per industry.
In addition, the different industry groups as defined by Eurostat are listed in
Appendix 3. In section 4.2.1 the number of teams identified within each
industry group is presented. The actual identification of the teams was a rather
time consuming process, which will now be described.

3.2.6 Sampling teams and their development over time
In order to answer the research questions stated in Section 1.2, I need to
construct a dataset that identifies genuinely new firms started by new venture
teams. Then I must be able to track their development over time. This is a
substantial challenge. Using matched employer-employee data enables me to
identify and track teams over time, which is unique for this study. I combine
firm level data with individual level data in order to construct team level data.
Consequently, I have gone through several steps in order to arrive at the team
level. As this is central for this thesis I describe the process in which teams have
been identified and tracked in detail below. The definition of an
entrepreneurial team that I rely on, as described in section 1.4.2, centers on
ownership and being active in the firm. More precisely, to be part of a team an
individual has to share ownership and be registered as a part-time or full-time
5
employee . With the purpose of identifying new venture teams, I have gone
through five main actions. First, I have identified self-employed individuals
each year. Second, based on the self-employed individuals I have been able to
track which ones are self-employed in the same company, which would signal
that they are in a team. Third, merging the yearly files ensures that the team is
a new team. Fourth, I make sure that there is in fact new economic activity, i.e.
that the business is genuinely new. Fifth, I control that the firms are in fact
started within the industries defined as knowledge-intensive. Finally, I arrive at
the new firms started by teams in the relevant industries. This process is
visualized in Figure 3.2.

5

Please note that individuals owning minority shares in publicly-listed companies for which they
also work are not included. This is because only share holders of close companies, i.e.
incorporations with a limited number of owners are included (“Fåmansaktiebolag” in Swedish).
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These steps are conducted for each yearly file separately

Individuals ever employed within the given industries with
an employment status each year (1989-2002)
Year:
1989
1990
Individuals: 3,218,900 3,228,604
Year:
1996
1997
Individuals: 3,231,307 3,223,950

1991
3,232,354
1998
3,216,674

1992
3,232,593
1999
3,210,504

1993
3,236,066
2000
3,203,547

1994
3,241,001
2001
3,195,425

1995
3,237,150
2002
3,184,080

Step 1
Identification of individuals self-employed each year (1994-2002)
Year:
Individuals:

1994
1995
1996
1997
1998
1999
2000
2001
224,166 215,434 197,732 195,333 186,207 181,904 181,225 180,785

2002
225,764

Step 2
Identification of teams each year (1994-2002)
Individuals:
Teams:

1994
1995
1996
135,170 123,339 105,232
50,624 47,406 41,404

1997
96,522
38,564

1998
86,765
35,034

Only firms in relevant
industries are singled out

2001
2002
74,254 105,601
31,011 41,535

Step 4

Identification of new teams each year
(1996-2000)
1996 1997
935
883
345
324

2000
76,769
31,795

All yearly files are merged in order to observe changes over time

Step 3

Individuals:
Teams:

1999
80,375
32,841

1998
842
339

1999
962
379

2000
793
323

Identification of new economic
activity each year (1996-2000)
Firms:

1996 1997 1998 1999 2000
477
283
307
353
413

Step 5

Identification of new businesses started by teams each year (1996-2000)
Individuals:
Teams:

1996 1997
1,126
668
422
250

1998
703
282

1999
838
332

2000
939
379

Total
4,274
1,665

Figure 3.2 The team identification process
The data material I started out with consists of all individuals ever employed
within the relevant industries. In other words, if a person was employed in a
knowledge-intensive industry in 1998, he or she is included in all other yearly
files, even if the person is working in other industries during those years. As a
result, all yearly files contain more than three million individuals as the first
table in Figure 3.2 reveals. This is taken into consideration once the new firms
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are identified, i.e. making sure that the firm is actually started in a knowledgeintensive industry. The information from the years prior to the team start-up
takes place are used to produce information about what the individuals were
doing prior to the team start-up.
The process of singling out self-employed individuals and teams is based on
four central variables: (1) Indivdiual_ID, (2) Firm_ID1, (3) Employment Status,
and (4) Firm_ID2. The Individual_ID is a number unique for each individual
in the dataset. Firm_ID1 is the identification number of the firm from which
the individual receives his or her main income. Before this comparison is made,
the business income has been multiplied by 1.6. This is a procedure conducted
by SCB in order to account for the fact that business owners often choose to
take out dividends as a way to avoid taxes on salary payments. In other words, it
is common to only take out part of the profits as salary and the rest as
dividends. According to SCB, this procedure makes the business income and
6
regular salary comparable. Employment status relates to the variable Firm_ID1
and states what employment status the individual has at that particular firm, i.e.
if the individual is employed or self-employed at their main income source. If a
person runs a close held company part-time, the identification number of that
business is found in the Firm_ID2 column. Table 3.2 provides an example of
five possible observations for these four central variables. This is done in order
to clarify what values observations could take on.
Table 3.2 Possible values on employment variables
Individual_ID

Firm_ID1
(primary)

Employment
Status

Firm_ID2
(secondary)

1

110

Self-Employed

210

2

110

Self-Employed

-

3

120

Employed

220

4

130

Employed

-

5

210

Self-Employed

-

Looking more closely at the table, there are five individuals for which we have
information. Individual number one has his or her primary income at firm 110.
The employment status further reveals that the individual is actually selfemployed at 110. Furthermore, the individual owns and runs a close held
company on the side of this employment since there is an entry in Firm_ID2. If
a person is not owning and running a close held company part time there will
be no entries in this column. Person number two is also self-employed at firm
6

As a robustness test, I have re-run all analyses using the untransformed value and there were no
qualitative differences in the results. Therefore, I have chosen to use the transformed figures since
it makes salary from employment and self-employment more comparable (www.scb.se).
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110. The third individual on the other hand receives his or her main income
from a regular employment at firm 120. As a sideline business, however, the
person runs a close held company with the identification 220. Moving on to
individual number four, one can quickly note that this person only has a regular
employment at firm 130. Finally, individual five is self-employed at firm 210.
Based on these variables, I have been able to identify teams and team members.
I will now explain each of the five steps in Figure 3.2 that were necessary in
order to do so.
Step 1. The first step in order to identify teams is to create a self employment
variable (SE_ID). This is done in three sub-steps. If a person is self-employed
Firm_ID1 will be entered in the SE_ID column. If a person receives her main
income from employment but runs a business on the side, Firm_ID2 will be
entered in the SE_ID column. Persons obtaining their primary income from
self-employment as well as running a close held company part time, will receive
two entries in the dataset. After these three steps are made, the five individuals
described above will have the following entries in the self-employment
identification column.
Table 3.3 Creating a self-employment variable
SE_ID

Individual_ID

Firm_ID1
(primary)

Employment
Status

Firm_ID2
(secondary)

110

1

110

Self-Employed

210

110

2

110

Self-Employed

-

220

3

120

Employed

220

-

4

130

Employed

-

210

5

210

Self-Employed

-

210

1

210

Self-Employed

210

A few points are worth making in relation to the procedure described above.
Person number one is in fact running two businesses. Therefore, a copy of that
record is made and the second self-employment identification number is stated
at the bottom of the table. Consequently, individual number 1 has one row for
the self-employment in company number 110 and one row for the selfemployment in company number 210. Person number four does not receive a
self-employment identity as he is only employed. Therefore, there is no selfemployment identity for him. The self-employment identity variable is
important as it enables team identification.
Step 2. As soon as two or more people have the same self-employment ID, a
team is identified.
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Table 3.4 Team identification
SE_ID

Individual_ID

Firm_ID1
(primary)

Employment
Status

Firm_ID2
(secondary)

110

1

110

Self-Employed

210

110

2

110

Self-Employed

-

220

3

120

Employed

220

-

4

130

Employed

-

210

5

210

Self-Employed

-

210

1

210

Self-Employed

210

Continuing with the same five individuals, one can observe that there in fact are
two teams, each consisting two members. These teams are the ones encircled in
Table 3.4. Consequently, when duplicates in regards to SE_ID are identified, I
have been able to spot teams in the dataset. In other words, identifying teams is
a search for duplicates. However, it is not only in terms of self-employment
identity that I may find duplicates. It is also possible that duplicates in terms of
individuals’ identification numbers exist (see individual one in the table above).
This will happen when an individual runs more than one firm. In other words,
portfolio entrepreneurs will have more than one observation in the dataset. This
may sound problematic since it is important to have one unique identifier when
merging datasets, merging data over the years as well as when running analyses.
Therefore, the combination of the self-employment identity and the individual
identity, as depicted below, is the unique identifier for each observation.
Table 3.5 Unique identifications for each observation
SE_ID

Individual_ID

Firm_ID1
(primary)

Employment
Status

Firm_ID2
(secondary)

110

1

110

Self-Employed

210

110

2

110

Self-Employed

-

220

3

120

Employed

220

-

4

130

Employed

-

210

5

210

Self-Employed

-

210

1

210

Self-Employed

210

These are the basic steps taken in order to identify teams. Once this is done, the
yearly files have to be merged.
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Step 3. Merely identifying which individuals are in teams each year does not
help answering my research questions. I also need to establish whether these
teams are new. Above I have explained how self-employed and teams are
identified in each yearly data file. The yearly files are then merged in order to
observe changes over time with the aim of identifying new teams. I view a team
as being new if the team did not exist the previous year and no one was selfemployed within the firm the year prior to the team entry. This means that if
one individual were self-employed year one and other individuals joined the
person and formed a team year two, I would not classify this as a team start-up.
Step 4. It is not only the team that needs to be new, but the economic
activity of the firm should be new. Therefore, two criteria need to be fulfilled in
order for the team to be classified as a team start-up. First, two or more
individuals have to have entered into entrepreneurship and be part of the firm
the first year it is in business. This criterion was checked for in step 3. Second,
the firm has to be a de novo firm. The firm is identified as a de novo start-up
the first year there is any economic activity taking place. This means that the
firm can have a negative, a positive or a zero profit, just as long as there are
some costs or revenues incurred. In step 4, I control for the first year in which
there is any economic activity taken place and the firm appears in the SRUregister.
Step 5. In the final step, the individual information from step 4 and firm
financial information from step 5 are combined. In this step there has to be a
match. There are several cases when the team is identified year one and the start
year is set to year two. This is because a firm can be registered year one but not
classified as started until year two due to not having economic activity the first
year. Since a central criterion is that economic activity needs to have taken
place, this is rather common and approximately 50% of the teams are registered
one year but I have not categorized them as a start-up until the following year,
when there has been economic activity. Therefore, there are some spillovers
from one year to another. This explains my use of self-employment data from
1994 and onwards even though I am only interested in team start-ups between
1996 and 2000. Furthermore, in this step I ensure that the start-ups are made
within the relevant industries. In Figure 3.2 there are more firms identified in
step 5 than in step 3 and fewer than in step 4. This discrepancy deserves a
clarification. First, the fact that economic activity sometimes occur only after
the first year implies that some firms are registered in 1995 but not classified as
new until 1996. Therefore, at times there are more firms classified in step 5
than in step 3. Furthermore, not all of the firms are started in the relevant
industries and therefore there are fewer teams in step 5 than in step 4. Once the
team start-ups have been identified information from previous years are used in
order to know what the team members did prior to the team start-up.
Summing up, to test my hypotheses, I have constructed a unique data base
covering all individuals entering into self-employment in knowledge-intensive
industries in Sweden during the 1996 to 2000 period. Their firms are tracked
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annually up to 2002, providing me with a census panel three to seven years long
consisting of five cohorts. Entrepreneurial teams, defined as two or more
individuals who jointly own and work in the firm from its inception, and their
members are singled out for the analyses. The firm is identified as a start up the
first year there is any economic activity. A shortcoming in the current study is
that I have no access to information concerning investors and cannot control
for if a firm has received venture capital backing. However, in the Swedish
context, especially for start-ups, this is a limited group of ventures (Leifland,
2008) and I feel confident that the results are not substantially influenced by
the lack of information on venture capital investments.

3.2.7 Generating a sample of genuinely new firms operated by
genuinely new teams
In this section, some descriptives on the teams identified are presented. In
Table 3.6 below, all observed start-ups are listed according to team size at entry.
I have done this in order to see how many start-ups there are in total and how
many of those are teams. Since the financial information for the different legal
forms comes from different data sources, the data below is split up according to
legal form. There are two possible legal forms that a team can choose from:
7
Limited Liability Company or Partnership . One important issue arises when
looking closer at the partnerships. Partnerships are by definition started and run
by teams. However, since I have access to more information on limited liability
companies, the partnerships identified below suffer from lack of information.
Consequently, 78 percent of the partnerships come out as solo-entries. There is
one major reason for this. In terms of closely held companies, I know if the firm
is the main or the second largest income for the individuals being involved in
the firm. For partnerships, I only have full information on the individuals who
have their main income from the company. Therefore, there are 277 teams that
are categorized as solo-entries when they in fact are likely to be started and run
by a team. In some cases, it might be silent partners who are registered partners
and who do not contribute to the business’ development. Unfortunately, I am
unable to control for this.

7

Since a sole proprietorship can only be started by one individual these firms are left out from the
study. Consequently, the relative share of team start-ups versus solo start-ups is much higher in
this study than if sole proprietorships were to be included.

64

3. Method

Table 3.6 Team size at entry by legal form
Team size
at entry
1
2
3
4
5+
Total

Limited liability
company
No. of
Teams
Percent
824
34.21
1,115
46.28
246
10.21
125
5.19
99
4.10
2,409
100

Partnership
No. of
Teams
Percent
277
77.59
75
21.01
5
1.40
0
0
0
0
357
100

Total
No. of
Teams
Percent
1,101
39.78
1,190
42.99
253
9.14
125
4.52
99
3.57
2,766
100

Another factor in relation to the partnerships is that there is a risk of having
underestimated the size of the teams. This is apparent for the ones classified as
one-person start-ups, but also the numbers concerning partnerships of other
sizes are likely to be underestimated. It is reasonable to assume that not
everyone in the team will have the business as their main income during their
first year in business. Since only the individuals with a main income from the
company will be classified as team members, this is problematic. Therefore, I
have chosen to disregard partnerships and focus on limited liability companies
due to the missing information. It should not substantially impact results given
that the number of partnerships is much lower than the number of
incorporated companies.
Turning instead to the limited liability companies, three observations are
worth mentioning. First, about 34.2% of the start-ups are solo start-ups and the
remaining 65.8% are teams. This suggests that the majority of incorporated
companies within knowledge-intensive industries are in fact team start-ups.
This is important because most studies have in fact been limited to the study of
incorporated companies. Second, among team start-ups, the vast majority
(70.5%) are started by teams consisting of two individuals. This suggests that
entrepreneurial teams are generally small. Other studies, using convenience
samples have found different distributions with a larger share of multi-person
teams (e.g. Beckman et al., 2007). There is reason to believe that the figures
presented here better reflect the true distribution of team size in new knowledge
intensive firms.
A note of caution is in place. It is likely that some of the two person teams
above by other criteria would be classified as solo-entrepreneurs. This would be
due to the likelihood of having a silent partner on board. As a way to control
for this, I have looked at the degree of involvement and how it differs across
owners and team sizes. Degree of involvement can be measured by looking at
the business income, either by simply considering whether each team member
receives an income or not from the business or by determining if it is their main
income or not. More precisely, dividing the number of people who receives an
income from the business with the total number of members creates a variable
showing to what degree team members receive salary from the venture. In a
two-person, team there would be a value of 0.5 if one person reports an income
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from the venture and the other person receives a zero income. Furthermore,
through dividing the number of team members who have the business as a main
income by the total number of members one obtains a variable showing the
degree of fulltime involvement. So, for a two person team where one person has
the new business as his or her main income and the other person does not, one
would obtain a value of 0.5, i.e. 50 percent of the team members receives their
main income from the firm. The measure for fulltime involvement and the
measure for salary withdrawal have a high correlation (0.6 with p-value 0.001).
Two person spousal pairs are overrepresented in terms of having 50 percent
8
involvement . Therefore, two person spousal teams with values of 0.5 on both
variables are viewed as one-person start-ups and are not included in the
analyses. In total, 373 such teams are likely to consist of one silent partner. This
means that if these teams had been classified as solo-entries, solo entries would
constitute 49.65% and team entries 50.35%. If classified as team entries (as in
Table 3.6), solo entries would be 34.18% and team entries 65.82%. I will treat
these 373 cases as solo entries. Interestingly, even when degree of involvement is
controlled for, team start-ups constitute a large share of all new limited liability
companies.
For the remainder of this thesis I focus only on the limited liability
companies started by teams. Furthermore, in order to deal with the noninvolvement of some spouses, the 373 observations are excluded from the
analyses. Consequently, 1,212 teams form the basis for the analyses. These
teams are all team start-ups, run as limited liability companies, within the
chosen industries during the chosen time frame. In a sense this groups of
companies could be viewed as an entire population. Therefore, statistical
significance testing can be argued to be superfluous. None of the observed
differences in coefficients would be due to random sampling error if studying
an entire population. However, there are arguments supporting the use of
significance testing in population studies since individual choices and life
histories can be viewed as stochastic processes that are subject to random
variation (Hoem, 1986, 2008). In addition, there some argue that there is a
hypothetical universe to which the researcher draws inferences (cf. Oakes,
1986). The inclusion of statistical significance testing is frequently done by
economists and statisticians alike (Hoem, 2008). According to Oakes (1986)
when studying an entire population, without randomizing the treatment,
reliance on statistical significance testing can still be legitimate if one judges the
observations to be representative of an even larger population. This thesis
focuses on all incorporated firms started by teams within the knowledgeintensive industries. However, these could be representative of team start-ups in
general (as the industries used are broadly classified) and in light of the contexts
in which prior studies are conducted. Statistical significance testing is, therefore,
8

When examining the distribution of these two variables over team size and whether there are
spousal pairs or not, it becomes clear that two-person spousal pairs are overrepresented in terms of
having 50 percent involvement. These tables are not included here.
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included. However, I focus primarily on the size, direction and practical
significance of estimated effects or differences.

3.3 Variables, measurements and analyses
employed
3.3.1 Variables included in the study
In order to capture the diversity of the teams in regards to ascribed and
achieved characteristics as well as team, firm and industry issues, I primarily
focus on a specific set of variables that according to the theoretical chapter can
be expected to have an influence on team and team member dynamics as well as
firm performance. The variables I primarily focus on are presented in Table
3.7. Based on the theoretical frame of references, these variables are suitable for
studying team composition over time. The table also states whether the variable
has been constructed or not. An R means that the variable comes from the raw
data. Within parentheses behind every R is information on the source of data,
i.e. if it is extracted from the individual data files (Ind), the firm data files
(Firm) or the firm financial data files (SRU). A C implies that I have computed
this variable by using (an)other original variable(s). The final column, Type,
states whether the variable is used as a control, independent or dependent
variable in the analyses.
Table 3.7 Variables of primary focus
Variable

C=constructed
R=raw data

Controls and team
characteristics
Team age/Years observed C
Team size

C

Explanation

Type

Age of the team/firm, i.e. number
of years the firm is observed
Number of team members, i.e.
individuals that own and work for
the company. This could be either
part-time or full-time.

C
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Dependent variables
Exit outcomes

C

Exit

C

Ascribed characteristics
Birth year
Age

R(Ind)
C

Age deviation

C

Absolute age deviation

C

Sex

R(Ind)

Sex category

C

Country of birth

R(Ind)

Country of birth (Swe)

C

A variable consisting of six
categories describing the behavior
of the individual for the whole
observation period. (1) stays in a
team that is still intact in 2002, (2)
exits a team and firm that remains
in business in 2002, (3) stays with
the firm described in 2, (4) exits a
team and firm that later dissolves,
(5) stays with the firm that
experiences exits until dissolution,
(6) stays in a team that has no
member exits prior to firm
dissolution.
A yearly variable stating whether
the individual stays with the firm or
exits (0 Stays/1 Exits)
The year the individual was born
Age of the individual (the
observation year minus the birth
year).
The individual’s age minus the team
mean age.
The absolute age deviation from
the team mean age.
Sex of the individual (0 Male/1
Female)
A variable stating whether the
person is a (1) man in a male
majority team, (2) man in a
balanced team, (3) man in a female
majority team, (4) woman in a
female majority team, (5) woman in
a balanced team, or (6) woman in a
male majority team. The variable
has been split into six dummy
variables.
Country of birth and country of
citizenship (grouped into 11
regions)
Dummy variable signaling whether
the individual was born in Sweden
or not.
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Achieved characteristics
Length of education
R(Ind)
Type of education
R(Ind)

Industry

R(Ind)

Two digit industry groups C

Eurostat’s industry groups C

Prior industry experience

C

Salary

R(Ind)

Salary deviation

C

Absolute salary deviation

C

Other
Spouse ID

R(Ind)

Match between prior
industry experience and
team start-up industry

C

Prior joint industry
experience

C

Prior joint work
experience

C

Years of schooling.
Type of education, e.g. engineering
or medicine. It is based on SUNcodes and grouped into 26 groups.9
The industry the company, from
which the individual receives the
main income, is active in. This is
observed for each year (both when
being employed and self-employed).
Based on the SNI (NACE) codes.
According to the two-digit level
there are 31 industry groups.
Based on the SNI (NACE) codes.
According to Eurostat’s definition
there are ten industry groups of
which six are categorized as
knowledge-intensive.
What industry the person worked
in prior to joining the team start-up.
The total taxable income an
individual receives during a year
The individual’s salary minus the
team mean salary.
The absolute salary deviation from
the team mean salary.
Identification number of the
spouse, defined as being married or
living together with kids.
A dummy variable showing if the
individual has worked in the same
or related industry prior to the
team start-up (0 No match/1
Match).
A dummy variable stating if the
person has worked in the same
industry as any of the other team
members prior to start-up (0 No
joint industry experience/1 Joint
industry experience).
A dummy variable stating if the
person has worked in the same
company as any of the other team
members (0 No joint work
experience/1
Joint
work
experience).

9

I

C

I
I
I

I

I

I

The Swedish SUN-codes were revised in 2000 in order to comply with the International
Standard Classification of Education (ISCED 97). A conversion key, provided by SCB has, been
used in order to make the variable comparable over time.
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Working full time at entry C

In business together with
spouse

C

TEAM LEVEL
Exit outcomes

C

Exit

C

Entry

C

Mean age
Diversity measures10:
Ascribed characteristics
Sex dominance

C

Sex diversity
Age diversity
Country of birth, diversity
Diversity measures:
Achieved characteristics
Length of education,
diversity
Type of education,
diversity
Salary diversity

10

C

C
C
C

C

A
variable
stating
if
selfemployment in the firm was the
individual’s main income during the
first year the firm was in business.
A dummy variable indicating
whether the individual’s spouse is
also a team member. (0 Spouse is
not a member of the same team/1
the spouse is also a team member).

C

A variable consisting of four
categories describing the behavior
of the team for the whole
observation period. (1) the firm
stays in business with the team
intact, (2) the firm experiences
member exits but remains in
business, (3) the firm experiences
member exits and eventually
dissolves, or (4) the firm
dissolution and member exits
occur simultaneously.
A yearly variable stating whether
the team experiences member exit
(0 No exit/1 Exit)
If a person enters the team from
one year to another, i.e. the person
shares ownership and becomes
employed within the firm. (0 No
entry/1 Entry)
The mean age of all team members

D

Categorical variable describing if
the team has a (1) male majority,
(2) balanced sex composition or (3)
female majority.
Index of qualitative variation (IQV).
The age coefficient of variation.
Blau’s index of country of birth

I

I

D

D

I

I
I
I

I

C

The years of education coefficient
of variation.
Blau’s index of type of education

C

The salary coefficient of variation

I

How the diversity measures are calculated is discussed in section 3.3.2.
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Trust and joint
experiences
Prior joint industry
experience

C

Prior joint work
experience

C

Spousal pairs

C

Other
Match between prior
industry experience and
team start-up industry

A dummy variable stating if two or
more members of the team
previously have worked in the
same industry (0 No joint industry
experience/1
Joint
industry
experience).
A dummy variable stating if two or
more members of the team
previously have worked together in
the same company (0 No joint
work experience/1 Joint work
experience).
A categorical variable stating if the
team has (1) no-spousal pairs, (2) a
mix of spousal pair(s) and other(s),
and (3) only spousal pair(s)

C

A dummy variable showing if any of
the team members worked in the
same or related industry prior to
the team start-up (0 No match/1
Match).

FIRM LEVEL
Survival

C

Sales
Sales (log)
Profit

R(SRU)
C
R(SRU)

Profit pctl
ROS
ROS (log)

C
C
C

If the company is still in business at
the end of the observation period.
How much sales the company has.
Log of sales.
Earnings before interest and tax
(EBIT)
Profit ranked into 100 percentiles.
Total profits over total sales.
Log return on sales.

I

I

I

D

D
D

As seen in the table above, I have data on individuals and firms. These data
have in turn enabled me to construct team specific variables. The diversity
measures and team means were computed using raw data. Consequently, all
team-level data are based on other variables and have a C in the middle column
of the table. All variables are calculated on a yearly basis as well as for the initial
year when the firm is in business. In the cross sectional analyses, I use the entry
variables, such as team size at entry. For longitudinal analyses, I make use of the
yearly variables, i.e. the team size for each year. A few observations have very
high or very low values on the profit and sales variables. To deal with this, I
have ranked the observations into 100 groups based on percentiles. From a
social categorization perspective, this would be in line with social comparison
and could be important for how team members perceive their teams. Some of
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the diversity measures were also transformed and this will be discussed after
having clarified how they were created, which is done next.

3.3.2 Measuring diversity
In order to assess diversity, I make use of several different measures. Within
available research, there are a number of possibilities. This thesis relies on
widely used measures. The most often used measures are Blau's (1977) index of
heterogeneity and diversity when using categorical variables, while the
coefficient of variation, i.e. the standard deviation divided by the mean,
frequently is used to capture dispersion for variables such as age (Bedeian &
Mossholder, 2000; Wagner et al., 1984; Williams & O'Reilly, 1998).
For continuous variables such as age, salary and years of education, I have
calculated the coefficient of variation. The higher the coefficient of variation,
the more diverse is the team in relation to the chosen variable. When variables
are categorical, I have computed Blau’s index. It is computed by
1- ∑ pi
where p is the proportion of team members in a category and i is the number of
categories within each team (Blau, 1977). The higher the value of Blau’s index,
the more diverse is the team. A value of zero implies that there is no diversity
while a value of close to 1 implies that the team is very diverse. For the variable
sex however, this measure cannot be higher than 0.5 for the most diverse teams
2
2
since there are only two possible categories ((1/2) +(1/2) =0.5). Depending on
the number of possible categories, the theoretical maximum of each index
varies. Therefore, the index of qualitative variation (IQV) is used to measure
diversity in terms of sex. Its value is normalized to take on a value between 0
and 1 and used for binomial distributions, The IQV is calculated by dividing
Blau’s index by the theoretical maximum. For type of education, the highest
Blau value is one as there are many different categories for this variable.
After having constructed the diversity measures, it becomes clear that several
of them have skewed or clustered distributions. Consequently, some of them
have been turned into categorical variables while others have been logtransformed in order to obtain more even distributions. Each of the investigated
diversity variables and their transformations, if any, are described below. All
data presented below relate to the first year of the team start-up.
Age is measured in years and the coefficient of variation is assessed at a team
level. Since the distribution on this variable is positively skewed, I have used the
log(age coefficient of variation+1). At the individual level, age deviation has
been measured both as a value signaling whether there is positive or negative
deviation as well as deviation in absolute terms.
Sex is a dummy variable with men having the value of zero and women the
value of one. In order to calculate variation on this variable, the index of
qualitative variation (IQV) was applied. This variable had a distribution that
2
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clustered around three values. Therefore, it is transformed into a categorical
variable (resulting in two dummy variables). The three categories are no
diversity, medium diversity and maximum diversity. All observations with a value
of zero were classified as no diversity. Observations with values ranging between
0>x>1 were classified as medium diversity. Finally, observations with a value of
one were classified as high diversity. At the individual level, a variable measuring
whether a person is in minority, majority or part of a sex balanced team is
constructed.
Type of education consists of 26 different categories based on the
international standard for educational classification (ISCED 97), using the two
digit level. I applied Blau’s index for calculating diversity. Again, the
distribution clustered around a few values. Consequently, this variable was also
split into three categories and two dummy variables. The same demarcation as
for sex was used.
Years of education is measured as the number of years of schooling. The years
range between five and twenty years. The coefficient of variation is used for
computing variation within the team. Since the distribution on this variable
also was positively skewed, I have used the log(years of education coefficient of
variation+1). Individuals’ deviation has been measured both in terms of
direction as well as in absolute terms.
Country of birth states in what geographic region a person is born and it
consists of eleven categories. Namely, Sweden, the Nordic countries (Sweden
excluded), EU15 (except Denmark and Finland), new EU countries (except
EU25 and the Nordic countries), North America, Oceania, Former Soviet
Union republics, Asia, South America and Africa. Blau’s index is used to
measure diversity on this variable. This variable had mostly the value of zero
and a few observations had higher values. Therefore, a dummy variable,
indicating whether there is any diversity at all or if all team members have the
same value, is used. Consequently, value 0 means no diversity and 1 implies
that there is diversity (but not how much).
Prior industry experience is based on industry affiliation. The industry
affiliation is grouped into 30 different categories based on a two-digit industry
classification code (in Sweden SNI02, which is adapted to the European NACE
classification). Please note that I have computed this variable both by using the
two digit levels and the ten Eurostat groups. Each individual receives one
observation on these variables by identifying the latest observed industry
affiliation that an individual possessed prior to joining the team. I used Blau’s
index to calculate variation on this variable. Again, the distribution clustered
around a few values. This uneven distribution was independently of which
industry groups were used. Consequently, also this variable was split into three
categories and two dummy variables. The same demarcation as for sex was used.
Salary is measured for all team members during the first year in business. I
have constructed a mean salary for the team members. It captures all income
team members have both from the business as well as from other income
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sources, such as employment at other firms. For computing the salary diversity,
the coefficient of variation is used. On an individual level, salary deviation has
been measured both as a value signaling whether there is positive or negative
deviation as well as deviation in absolute terms.

3.3.3 Choice of statistical analyses techniques
One of the main issues in regards to answering the research questions concern
what analyses to employ. Prevented from answering all questions in one model,
this thesis focuses on a set of complementary analyses. Referring to the research
questions, I am interested in the composition of teams at founding, the
development in terms of team member entries and exits and firm performance.
These three aspects are pertinent primarily to the team level and to some extent
the individual level. Table 3.8 summarizes which analyses are conducted to
answer each question.
Table 3.8 Summary of analyses to be conducted
Area of interest
Level of
analysis
Team

Descriptives
- What are the
characteristics of new
venture teams ?

Analyses employed:
Frequencies,
distributions,
t-tests and chi-square
statistics
Individual - What are the
characteristics of new
venture team members?

Analyses employed:
Frequencies,
distributions,
t-tests and chi-square
statistics

Dynamics
- What impact does team
composition and firm
performance have on team
dynamics?

Performance
- How does team
composition and team
dynamics influence firm
performance?

Analyses employed:
Analyses employed:
Panel data regression
Multinomial logit model,
discrete time logit analysis analysis,
discrete time logit
analysis
- What impact does team
member characteristics
and individual deviation
have on individual
dynamics?
Analyses employed:
Multinomial logit model,
discrete time logit analysis

There are three core areas and two levels of analyses. As discussed in section
3.2.1, the approach taken is mixed level and aspects at one level are pertinent to
outcomes at another level. Therefore, team level issues are included in
individual level analyses. Turning to the analyses employed for each area and
level of analyses, there are a few points that need clarification. First, the reader is
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introduced to the data material in an extensive description of teams, team
members, team and individual dynamics as well as firm performance. This is
done in Chapter 4. Then, focus lies on links to team and individual dynamics:
entries and exits. When studying team member exits, four possible outcomes
are considered. This is because the team might follow four different paths; (1)
the firm stays in business with the team intact, (2) the firm experiences member
exits but remains in business, (3) the firm experiences member exits and
eventually dissolves, or (4) the firm dissolution and member exits occur
simultaneously. Likewise, at the individual level the possible outcomes can be
the following: (1) the individual stays in an intact team, (2) the individual exits
and the firm stays in business, (3) the individual stays in a firm that experiences
exits but remains in business, (4) the individual exits and the firm eventually
dissolves, (5) the team experiences exits but the individual stays until firm
dissolution, and (6) the individual stays in a team which is intact until firm
dissolution. These distinctions are made as exits from firms that eventually
dissolve are likely to differ from firms that stay in business (Wennberg,
Wiklund, DeTienne, & Cardon, forthcoming). In addition, this allows for the
separation between surviving firms and those dissolving. The analyses for the
team and individual level are the same, except that, at the individual level the
observations are not independent of each other and only individual dynamics
(i.e. exits) are investigated (i.e. not individual performance).
Chi-square statistics and t-tests are used to establish if differences between
groups in the distribution of a variable are likely to have occurred by chance or
not (Bryman & Cramer, 2001). Comparing teams consisting of spousal pairs,
non-spousal pairs or a mix in regards to the four outcomes described above is an
example of when the chi-square statistics is applicable. When conducting chisquare statistics, some continuous variables are spilt into percentile groups. This
is reported in conjunction to the results. A t-test is used when the distribution
of a continuous variable is compared for two different groups. To account for
the impact of several variables at the same time, multivariate analyses are
appropriate. I use logit, MNLM, and OLS analyses to do so.
An important assumption for most analyses is that observations are
independent of each other (Bryman & Cramer, 2001; Hair et al., 2006; Sadler
& Judd, 2001), which is not likely to be the case at the individual level. For
example, if one individual exits a team, this is likely to have an effect on others
in the team. Therefore, the observations at the individual level have a nested
structure (Luke, 2004). This means that team membership is likely to affect
how individuals behave. This is easily taken care of with a correction for
clustering in the statistical software used. Thereby, relaxing the independence of
observations assumption and allowing for correlated error terms (Luke, 2004).
More precisely, the violation of independence of observations is taken care of by
allowing individuals belonging to the same team to be clustered. This is one
form of multi-level modeling (Luke, 2004), where the firms that the individuals
75

Jönköping International Business School

run and the relations between individuals belonging to the same firm are
incorporated in the analysis.
A logit analysis is a nonlinear binary response model. The binary outcome
takes on the value of either 0 or 1. In a logit analysis the dependent variable
reflects whether an event occurs or not. Such an event could be to get an illness
or not. It could relate to the make or buy choice facing companies. Or, as in
this case either the entry or exit of team members. The probability function for
the logit is:

Pr

exp x´
1 exp x´

1 x

Where y is the observed outcome for the ith individual (or team). The
probability that yi=1 is given by the equation above. β is a vector of explanatory
variables estimated by maximum likelihood. The probability distribution is a
nonlinear s-shaped curve ranging from 0 to 1. The choice between a probit and
a logit model is primarily preference based. These two techniques tend to report
very similar findings. The logit model, however, usually has somewhat flatter
tails in the probability distribution curve and the probit assumes that the error
term is normally distributed (Woolridge, 2003). I use the logit model as it
enables the use of odds ratios, which transforms the curve into a linear
relationship, and thus simplifies interpretation (Long & Freese, 2006).
When the dependent variable is nominal and consists of more than two
possible categories that cannot be ordered in a meaningful way, a multinomial
logit model (MNLM) is appropriate. Nominal categories mean that the
alternatives cannot be ranked. Examples frequently used in text books concern
transportation mode when going to work, marital status or job category (e.g.
Long & Freese, 2006). The possible choices for transportation mode might be
bus, train or car. The MNLM can be thought of as a combination of several
logit analyses (Long & Freese, 2006). In the MNLM, effects of the independent
variables on each of the outcomes are compared to a base category. This means
that one outcome is compared to the base category or outcome, e.g. the
probability of taking the bus as compared to taking the car. The MNML is
expressed as:

Pr

x

exp x´
∑

exp x´

Where b is the base category, also referred to as the comparison group. The
multinomial logit model assumes that data are case specific and that the
dependent variable cannot be perfectly predicted by the independent variables.
In addition, the IIA assumption has to be met. It requires independence of
irrelevant alternatives. In other words, the likelihood of choosing one category
should not depend on the other available alternatives (Long & Freese, 2006).
Common examples used to explain this is, again, related to transportation
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mode. The odds for taking the car should not change if the alternatives of
taking a blue or a yellow bus are introduced. One common test to ascertain that
the assumption holds is the Hausman-McFadden test (Long & Freese, 2006). It
is also possible to test whether any of the alternatives could be collapsed, by
using the command mlogtest, lrcomb (in Stata). Finally, collinearity is assumed
to be low. The diagnostic tests are discussed in conjunction to the presentation
of the results. I further explain how to interpret the results in Chapter 5.
Linear regression models are used to explain variance in a continuous
dependent variable based on a set of explanatory variables. A few of several
important assumptions underlying the OLS is that the dependent variable is
normally distributed and that the observations are independent (Bryman &
Cramer, 2001). The dependent variable y is predicted by the intercept, a set of
independent variables and an error term as follows:

...
β0 is the population intercept and β1 is the slope for the independent variable
and u is the error term. The regression line is commonly estimated with
ordinary least squares (OLS) estimation and means that the estimates minimizes
the sum of squared residuals (Hair et al., 2006). When analyzing panel data
there are additional assumptions and considerations that are added to the crosssectional model. More precisely, there is an unobserved effect ai introduced.
This effect is time-constant. In addition, the error term has both an individualand a time-related dimension, uit. The composite error refers to these two
combined (ai+ui=vit) (Woolridge, 2003), see below:

...
The assumption is that ai and ui are uncorrelated. In addition, vit has to be
uncorrelated with xit. Otherwise, the estimates will be biased and inconsistent. If
they are uncorrelated, a random effects estimation is appropriate. However, if
they are correlated a fixed effects estimation should be applied. In a fixed effects
estimation, the unobserved, ai, effect and explanatory variables that are constant
over time are removed. As a result differences between observations are not
compared. Instead, the within-unit variation over time is analyzed. Fixed effects
estimation accepts that observations are inherently different and it is the same as
allowing each observation to have a different intercept. In order to ascertain
whether to use a fixed effects or a random effects estimation, a Hausman test is
recommended (Woolridge, 2003). The rationale for these choices will be
outlined in conjunction with the respective analyses. The logic for panel data
and logit analyses are similar and also then a choice between random and fixed
effects should be made.
In sum, my dynamics analysis relies on both cross-sectional and panel data
analyses. First, bi-variate analyses with accompanying chi-square statistics are
presented. Thereby, potential differences between groups and outcomes can be
observed. Second, logit and multinomial logit model (MNLM) and discrete
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time logit (xtlogit) analyses enable me to analyze the simultaneous impact of the
composition variables and past performance on team and individual dynamics.
The MNLM allows me to distinguish between different types of team
dynamics, while the discrete-time longitudinal logit analysis (xtlogit) is applied
in order to make use of the panel structure. Third, longitudinal regression
analyses are employed for analyzing performance. Correlation tables and
diagnostic tests are primarily included and explained in Chapter 5, but also
Chapter 6 presents relevant information.
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Chapter 4
4 Team and team member
descriptives
The chapter’s objective is to present the characteristics of teams and their team
members. It also presents descriptive statistics concerning the development over time
as well as performance measures. More precisely, this chapter addresses research
question one as well as creates an initial understanding of the empirical context.

4.1 Introduction
Descriptive statistics are important for creating an understanding of team
composition and dynamics. This chapter is composed of two main parts. The
first part investigates aspects related to the team level and the second part
explores variables at the individual level. This is an important contribution
since the study is based on the population of teams within certain industries.
Therefore, the estimates will provide a good reflection of the composition of
teams within the studied industries. As no other study has investigated
entrepreneurial teams from a population approach (on the team level), this
chapter also provides valuable input into previous research findings. It should
be noted that figures for certain variables will vary between the two sections
because the unit of analysis differs. The team and the individual respectively
constitute the units of analysis. For example, the mean age presented in the two
sections differ slightly. This has a logical explanation. In section 4.2, mean age
is calculated by the sum of all teams’ average age divided by the total number of
teams. In section 4.3, it is, however, calculated as the sum of the age of all
individuals divided by the number of individuals. Since team size differs
between teams, the two figures on mean age will be slightly different for the
team level and the individual level.
The chapter conducts sub-group analyses. In order to distinguish whether
there are meaningful differences between groups, Students’ t-test as well as oneway ANOVA tests are conducted. The first test is used when there are two subgroups while the second is applied when dealing with more than two groups. In
essence, a t-test determines whether the means of two groups differ. This is
done by comparing the mean difference between two groups with the standard
error of the difference in means (Bryman & Cramer, 2001). A one-way
ANOVA test compares the between group variance with the within groups
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variance. These tests show whether there are any statistically significant
differences between the groups. Being statistically significant is, however, not
equal to being meaningful. Therefore, the effect size is also utilized. This is
done by computing the standardized difference between groups rather than
comparing the mean difference. According to Cohen (1988), an effect size of
0.2 is considered small, 0.5 is considered medium, and 0.8 is regarded as large.
Not all variables are continuous and when comparisons are made for categorical
variables, I rely on cross-tabulations and chi-square statistics. To begin
describing the data, the chapter first focuses on the team level.
In order to save space in the following sections, more detailed analyses can
be found in the appendices. These complement the information presented and
discussed throughout the chapter. When possible, comparisons to prior studies
are provided. However, there are limited studies to which comparisons can be
made and the existing ones are conducted in different contexts, at different
stages and for different types of companies. Therefore, the results are not
directly comparable but may still provide valuable guidance. The information
in this chapter is rather comprehensive, therefore, readers not interested in all
details concerning teams and team members can focus on section 4.4, where the
most pronounced findings are summarized.

4.2 Team descriptives
Following the research model developed in Chapter 2, see Figure 4.1, the
following structure is used for presenting team descriptives. First, aspects
relating to the team composition are presented. Then, information regarding
team dynamics and survival is presented. Finally, information relating to team
and firm performance is introduced.

Team
Composition
*Characteristics
*Diversity
- Ascribed
characteristics
- Achieved
characteristics
*Trust & joint
experience

Firm
Performance
Dynamics

*Profits

*Entry
*Exit

*Sales

Figure 4.1 Research model at the team level
Based on the last point in the team composition box, trust and joint experience,
I also provide sub-group analyses. The theoretical chapter suggests that these
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aspects will impact team work and outcomes. Furthermore, the impact of
ascribed characteristics is believed to be less pronounced for teams that have
prior joint work experiences (Harrison et al., 1998; Harrison et al., 2002). In
addition, Ucbasaran et al. (2003) propose that teams consisting of family
members may be similar to teams with prior joint experiences. Therefore, it is
interesting to investigate whether the sub-groups differ in team composition,
dynamics and performance. Consequently, these analyses are conducted for all
three sections.

4.2.1 Team characteristics
General team descriptives concern nine factors ranging from team size to mean
salaries. Table 4.1 presents information in relation to each of these aspects. All
figures reported concern the first year the teams are in business. Furthermore,
information is provided regarding in what industries the team start-ups have
taken place.
Table 4.1 Team characteristics
Variable
Team size
Age
Sex

Three categories
Male dominated
Sex balanced
Female dominated
Three categories
Country of
birth
Only Swedes
Mixed
Only non-Swedes
Educational categories
Years of education
Two categories
Industry
experience
No prior exp.
Prior exp.
Salary at entry

Mean
2.77
40.35
Freq.
351
735
126
Freq.
1,036
158
18
2.15
13.21
Freq.
798
414
227,682

S.D.
1.47
8.72
Percent
28.96
60.64
10.40
Percent
85.47
1.49
13.04
0.88
1.76
Percent
65.84
34.16
148,860.70

Min
2
20.5

Max
23
71

1
6

8
20

0

2,249,051

As Table 4.1 reveals, the mean team size at entry is 2.77. In Appendices 4, more
detailed information regarding team size is provided. A majority of the teams,
61 percent, consists of only two people. This is in line with the findings of
Ucbasaran et al. (2003), who noted that 67 percent of the team start-ups were
two person teams and Aldrich et al. (2004), who found that 74 percent of the
new venture teams consisted of two members. 20 percent of the teams consist
of three individuals and 10 percent consist of four members at start. The
remaining 8 percent are teams made up of five or more individuals. The largest
team consists of 23 individuals and was involved in starting an IT-consulting
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business. In sum, the teams appear to be rather small and only a small fraction
of the teams have an initial size larger than eight.
Appendix 4 reports the initial team size, i.e. what size the team had during
the year in which the firm was founded. Nevertheless, there are also changes in
team size over time. This is seen in Appendix 5, where teams are listed per
cohort and observation year. It is interesting to note that not only do teams
become fewer, they also become smaller as they grow older. The average team
size at start ranges between 2.67 (in 2000) and 2.95 (in 1997). After three years
in existence the corresponding figures are 2.53 (for cohort 2000) and 2.90 (for
cohort 1997). In general, teams tend to become smaller over time and so team
member exits are more common than team member entries. Furthermore, some
firms started by a team are run by only one individual at a later stage. In fact,
three years after start-up, approximately 6 percent of the firms started by a team
are run by only one person. Note that this is consistent with studies of the exit
of new firms and exits from self-employment. Many firms that cease to exist
and individuals who exit self-employment tend to do so at an early stage such
that firms are most likely to shut down during the first three years in business
(Littunen, Storhammar, & Nenonen, 1998; Phillips & Kirchhoff, 1989). In
addition, individuals exit teams at an early stage while the firm is still very
young.
Returning to Table 4.1, one can observe that the mean age of the teams is
40.3 (s.d. 8.7). The youngest team has a mean age of 20.5 years while the oldest
team has a mean age of 71. Not surprisingly, there is a dominance of teams
with equally as many men as women, i.e. they are sex-balanced. That a large
share of the teams is sex-balanced relates to the fact that a majority of the teams
consists of spousal pairs. The non-spousal teams, however, are characterized by
homophily in terms of sex (see section 4.2.3). Extensive information concerning
spousal couples is presented in section 4.2.3. Only 10 percent of the teams are
dominated by women and about 29 percent by men. Although not directly
comparable, these results are in line with the findings from the U.S. PSED
(Panel Study of Entrepreneurial Dynamics). They found that 64 percent of the
teams are mixed gender, 7 percent consist of only women and the remaining 29
percent only have men on the team (Aldrich et al., 2004). This study looks into
the balance and domination, which is slightly different. Furthermore, it only
studies limited liability firms that have started. In the PSED all types of firms
are included and focus lies on nascent and early stages of the venturing process.
Some of these attempts may never be carried through to fruition. Nevertheless,
these figures seem to be compatible with previous studies on teams.
A majority of the teams (85 percent) consists of individuals all born in
Sweden. About 2 percent of the teams have members all born outside of
Sweden and approximately 13 percent consists of a mix of individuals regarding
country of birth. If discrimination were substantial, fewer mixed teams would
have been expected and more teams would consist of immigrants only. This
does not seem to be the case. The theoretical chapter discussed that homophily
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in country of birth would probably be high. These findings do not seem to
support such predictions.
Turning to the educational types represented on the teams, there are two
comments worth making. First, it is most common that teams have two
educational categories represented on the team and the mean number is 2.15.
Consequently, it seems to be common with some variation in terms of
education type within the teams studied. The educational types most common
on the teams are general studies, business studies, pedagogy and technical
industry studies. Although very broadly classified, at an aggregate level these
seem to correspond rather well with the industries in which the start-ups take
place. Second, the mean years of education is 13.2. Consequently, the teams
have rather well educated individuals on board.
The average salary of team members is 227,682 SEK during the first year in
business. This figure can be compared to the national average which was
11
204,000 SEK in 1996 and 243,600 SEK in 2000 . In other words, the team
members seem to have similar average salaries as the population at large. These
figures include the total earnings received by the individuals and not only salary
withdrawn from the venture studied. Consequently, it is a combination of
salary received from self-employment as well as from other employments, if
applicable. Interestingly, for those full-time employed in the new venture, the
equivalent figure is 231,001 SEK (s.d. 132,082) implying that they in fact have
higher mean salaries.
The final characteristics of the studied teams concern the industries in which
they start a business and if team members have prior experience from these
industries or not. Industry is measured at the two-digit level. A table of the
teams divided by industry group is found below.
Table 4.2 Team start-ups and industry groups
Sector Code Description
High technology manufacturing
Medium high technology manufacturing
High and medium high technology
manufacturing
Knowledge-intensive high-technology services
Knowledge-intensive market services
Knowledge-intensive financial services
Other knowledge-intensive services
Total knowledge-intensive services

No. of teams start-ups
1996-2000
17
14
31

Percent

269
690
44
178
1,181

22.19
56.93
3.63
14.69
97.44

1.40
1.16
2.56

A vast majority (97 percent) of the team start-ups are found within knowledgeintensive services. Of the six groups, market services is the largest consisting of
690 team start-ups. Looking at the specific industries and high team start-up
11

Information retrieved from Statistics Sweden:
www.scb.se/templates/tableOrChart____149087.asp
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rates, there are three industries that stand out (see Appendix 2). Namely, other
software consultancy and supply accounting for 198 team start-ups, construction
and other engineering activities represents 182 team start-ups, and finally business
and management consultancy activities accounts for 166 start-ups. The first
industry is included in knowledge-intensive high-technology services, while the
latter two are included in knowledge-intensive market services. It is notable that
there are more team start-ups within certain industries. This could be because
these industries in general have had higher start-up rates during the observation
period but it could also be that teams are more common within the afore
mentioned industries. It is likely due to the first explanation since solo entries
12
have a similar distribution, both within industries and industry groups . Lastly,
about one third (34 percent) of the teams have at least one member with prior
work experience from the same industry. This is interesting as it indicates that
individuals largely enter into self-employment within areas in which they have
expertise and a developed network. This would be expected based on arguments
that individuals tend to find and exploit opportunities in areas in which they
are trained (Shane, 2000; Shane & Venkataraman, 2000).
In sum, teams appear to be rather small and they become even smaller over
time. In terms of education, they are characterized by some diversity in
education type. In addition, they are to a large extent sex balanced. They are
also most common within the knowledge-intensive market services industries.
Finally, a relatively large share of the teams has at least one individual with prior
experience in the same industry.

4.2.2 Team diversity
The seven diversity measures investigated are age, sex, country of birth,
education type, years of education, industry experience and salary. Table 4.3
provides an overview of these measures. For sex, education type and industry
experience I also include categories signaling if the diversity is low, medium or
high. The mean, standard deviation and minimum and maximum values are
reported for all continuous variables. When categories are presented, only the
distribution among the categories is stated. The three diversity measures
presented are the Index of Qualitative Variation (IQV), Blau’s index of
qualitative variation and the Coefficient of variation. The methods chapter
covered how these measures have been computed.

12

Other software consultancy and supply accounting for 122 (14.8%) solo-entries,
construction and other engineering activities represents 121 (14.7%) solo start-ups, and
finally business and management consultancy activities accounts for 107 (13.0%) solo
start-ups. In total 98.2% of the solo-entries are started within knowledge intensive
services.
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Table 4.3 Team diversity
Variable
Ascribed characteristics
Age
Sex

Country of birth

Achieved characteristics
Education type

Mean

S.D.

Min

Max

Coefficient of variation
IQV
Three categories
1 Low
2 Medium
3 High
Blau’s index
Two categories
1 None
2 Some

0.14
0.86
Freq.
129
348
735
0.06
Freq.
1,046
166

0.17
0.30
Percent
10.64 %
28.71 %
60.64 %
0.16
Percent
86.30
13.70

0
0

0.81
1

0

0.75

Blau’s index
Three categories
1 Low
2 Medium
3 High

0.45
Freq.
209
731
272
0.12
0.68
Freq.
308
143
761
0.61

0.22
Percent
17.24
60.31
22.44
0 .09
0. 43
Percent
25.41
11.80
62.75
.45

0

0.86

0
0

0.61
1

0

2

Years of education
Industry experience

Coefficient of variation
Blau’s index
Three categories
1 Low
2 Medium
3 High

Salary

Coefficient of variation

As seen in the table diversity in terms of sex, industry experience and salary is
rather high. For these three variables, the continuous values are all above 0.60
and there are most observations in the highest category. Diversity in terms of
age, country of birth and years of education on the contrary seems to be rather
low. The values of the continuous diversity variables are all below 0.15. Finally,
type of education is somewhere in-between with a value of 0.45 and most
observations are found within the medium diversity category. Now, one would
probably ask whether this could be considered high or low since there are no
comparison groups. Granted, I cannot make claims as to whether these values
are high or low. I can only note that there is more variation in some dimensions
than in others. Furthermore, if comparing some of the distributions with prior
research it seems to be rather similar distributions. In terms of country of birth,
e.g. Ruef et al. (2003) found that 86 percent of the teams consist of single
ethnicity members and 14 percent have multiple ethnicities represented on the
team. These figures, again not directly comparable, are very similar to the
figures on country of birth. Taken together, there is a tendency for the teams to
have more diversity in terms of achieved characteristics and be less diverse in
terms of ascribed characteristics. A reasonable explanation to this can be found
in the argument that entrepreneurial teams are characterized by an instrumental
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dimension (Aldrich et al., 2004) where some diversity in terms of achieved
characteristics might benefit the firm. It could also be the case that ascribed
characteristics are stable over time and generally play a larger role in behavior
driven by homophily. It is however difficult to compare these diversity measures
with each other since they measure different aspects of diversity (Bedeian &
Mossholder, 2000). The impact these different measures may have on team
dynamics and performance is discerned in Chapters 5 and 6.

4.2.3 Trust and joint experience
Trust can be obtained in several different ways. The two issues incorporated in
this study relate to trust and individuals’ ability to work together. Namely, prior
joint work experience and whether the team consists of spousal pairs or not. In
relation to each of these, I also provide information regarding differences in
team descriptives. 17 percent of the teams have at least two members who have
worked full-time in the same company sometime during the seven to eleven
years prior to starting the current business. The remaining 83.2 percent do not
have this prior joint experience. Spousal pairs conduct the majority (52 percent)
of the start-ups, 28 percent have a mix between spousal pairs and others, while
only 20 percent of the teams have no spouses on board. There are hardly no
published findings to compare with, but Aldrich et al. (2004) report closely to
an identical number, namely that 53 percent of the firms in the PSED are
started together with spouses.
Both prior joint work experience and being a spousal pair can be expected to
bring about higher levels of trust and familiarity (Ucbasaran et al., 2003; Xu &
Ruef, 2007). In Table 4.4, these two aspects are cross tabulated in order to
observe the distribution across the groups. As the table reveals having worked
together previously is most common for non-spousal teams.
Table 4.4 Spousal category by prior joint work experience
No joint work exp.
No. of teams
Percent
No spousal pairs
93
39.08
Mixed
80
23.53
Only spousal pairs
388
61.20
Total
561
46.29
Pearson Chi2: 131.6272 ***

Prior joint work exp.
No. of Teams
Percent
145
60.92
260
76.47
246
38.80
651
53.71

That the number for mixed teams is rather high (76.5 percent) should be
interpreted with caution as these teams consist of at least three members and so
the chances of having worked together previously increases. There is only a
small group that has neither spousal couples nor members with prior joint work
experience on the team. Merely, 39 teams (or 8 percent) has no such
dimension. This highlights how important these aspects appear to be for new
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venture teams. Since having worked together previously and being a team
consisting of spousal pairs is very common, I will continue to comment on
some of the descriptive statistics broken up by these categories.
Appendix 6 reports descriptive statistics concerning the degree of spousal
pair(s) on the team. When distinguishing between teams that have spousal pairs
on the team, teams with a mix of spousal pair(s) and other(s), and teams
without spousal pairs, six interesting findings emerge. First, the mean size for
teams consisting only of spousal pairs is smaller than for teams with no spousal
pairs. More detailed information on team size and spousal relations is reported
in Appendix 7. Looking closer at spousal pairs and two person teams, one can
note that there are 567 team start-ups made by one spousal pairs. These 567
teams constitute 89 percent of all teams started by spousal pairs and 76 percent
of all two-person teams. In other words, spousal pairs heavily dominate the two
person team start-ups and the mean size of team start-ups consisting of spousal
pairs is only 2.23. Furthermore, teams consisting of no spousal pairs have a
mean size of 2.37 and 75 percent of these teams are two person teams. This
means that even if two person teams are the most common, for both groups,
they are more common among spousal pairs. Second, spousal pairs have a
higher mean age and teams with no spousal pairs on board have the lowest
mean age. In general, we tend to marry at a relatively high age of which this
might be one consequence. The average age for first marriage and first child in
13
1996 was 28 and 30 years for women and 30 and 32 for men . Considering
that the total mean age is around 40 for the teams studied, it is reasonable to
conclude that even if marriage occurs at a higher age and is one factor
influencing the differences in age, spousal pairs do tend to venture at a higher
age. Third, it is more common that teams consisting only of spousal pairs have
members who all have been born in Sweden. Consequently, having a mix of
countries represented on the team is least common for teams consisting of only
spousal pairs. Even if previous discussions (see 4.2.1) showed that segregation
on this dimension was not evident, there still seems to be homogamy on this
measurement. Homogamy is homophily in marriage ties and prior research
reports that country origins are indeed important selection criteria when
choosing a spouse (Kalmijn, 1998). Fourth, there are fewer education types on
the teams that consist of non-spousal pairs compared to the other teams. Even if
these teams generally are larger than the teams consisting only of spousal pairs,
there is still less diversity in terms of education type. Fifth, teams consisting of
spousal pairs appear to have the longest education. Finally, they also seem to
have the highest initial salary. In terms of prior industry experience, spousal
teams display the highest degree of fit between prior industry experience and
current industry. Sex-balance, even if differences are found to be statistically
significant, is not worth digging further into since sex is highly correlated with
13

Information retrieved from Statistics Sweden:
www.scb.se/templates/tableOrChart____142439.asp
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how the observations have been categorized, i.e. spousal pairs, by definition,
have a high sex diversity. In sum, teams consisting of only spousal couples tend
to be smaller, slightly older, have higher mean salaries, consist of Swedish
individuals with longer education and be more diverse in terms of education
type. They have more commonly prior industry experience. Age, salary,
educational length and industry experience are human capital factors implying
that teams consisting of spousal pairs in some aspects have higher levels of
human capital. This is not expected based on the literature, which often
portrays the family businesses as less professional having lower levels of human
capital and critical competencies (cf. Ensley & Pearson, 2005; Nordqvist,
2005). Recently, however, the view that family businesses may have a
competitive edge over other businesses has surfaced (cf. Ensley & Pearson,
2005; Nordqvist, 2005).
In Appendix 8, all the descriptive statistics are reported by joint work
experience. I will only comment on the variables where there are statistically
significant differences between the groups. In terms of joint work experience,
there are differences in terms of initial team size, mean age, sex balance, country
of birth and mean number of education types. Teams where at least two team
members previously have worked together are generally younger and larger than
when team members do not have such experience. These teams are
approximately two years younger and one person larger. The effect size for team
size is according to Cohen (1988) medium while it is considered small for age.
Furthermore, having a male majority and less sex-balanced teams are more
common. This probably relates to joint work experience being more common
among non-spousal teams. The difference of country of birth is only significant
at the p<0.1 level. However, there is a tendency that having a mix of
nationalities is more common among teams with prior joint work experiences.
Finally, teams with joint work experience also tend to have more educational
types represented on the team. The standardized mean difference is above 0.6,
which is considered to be medium. This, in turn, could be related to the size of
these teams being larger. In terms of years of education, prior industry
experience and mean salary there are no statistically significant differences
regarding prior joint work experience.
Appendices 9 and 10 report the diversity measures for the different subgroups based on spousal pairs and prior joint work experience. According to
Appendix 9, one can observe that there are differences for all variables in respect
to sub-groups based on spousal relations. I will comment on each of them in
order. Spousal pairs seem to have the lowest diversity in terms of age. Mixed
teams have the highest level of diversity. In addition, sex diversity relates to the
degree of spousal pairs on the team. This is a natural consequence of the subgroup division. Teams consisting of spousal pairs seem to be slightly less diverse
concerning country of birth. Only 9.8 percent of the spousal pair teams have
some diversity on this variable, while 14.3 percent of the non-spousal teams do.
Spousal teams seem to have lower diversity in terms of education length, but
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higher diversity in terms of education type. This could be linked to the patterns
in which people find their better half. There are studies conducted on
homogamy showing that people have a tendency to marry within their own
social class or with someone who is close to them in status (Kalmijn, 1998).
Furthermore, educational homogamy has more impact on the marriage decision
than social-class origins per se (Kalmijn, 1991). Since educational systems often
are sex-segregated, it can also be argued that educational homogamy in terms of
length of education is not necessarily related to homogamy by type of
education. This could help explain why spousal pairs are more homogenous in
length of education, while there is a tendency to have more diversity in terms of
educational type. Finally, spousal pairs display lower levels of diversity in terms
of previous industry experience as well as salary levels. Summing up, it appears
as if teams consisting of spousal pairs display lower levels of diversity on all
measures except educational type. Taken together, the results concerning
spousal pairs seem to support the notion that trust is important. If people are
not married, they tend to group with others they have previously worked with
and that are similar to themselves in terms of education type and sex. However,
the homophily principle seems to be particularly strong for spousal couples.
Appendix 10 distinguishes between the sub-group which has prior joint
work experience and the sub-group that does not. There are statistically
significant differences between the groups for five of the seven variables. More
precisely, age diversity, sex diversity, country of birth diversity and type of
education diversity appears to differ for the two sub-groups. For age diversity
the effect size is 0.33, which is considered to be small but important (Cohen,
1988). Teams with prior joint work experience exhibit slightly more diversity in
age. In addition, sex diversity has a similar effect size, 0.36. Here the teams with
no joint work experience have more diversity. One reasonable explanation is
that spousal pairs are less likely to have previously worked together. However,
labor markets are also often sex-segregated and therefore the probability of
having worked together is higher for individuals of the same sex (Reskin,
McBrier, & Kmec, 1999), which, in turn, would further drive the tendency to
group with similar others. The effect size for country of birth diversity is higher,
0.41, but still considered small. Furthermore, it is only statistically significant at
p<0.10. The cross tabulation reveals that teams consisting of members with
prior joint work experience have a slightly higher probability of having some
diversity in terms of maternal country. The difference in Blau’s index for
educational diversity is not statistically significant. However, when instead
investigating the three different categories, differences between the groups
emerge. In fact, it is much more common to be in the medium diversity group
if no team members have previously worked together. For teams that have such
experiences on the other hand the most common is to belong to the category
with high diversity in terms of educational type. The industry diversity measure
is statistically significant at p<0.10 and teams with prior joint work experience
tend to be slightly more diverse. However, when looking at the different
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categories, no such differences are detected for industry diversity. For two
variables, there are no observable differences, namely salary diversity and years
of education diversity.
Overall, the teams with prior joint work experience appear to have some
more diversity in terms of age, country of birth, type of education and industry
experience, while they have slightly less diversity in terms of sex. Based on the
information presented above, it is reasonable to conclude that if you have
worked together, you have developed trust. This trust helps overcome the
skepticism typically associated with people being different (Harrison et al.,
1998; Harrison et al., 2002). Therefore, joint work experience seems to
override some of the homophily tendencies in entrepreneurial team formation
processes.

4.2.4 Team entries
During the observation period, 1,212 teams enter. As many as 1,014 firms
founded by these teams still exist in 2002 and 198 have exited. One aspect of
team dynamics is the adding of additional members over time. This is, however,
not common, and only 135 teams actually experience member entries.
Interestingly, the teams that do so are also more likely to have team member
exits. In other words, entries and exits of team members appear to be two
closely connected processes. They have a correlation of 0.26 (p<0.001) and 70
percent of the teams that experience an entry also experience at least one
member exit. Going more into detail one can separate between firms still in
business at the end of the observation period and those who are not. If only
considering firms that stay in existence during the observation period, the
percentage decreases to 62 percent, i.e. 62 percent of teams that have member
exits also have an entry. This is a lower value but it is still rather high. If looking
at firms that do not experience member entries during the observation period,
only 39 percent have members leaving the team. Of the firms still in business
in 2002 and that never experience an entry, only 25 percent experience team
member exits. This implies that among firms still in business at the end of the
observation period with no member exits, entries occur more seldom than when
the team drops members and/or the firm eventually dissolves. Consequently, it
appears as if the two processes of entries and exits are closely related and they
seem to occur more frequently if the firm eventually dissolves.
To my knowledge, there is only one study that is explicit about the
relationship between entry and exit in new ventures. According to that study,
member entries were rather common and the processes of entry and exit were
14
not highly correlated (Ucbasaran et al., 2003) . They contend that as many as
14
Kim and Aldrich (2004b) and Kim et al. (2005) separate between entries and exits. They
distinguish between teams with member additions, teams that drop members or teams that have
both. This is important since they do not group the two processes together and only look at
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42 percent of the studied teams reported member entries. Only 14 percent of
those also experienced team member exits. These results are very different from
what I found in the current study. Again, it is difficult to compare the findings
since their study only included surviving firms and was conducted in a different
context over a longer period. To conclude, for the young ventures that I study,
it seems that entries are not very common and only occur for 11.1 percent of
the teams. Furthermore, teams that sometime during the observation period
add a member are also likely to experience member exits.
A larger share of the non-spousal teams experiences entries after year one. 20
percent of the teams with no spousal pairs experiences entries after start-up. For
mixed teams, the equivalent number is 17 and for teams with only spousal pairs
the figure is 5 (p<0.001). 15 percent of the teams with prior joint work
experience have entries after start-up, while only 7 percent of the teams without
this experience do so (p<001). In other words, teams consisting of spousal pairs
are much less likely to add new team members after start-up.

4.2.5 Team exits
As mentioned in Chapter 3, teams can follow four possible routes during the
observation period in relation to team member exits. (1) Continuation - A team
can start a firm one year and still exist in 2002 without having experienced any
team member exits. (2) Memberexit&Continuation - A team starts a firm one
year, experiences team member exits during the observation period, and
remains in business in 2002. The longest time a team and a firm can be
observed ranges between three and seven years. Consequently, a team starting a
business in 1996 and still existing at the last observation point in 2002 will be
observed during seven years. A team entry in 2000 that still exists in 2002 will
only be observed for three years. (3) Memberexit&Shutdown - A team may start
a firm one year, experience team member exits during the observation period
and not exist in 2002. In other words, one (or more) team member(s) exits
during one period in time and the team and business shuts down at a later
stage. (4) Shutdown - A team starts a firm and stays intact until the firm is shut
down. The distribution of the teams and the four possible outcomes is shown in
Table 4.5.

turnover. However, they report changes occurring during each time wave and do not report the
correlation between member entries and exits per se.
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Table 4.5 Team dynamics and four potential outcomes
Outcome
Continuation
Memberexit&Continuation
Memberexit&Shutdown
Shutdown
Total

No. of Teams
660
271
62
219
1,212

Percent
54.46
22.36
5.12
18.07
100.00

Cumulative Percent
54.46
76.82
81.93
100.00

In fact, as much as 55 percent does not have any changes to the team. About 22
percent of the teams experience member exits but stays in business. About 5
percent has an exit and closes the whole business at a later stage. This is the least
common among the four alternative outcomes. If looking closer at the teams
that experience an exit and later shut down, it is interesting to note that 52
percent shut down one year after the first exit, 29 percent after two years and
only 19 percent stay in business for longer before there is a shut down. Since
the observation period is limited, these distributions are likely to change when
studying a longer period. Nevertheless, the numbers seem to level off rather
quickly and be highest the year after the first member exit. In total 333 (28
percent) of the teams experience member exits and 281 (23 percent) of all
teams eventually shut down. These figures suggest that surviving firms should
be observed for at least three years.
It is likely that the route taken depends on the characteristics of the team.
Therefore, in Table 4.6 the information above is divided into sub-groups
depending on if the team members are spousal pairs or not. The three categories
below indicate whether there are no spousal pairs in the team, if there is a mix
(i.e. teams consist of a minimum of three individuals, a spousal pair and some
additional person or persons) or if the team only consists of spousal pairs (i.e.
teams consist of one or several spousal pairs).
Table 4.6 Team dynamics and four potential outcomes by spousal category
No spousal pairs
No. of teams
Percent
83
34.87
87
36.55
18
7.56
50
21.01
238
100
Only spousal pairs
No. of teams
Percent
Outcome
Continued
467
73.66
Exit_Continued
48
7.57
Exit_Shutdown
7
1.10
Shutdown
112
17.67
Total
634
100
Pearson Chi2: 265.9269 ***
Outcome
Continuation
Exit&Continuation
Exit&Shutdown
Shutdown
Total
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Mixed
No. of teams
Percent
110
32.35
136
40.00
37
10.88
57
16.76
342
100
Total
No. of teams
Percent
660
54.37
271
22.49
62
5.11
219
18.04
1,212
100
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There are three noticeable observations worth pointing out in relation to the
distributions above. First, the teams consisting of only spousal pairs appear to
be more likely to stay in business as an intact team. Second, teams only
consisting of spousal pairs are least likely to have any changes to the team.
Third, the teams with a mix of spousal pairs and others are more likely to have
team changes. It would, however, be premature to draw the conclusion that
teams with spousal pairs are more likely to stay intact and continue to survive
without taking factors such as team size into consideration. Especially, since the
mixed category consists of teams with a minimum size of three, while the other
groups have a minimum of two team members. Therefore, it is interesting to
see the distribution in relation to initial team size. In Appendix 11 the four
potential outcomes are listed according to initial team size. It is rather clear that
the smaller the team, the more likely that there will be no exits from the team
and that the firm will stay in business. The large share of spousal pairs could
partly drive this, but the multivariate analyses in Chapter 5 will shed more light
on this. The larger the team, the more likely that there will be member exits
taking place. Spousal pairs are overrepresented among the two person team
start-ups. Nevertheless, these observations altogether suggest that there will be
less team dynamics when the team start-up is the effort of one or more spousal
pairs.
It is also informative to look closer at team exits in relation to prior joint
work experience. In Table 4.7, information on team dynamics and joint work
experience is presented.
Table 4.7 Team dynamics and four potential outcomes by prior joint work
experience
No joint work exp.
No. of teams
Percent
Outcome
Continuation
353
62.92
Exit&Continuation
84
14.97
Exit&Shutdown
20
3.57
Shutdown
104
18.54
Total
561
100
Pearson Chi2: 44.2736 ***

Prior joint work exp.
No. of teams
Percent
307
47.16
187
28.73
42
6.45
115
17.67
651
100

According to the table above, it appears as if teams consisting of individuals
with prior joint work experiences exhibit more dynamics while the pure shut
down rate are similar for the two groups. Teams with prior joint work
experience are often larger, as shown in section 4.2.3. Therefore, it is premature
to draw the conclusion that they have more dynamics without considering team
size. This is done in the multivariate analyses.
To sum up the observations made on team dynamics, a few key issues are
worth mentioning. Team size seems to be related to the dynamics of the team
such that larger teams experience more dynamics, which is in line with previous
research findings. Furthermore, spousal pairs are very common and they seem
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to have less dynamics within the teams and also stay in business to a larger
extent. Previous studies have pointed out that spousal pairs often start teams.
However, this knowledge has not been accounted for enough and fully made
use of within the literature on entrepreneurial teams and team composition.
Indeed, there is research that points out that many teams are romantic teams
(Aldrich et al., 2004; Steffens et al., 2007). There are also studies of team
composition that use this as a control variable in the analyses. Based on my
findings, and prior research acknowledging the fact that spousal couples are
frequently venturing together, it is important to bring this aspect into the
general entrepreneurship research stream. Another important effect of the
commonness of spousal couples relates to theoretical predictions. Some
theoretical arguments concerning homophily would change the hypothesized
direction of diversity and team dynamics if the team were a spousal pair. The
most apparent relationship concerns sex diversity and team member exits. If a
team consists of a spousal pair, sex diversity is likely to have a negative impact
on team member exits. Therefore, it is important to control for spousal pairs in
research on entrepreneurial teams. In the multivariate analyses on team
dynamics, I do so by predicting the probabilities for each sub-group. The results
also show that prior joint work experience can reduce the skepticism towards
diversity. However, the expected effects of diversity might still exist, as these
teams are more likely to experience team member exits. Again, team size could
be the main reason for the higher turnover rates and therefore multivariate
analyses are needed in order to shed light on this issue.

4.2.6 Firm performance
I here introduce some descriptives on performance in respect to the first year
the firms are in business. Performance is measured as sales and profits. I also
present results for the firms that are still in existence in 2002. The mean profit
for the firms during the first year in business is 176,264.3 SEK (sd. 2,381,525).
These variables have a high kurtosis, which is also suggested by the high
standard deviations. Therefore, relative performance is used in the multivariate
analyses. This section will only look into the untransformed variable, though.
The mean value for sales during the first year firms are in business is 2,408,376
SEK (sd. 8,216,356). This variable is highly skewed to the left, with many firms
reporting rather low sales figures and a few reporting high sales. The mean
profit in 2002 is -293,454 SEK (sd. 11,900,000) and the mean sales in 2002 is
5,110,481 SEK (sd. 18,000,000).
In Table 4.8 the profit and sales values are compared for the different
spousal groups and in Table 4.9 the comparison is made based on prior joint
work experiences. The median value is reported in the parentheses.
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Table 4.8 One-way ANOVA on performance by spousal relations
Team
characteristics
Mean profit (at
entry)
Mean sales (at
entry)
Mean profit (in
2002)
Mean sales (in
2002)

Spousal pairs on the team
No
Mix
Only
~120,000
(~37,000)
~1,800,000
(~910,000)
~190,000
(~30,000)
~4,400,000
(~1,900,000)

~35,000
(~86,000)
~3,700,000
(~1,400,000)
~-1,600,000
(~30,000)
~8,300,000
(~2,100,000)

F-value
p-value

~270,000
(~90,000)
~1,900,000
(~1,000,000)
~180,000
(~28,000)
~3,800,000
(~1,200,000)

1.19
0.31
5.92
0.003
2.28
0.10
6.28
0.002

A comparison between the three spousal groups in terms of profits and sales
shows that there is a statistically significant difference among the groups in
terms of sales but not in terms of profits. Teams with a mix of spousal pair(s)
and others have the highest sales figures. This holds for the sales during the first
year in business as well as for sales in 2002. This is likely related to their
tendency to also be larger. The figures for the non-spousal teams and the teams
consisting of only spousal couples are very similar, however. Therefore, being in
a team consisting of spousal pairs or not does not seem to have a major effect on
performance as measured here. In Table 4.9, when instead focusing on prior
joint work experience, some interesting differences emerge.
Table 4.9 T-test on performance by joint work experience
Team characteristics
Mean profit (at entry)
Mean sales (at entry)
Mean profit (in 2002)
Mean sales (in 2002)

Joint work exp.
No
Yes
~190,000
~170,000
~1,600,000
~3,100,000
~54,593
~-600,000
~3,300,000
~6,800,000

Standardized
difference
0.03
3.57
0.04
0.17

There is a statistically significant difference between teams with prior joint work
experience and those without in terms of sales. The teams with prior joint work
experience have higher sales figures. This is the case both during the first year in
business and in 2002. However, the effect size is largest during the first year. In
terms of profits, there is no statistically significant difference between the
groups. The results are the same when running the transformed profit and sales
values. The fact that some variables have a negative value is due to skewness and
kurtosis.
However, it seems that there are more differences between spousal groups in
terms of sales. For the joint work experience sub-groups the difference also
resides in the sales figures.

95

Jönköping International Business School

4.3 Team member descriptives
This section presents information on the individuals making up the teams. It
follows the same disposition as in the previous section with modifications made
to fit the individual level, see Figure 4.2. These modifications concern aspects
such as deviation.

Individual
*Characteristics
*Individual deviation
- Ascribed
characteristics
- Achieved
characteristics
*Trust & joint
experience

Dynamics
*Entry
*Exit

Figure 4.2 Research model at the individual level
Again, sub-group analyses based on the last point in the individual box are
performed, i.e. trust and joint work experience. These sub-group analyses are
conducted for individual characteristics and deviations as well as for individual
dynamics and performance.

4.3.1 Individual characteristics
General team member descriptives concern age, sex, country of birth, years and
type of education, as well as salary. Each of these aspects will now be covered in
detail. All figures reported in Table 4.10 concern the first year the individuals
are in business.
Table 4.10 Team member characteristics
Variable
Age
Sex

Two categories
Man
Woman
Two categories
Country of
Sweden
birth
Abroad
Years of education
Two categories
Industry
experience
No prior exp.
Prior exp.

Mean
39.95
Freq.
2,013
1,583
Freq.
3,350
246
13.24
Freq.
2,589
737
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S.D.
11.06
Percent
55.98
44.02
Percent
93.16
6.84
2.29
Percent
79.51
20.49

Min
10

Max
76

6

20
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The mean age of all team members is 40. The youngest team member is only
10 years old and the oldest team member is 76 years old. There are only a few
individuals (4.9 percent) under the age of 20 and a small fraction (0.8 percent)
with an age higher than 65. Not surprisingly, there are more men than women
in the studied population. Men constitute 56 percent of all individuals while
women represent the remaining 44 percent. Again, the relatively high number
of women is related to the high degree of spousal pairs.
93 percent of all individuals are born in Sweden and the remaining 7
percent are born outside of Sweden. Since this is a small group, I have not
distinguished between different countries. In terms of education, the most
common educational types are general studies, business studies, pedagogy and
technical industry studies, which is the same education types reported for team
level descriptives. The average length of education is 13 years. The shortest
education an individual has is six years while the longest education is 20 years.
Finally, approximately one fifth of all team members have prior experience in
the industry in which the start-up is taking place. Again, this is one dimension
indicating that individuals pursue opportunities that are related to their existing
knowledge (Roberts, 1991; Shane, 2000; Venkataraman, 1997). Interestingly, it
also indicates that at the team level it is more common with prior industry
experience than at the individual level. One third of the teams have this
experience while one fifth of the individuals do.
The final part of the team member descriptives concerns individuals’ salary.
This information covers the total salary individuals receive during their first
year in business as well as the salary for those still in business during 2002.
Please note that this amount includes salary received from all employment that
an individual has and is a measure at the individual level reflecting the person’s
return on human capital. The average total salary that individuals receive during
their first year in business is 237,238.9 SEK (sd. 273,257). A few report no
income, while the highest reported income is 6,715,894 SEK. The mean salary
for those still in business in 2002 is 288,166 SEK (sd. 263,838).

4.3.2 Individual deviation
At an in individual level, the deviation measures investigated concern sex, age,
years of education and salary. In relation to sex, it is interesting to shed light on
whether women and men have similar distributions concerning the sex
composition of the teams to which they belong. In Table 4.11 individuals’ sex
in relation to the sex balance of their teams are reported.
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Table 4.11 Sex balance at entry
Sex composition
Man in male dominated teams
Man in sex balanced teams
Man in female dominated teams
Woman in female dominated teams
Woman in balanced teams
Woman in male dominated teams
Total

Freq.
1,019
860
135
315
879
388
3,596

Percent
28.34
23.92
3.75
8.76
24.44
10.79
100.00

Cum.
28.34
52.25
56.01
64.77
89.21
100.00
100.00

In 28 percent of the cases, the team member is a man in a male dominated
team. The second most common observation is that men and women belong
to sex- balanced teams. This is a consequence of a vast majority of the teams
consisting of spousal pairs only. The figure reported for men in sex-balanced
teams does not equal the figure for women in sex balanced teams. The reason
being that the figures refer to when the individuals made their entries. In other
words, at start-up, a team might consist of two men, and at a later stage, two
women enter. This means that the men are in a male-dominated team when
they make their entry while the women become women in a balanced team
when they enter the team. Interesting to note is that few men are part of
female-dominated teams, while the opposite is much more common, i.e. that
women are part of men-dominated teams.
The mean absolute age deviation is 4.89 years (sd. 5.6). Consequently, there
is some variation in terms of age. However, most individuals do not deviate
more than ten years from the team mean. In a two-person team, this would,
however, imply an age difference of 20 years, which could be considered rather
high. Only 166 individuals (5 percent) deviate more than 10 years from the
team mean. In approximately one fifth of these cases, the person belongs to a
two-person team. In every third case, the individual is a member of a threeperson team and in every fifth case, it is a four- person team. These figures lend
support to the notion that individuals are characterized by age homophily and
tend to team up with others of a similar age.
There seems to be rather small deviations in terms of education length. The
mean absolute deviation in terms of years of education is 1.15 (sd. 1.0). For
salary, on the other hand, there are larger deviations. Finally, the mean absolute
salary deviation is 105,712.4 SEK (sd. 176,990.1).
In sum, the typical team member is a 40-year-old Swedish man being part of
a male dominated team, with approximately 13 years of education. The
members are oftentimes involved in the business together with their spouses
and do not seem to deviate much in terms of age or years of education. In
addition, one fifth of all individuals have prior joint work experience. Women
are much more likely to be in minority and to team up with their spouses.
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4.3.3 Trust and joint experience
I here account for differences concerning individuals in relation to prior joint
work experience and whether the person is in business together with his or her
spouse. 52 percent are running the business together with one or more
individuals that the person has previously worked with. In addition, as many as
68 percent of the individuals studied are in fact running the business together
with a spouse. In Table 4.12 these two aspects related to trust are crosstabulated.
Table 4.12 Spousal relationship by prior joint work experience

Not in business together
with spouse
In business together
with spouse
Total
Pearson Chi2: 79.0103***

No joint work exp.
No. of
Percent
individuals
438
37.82

Prior joint work exp.
No. of
Percent
individuals
720
62.18

1,307

53.61

1,131

46.39

1,745

48.53

1,851

51.47

Evidently, it is more common among non-spousal pairs to have previously
worked together. It is also interesting to note that only 438 individuals, i.e. 12
percent, have neither prior joint work experience nor are they running their
business together with a spouse. Consequently, in a majority of the cases (88
percent) the individuals are running their firms together with other
individual(s) with whom they have previously worked, have a spousal relation
or both. Considering that this is common, it also implies that studies looking at
teams need to consider these aspects. Even studies looking at individuals,
without accounting for team aspects, could benefit from incorporating these
issues. Furthermore, it adds more fuel to the discussion in section 4.2.3, where
the issue of trust is argued to be a central aspect in these particular teams.
Having joint work experience suggests that one knows the individuals rather
well before entering self-employment. The same holds for individuals that are
married or live together. This is an especially important finding showing that
trust is extremely important. Start-ups are associated with high levels of
uncertainty and risk (Aldrich, 1999). Venturing with trustworthy others seems
to be a common strategy for coping with this uncertainty.
In order to further investigate this issue Appendices 12 to 17 report the
characteristics and deviations measures for individuals based on whether they
are in business together with their spouse or not as well as if they have prior
joint work experience or not. Appendix 12 and 13 concern team member
characteristics. Sex deviation is covered in Appendix 14 and 15. Finally,
Appendix 16 and 17 cover information regarding other deviation measures.
When individuals in business together with their spouses are compared to
those who are not, some interesting findings emerge, see Appendix 12. More
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precisely, the individuals being in business with their spouses on average are
almost ten years older and have longer education. The effect size for a higher
age is large, while it is small for educational length. Where individuals are born,
in terms of country, does not seem to differ. Quite naturally, the sex
distribution differs a lot for the two sub-groups.
Appendix 13 distinguishes between individuals who have previously worked
together with their business partner(s) and those who have not. Some
statistically significant differences are detected in terms of team member
characteristics. Individuals who have prior joint work experience are on average
almost one and a half years younger than their counterparts. The effect size for
this difference is, however, small according to Cohen’s (2003) criteria. There
are also fewer women among this group. Furthermore, these individuals are
more likely to have worked in the same industry prior to joining the start-up.
The groups do not seem to differ in terms of country of birth or years of
education.
Turning instead to the sex distribution, there are some noteworthy
differences between the sub-groups. According to Appendices 14 and 15, there
are indeed differences in regard to sex distribution. Sex differences for the
spousal sub-groups are not particularly interesting for reasons already
mentioned. That people being in business together with their spouses are more
likely to be part of sex-balanced teams is not an earth-shaking finding. The
distinction between sub-groups in terms of prior joint work experience is more
interesting. Apparently, men with prior joint work experience are much more
likely to be part of male dominated teams. Furthermore, sex balanced teams are
less common in this subgroup. This implies that homophily in sex is rather
common. There are two reasonable explanations to this. First, people who start
business together with work colleagues are more likely to do so together with
others of the same sex. Second, diversity research emphasizes that workplaces
and industries often are sex segregated (Reskin et al., 1999).
From Appendices 16 and 17, one can read that there also are differences
concerning the remaining deviation measures. The differences are most evident
for the sub-groups based on spousal relations. There is a medium effect size for
age deviation regarding spouses. In fact, people who are in business with their
spouses tend to deviate much less from the mean age than do other individuals.
Research on marital selection has shown that homogamy in terms of age is
common. Therefore, it is not surprising that individuals from spousal pairs
deviate less in terms of age. Additionally, a person being in business together
with a spouse deviates less in terms of years of education. The effect size is,
however, very small and the small difference should not be awarded too much
attention. Finally, although a small reported effect size, salary deviation is larger
among individuals who are in business together with their spouses.
Subsequently, they tend to earn more on average, but they also deviate more
from the mean. When instead distinguishing between individuals who display
prior joint work experience from others, there are far fewer and smaller
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differences observed. Individuals with prior joint work experience deviate
slightly more in terms of age, but the effect size is very small. Furthermore, they
deviate slightly less in length of education, but the effect size is extremely small
and only significant at p<0.1. Finally, there are no statistically significant
differences observed for salary deviation. When investigating deviation
measures, sub-groups based on spousal relations seem to produce more and
larger differences than do sub-groups rooted in prior joint work experience. The
only case when the deviation measure is more interesting for the latter subgrouping is sex distribution and minority groups.
The final aspect relating to individual characteristics concerns salary
differences and is an achieved characteristic. In Table 4.13 results of t-tests for
the spousal sub-groups are reported. Individuals who are in business together
with their spouses on average earn more during the first year in business. The
effect size of 0.33 is considered small according to Cohen’s (2003) criteria and
the difference does not remain in 2002.
Table 4.13 Team member salary by spousal relationship
Team characteristics
Mean salary (at entry)
Mean salary (in 2002)

Spouse in
business together
No
Yes
194,761.3
257,414.9
291,795.2
286,951.1

Standardized
difference
0.33***
0.02

Section 4.2.1 showed that individuals being in business with their spouse tend
to be older. From a human capital perspective age is sometimes, a bit naively,
used as a measure of experience which in turn would result in higher salaries
(Klevmarken & Quigley, 1976). Consequently, it may not be the spousal
distinction per se creating the small salary difference during the first year in
business. It may be attributed to differences in procured human capital at
different ages. Individuals who have previously worked together with their
business partners tend to earn slightly more both at the beginning and in 2002,
see Table 4.14.
Table 4.14 Team member salary by joint work experience
Team characteristics
Mean salary (at entry)
Mean salary (in 2002)

Joint work exp.
No
Yes
223,507.7
250,183.9
270,699.4
306,063.0

Standardized
difference
0.13**
0.17**

According to the t-tests, the average total salary during the first year in business
is almost 26,676.2 SEK higher when individuals posses joint work experience.
In 2002, the mean difference is 35,363.6 SEK. Although highly statistically
significant, these effect sizes are, however, too small to be considered important,
utilizing the criterion developed by Cohen (2003).
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The findings for the sub-groups show that individuals not venturing with
their spouses are more likely to have prior joint work experience. Individuals
with prior joint work experience, in turn, tend to be younger. Interestingly,
individuals who run the business together with their spouses, deviate less,
especially in terms of age. In addition, sex homophily seems to be rather
common for men that have prior joint work experience.

4.3.4 Individual entries
There are in total 3,621 individual entries during the observation period. This
number is not the same as the total number of individuals. There is an
explanation to this discrepancy. Some individuals have done multiple entries
and so there are 3,596 individuals involved in team start-ups. 260 (7.2 percent)
are subsequent entries including those who re-enter. If not including the 25 reentries, there are 235 individuals who enter after a firm and team has been
formed. This shows that a small proportion of all individual entries occur after
start-up. From 4.2.4 we know that there are only 135 teams that experience
member entries after year one and therefore, several of the 260 individual
entries are made to the same teams.
There do not seem to be any major differences between the different subgroups and the likelihood of doing entries to the team after start-up. There is a
slightly higher percentage of the individuals not in business with a spouse
making an entry to a firm that is already up and running. Of the individuals
who are not in business with their other half, eight percent are found in the
category for delayed entries. The equivalent percentage for the individuals who
run the business together with a spouse is six. There is a difference between the
groups but the p-value is rather high (p<0.10). When distinguishing between
people with prior joint work experiences and others no differences in delayed
entry rates can be observed. Consequently, even if there are differences at the
team level in which teams have entries after start-up, there does not seem to be
differences at the individual level. People who have previously worked with
someone on the existing team are not more likely to enter than are individuals
who have no such joint work experience. Nor are spouses more likely to be
brought on board after team start-up. There is in fact a slight tendency towards
non-spouses being more likely to enter already existing teams and firms.

4.3.5 Individual exits
Between 1997 and 2002, there are 1,297 individual exits. 525 (41 percent) of
those are exits from firms where at least one other person continues to work and
the firm stays in business for at least a year after the exit has taken place. In
Table 4.15 the different outcomes an individual can experience are listed. On a
team level, there are four potential outcomes, which were covered in section
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4.2.5. From an individual perspective, two of these outcomes can be expanded.
Teams that experience member exit(s) but continue to stay in business consists
of individuals who either leave or decide to stay with the business. Likewise,
teams that dissolve after having experienced team member exits consist of
people that leave either prior to or in connection to the dissolution. The
different outcomes are listed in the table below.
Table 4.15 Team member dynamics and six potential outcomes
Outcome
Continuation
Memberexit&Continuation
Member exits
Member stays
Memberexit&Shutdown
Member exits
before shutdown
Member stays
until shutdown
Shutdown
Total

No. of teams
1,663

Percent
46.25

Cumulative Percent
46.25

431
636

11.99
17.69

58.23
75.92

94

2.61

78.53

163

4.53

83.06

609
3,596

16.94
100.00

100.00

As the table reveals, about 46 percent of the individuals stay with an intact
team. Approximately 17 percent are involved in a team that stays intact but
eventually shuts down. In teams that experience team member exits there are
more individuals staying than there are leaving. Interestingly, for members of
surviving firms approximately 40 percent exit compared to 60 percent that
remain with the teams. Members of teams and firms that eventually shut down
show a similar behavior. About 37 percent of the individuals of such teams exit
before shutdown while the remaining 63 percent remains with the team until
shutdown.
Table 4.16 reportes the outcomes above for the different spousal sub-groups.
It appears as if individuals who are in business together with a spouse are much
less likely to exit from continuing teams and when they exit they do so when
the firm shuts down. As much as 53 percent of these individuals are part of
teams that never experience member exits and that exist during the entire
observation period. The equivalent percentage for individuals not venturing
together with a spouse is only 31. For this group there are many more
individuals exiting from teams that continue to exist. There are apparently
similarities to marriage. Just as married couples promise commitment and
faithfulness until death do them part. They remain business partners until firm
dissolution occurs.
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Table 4.16 Individual dynamics and spousal relationships
Outcome
Continuation
Memberexit&Continuation
Member exits
Member stays
Exit&Shutdown
Member exits
before shutdown
Member stays
until shutdown
Shutdown
Total
Pearson Chi2: 292.7839***

Spouse not in
business together
No. of teams
Percent
361
31.17

Spouse in
business together
No. of teams
Percent
1,302
53.4

269
215

23.23
18.57

162
421

6.64
17.27

53

4.58

41

1.68

60

5.18
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4.22

200
1,158

17.27
100.00

409
2,438

16.78
100.00

I now continue by looking into differences in terms of joint work experiences,
see Table 4.17. For individuals who have no joint work experience, it is more
common to stay with a surviving firm and an intact team. Furthermore,
individuals with prior joint work experience are more likely to be part of teams
that experience exits. These are in fact the main difference between the team
members. There does not seem to be any major differences in terms of being
the ones staying with or leaving the teams. For surviving firms, the share of
individuals staying with the teams is similar for the sub-groups. More precisely,
61 percent of the individuals with prior joint work experience and 60 percent of
the individuals without stay with the teams. For teams that eventually shut
down, there are some differences in that individuals with prior joint work
experience are more likely to stay with the firm.
Table 4.17 Individual dynamics and prior joint work experience
Outcome
Continuation
Memberexit&Continuation
Member exits
Member stays
Exit&Shutdown
Member exits
before shutdown
Member stays
until shutdown
Shutdown
Total
Pearson Chi2: 49.3259***

No joint work exp.
No. of teams
Percent
896
51.35

Prior joint work exp.
No. of teams
Percent
767
41.44

179
268

10.26
15.36

252
368

13.61
19.88

43

2.46

51

2.76

58

3.32
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5.67

301
1,745

17.25
100

308
1,851

16.64
100
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Overall, however, there seem to be no major differences other than team
members with prior joint work experience being more likely to be part of teams
that experience member exits.

4.4 Summarizing the findings
In general, the findings reported in this chapter reveal that teams are rather
small and tend to become even smaller over time. When accounting for spousal
couples, teams are likely to be male dominated. A large share of all teams consist
of spousal couples and/or have team members with prior joint work experience.
Only about eight percent has neither of these. Consequently, teaming up with
others to whom one has an existing relation seems to be the most common
approach. Taken together, there is a tendency for the teams to have more
diversity in terms of achieved characteristics and be less diverse in terms of
ascribed characteristics.
Teams consisting of only spousal couples are smaller, slightly older, have
higher mean salaries, consist of Swedish individuals with longer education and
are more diverse in education type. In addition, they have more commonly
prior industry experience. Interestingly, age, salary, educational length and
industry experience are human capital factors. This implies that teams
consisting of spousal pairs in some aspects draw on higher levels of human
capital. Teams with prior joint work experience, on the other hand, appear to
have some more diversity in terms of age, country of birth, type of education
and industry experience. Thus, joint work experience seems to override some of
the homophily tendencies in entrepreneurial teams. In terms of sex, however,
they are characterized by primarily consisting of same-sex members (often
men).
Entries are much less common than member exits. The two are, however,
highly correlated. In addition, team size is related to the dynamics of the team
such that larger teams experience more dynamics. Overall, the teams are
characterized by being rather stable, but there are differences between the
subgroups. Teams consisting of spousal couples have less dynamics than the
teams whose members have prior joint work experiences.
At large, the descriptive information on the individual level are in line with
the information presented for the team level. On average, individuals being part
of teams are 40 years old and a majority are men. They are most often born in
Sweden and frequently venture with their spouse. Furthermore, one fifth of all
individuals have prior joint work experience. In addition, the individual level
descriptives show that there is a difference regarding the commonness for men
and women being in minority. Women are more often outnumbered. They are
also more likely to be in business together with their spouses. Multivariate
analyses will help disentangle the relationship between these differences and
team and team member dynamics.
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Chapter 5
Analysis of team and
individual dynamics

This chapter analyzes team and team member dynamics. The chapter addresses
research questions two and three. Five different analyses are conducted in order to
answer these questions. At the team level, both cross sectional and longitudinal
analyses are performed, while for the individual level only a cross-sectional analysis is
used to predict individual exits. The first part of the chapter focuses on the team level
and the focal point of the second part is the individual.

5.1 Team dynamics
5.1.1 Introduction
In this section, the relationships depicted in the research model below are
studied. More precisely, the hypothesized relationships between team
composition and team dynamics as well as the impact of firm performance on
team dynamics are tested.

Team
Composition
*Characteristics
*Diversity
- Ascribed
characteristics
- Achieved
characteristics
*Trust & joint
experience

Firm
Performance
Dynamics

*Profits
*Sales

*Entry
*Exit

Figure 5.1 Research model at the team level
Four separate analyses are performed to analyze team dynamics: two for
studying team member entries and two for team member exits. For entries and
exits alike, the first model investigates the impact of initial conditions and the
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second allows for the examination of how changes over time affect dynamics.
This is done with longitudinal panel data analyses. Binary logit analyses are
conducted for studying team member entries. For team member exits a
multinomial logit based on the impact of initial conditions is performed. In
order to utilize the panel structure, I also conduct a discrete-time longitudinal
logit model for team member exits. Because of how the analyses are carried out,
the testing of the hypotheses does not occur in the same order as they were
stated in Chapter 2, i.e. Hypothesis 1 is not necessarily tested first and
Hypothesis 2 second. Instead, the two research models dictate the structure and
ordering of analyses. Before moving on to the actual analyses, some of the
diagnostic tests conducted are explained. These tests are performed in order to
certify that analyses are valid.
Descriptive statistics and correlations are reported in Appendix 18. It
15
contains all variables that initially were part of the empirical model . A few
values are highly correlated, namely the two sex diversity measures and the two
variables indicating spouse involvement. This means that there is a risk of
multi-collinearity problems. In order to control for multi-collinearity the
variance inflation factors (VIF) are computed. As the name reveals the factors
show how much the variance in one variable is inflated by the variance in other
variables (Hair, Anderson, Tatham, & Black, 1998). For simplicity, it can be
explained as each independent variable being run as a dependent variable one at
a time with the remaining variables used as regressors. When computing VIFscores, one dummy variable related to spousal pairs and one dummy variable
related to sex diversity received high values. This is because being in business as
a spousal pair and sex diversity are highly correlated. The VIF-score for medium
sex heterogeneity and mixed spousal pairs are 8.15 and 6.49. There are different
views on appropriate values for these factors. Some guidelines suggest that a
score below 10 is appropriate while others propose that a score below 5 is more
suitable (Hahn, 2002). Cohen et al. (2003) state that a common rule of thumb
is that VIF scores above 10 are problematic and indicate severe multicollinearity. However, they also state that values lower than 10 often are
problematic as well. In order to be restrictive, I follow the suggestion of a cutoff of 5. When removing the two problematic variables, the highest VIF-score is
4.12 and the mean score is 1.75. Removing variables might cause a risk of
eliminating important explanatory dimensions. However, I still account for the
important dimensions of high sex diversity and being in business as a spousal
pair since two of the four dummy variables are kept in the analyses. Therefore,
the omission does not imply that I have problems with unobserved variables but
it enables me to deal with the risk of multi-collinearity. Furthermore, I have re15

Please note that the variable signaling a match with current and prior industry experience is
dropped at the team level. This is because, joint work experience as well as industry diversity were
too correlated with this variable. In addition, prior and initial sales figures are excluded. They
turn out to be non-significant in the analyses and do not change the results compared to relative
profits.
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run the full models and there are no qualitative differences in the results. In line
with theoretical suggestions presented in Chapter 2, industry affiliation is
controlled for in all analyses. However, since it did not change any of the results
and none of the industry dummies were significant they have been dropped
from the tables. One reason for why industry does not have a statistically
significant impact on any of the studied relationships could be that the sample
is already limited to a small set of industries and, as shown in Chapter 4, there
are a few industries dominating this group of firms.
When fitting statistical models it is critical to inspect data and investigate
potential outliers and influential cases. In essence, this means that outliers often
decrease the model fit as they do not display the value in the dependent variable
that the independent variables would predict. Put simply, they fit the model
poorly. Influential cases on the other hand do not need to be outliers, even if
they can be. These cases do not necessarily influence the model fit rather they
may bias the estimates such that the estimates become larger or smaller. As a
result, one observation could influence the slope so that the expected
relationship becomes stronger or weaker when it is included. Following the
suggestions by Long and Freese (2006), the standardized residuals are calculated
in order to identify outliers. In order to distinguish their impact on the results,
following the suggestion by Hair et al. (2006), the analyses are run both with
and without the observations that have values above 2.5 or below -2.5. The
results did not differ substantially. To control for influential cases, Cook’s
distance (Long & Freese, 2006) was calculated and the analyses were run
without the observations considered influential. When doing so, McFadden’s
adjusted R-squared improves slightly and there are marginal differences in the
estimates. For exits, there are no substantive differences in pseudo R-squared or
in the estimates when comparing analyses including and excluding the
influential cases. There are more outliers identified for entries and the estimates
change more when excluding outliers, even if the directions and significance
levels are close to identical. This implies that it is more difficult to predict
entries than exits and the model for exits appears to be more robust. A Hosmer
and Lemeshow test of the model fit also shows that the model predicting entries
does not fit as well as the model predicting exits, which does have a good fit.
Even if the models predicting entries do not fit as well as the models predicting
exits, based on the diagnostic tests, I feel confident that the results to be
discussed are valid and reliable. In addition, as the exclusion of outliers and
influential cases only had minor impact on the results, I have chosen to retain
them in the analyses.

5.1.2 Team member entries
As previously mentioned, two analyses are included in order to investigate team
member entries. One logit model using initial conditions as predictors and one
discrete-time logit model based on longitudinal yearly data. In Table 5.1 the
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results from the logit based on initial conditions is presented. A logit model
with a set of coefficients is non-linear (Long & Freese, 2006). Consequently,
the interpretation of a logit model is different from, and not as straight forward
as, an OLS. More precisely, in an OLS the effect of a change in one
independent variable, ceteris paribi, is unrelated to the values of other
independent variables in the model. This is not the case for a logit model since
the slope of the logit distribution is different at different points on the curve.
However, when relying on odds ratios the model becomes linear and regression
coefficients are constant across all values of other independent variables (Long
& Freese, 2006). Therefore, in order to better explain the impact of a predictor
it is common to convert its coefficients into odds ratios (Twisk, 2006). This is
done by taking exp(coef). A value above one implies that the odds for entries
are higher while an odds ratio below one implies that the odds for entries are
lower. The odds ratios will then inform how much larger (or smaller) the odds
are for being in the highest group of the dependent variable, i.e. the team
experiencing team member entries or not, as the independent variable increases
with one unit. When using the regular coefficients, it is important to note that
the other variables are kept at their mean values, which is a common procedure
(Long, 1997). Table 5.2 reports the odds ratios, the coefficients and HuberWhite standard errors.
As the results below show, the pseudo R-squared is 16, which is reasonable.
There are five hypotheses related to team member entries. Past performance,
diversity in achieved horizontal characteristics (measured by type of education
and industry experience), team size and the existence of spousal pairs are all
hypothesized to have a negative effect on the probability of team member
entries. Joint work experience, on the other hand, is anticipated to positively
influence team member entries.
According to Hypothesis 1a, past firm performance is positively related to
team member entry. The results do not support this hypothesis. Interestingly,
initial performance appears to be negatively related to having team member
entries. The odds ratio for initial profits is 0.99 (p<0.01), which is a statistically
significant yet rather small effect. This means that better performing teams, in
terms of firm profits during the first year in business, are less likely to add a new
team member during the observation period. Interpreted differently, it is during
times of bad performance that new members are added to the team.
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Table 5.1 Team level logit model predicting team member entry based on
initial conditions
Past performance and team
characteristics
Years
Profit
Team size
Stock of human capital
Mean age
Mean salary
Mean years of edu.
Diversity
Age heterogeneity
High sex heterogeneity
Country of birth heterogeneity
Years of edu. Heterogeneity
Salary heterogeneity
Medium industry heterogeneity
High industry heterogeneity
Medium heterogeneity type of
edu.
High heterogeneity type of edu.
Trust and joint experiences
Joint work exp.
Spousal pairs
Degree of fulltime-empl.
Team observations
McFadden's pseudo R2
Chi2

O.R.

Coefficient

S.E.

1.40***
0.99**
1.14†

0.34***
- 0.01**
0.13†

(0.07)
(0.00)
(0.07)

0.94***
1.00*
1.01

- 0.06***
0.00*
0.01

(0.01)
(0.00)
(0.07)

0.76*
0.61
1.09
1.13
0.46**
0.89
0.71
1.45

- 0.27*
- 0.49
0.09
0.12
- 0.77**
- 0.12
- 0.35
0.37

(0.12)
(0.38)
(0.28)
(0.11)
(0.29)
(0.34)
(0.23)
(0.35)

0.65

(0.40)

0.29
- 0.75†
- 0.33

(0.24)
(0.42)
(0.34)

1.92
1.34
0.47†
0.72
1,212
0.16
126.71***

Significance levels: † p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001

Hypothesis 4c predicts that diversity in terms of achieved horizontal
characteristics, measured by type of education and industry experience, is
negatively related to the entry of new team members. The estimates for industry
experience have the same direction as hypothesized, i.e., the more diverse, the
less likely the team is to bring in new team members, while the estimates for
education type is the opposite. These findings are not statistically significant
and therefore do not confirm Hypothesis 4c.
According to Hypothesis 5a, a larger team size is negatively related to team
member entries. The odds ratio for team size at entry is however 1.13 (p<0.10)
indicating that the odds for having entries increase with a larger team size. A
plausible explanation could be that the step of adding a member appears bigger
for a small team than for a larger team. This argument follows the same logic as
the research conducted on entrepreneurs’ decision to hire employees. Smaller
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firms may be more hesitant towards hiring new employees than larger firms
(Wiklund, Davidsson, & Delmar, 2003). In other words, as a firm becomes
larger, it is also more likely to hire more people. Consequently, a larger team
might be more open towards adding new team members.
Of the trust and prior joint experience variables, only the variable for
spousal couples has an impact on the likelihood of team member entries. Prior
joint work experience has a positive estimate, and the odds are higher for new
member entry when individuals have previously worked together. However, as
the p-value is too high, I do not find support for Hypothesis 6a. Hypothesis 7a
predicts that teams consisting of spousal pairs are less likely to experience team
member entries. According to the odds ratios, teams run by spousal pairs are
less likely to do so. The odds ratio for adding new team members is 0.46
(p<0.10). Consequently, Hypothesis 7a is supported (at p<0.10), indicating
that teams with spousal pairs are less likely to bring in new members.
Not surprisingly, the results above show that the longer time a case is
observed, the likelier it is to also experience member entries. Of the human
capital variables as measured by the stock of initial human capital, only mean
age and mean salary seem to be related to team member entries. The odds ratio
of mean age is 0.94 (p<0.001) meaning that younger teams are more likely to
add new team members. Conversely, older teams are less likely to do so. Mean
salary has an odds ratio that is slightly positive, but very close to one. Salary is
measured in units of 1,000 SEK (Swedish Krona). 1,000 SEK is approximately
equivalent to 100 Euro. Since the scaling of the variable influences the effect, I
have also calculated the odds ratio based on an increase of 100,000 SEK. The
accompanying odds ratio is 1.14. Consequently, the higher the initial mean
salary, the likelier that the team will add new members.
Turning to the vertically structured heterogeneity measures, two of the
variables turn out to have a statistically significant impact on team member
entry. More precisely, age heterogeneity and salary heterogeneity both have a
negative impact on the likelihood of entries. Both of these variables are
classified as status variables in the theoretical chapter. It therefore seems that
teams diverse in status are less likely to incorporate new team members. The
results above show how initial conditions influence future decisions to add new
members. More precisely, of the five hypotheses predicting entry, one (H7a)
was supported (at p<0.10), two (H1a and H5a) had a reversed influence on
entries and two (H4c and H6a) gained no support. In order to analyze whether
there are also changes over time I also rely on longitudinal panel data analysis.
When running a logit analysis on panel data there is a choice between a
fixed effects and a random effects model. In a fixed effects model, within case
variation of the independent variables over time is used to predict the
dependent variable. Therefore, variables constant over time are not included in
the model. A between case estimation on the contrary is when changes over
time are not studied and only between case comparisons are made. This
estimation is used to calculate the random effects. A random effects model is a
112

5. Analysis of team and individual dynamics

combination of fixed effects and between effects. It allows the researcher to
study changes over time as well as differences between cases. In order to
determine whether a fixed effects estimation or a random effects estimation
should be used, it is common to rely on the Hausman specification test
(Woolridge, 2003). The test shows whether there are any differences in the
consistency of the estimates between the two models. A fixed effects model is
often relied upon as it produces consistent estimates. However, it may not be
the most efficient model. If a random effects model produces consistent
estimates they are also more efficient (Long & Freese, 2006). In such cases the
random effects model should be chosen. In a Hausman test, H0 predicts that
there are no differences in the consistency of the estimates produced with the
two approaches. Hence, when H0 can be accepted random effects should be
chosen. The Hasuman specification test for team member entry does not
support H0 and advocates that a fixed effects model should be relied upon. The
fixed effects model should be chosen since it produces consistent estimates
while the random effects model does not. Important to note is that a fixed
effects model cannot estimate effects of time constant variables. For example, a
person’s sex does not (usually) change over time. In other words, the impact of
variables that do not vary over time cannot be estimated. This is because a fixed
effects model estimates the effect of changes over time on the dependent
variable and does not make between case comparisons. Furthermore, there has
to be changes in the dependent variable in order for the case to be included in
the analysis. Therefore, the sample size drops from 1,212 to 75 cases.
Consequently, the fixed effects model below is based on a rather small number
of cases. Additionally, due to no within-group variance (i.e. variables that do
not display any changes over time) there are two variables being dropped in the
model; high diversity in industry experience and high diversity in type of
education. The model also includes past dynamics, i.e. if there were entries or
16
exits the year prior to the observation year.

16

This is referred to as a dynamic panel data model. Including a lagged independent variable can
complicate the estimation since it may bias results by being correlated with the error term.
Therefore, I re-run the analysis without Yt-1 predicting the first member entry in order assure that
the results remain the same, which they in fact do.
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Table 5.2 Team level fixed effects logit model predicting team member
entry
O.R.
Controls and team characteristics
Years
1.14
Profit
1.00
Team size
0.21***
0.08**
Member exit
Member addition
0.51
Stock of human capital
Mean age
1.02
Mean years of education
1.51
1.00
Mean salary
Diversity
Age heterog.
0.39
High sex heterog.
1.10
Country of birth heterog.
0.03†
Years of edu. heterog.
0.73
Salary heterog.
2.14
Medium industry heterog.
1.0e+05
Medium heterog. type of
0.34
edu.
Trust and joint
experiences
Joint work exp.
1.13
Spousal pairs
0.32
Degree of fulltime-empl.
1.28
Team observations
75
Team year observations
325
Chi2
73.06***

Coefficient

S.E.

0.13
- 0.00
- 1.57***
- 2.56**
- 0.68

(0.18)
(0.01)
(0.46)
(0.79)
(0.48)

0.02
0.41
0.00

(0.13)
(0.50)
(0.00)

- 0.94
0.10
- 3.40†
- 0.31
0.76
11.52
- 1.08

(0.78)
(0.97)
(1.89)
(0.46)
(0.93)
(1145.45)
(1.79)

0.12
-1.15
0.25

(1.15)
(1.15)
(0.97)

Significance levels: † p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001

As shown in Table 5.2 above, there are three variables that have a statistically
significant impact on new member entry. More precisely, increases in team size,
prior member exits as well as country of birth heterogeneity, seem to decrease
the likelihood of new entries. At a first glance, it might be concluded that the
findings concerning team size are opposite to the findings in the initial
conditions cross sectional model. However, many cases are not included in the
analysis above. That is, differences between the cases are not compared, which is
the case in the initial conditions model. This means that as a team’s size changes
over time, i.e. becomes even larger, it is less likely to add new team members the
following years. Overall, a team with a larger initial team size is more likely to
add new team members, but over time, the likelihood decreases if the team size
becomes larger. This provides partial support for hypothesis 5a. At the same
time, it shows that the relationship between size and new member additions is
not as straightforward as anticipated.
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If a team has experienced a member exit, it becomes much less likely to add
a team member the following year. This is interesting since it implies that teams
generally do not adapt by taking on new members. This could be because such
adaptations will take the opposite direction, i.e. one is more likely to have an
overlap. When investigating member exits, it will be interesting to see if that is
the case. Turning to spousal pairs it can be noted that the effect is not
statistically significant. Again, the results above are based on analysis of changes
over time, i.e. if becoming a spousal pair or adding a spouse will influence the
likelihood of adding additional members. Therefore, it is not surprising that the
effect of spousal pairs does not come out as statistically significant in the logit
analysis above. Consequently, the combined effects of the findings on spousal
pairs in relation to new team member entries provide partial support to
hypothesis 7a, which predicts the existence of spousal pair(s) on the team is
negatively related to team member entry. The other hypotheses predicting entry
(H1a, H4c and H6a) were not supported in the panel data analysis.
Taken together, however, these two analyses show that initial conditions can
be used for predicting future team member entries. Hypotheses 5a and 7a are
both partially supported. Even if the directions of the relationship between
team size and member additions at a first glance seem contradictory, the
explanation seems to reside in the nature of the fixed effects model. The nature
of the fixed effects model also provides insight into why being in a spousal pair
does not seem to influence the probability of team member entries over time.
Overall, the results are robust over the models even if there are fewer
relationships being statistically significant in the longitudinal logit model. An
effect of the fixed effects model is that several cases and some variables have
been dropped since the model requires within observation changes and variables
that are non-constant over time. Therefore, it is likely to have somewhat weaker
explanatory power. Given that the longitudinal model is based on a very small
sample and does not make between case comparisons, the model based on
initial conditions is more informative.
Summing up, the results concerning the hypothesized relations for member
entry are mixed. The first model provided support for one of the hypothesized
relations, two relationships were reversed to expectations and one relationship
gained no support. The longitudinal model only supported one hypothesis.
Overall, however, teams with a larger initial team size are more likely to add
new members to the team. However, over time teams that experience changes
to the teams, such as increases in team size and team member exits, are less
likely to respond by adding new members. Spousal couples seem to decrease the
probability for team member entry. Age and salary also have an impact on the
probability of entries, but in different ways. On the one hand, the older the
team, the less likely it is to add new members and the higher the mean salary,
the more likely that new members are added. On the other hand, the more
diverse a team is in terms of age and salary the less likely it is to add new team
members. Age diversity is based on an ascribed vertical characteristic and salary
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diversity is based on an achieved vertical variable. Both of these variables are
signs of status diversity, which in turn appears to decrease the openness for
adding new team members. Consequently, team member entry seems to be a
rather complex process to predict and it appears as if vertically structured
variables, opposed to expectations, have an effect on the likelihood of entries.

5.1.3 The impact of initial conditions on different types of exits
This section looks into team member exits. Multinomial logistic regression
(MNLM) is used to study a large share of the hypothesized relations. A MNLM
is used because it allows several categorical outcomes. In the MNLM, effects of
the independent variables on each of the outcomes are compared to a base
category. I use outcome 1, i.e. continuation (with the team intact), as the base
category. As stated in Chapter 3, an important assumption for using MNLM is
the independence of irrelevant alternatives (IIA). It assumes that the alternatives
are not inter-dependent. In other words, the likelihood of choosing one
category should not depend on the other available alternatives. One common
test to ascertain that the assumption holds is the Hausman-McFadden test
(Long & Freese, 2006; Train, 2003). When running the test, I obtain negative
or small values all confirming that the hypothesis of the pair-wise comparison of
outcomes are independent of other alternatives. Furthermore, it is possible to
run an LR test to distinguish whether any of the outcome categories can be
collapsed. This is done using the command mlogtest, lrcomb (in the statistical
software Stata). The results clearly indicate that none of the outcome
alternatives should be combined. Therefore, at the team level MNLM four
outcome categories are included. Outcome 1 is when the team still exists at the
end of the observation period without having experienced a team member exit.
I sometimes refer to this as having the team intact. Outcome 2 is a team that
experiences member exits but continues to stay in business. Outcome 3 refers to
a firm that dissolves but experiences member exits prior to the actual firm
dissolution. In the 4th outcome no members exit the team prior to the firm
dissolves.
The results from the MNLM are presented in Table 5.3. There is reasonable
predictive power in the model with a pseudo R-squared (McFadden’s) of 24. In
the model the odds ratios are reported. Due to space limitation, the coefficient
and Huber-White standard errors are not reported. There is one column for
each outcome and the base category is outcome 1, i.e. continuation. This is
important since the table only shows the odds ratio for being in category 2 as
opposed to category 1, category 3 as opposed to category 1, and finally category
4 versus category 1. In the output below it is, therefore, not possible to discern
whether there is a difference between e.g. outcome 2 and outcome 3. For that
reason, I first comment on the results presented while using outcome 1 as the
base category. Then, each variable is plotted separately and the differences in
estimates between all possible outcomes are visualized and discussed.
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Table 5.3 Team level multinomial logistic model predicting team member
exit based on initial conditions
2
O.R.
Controls and team characteristics
Years
1.38***
Profit
0.99*
Team size
1.27*
Stock of human capital
Mean age
0.97*
Mean years of edu.
0.97
1.00
Mean salary
Diversity
1.74***
Age heterogeneity
High sex heterogeneity
2.08*
Country of birth heterogeneity 1.10
0.99
Years of edu. Heterogeneity
1.81*
Salary heterogeneity
Medium industry heterogeneity 0.69
0.62*
High industry heterogeneity
Medium heterogeneity type of
edu.
1.54
High heterogeneity type of edu. 1.86†
Trust and joint experiences
Spousal pairs
0.14***
Joint work exp.
1.66*
Degree of fulltime employed
0.65
Team observations
1,212
McFadden's pseudo R2
0.24
Chi2
641.77***

3
O.R.

4
O.R.

0.81*
0.99*
1.37**

0.56***
0.99*
1.19

0.96†
0.92
1.00

0.99
0.96
1.00

1.67*
5.19***
0.40†
1.19
1.63
1.11
0.65

1.20†
0.80
0.89
1.01
1.13
1.05
0.84

3.43
7.69*

1.02
0.87

0.05***
1.03
0.59

0.77
0.73
0.87

Significance levels: † p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001

There is a set of six hypotheses related to team member exits. First, the result
presented above are commented on. Then, the findings are related to each
hypothesis predicting team member exit. Turning to the control variables in the
model, it can be noted that the number of years observed is related to all
outcomes, but in different ways. Compared to outcome 1, the more years the
firm and team is observed, the higher the odds of experiencing team member
exits and the lower the odds of a future dissolution. Higher initial performance,
as measured by profits, decreases the likelihood of outcome 2, 3 as well as 4.
Consequently, the better a team and firm performs during the first year in
business, the more likely that the team will stay intact and the firm continue in
business. Team size is related to the odds of being in outcome 2 and 3 but not
in outcome 4. A larger team is more likely to experience member exits.
However, there is not a statistically significant impact on the probability of a
pure dissolution (outcome 4).
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Of the human capital variables, only initial mean age has a statistically
significant impact on outcome 2 and 3, i.e. the outcomes where teams
experience member exits. This implies that younger teams are more likely to
experience member exits than older teams. The probability of firm dissolution
as opposed to continuation is, however, not affected by the mean age of the
team.
Six of the nine variables measuring heterogeneity have a statistically
significant impact on at least one of the three listed outcomes compared to
outcome 1. These variables mainly have a statistically significant impact on the
likelihood of ending up in outcome 2 and 3. It is only age heterogeneity that
appears to be related to outcome 4, i.e. a firm dissolution. Based on the table
above, it seems promising to use such measures for studying team member exits.
As expected, the variables related to status (age, sex and salary) have odds above
one, i.e. increases in status diversity increases the odds of team member exits
(from teams that continue to exist and or eventually dissolves). Country of birth
and high industry heterogeneity decrease the odds of team member exits. As to
country of birth, it is the odds of exits from firms that eventually dissolve that
decrease. As to high industry heterogeneity, it is the odds of experiencing an
exit while the firm continues to exist that decrease. Contrary to expectations,
high diversity in type of education increase the likelihood of having member
exits (both for continuing firms and for firms eventually dissolving). Medium
diversity in type of education, on the other hand, does not have a statistically
significant impact. It appears to be more problematic with high diversity in
type of education while some diversity is not as problematic. The horizontally
structured diversity variables do not have an effect on dissolution rates.
The interpretation of diversity in education type differs depending on
whether the diversity is medium or high. Medium diversity would signal that
there is a possibility for subgroups to form within the team, if the team size is
greater than two, and that this would spur individuals to exit. High diversity on
the other hand implies that the team members all possess different types of
education. A team that is very diverse in terms of education could also be
expected to have different perspectives and, consequently, communication
problems could arise. Not looking into communication processes, I do not
know if this is the case. However, based on theoretical arguments from the team
literature this would be a plausible explanation (Birley & Stockley, 2000).
Finally, having joint work experience seems to increase the likelihood of
members exiting a team and firm that continues to exist. Perhaps, having
worked together previously is not a guarantee for success in regards to running a
firm together. As anticipated, teams with spousal pairs are much less likely to
experience team member exits. All significant differences discussed above in
relation to Table 5.3 only compare each outcome to outcome 1. Thereby, some
information may be lost. In order to describe the differences between the four
outcomes more clearly, the probability and odds ratios of each outcome are
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plotted variable by variable. This is a procedure recommended by Long and
Freese (2006) as it eases interpretation and depicts differences more clearly.
Due to limitations of the software, I have not been able to include all
variables in the same plot. Therefore, I have chosen to divide the plots
according to the types of variables analyzed. Therefore, I make use of four plots
to visualize the variables and the outcomes included in the MNLM. The first
plot depicts variables related to team characteristics and the stock of human
capital. The second plot focuses on diversity in ascribed characteristics, while
the third plot deals with diversity in achieved characteristics. Finally, effects of
trust and joint experiences as well as the level of commitment are introduced.
Each plot consists of two scales. One is labeled factor change scale relative to
category 1 and is the scale at the top. The other is called logit coefficient scale
relative to category 1 and is the scale at the bottom of the plot. Essentially, what
these scales represent is that the top scale shows the odds ratios and the bottom
scale depicts the coefficients of the MNLM. When interpreting the plots, it is
important to remember that the odds ratios are not dependent on the values of
the other variables in the model, while the coefficients at the bottom are.
Consequently, when the coefficients are used, the other variables are held at
their mean values. Furthermore, there is a note beneath each variable indicating
whether the variable is changed with one standard deviation or, if it is a dummy
variable, with a one-unit increase from 0 to 1. Finally, that the scale is relative
to category 1 simply means that outcome 1 is aligned for all variables and
constitute the reference category. Each outcome is ordered so that the least
likely outcome is placed furthest to the left while the most likely outcome is
placed furthest to the right. Some outcomes are connected with a line. This
means that the coefficients are not statistically different from each other for
these outcomes (at p<0.10). Using the words of Long and Freese (2006) these
outcomes are ‘tied together.’ To ease visualization the variables are not
horizontally aligned. This has no statistical meaning; it merely enables the
depiction of the lines indicating that variables are not statistically significantly
different.
The first plot, Figure 5.2, reveals that the impact of number of years
observed is statistically significantly different for all four outcomes. The longer a
firm/team is observed, the less likely it is to dissolve. This is expected. It is also
less likely to experience member exits and later dissolve. Interestingly, the team
is more likely to experience member exits over time. This is in no sense
surprising. However, it does show that it is important to study teams over time
in order to observe team member changes and dynamics. According to
Hypothesis 1a, past performance is negatively related to team member exits.
The plot below reveals that the higher the initial firm profits, the more likely is
the team to continue intact and less likely to end up in outcome 2, 3 or 4.
None of the coefficients for outcomes 2, 3 or 4 are statistically different. In
other words, these three outcomes are tied together. Therefore, initial profits
seem to have an impact on team dynamics, such as exits, as well as firm
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continuation in comparison to outcome 1. These findings lend support to
Hypothesis 1b.
Hypothesis 5b is related to team size and predicts that team size is positively
related to team member exits. Consulting the results, one can note that larger
teams are more likely to experience team member exits. This holds for both
firms that continue to stay in business and firms that do not. It does not,
however, seem to influence the likelihood of continuation over firm dissolution,
i.e. outcome 1 and 4 are not statistically significantly different. Nor are there
differences between outcomes 4, 3 and 2. For initial conditions, the findings
support Hypothesis 5b.
Factor Change Scale Relative to Category 1
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.47
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.16
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Figure 5.2 The impact of team characteristics and human capital on team
dynamics
The final three variables in the plot above are measures of the stock of human
capital. The stock of human capital employed in the team, as measured by
mean age, mean years of education and salary, constitute control variables in the
model. Of these, only mean age has a statistically significant impact on the
outcomes observed. Mean age has a positive impact on continuation as opposed
to experiencing member exits. The older a team is at start, the likelier it is to
continue to stay in business with an intact team during the whole observation
period. Younger teams are more likely to experience member exits. This is the
case both for continuing firms and for firms that eventually dissolve. The
impact on continuation and a mere dissolution does not differ in regards to
mean team age. Nor are there any differences when only looking at outcomes 3,
2 and 4 in relation to the influence of age. In essence then, older teams are less
likely to experience team member exits and conversely younger teams are more
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likely to do so. Other than for age, it does not appear as if human capital per se
drive team member exits.
In Figure 5.3 below the impact of diversity in ascribed characteristics is
plotted for each outcome. There are two hypotheses related to diversity in
ascribed characteristics. Hypothesis 3a anticipates that diversity in ascribed
vertical characteristics is positively related to team member exits. Age and sex
diversity are related to diversity on ascribed vertical characteristics, while
diversity in country of birth is horizontal in nature. Depending on what
outcomes are compared, there are some statistically significant differences in the
coefficients for all three variables. Age diversity primarily influences the
likelihood of member exits as compared to team and firm continuation. The
odds ratio is highest for outcome 2. The more diverse a team is in age the
likelier it is that at least one member will exit the team. Age diversity also
appears to influence the likelihood of firm dissolution such that more diversity
increases the odds of dissolution. There is no statistically significant difference
in the effect of age diversity when comparing outcome 2 and 3. Nor are there
statistically significant differences when comparing outcome 3 and 4. However,
more diversity in terms of age does increase the probability of team member
exits as opposed to staying in business with an intact team. High sex diversity
also has a statistically significant impact on member exits. The outcome that is
affected most by high sex diversity is outcome 3. Outcome 2 is also more likely
when sex diversity is high. The effect on continuation in comparison to firm
dissolution is not statistically significant, i.e. sex diversity does not differentiate
between outcome 1 and 4. These findings provide full support for Hypothesis
3a.
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Figure 5.3 The impact of diversity in ascribed characteristics on team
dynamics
Finally, the effect of country of birth diversity seems to have an impact on
outcome 3 in comparison to outcome 1 and 2 in a way that diversity on this
attribute makes outcome 3 less likely. Thus, of the ascribed characteristics, age
and sex diversity seem to have more impact on what outcomes are observed.
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This is interesting, given that these two variables also signal status diversity and
are positively related to both types of member exits, i.e. outcome 2 and 3.
In Figure 5.4 the influences of the variables related to diversity in achieved
characteristics are plotted. Hypotheses 4a predicts that diversity in terms of
achieved vertical characteristics is positively related to team member exits. The
first two variables, diversity in length of education and salary, concern vertical
diversity. For years of education diversity, there are no statistically significant
differences in the coefficients of the four outcomes. A vast majority of the teams
is very homogenous concerning educational length and therefore there is
probably not sufficient variance in this variable to explain member exits. Table
4.1 in section 4.2.1 showed that this could be the case. Salary diversity on the
other hand has an impact on the probability of exits such that outcome 2 is
more likely to occur than outcome 1. Besides this effect, there are no other
differences based on salary diversity. Taken together, findings concerning
diversity on these two attributes only provide partial support for Hypothesis 4a.
Factor Change Scale Relative to Category 1
.62
.85
1.16
1.59
2.18

Years of edu. heterog. (log)
Std Coef

Salary heterogeneity
Std Coef

0/1

4

High edu.type heterog.
0/1

2

0/1

1
4

2
3

2
3

1

2.99

4.09

5.61

7.69

3
2
3
2

3
1
4

0/1

High industry heterog.

3

1
4

Medium edu.type heterog.

Medium industry heterog.

2
1
4

1
4

-.48
-.16
.15
.47
.78
Logit Coefficient Scale Relative to Category 1

1.09

1.41

1.72

2.04

Figure 5.4 The impact of diversity in achieved characteristics on team
dynamics
The remaining variables are measures of horizontal diversity in achieved
characteristics. High diversity in education increases the odds for team member
exits meaning that exits are more common among very diverse teams. The effect
is largest for outcome 3 followed by outcome 2. Outcome 1 and 4 are, however,
tied together and firm dissolution does not seem to be explainable by diversity
in type of education. When there is medium diversity in industry experience,
there are no statistically significant differences. There are only statistically
significant differences in coefficients for high industry diversity between
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outcome 1 and 2. The results reveal that teams with high industry diversity are
less likely to experience member exits. There are no statistically significant
differences in the effects of medium diversity concerning educational type.
When there is high diversity however, there are indeed statistically significant
differences in the coefficients. The effect of high diversity in education type is
much larger than the effect of high diversity in industry experience. This is
apparent when comparing the span for the two variables. High diversity in type
of education has a wider span than high diversity in industry experience. The
probability of the two outcomes, 1 and 4, does not differ based on the levels of
diversity in achieved horizontal characteristics. On the contrary, the findings
show that for all variables outcome 1 and 4 are actually tied together. Counter
to expectations, there seems to be some influence on team member exits. More
precisely, member exits are more likely to occur when diversity in education
type is high and less likely to occur when diversity in prior industry experience
is high.
Finally, the variables related to trust and prior joint experiences represent
some interesting findings. Hypothesis 6b predicts that prior joint work
experience is negatively related to team member exit. According to the results,
the impact of having worked together previously only differentiates between
outcome 2 and outcomes 1 and 4. The odds ratio is higher for teams with
members that have previously worked together. Consequently, these teams are
also more likely to have team member exits and continue in business than
experiencing a firm dissolution or to stay in business with the team intact.
There are however, no differences observed between outcomes 1, 3 and 4. This
is opposed to expectations. Based on the theoretical framework prior joint work
experience is expected to decrease the tendency to have team member exits.
However, as noted previously, having worked together for the same company
does not necessarily guarantee successful cooperation in running a business
together. It might also indicate that these teams have higher pay-off
requirements, which is an aspect I do not investigate or am able to control for
in the analyses. In sum, prior joint work experience increases the likelihood of
exits but does not seem to influence the likelihood of firm dissolution.
Consequently, Hypothesis 6b is not supported since the results are reversed to
expectations.
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Figure 5.5 The impact of trust, joint experiences and commitment on team
dynamics
The effect of spousal pairs does not seem to influence dissolution in comparison
to continuation. However, teams consisting of spousal pairs are much less likely
to have team member exits (as measured by outcome 2 and 3). This supports
Hypothesis 7b, which predicts spousal pair(s) on the team to be negatively
related to team member exits. The degree of full-time employment does not
have a statistically significant different effect on the four outcomes, i.e. the
variable does not seem to have on impact on which outcome is more likely to
occur.
In Chapter 4 it was argued that previous research has not fully made use of
information regards spousal couples. It is possible that being in a spousal pair
changes some of the theoretical predictions. This could also be the case for
individuals with prior joint work experience. In order to ascertain that the
results are reliable, predicted probabilities for the continuous diversity and
human capital variables have been calculated and compared for the different
sub-groups. The probabilities obtained for the group with no joint work
experience and those with such experience were close to identical and, therefore,
these results are not included here. For spousal couples, the graphs related to
mean age, mean years of education, mean salary, age diversity, years of
education diversity and salary diversity, measured during the first year in
business, are included in Appendices 20 to 25. These graphs show how the
predicted probabilities for the two groups change with increases in each of the
six variables. The most interesting finding in relation to these six graphs
concern the slopes of the curves. It appears that even if teams consisting of
spousal couples have very different probabilities compared to the group without
such couples, the slopes are, by and large, parallel. This implies that the effects
and directions of the different variables, and hypothesized relationships, are
similar for the two groups even if the probability levels are different.
Consequently, it is possible to include these groups in the same analyses while
including the relationships as control variables. There are, however, three
notable differences between the groups concerning three variables and outcome
4 (i.e. firm dissolution). According to Appendix 20 teams with spousal couples
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have a higher probability of experiencing a firm dissolution at lower team mean
age compared to other teams. Teams with a mean age above approximately 52
years, however, have lower probability for doing so. In terms of age diversity,
spousal couples have higher probability of firm dissolution when age diversity is
high (see Appendix 23). Finally, as salary diversity increases, the probability for
outcome four increases for spousal couples while it decreases for teams without
spousal pairs. Outcome 2 and 3 are the outcomes that are of most interest for
the hypothesized relations. Nevertheless, these differences in probabilities show
that even if there is a high chance that the sub-groups behave similarly, it is
crucial that further analyses are conducted to certify that this is the case. In
addition, it might differ depending on the outcome of interest.
In sum, four hypotheses (H1b, H3a, H5b and H7b) gained support from
the findings. Hypotheses H4a gained partial support while Hypothesis 6b had a
reversed relationship. Taken together the results show that diversity in ascribed
and achieved vertical characteristics impacts team member exits suggesting that
more diversity is likely to result in a higher probability for team member exits.
Some of the variables that are horizontally structured are also related to team
member exits. More precisely, teams with high diversity in type of education are
more likely to experience exits and teams with high diversity in industry
experience are less likely to do so. Furthermore, teams consisting of spousal
pairs show much less dynamics. It thus appears fruitful to use team and team
member characteristics in order to predict team member exits. However,
predicting dissolutions (in outcome 3 and 4) by relying on team characteristics
and human capital does not seem as promising. The team level variables poorly
explain firm dissolution.

5.1.4 The impact of team composition on member exits over
time
A fixed effects logit model is used for studying the impact of team composition
variables on team member exits over time. This choice was supported by a
Hausman test, which indicated that fixed effects would produce consistent
estimates while random effects would not.
In the analysis, only exits from firms that continue to exist are investigated.
Furthermore, in order to evaluate the effects of diversity, it is important that
there in fact can be diversity within the team. Therefore, the year prior to an
exit the team has to consist of at least two individuals. Without considering
this, I would risk inflating the results since teams where only one individual is
left would be included in the group of no exits. This means that a team
consisting of two individuals at start in 1997 could consist of only one
individual in 1998 through 2002. If this person is included in the analysis
predicting exits in 2002, the diversity measures would all be zero and imply that
low diversity lowers the likelihood of exits. Even if this is what I predict, the
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results are likely to be inflated if this is not dealt with. That is the rationale for
only analyzing exits from teams larger than or equal to the size of two. If a
venture dissolves, then that team was treated as right censored in the year it was
discontinued. Therefore, I treat all teams that were discontinued or were
reduced to only one individual as right censored in the analyses. The analyses
have controlled for cohort effects, but as there are no statistically significant
effects these have not been include in the results section. The results from the
17
fixed effects logit analysis is presented in Table 5.4.
Table 5.4 Team level fixed effects logit model predicting team member exit
Controls and team
characteristics
Years
Profit
Team size
Member exit
Member addition
Stock of human capital
Mean age
Mean salary
Mean years of education
Diversity
Age heterog.
High sex heterog.
Country of birth heterog.
Medium industry heterog.
High industry heterog.
Medium heterog. type of edu.
Years of edu. heterog.
Salary heterog.
Trust and joint experiences
Spousal pairs
Joint work exp.
Degree of fulltime-empl.
Team observations
Team year observations
Chi2

O.R.

Coefficient

S.E.

1.99***
1.00
2.39***
0.40***
0.43*

0.69***
- 0.00
0.87***
- 0.93***
- 0.83*

(0.11)
(0.00)
(0.19)
(0.38)
(0.22)

1.01
1.00
0.78

0.01
- 0.00
- 0.25

(0.06)
(0.00)
(0.21)

2.70**
2.83†
0.65
0.86
0.07*
1.16
1.08**
0.77

0.99**
1.04†
- 0.43
- 0.15
- 2.64*
0.15
0.08**
- 0.26

(0.35)
(0.58)
(0.76)
(1.42)
(1.31)
(0.83)
(0.03)
(0.41)

0.14*
4.50**
0.33*
276
1,092
73.06***

- 1.98*
1.50**
- 1.12*

(0.78)
(0.57)
(0.50)

Significance levels: † p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001

High heterogeneity in type of education is dropped in the model as there was
no within-group variance. A number of cases are dropped due to no variance in
the dependent variable. Furthermore, in the table above two variables are
17

Also in this case I have re-run the analysis without Yt-1 predicting first exit in order to assure that
the results remain the same.
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included that were not part of the multinomial logistic regression. Since this
model is longitudinal, I have been able to control for prior exits and entries, i.e.
if there was an exit or entry in the previous year.
The longer a team is observed, the likelier it is to experience member exits.
The odds ratio is 1.99 times higher for each year that the team is observed. For
continuing firms changes in profits over time do not appear to affect the
likelihood of member exits, which means that this analysis does not support
Hypothesis 1a. Team size on the other hand increases the probability of team
member exits. The odds ratio is in fact 2.39 times higher with a one-unit
increase in team size. Consequently, Hypothesis 5b is supported. Changes in
the stock of human capital, as measured by age, years of education and salary,
do not seem to have an impact on the probability of team member exits.
Interestingly, having experienced member exits or additions seem to decrease
the likelihood of member exits. This shows that exits are less likely to occur
after a member has been dropped or added. An implication would be that there
is unlikely to be an overlap between entering and exiting individuals. In other
words, it does not seem that a member is added one year and another one
dropped the year after. However, given that a large share of the teams
experiencing entries also have team member exits gives fuel to two possible
explanations: (1) it is likely that the two occur simultaneously, or (2) the two do
not typically occur in close connection. I do not directly test these two
possibilities. I do find, however, that one does not typically lead to the other. In
addition, the first explanations is probably the most correct one as they are
highly correlated (i.e. occur during the same year).
Age, sex and years of education are the diversity measures that have a
statistically significant impact on member exits. More diversity increases the
likelihood of team member exits. All of these variables relate to status. This
provides support for hypothesis 3a and partial support to hypothesis 4a. The
findings differ slightly from the cross-sectional analysis, where years of
education did not come out as statistically significant while type of education
did. Again, it is important to point out that in the current analysis, changes
over time are analyzed and only the teams that do experience exits at one point
in time are included in the analysis. Finally, the results concerning trust and
joint experiences are similar to the cross-sectional results. More precisely, teams
having spousal pairs on the team are less likely to have team member exits.
Having prior industry experience, however, increases the likelihood of member
exits. Again, the results are reversed to what was expected in Hypothesis 6b.
Having spousal pair(s) on the team does however decrease the likelihood of
team member exits, which supports Hypothesis 7b. The last variable concerns
full-time involvement. The higher the share of team members working full-time
in the firm, the less likely that anyone will exit.
Taken together, the results do support the expectation that diversity in
variables associated with status is likely to drive team member exits. The results
are accordingly robust over the two models at the team level. The only
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horizontal diversity measure with a statistically significant impact on team
member exits is prior industry experience. Having high diversity in fact seems
to decrease the chances of member exits.

5.2 Individual dynamics
At the individual level, only cross-sectional analyses are conducted. This is due
to the cases being dependent of each other. When conducting a cross-sectional
multinomial logit this can be controlled for by allowing the individuals
belonging to the same team to be clustered. In other words, the dependence of
observations are dealt with by controlling for what firm individuals belong to.
This is a form of multi-level modeling, which was discussed in Chapter 3.
When running longitudinal analyses, I am not able to control for this. As the
independence of observations is an important assumption for the analyses
conducted (Woolridge, 2003), the individual analyses are restricted to the crosssectional data. More precisely, the relationship investigated in this section is
depicted below.

Individual
*Characteristics
*Individual deviation
- Ascribed
characteristics
- Achieved
characteristics
*Trust & joint
experience

Dynamics
*Exit

Figure 5.6 Research model at the individual level
Descriptive statistics and correlations are reported in Appendix 19.
Furthermore, at the individual level the variance inflation factors (VIF) have
been computed in order to detect multi-collinearity. Sex is the variable with the
highest VIF and has a score of 3.99. The mean score for all variables is 1.67.
Thereby, multi-collinearity does not appear to be a problem in the analyses at
the individual level.

5.2.1 The impact of initial conditions on different types of
individual exits
The model below reports the results from the multinomial logit model
predicting individual exits. At the team level, in Section 5.1.3, four different
outcomes were investigated. As Table 5.5 shows, there are two additional
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categories at the individual level, see Section 3.3.1 for details. Category 1 is
when an individual stays in a team that does not have any member exits.
Category 2 and 3 both refer to teams that experience member exits but
continue to exist. A value of 2 signals that an individual leaves a team and firm
that continues to exist, while members staying with the firm belong to category
3. Category 4 and 5 both refer to teams and firms that experience member exits
and later dissolve. A person that exits the team prior to firm dissolution has a
value of 4, while the person staying until dissolution takes place belongs to
category 5. Finally, category six includes all individuals belonging to teams that
do not have any exits prior to firm dissolution. A Hausman-McFadden test (in
addition to an LR test) ascertained that these six outcomes are distinct and
should not be combined. Seven hypotheses are tested at the individual level.
Due to space limitation, only the odds ratios are reported for the six different
outcomes.
The model fit is satisfactory with a pseudo R-squared of 22. Again, in the
table above all outcomes and odds ratios are relative to category 1, i.e. the base
category. More precisely, an odds ratio above one means that an increase in that
variable increases the odds of being in that particular category as opposed to
being in outcome 1. An odds ratio below 1 on the other hand means that the
likelihood is smaller. I will briefly comment on all variables in the results
presented in Table 5.5 After that, I go deeper into each variable and the relative
magnitude of the coefficients associated with each outcome by plotting the
probabilities for all outcomes variable by variable. In connection to that,
information concerning the seven hypotheses predicting individual exits is
provided. According to the results presented below, the control and team
characteristics variables all seem to have an influence on what outcome an
individual is likely to experience relative to outcome 1. Not surprisingly, the
more number of years an individual is observed the less likely that person is to
exit the team. This holds for all types of exits. Outcome 3 is when an individual
does not exit, but others in the team have done so. The odds ratio for being in
outcome 3 compared to outcome 1 is 1.13 times higher for each year an
individual is observed. This essentially relates to the observation made earlier
that teams are likely to experience exits as the team and firm becomes older.

129

Jönköping International Business School

Table 5.5 Individual level multinomial logistic regression based on initial
conditions
2
3
4
O.R.
O.R.
O.R.
Controls and team characteristics
Years observed
0.50***
1.13*
0.32***
Profit
0.99**
0.99*** 0.99
Team size
1.67***
1.55*** 1.69***
Individual characteristics and human capital
Age
0.96*
0.97**
0.96†
†
1.68
Sex
2.27*
1.67
Country of birth
1.02
0.76
1.19
(Swe)
0.90***
0.99
0.94†
Salary
Years of edu.
0.87*
0.93
0.87
Prior industry
1.06
0.81
1.48
Experience
Deviation
Age deviation
1.04*
1.12*** 1.03
1.86
Man in sex
1.48
0.64†
Balanced team
Man in female
5.47***
1.85*
5.21**
dominated team
Woman in sex
0.76
0.40**
0.74
Balanced team
Woman in male
0.45*
0.98
0.68
dominated team
Salary deviation
1.00*
1.00
1.00
Years of edu.
1.07
1.16*
1.20
Deviation
Trust and joint experiences
Prior joint work
1.02
1.06
0.82
exp.
Spouse in business
0.26***
0.61**
0.31***
Together
Working full time
0.38***
0.96
0.29***
at entry
0.22
McFadden's pseudo
R2
Observations
3,596
Chi2
753.52***

5
O.R.

6
O.R.

0.67***
1.00
1.66***

0.49***
0.99†
1.24*

0.95**
1.37
0.76

0.98†
0.66
1.27

0.95†
0.82*
0.92

0.95*
0.93
1.12

1.13***
0.77

1.05***
0.81

1.21

1.03

0.86

1.35

1.07

1.39

1.00†
1.33**

1.00
1.08

1.16

0.84

0.61†

0.86

0.84

0.91

Significance levels: † p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001

The performance of the firm, as measured in profits and ranked in percentiles,
is related to the probability of an individual exiting a team. Individuals
belonging to teams with relatively higher initial profits are less likely to leave a
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team or be part of teams that drop members while staying in business. These
individuals are also less likely to be part of a team that dissolves, i.e. outcome 6.
Team size, on the other hand, increases the odds for all outcomes compared to
the base category. Individuals of larger teams are more likely to exit a team, be
part of a team that experiences exits, as well as firms that dissolve.
Individual characteristics also appear to play a role in the exit process.
However, in relation to the base category these variables do not seem to
influence the likelihood of dissolution as much as the chances of individual exits
from continuing businesses. As individuals age they become less likely to leave a
team or to be part of teams that others leave. Older individuals are also slightly
less likely to experience a pure dissolution. The effect of age on the likelihood of
dissolution as opposed to continuation is statistically significant at p<0.10. Age,
in that sense is negatively related to individual dynamics. The impact of sex on
individual dynamics is statistically significant. The results suggest that women
are more likely to either leave a firm that stays in business or be part of a firm
that others leave than to be part of an intact team that does not dissolve during
the observation period. The odds for leaving a team are 2.27 times higher than
it is for a woman being part of the base category. Whether an individual is born
in Sweden or not does not have a statistically significant impact on individual
dynamics. Initial salary on the other hand does. The higher the initial salary the
less likely that an individual will leave a team or be part of a team that reaches
dissolution. Length of education has a statistically significant impact on
outcome 2 and 5 such that the odds are smaller for these outcomes in
comparison to the base category. Individuals with longer education are less
likely to leave a team that continues in business. At the same time, they are less
likely to stay with a firm that experiences member exits and eventually shut
down. This could be interpreted as human capital being likely to influence
whether individuals decide to leave or stay with the business. If a firm is about
to dissolve, the more education an individual has the less likely he or she is to
stay until dissolution. However, if a firm continues to stay in business, then
higher educated people are less likely to leave. Having prior industry experience
however, does not have a statistically significant impact on any of the outcomes.
This could be because the measure is not fine-grained enough or because it
simply does not have an important effect on individual dynamics.
There are four types of individual deviation measures. These concern age,
sex, salary and years of education. Age, salary and years of education are
measured by the individual’s value minus the team’s mean value. For sex, there
are instead four different categories used that signal whether a person is part of a
sex balanced team, a majority or minority group. The reference group for men
is man in a male majority team and for women it is woman in a female majority
team. In general, increases in age, salary and years of education deviation
increases the likelihood of individual exits and or being part of teams that
experience member exits. Age deviation also increases the odds of being part of
a firm that dissolves, i.e. outcome 6. Particularly interesting is that men and
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women appear to react differently to being in minority. Men who are in
minority are more likely to leave a team while women that are in minority are
less likely to do so. These findings support Hypothesis 3b, which predicts that
deviation in terms of ascribed vertical characteristics, measured by gender and
age, is positively related to individual exits. Interestingly, however, the effect of
gender deviation appears to be more negative for men.
Finally, having previously worked together with another team member does
not have a statistically significant influence on the different outcomes. Spousal
relations on the other hand do affect which outcome is most probable. In fact,
being in business together with a spouse decreases the odds for individual
dynamics as well as being part of teams that experience dynamics. However, its
impact on dissolution is not statistically significant. Whether a person works
full-time or not during the first year in business influences the probability of
individual exits. A person working full-time with a business from the start is less
likely to leave the firm and the team. Instead of making further comments on
Table 5.5 I will go through each variable one at a time commenting on the
probability of each different outcome. Below is a plot for the three control and
team variables.
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Figure 5.7 The impact of team characteristics on individual dynamics
The results clearly show that the number of years an individual is observed
affects the odds for the different outcomes. Interestingly, all outcomes except
outcome 2 and 6 are separated, meaning that the effect of years is different
across most of the outcomes. The longer a person is observed, the likelier he or
she is to be part of category 1 or category 3. The odds are highest for outcome
3, which means that a person stays in a team that has experienced team member
exits. Profit, on the other hand, only influences the probability for some of the
outcomes. Both outcome 2 and 3 are less likely as profits increase compared to
outcome 1. More precisely, the higher the profits are, the more likely that the
individual will belong to an intact team as opposed to a team that experiences
member exits. Outcome 5 is also more likely than outcome 3 and 2. Outcome
six, however, is less likely than outcome 1 as profits increase, meaning that
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individual are less likely to experience a pure shutdown if the relative initial
profits are higher. The final variable in Figure 5.7 is team size. Individuals being
part of larger teams are more likely to either exit the team or stay with a firm
that experiences team member exits. In addition, all outcomes are more likely
than outcome 1 as team size increases. These findings lend support to
Hypothesis 5e, which predicts that team size is positively related to individual
exits.
The plots in Figure 5.8 concern individual characteristics and human capital
variables. There are some statistically significant differences in the coefficients
for the six outcomes based on an individual’s age. The older an individual the
more likely he or she is to be part of a team staying in business without
experiencing member exits. Furthermore, with increased age outcome 5 is in
fact more likely than outcome 6. This is likely because younger individuals leave
a firm and the older person(s) staying eventually dissolves the firm. Hypothesis
3d expects that more human capital, measured by age, be negatively related to
individual exits. Older individuals are indeed more likely to be part of outcome
1 in comparison to outcome 2 and 4. However, age does not separate between
outcome 2 and 3. Nor are there statistically significant differences concerning
age when comparing outcome 4 and outcome 5. Consequently, increases in age
only partly predict individual exits, lending partial support to Hypothesis 3b. In
regards to sex, the odds for being in outcome 3 and 2 compared to outcome 1
are higher for women. In other words, women are more likely to experience
team dynamics within firms that remain in business. They are also more likely
to experience team dynamics in continuing firms than being part of a pure
dissolution. Whether a person is born in Sweden or not does not have a
statistically significant impact on the outcomes, except for outcome 6 and 3. At
p<0.10, an individual born outside of Sweden is less likely to be in outcome 6
than outcome 3.
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Figure 5.8 The impact of individual characteristics and human capital on
individual dynamics
Turning to salary, the results show that higher salary increases the likelihood of
staying with the firm and that the firm does not have any member exits. The
odds for being in outcome 3 instead of outcome 2 are higher when salary is
higher. Put differently, individuals with higher salary are more likely to stay
with the firm when there is an exit taking place. Additionally, increased salary
reduces the likelihood of an individual experiencing outcome 6 as opposed to
outcome 1. This is in line with expectations and supports Hypothesis 4f, which
predicts that human capital, as measured by age, years of education, salary and
prior industry experience, is negatively related to individual exits. Years of
education influences the likelihood of exiting a team and firm that continues to
stay in business such that longer education makes individuals more likely to stay
with the firm. It is also less likely that higher educated people will experience
outcome 5 as opposed to outcome 1. Age, years of education and salary, viewed
as proxies for human capital, all seem to be positively related to outcome 1 such
that it is the most likely outcome as these independent variables increase in
value. The final variable in Figure 5.8 relates to prior industry experience.
Having worked in the same industry previously does not have a statistically
significant impact on which of the six outcomes is the one most likely. In sum,
the findings concerning age provide partial support for Hypothesis 3b and the
results related to years of education and salary lend support to Hypothesis 4f.
However, since prior industry experience does not have a large impact on
individual exits, the overall effect of achieved human capital characteristics only
provide partial support for Hypothesis 4f.
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Focusing instead on the deviation measures of an individual, there are four
aspects of deviation investigated and depicted in the plot below. Age deviation
clearly drives team member exits such that the more individuals deviate the
more likely that they will be part of a team experiencing team member exits but
remain with the firm. This is shown by the separation between outcome 2 and
3 and outcome 4 and 5. Additionally, that outcome 3 and 5 are placed furthest
to the right implies that this is the most probable outcome as age deviation
increases. Deviation in terms of sex has different impacts depending on the sex
of the individual and the sex balance of the team. The variables that capture
deviation in terms of sex are the variables indication if someone is in minority
either as a man or as a woman. Men are much more likely to leave teams when
they are in minority while women are much less likely to do so.
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Figure 5.9 The impact of deviation on individual dynamics
Concerning salary deviation, all possible outcomes are tied together except for
two combinations: outcome 2 compared to outcome 1 and outcome 5
compared to outcome 1. More precisely, as salary deviation increases, outcome
2 is likelier to occur than outcome 1. As salary deviation increases it is also more
likely that an individual belongs to category 5 rather than category 1, which is
only significant at p<0.10. Regarding years of education, a few more differences
are statistically significant. In comparison to outcome 1, it is likelier that an
individual chooses to stay with a team that experiences exits, either as outcome
3 or as outcome 5. At p<0.10 two additional differences emerge. Outcome 5 is
more likely to occur than outcome 2 as deviation in educational length
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increases. It is also more likely that an individual will stay with a firm until
dissolution if others have left the team than that the individual will experience a
pure dissolution, i.e. outcome 5 is more likely to occur than outcome 6.
An interesting aspect of the plot is that there is a visible pattern in regards to
status. Based on theory, deviation in terms of age, being a man in a female
dominated team, salary and years of education are expected to have negative
effects on team dynamics. Therefore, it is interesting to note that for all four of
these variables, the outcome with lowest odds, i.e. the outcome furthest to the
left, is outcome 1. In other words, increases in deviation decreases the odds of
staying with an intact team. As the plot also shows, there is not a statistically
significant difference between all outcomes. Nevertheless, it is an interesting
pattern. Furthermore, for deviation in salary, years of education and age there is
another interesting pattern. Outcome 2 is always to the left of outcome 3 and
outcome 4 is always to the left of outcome 5. What this means is that the more
the individual deviates, the more likely he or she is to stay with the team. For
men’s sex deviation, however, it appears as the deviation that makes them leave
the firm such that outcome 2 is to the right of outcome 3 and outcome 4 is to
the right of outcome 5. Again, there are not statistically significant differences
between all outcomes. The general pattern, though, is that an individual
deviating on a variable where more deviation implies higher status and more
human capital is more likely to stay with the team irrespective of if the firm
stays in business or eventually dissolves. However, for sex the opposite holds.
Men are more prone to leave when they are in minority even if being a man
oftentimes is viewed as having a higher status. The measure of deviation used
for the continuous variables implies that more deviation also is associated with
higher levels of the variable in question. I have used both absolute values of
deviation and the actual deviation. However, it turns out that actual deviation is
the best measure. Interestingly then, it is not deviation per se that governs
individual exits. Rather, it is important to consider also the direction of the
deviation. Deviation in terms of ascribed vertical characteristics (H3b) was
hypothesized to have a positive impact on individual exits. The findings support
this expectation with a slight modification. Negatively deviating from other
team members in terms of age (being younger) seems to increase the probability
of individual exits, while positive deviation (being older) has the opposite effect.
It then seems as if the individuals with lower status leave, while for sex deviation
it is the member who has a higher status who is more likely to exit the team. It
is also interesting to note that women in balanced teams are less likely to stay
with a firm that stays in business if the team is sex balanced, but more likely to
stay if they are in minority.
Hypothesis 4b predicts that deviation in terms of achieved vertical
characteristics is positively related to individual exits. As the findings revealed,
deviation in years of education relates to the probability of an individual being
in outcome 3 and 5 as opposed to outcome 1. However, positive deviation
makes individuals more prone to stay with the team, even if the team as such is
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more likely to experience member exits as diversity increases. Deviation in
income does not, however, seem to have as much influence on individuals’
probability of exiting a team. Thus, hypothesis 4b is partially supported and
modified. It is only partially supported since there were no differences between
outcome 2 and 3 or between outcome 4 and 5 for years of education. Nor was
income deviation found to have a large influence. In addition, the direction of
deviation for years of schooling is important to incorporate into the deviation
measure.
The impact of variables related to trust and joint experiences as well as level
of commitment are visualized in the figure below. The effect of having
previously worked together with another team member does not differ between
the six outcomes. Consequently, Hypothesis 6d, which predicts that having
prior joint work experience is negatively related to individual exits, is not
supported.
Factor Change Scale Relative to Category 1
.26
.32
.38
.46
.55

.66

0/1

In business w/ spouse

2

0/1

.96

5
3

4

0/1

Full time self-empl.

.8

4
6

Prior joint work exp.

4

6

1
6

2

5

-1.34
-1.15
-.97
-.78
-.6
Logit Coefficient Scale Relative to Category 1

-.41

-.23

1.16

2
3
1
5

3

1

-.04

.15

Figure 5.10 The impact of trust, joint experiences and commitment on
individual dynamics
As visualized above, being in business together with a spouse is negatively
related to individual exits, providing strong support for Hypothesis 7d.
Individuals running a business together with a spouse are much more likely to
stay in an intact team, i.e. outcome 1. There is, however, no difference
regarding dissolution and continuation. At the individual level, spousal
involvement seems to imply that one either stays with the firm, without having
team dynamics, or is forced or choose to dissolve the firm. Interestingly,
outcome 5 and 3 are more likely to occur than outcome 2 and 4. This means
that an individual who is in business together with a spouse is more likely to
stay with the firm when there are team member exits taking place. In other
words, individuals not in business together with a spouse, but part of teams
consisting partly of spousal pairs, are more likely to leave when there are team
member exits taking place. This implies that strong relationships are more likely
to survive team dynamics and turbulence. How entrepreneurs partner up to
start a business is then given a new dimension. At the team level, prior joint
work experience was related to increased member exits. However, having
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worked together with another team member does not seem to affect individuals’
decision to leave a team. Finally, being full time self-employed seems to have a
strong impact on who will be less likely to leave a firm that continues to stay in
business. Individuals who are more committed to the venture by having it as
their main income are less likely to exit the team.
In sum, there are seven hypotheses concerning individuals’ exits from teams.
The results provide full support for two hypotheses (H5e and H7d), partial
support for two (H3b and H4f), partial support with modifications to two
hypotheses (H3b and H4b) and finally Hypothesis 6d was not supported. The
most interesting findings concern the deviation measures in regards to status,
the human capital embodied in the individuals and the impact of venturing
together with a spouse. First, deviating in status related dimensions seems to
drive the chances of exiting a firm if the variable is not connected to human
capital (such as gender). This implies that higher status individuals deviating
from others in the team are more likely to exit. When the individual deviates in
terms of human capital, it is instead the individuals with higher levels of human
capital in age and years of education that tend to stay. Interestingly, however, if
the firm eventually dissolves higher educated individuals are more likely to
leave. One of the strongest findings concerns spousal couples. These teams are
more stable, and individuals venturing with a spouse are less likely to exit from
a team. It appears as if the “in-sickness-and-in-health-mentality” guides also
how these individuals do business.

5.3 Summary of hypothesis testing
The table below is an overview of the findings concerning the hypotheses
predicting team member entry and exit. The hypotheses are restated in the left
column. The next column provides information on the level at which the
hypothesis was tested, i.e. the individual or the team. There is also a column
stating which dependent variable (DV) was predicted, i.e. entry or exit. The
hypothesis could be tested at either the team or the individual level. There are
also two columns in relation to the findings. The first one is based on the initial
conditions analyses. The second is based on the longitudinal analyses. In this
column there is only information on entries to and exits from continuing teams
analyzed at the team level. Consequently, the results in this column do not
address the individual level. A hypothesis is stated to be supported if the
variables related to the hypothesis together provide support for the expected
relation. If it is partially supported only one or a few of the variables related to
the test provided support for the hypothesis. Finally, a reversed relationship
implies that the direction was opposite to expectations.
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Table 5.6 Overview of hypothesis testing
Hypothesis

DV

Level
Team

Initial conditions model
Reversed

Longitudinal
model
No support

H1a: Past firm performance
is positively related to team
member entry
H1b: Past firm performance
is negatively related to team
member exit
H3a: Diversity in terms of
ascribed vertical
characteristics, measured by
gender and age diversity, is
positively related to team
member exit
H3b: Deviation in terms of
ascribed vertical
characteristics, measured by
gender and age deviation, is
positively related to
individual exit
H3d: Human capital,
measured by an individual’s
age, is negatively related to
individual exit
H4a: Diversity in terms of
achieved vertical
characteristics, measured by
length of education and
income diversity, is
positively related to team
member exit
H4b: Deviation in terms of
achieved vertical
characteristics, measured by
length of education and
income deviation, is
positively related to
individual exit
H4c: Diversity in terms of
achieved horizontal
characteristics, measured by
type of education and
industry experience, is
negatively related to new
member entry

Entry

Exit

Team

Support

No support

Exit

Team

Support

Support

Exit

Individual

Support**

n/a

Exit

Individual

Partial
support

n/a

Exit

Team

Partial
support

Partial
support

Exit

Individual

Partial
support**

n/a

Entry

Team

No support

No support
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H4f: Human capital,
measured by years of
education, match between
current and prior industry
experience and salary, is
negatively related to
individual exit
H5a: Team size is negatively
related to team member
entry
H5b: Team size is positively
related to team member
exit
H5e: Team size is positively
related to individual exit
H6a: Having prior joint
work experience is
positively related to team
member entry
H6b: Having prior joint
work experience is
negatively related to team
member exit
H6d: Having prior joint
work experience is
negatively related to
individual exit
H7a: Having spousal pair(s)
on the team is negatively
related to team member
entry
H7b: Having spousal pair(s)
on the team is negatively
related to team member
exit
H7d: Being in business
together with a spouse is
negatively related to
individual exit
* p<0.10

Exit

Individual

Partial
support

n/a

Entry

Team

Reversed*

Support

Exit

Team

Support

Support

Exit

Individual

Support

n/a

Entry

Team

No support

No support

Exit

Team

Reversed

Reversed

Exit

Individual

No support

n/a

Entry

Team

Support*

No support

Exit

Team

Support

Support

Exit

Individual

Support

n/a

** w/ modification

As shown in the table, there are eleven hypotheses related to the team level.
Seven of these are fully or partially supported. Two have a reversed relation and
two receive no support. At the individual level there are in total seven
hypotheses. Six of these are fully or partially supported and one is not
supported. Overall, it appears as if the aspects of teams and individuals that
have been investigated can help understand and predict team and individual
dynamics. However, the hypotheses related to team member and individual
exits have better predictive power.
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Chapter 6
6 Analysis of firm performance
This chapter addresses research question four. More precisely, it investigates the link
between team composition, team dynamics and firm performance. This question is
investigated using panel data regression models. Consequently, changes over time are
possible to discern. In addition, cross-sectional analyses based on initial conditions
complement the longitudinal approach. Three aspects of performance are examined,
i.e. sales, profits and return on sales.

6.1 Firm performance
6.1.1 Introduction
This section studies the hypothesized relationships between team composition
and firm performance as well as the impact of team dynamics on firm
performance. This is depicted in the research model below.

Team
Composition
*Characteristics
*Diversity
- Ascribed
characteristics
- Achieved
characteristics
*Trust & joint
experience

Firm
Performance
Dynamics

*Profits

*Entry
*Exit

*Sales

Figure 6.1 Research model at the team level
Performance is measured as the relative profits, log of sales and log of return on
sales. Return on sales is a combination of profits and sales. Therefore, it is
included in the analyses. Eight hypotheses predicting firm performance were
developed in the theoretical chapter. These hypotheses are tested using three
sets of regressions. Following the same procedure described in section 5.5.5,
VIF-scores have been calculated and as an effect, the variable indicating
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medium sex diversity is excluded from the analyses. In addition, outliers and
influential cases have been dealt with by following the same logic as described in
Chapter 5. When excluding potentially influential cases and outliers the results
changed only marginally. Importantly, the statistical significance and the
direction of effects remained the same. As a result, all cases are included in the
analyses.

6.1.2 Firm performance over time
In Table 6.1, the results of three fixed effects regression models are presented. A
fixed effects estimation technique has been employed as it produces unbiased
estimates and was confirmed by a Hausman specification test. As a
consequence, the variance between teams is excluded and focus instead lies on
within team variation. Thereby, the used estimation technique allows subject
specific variations. When predicting relative profits, past performance in terms
of sales is controlled for and when predicting sales and return on sales, past
profits constitute a control variable.
As the results below show, the model predicting log of sales has the highest
R-squared and the model predicting return on sales has the lowest R-squared.
The controls for past performance have a statistically significant impact in all
three models. Firm age has a negative impact on relative profits (at p<0.10),
meaning that in relative terms older firms are less profitable.
Team member entries and exits both have a statistically significant impact
on firm performance. Hypothesis 2a predicts that team member entry has a
positive effect on firm performance. For profits and ROS, this relationship
appears to hold. Having team member entries has a positive effect on relative
profits as well as on the level of return on sales. The impact on sales, however, is
negative meaning that adding a member decreases the sales compared to when
team member entries have not been made. Thereby, it could be the case that
team member entry has an effect on internal processes, such as efficiency, while
external activities such as sales do not get the same boost. Overall, the results
lend partial support to Hypothesis 2a. Team member exit, on the other hand,
only has a statistically significant effect on sales, implying that having an exit
positively affects sales. This relationship is quite the reverse to what was
expected. However, a reasonable explanation would be that when expelling a
team member one does not let go of the one most important for bringing home
the deals. Consequently, Hypothesis 2b does not gain support.
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Table 6.1 Fixed effects regression model predicting firm performance
Independent variables
Profits (relative)
Controls and team characteristics
†
Firm age
-0.83
(0.49)
Team size
-1.41
(0.97)
Team member entry
3.15*
(1.34)
Team member exit
0.09
(1.97)
Sales (log)
2.03***
(0.17)
Profits

Sales (log)

ROS (log)

0.04
(0.05)
0.20*
(0.09)
-0.32*
(0.16)
0.45*
(0.22)

-0.01
(0.01)
-0.02
(0.03)
0.07*
(0.03)
0.00
(0.05)

7.32***
(2.20)

0.03***
(0.00)
2.52***
(0.29)

0.01***
(0.00)
-0.09*
(0.05)

0.28
(0.37)
†
-1.55
(0.80)
0.02**
(0.01)

-0.03
(0.04)
-0.05
(0.10)
0.00
(0.00)

-0.00
(0.00)
0.00
(0.01)
0.00†
(0.00)

0.26
(0.20)
0.03
(0.38)
-0.46
(0.65)
0.80
(0.93)
1.06
(0.93)
0.05
(0.67)
-0.79
(1.25)
†
-0.37
(0.20)

-0.02
(0.04)
0.21
(0.18)
0.07
(0.08)
0.15
(0.09)
-0.15
(0.14)
-0.01
(0.04)
0.07
(0.20)
-0.03
(0.06)

0.82
-0.52
(3.37)
(0.40)
Spousal pairs
2.16
0.45
(4.63)
(0.40)
Team observations
1,212
Team year observations
4,988
R2 adjusted
0.425
0.456
Significance levels: † p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001
Robust standard errors are reported in parenthesis

-0.31
(0.28)
-0.09
(0.07)

Degree of fulltime self-empl.
Stock of human capital
Mean age
Mean years of education
Mean salary
Diversity
Age heterogeneity
High sex heterogeneity
Country of birth heterogeneity
Medium industry heterogeneity
High industry heterogeneity
Medium heterog. type of edu.
Years of edu. heterogeneity
Salary heterogeneity

†

2.83
(1.67)
3.24
(3.59)
12.13*
(5.73)
6.86
(9.71)
5.34
(7.46)
-0.95
(3.82)
2.85
(10.15)
-1.01
(1.78)

Trust and joint experiences
Joint work exp.

143

0.129

Jönköping International Business School

The stock of human capital in ascribed characteristics, measured by mean age,
was predicted to have a positive effect on firm performance (Hypothesis 3c).
This hypothesized relationship does not gain support from the results presented
above. Nor does Hypothesis 4e, which expects the stock of achieved human
capital, measured by mean years of education and mean salary, to be positively
related to firm performance. The educational attainment in terms of years of
schooling has a negative impact on profits (p<0.10). In addition, mean salary
has a statistically significant impact on relative performance (p<0.05) and on
return on sales (p<0.10). This implies that individuals that are paid better
perform more efficiently. The effect of education is quite the reverse to what
was expected while mean salary has a positive effect. Nevertheless, given the
marginal impact that these variables have on firm performance as measured
here, Hypothesis 4e is not supported.
The anticipated link between diversity in achieved horizontal characteristics
(measured by type of education and industry experience) and firm performance
(Hypothesis 4d) does not receive support. The achieved horizontal
characteristics included in the model above are the variables concerning
diversity in industry experience and type of education. Two variables for each
were included in the analyses. However, high heterogeneity in type of education
was dropped due to no within case variation, which is an effect of the fixed
effects model. None of the three included variables have a statistically
significant impact on any of the performance measures.
Team size, however, is positively related to sales. As the results display the
team size coefficient is statistically significant and has a positive impact on firm
performance measured by sales. Larger teams are also more likely to have higher
sales figures. The estimates for the other two performance measures, profits and
return on sales, are non-significant. Therefore, I find partial support for
Hypothesis 5d. However, the effect of team size appears to depend largely on
what type of firm performance is being predicted.
According to Hypothesis 6c having prior joint work experience is positively
related to firm performance. Interestingly, the results indicate that this is not
the case. More precisely, in none of the models above prior joint work
experience has a statistically significant impact on firm performance.
Hypothesis 6c is therefore not supported. The last hypothesized relation with
firm performance concerns the existence of spousal pair(s). This Hypothesis
(7c) does not, based on the results presented above, gain support.
Having commented on the results related to the eight hypotheses, there are a
few other relations worth addressing. Country of birth was not anticipated to
have an impact on firm profits. However, in the first model the effect of
country of birth is statistically significant and has an impact on relative
performance. This is not the case for the second and third models. Therefore,
teams that become diverse in country of origin appear to be more likely to
perform well in relative terms, even if the effect on sales and profits is not
statistically significant.
144

6. Analysis of firm performance

The consequences of relying on a fixed effects estimation model are
important to bear in mind. A fixed effects model estimates within unit variance
across time. This means that differences across teams are not analyzed, rather it
is changes taking place over time. Consequently, the impact of some of the
variables cannot be fully investigated. For example, studying the impact of
spousal couples means that in a fixed effects model, only teams where members
become spouses over time and its effect on performance are analyzed. From a
theoretical point of view this is not what the hypothesis predicts and I therefore
find reason to complement the fixed effects regression model with a cross
sectional model where these between groups effects can better be assessed.

6.1.3 Firm performance during the first year in business
This section focuses on initial conditions and performance during the first year
in business. It could be argued that there is some problems with causality when
conducting cross sectional analyses. However, considering that the initial team
composition is used and that firm performance covers the whole first year, this
should not constitute a severe problem. In addition, this model is important as
it can provide valuable information regarding the impact of certain
compositional aspects on team performance. Thereby, it complements the
longitudinal analysis above. Therefore, initial team composition conditions are
used as regressors to predict firm level performance during the first year in
business. Firm performance consists of the same three dimensions as in the
previous section, i.e. relative profits, log of sales and log of return on sales.
The first model in the table below has an R-squared of 12, which is rather
low. Yet, it accounts for an important share of the variance in the dependent
variable, i.e. relative profits. The model predicting log of sales has the highest Rsquared and accounts for 17 percent of the variance. The last model, however,
has very low predictive power and only accounts for three percent. Therefore,
attention is not placed into interpreting the coefficients provided by this model.
It does appear as if return on sales during the first year in business is not well
explained by team composition and diversity measures.
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Table 6.2 Multiple regression model predicting firm performance based on
initial conditions
Predictors
Profits (relative)
Controls and team characteristics
Team size
0.84
(0.73)
Degree of fulltime self-empl.
17.78***
(2.38)

Sales (log)

ROS (log)

0.19***
(0.05)
1.88***
(0.16)

-0.06
(0.05)
-0.25
(0.18)

0.08
(0.10)
0.25
(0.50)
0.05***
(0.01)

0.01
(0.01)
-0.12**
(0.03)
0.00***
(0.00)

0.01
(0.01)
0.03
(0.04)
0.00**
(0.00)

41.57***
(8.04)
-1.00
(0.75)
-2.45
(2.35)
-3.08
(2.85)
-4.57*
(1.86)
2.98
(2.33)
3.58
(3.15)
2.58
(10.71)
†
-3.39
(2.06)

0.85
(0.55)
0.02
(0.21)
0.05
(0.16)
-0.18
(0.19)
-0.31*
(0.13)
†
0.30
(0.16)
†
0.41
(0.21)
-0.33
(0.73)
-0.17
(0.14)

1.48*
(0.59)
-0.02
(0.23)
-0.19
(0.17)
-0.28
(0.21)
-0.05
(0.13)
-0.26
(0.17)
-0.06
(0.23)
-0.58
(0.78)
0.13
(0.16)

-1.78
(1.81)
7.97*
(3.19)

-0.15
(0.12)
0.03
(0.22)

-0.27*
(0.13)
0.37
(0.23)

Team observations
1,212
1,212
R2 adjusted
0.131
0.173
Significance levels: † p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001
Standard errors are reported in parenthesis

1,212
0.03

Stock of human capital
Mean age
Mean years of education
Mean salary
Diversity
Age heterogeneity
High sex heterogeneity
Country of birth heterogeneity
Medium industry heterogeneity
High industry heterogeneity
Medium heterog. type of edu.
High heterog. type of edu.
Years of edu. heterogeneity
Salary heterogeneity
Trust and joint experiences
Joint work exp.
Spousal pairs

The results in the cross-sectional initial conditions OLS, resembles the results
obtained in the previous section, i.e. 6.1.2., suggesting that the results are
robust. The main difference relates to hypothesis 4d, 4e and 7d. More precisely,
high industry diversity appears to have a negative effect on sales and profits.
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Consequently, team members that have the same industry experience, or only
medium diversity, are likely to report higher sales and profit figures. In
addition, diversity in type of education has a positive impact on sales (p<0.10).
The average salary obtained by the team members, referring to Hypothesis 4e, is
positively related to firm performance. This relationship does not hold for the
team members’ mean age. Therefore, the hypothesis gains only partial support.
Finally, having spousal pair(s) in the team is positively related to profits.
Essentially, this implies that spousal pairs might be more efficient, or perhaps
frugal, than other teams. They do not, however, seem to be better sales people
and help generate higher sales figures.
Other relations worthy attention concern the effects of age diversity.
Diversity in age, which is an ascribed vertical characteristic, has a positive effect
on profits and sales. The theoretical chapter did not argue for such a
relationship and, as reported in Chapter 5, this type of diversity has a strong
impact on team member exits. Interestingly, then, performance might benefit
from diversity in age, even if the team stand a higher risk of expelling or losing
team members.

6.2 Summary of hypothesis testing
Table 6.3 summarizes the findings for the eight hypotheses concerning firm
performance. As the table shows, none of the hypotheses have received full
support. Many have received partial support. This is primarily due to the three
different performance measures used combined with the fact that some of the
effects are only statistically significant for one of the independent variables.
Overall, the table below indicates that team compositional aspects are weak
predictors for firm performance. In general, the findings suggest that aspects
related to team level human capital and team level diversity are poor predictors
for firm performance. This holds for all three performance measures relied upon
even if the model predicting sales has a higher fit. In the initial conditions
model, two hypotheses receive no support. The remaining five hypotheses gain
partial support. In addition, the effect of diversity in industry experience was
reverse to expectations. In the longitudinal model, however, only two
hypotheses are partially supported.
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Table 6.3 Overview of hypothesis testing concerning firm performance
Hypothesis
H2a: Team member entry is
positively related to firm
performance
H2b: Team member exit is
negatively related to firm
performance
H3c: The stock of human capital,
measured by mean age, is positively
related to firm performance
H4d: Diversity in terms of achieved
horizontal characteristics, measured
by type of education and industry
experience, is positively related to
firm performance
H4e: The stock of human capital,
measured by mean years of
education, and mean salary, is
positively related to firm
performance
H5d: Team size is positively related
to firm performance
H6c: Having prior joint work
experience is positively related to
firm performance
H7c: Having spousal pair(s) on the
team is positively related to firm
performance
* p<0.10

Initial conditions
model

Longitudinal
model

n/a

Partial support

n/a

Not supported

Not supported

Not supported

Reversed
(for industry experience)
Partial support*
(for the effect of educational
diversity on sales)
Partial support
(for salary)

Not supported

Partial support
(for sales)
Not supported

Partial support
(for sales)
Not supported

Partial support
(for profits)

Not supported

Not supported

Whether certain aspects have performance implications or not, to a large
degree, depends on the performance measure of interest. One of the most
interesting findings concerns the existence of spousal pair(s) and its effect on
firm profits during the first year in business. In addition, the effect of team
member entry and team member exit are interesting aspect worth probing
deeper into. The findings presented in this chapter are discussed and linked to
the theoretical framework in the next chapter.

148

Chapter 7
7 Discussion and conclusions
The results presented in chapters four, five and six are rather comprehensive. In this
chapter these findings are discussed and linked to theory. Interpretations of general
patterns and their theoretical meaning are offered. The chapter ends by offering
implications for theory, research and practice.

7.1 Introduction
This thesis sets out to study new venture teams. The overarching purpose has
been to investigate new venture team composition, how the composition
influences team and team member dynamics, as well as the relationship between
composition, dynamics and firm performance (as an antecedent and as a
consequence). More precisely, the aim has been to address the following four
research questions:
1. What are the characteristics of new venture teams and their team
members?
2. What impact does team composition and firm performance have on
team dynamics?
3. What impact does team member characteristics and individual
deviation have on individual dynamics?
4. How does team composition and team dynamics influence firm
performance?
In relation to these four questions, a number of hypotheses were developed.
They, in turn, are based on social identity and categorization theory as well as
human capital reasoning. In addition, status has been used as a factor in
determining whether diversity can be expected to have positive or negative
effects. In this chapter, the four research questions with accompanying
hypotheses are addressed bearing in mind the research models (see Figures 2.3
and 2.4). For the first question, there are no accompanying hypotheses.
Therefore, the main findings in relation to the components in the research
models are discussed. Research questions two and three are addressed in the
same section, see 7.2.2. Finally, section 7.2.3 is devoted to research question
four.
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7.2 Discussion of findings
7.2.1 Team and team member characteristics
Team and individual characteristics
New venture teams are characterized by being relatively small and over time
tend to become even smaller. At start, the mean team size is 2.77 and a majority
(61 percent) are in fact two-person teams. Prior studies have reported similar
figures (Ruef et al., 2003; Steffens et al., 2007; Ucbasaran et al., 2003),
indicating that teams in general comprise few members. However, studies on
entrepreneurial teams are often conducted on specific types of ventures, such as
Inc. 500 companies (see Appendix 1), and typically report a larger average team
size. Therefore, results from such research may be generalizable only to a very
limited set of firms and teams. Frequently, empirical findings and conclusions
are contradictory, such as results concerning the effects of diversity or team
characteristics (Jackson et al., 2003). Possibly, this is merely a perceived
contradiction and an effect of apples being compared with oranges. Many of the
studies conducted on entrepreneurial teams are based on non-random samples
focusing on narrow industries, such as high-tech, and specific contexts, such as
Silicon Valley (e.g. Beckman et al., 2007; Boeker & Wiltbank, 2005). This
predilection for studying firms with exceptional performance is not specific to
studies on entrepreneurial teams. It has also characterized much of the general
entrepreneurship research (Davidsson, 2004). It is possible that several findings
merely are idiosyncrasies particular to certain types of firms and settings.
Chapter 4 has shown that entrepreneurial teams, defined as the part owners
involved in starting and running a business, are relatively small, display rather
low levels of diversity (particularly in length of education, country of birth and
age), have an average age of 40 and often are the products of a joint effort
pursued by a spousal couple born in Sweden. The Swedish setting aside, this is
not how the entrepreneurial team is usually portrayed (e.g. Timmons, 1999).
Consequently, the typical team does not correspond to the taken for granted
view on new venture teams. This does not mean that previous studies and
findings are not valuable. Instead, it highlights the need to consider what is
being studied as well as whether the findings can be generalized, and for what
firms the generalizations hold.
That teams become smaller over time suggests that team member exits are
more common than team member entries. Chandler et al. (2005) argue, based
on their empirical findings, that it is better to start with a larger team and drop
members along the way. It seems as if this is exactly what new venture teams
do. One reason for this can be related to the possible costs associated with
bringing in new team members (Wagner et al., 1984). These costs relate to
socialization issues as well as learning. In addition, it appears as if team
members exit at early stages. Prior studies on self-employment and firm creation
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have shown that individuals and firms tend to exit from entrepreneurship at
early stages. This seems to hold also for new venture team members, since the
exit rates level off over time. In that sense, team members behave similar to
solo-entrepreneurs (even if the current study has not compared the two).
Individuals typically discover and exploit opportunities related to knowledge
already acquired (Shane, 2000; Venkataraman, 1997). Prior industry experience
and educational attainment are important source of gaining such relevant
knowledge. Approximately one third of the teams had at least one member with
prior same industry experience, indicating that teams are likely to be started in
areas where members possess prior knowledge. Having prior industry
knowledge is slightly more common among teams and team members with
prior joint work experience. Additionally, at an aggregate level, team members
seem to have educational profiles relevant for the studied industries, providing
additional support for the importance of prior knowledge. In sum, new venture
teams draw on the prior knowledge of their members.
Team diversity and individual deviation
The descriptive information suggest that teams are less diverse in terms of
vertical ascribed and achieved characteristics, measured by sex (when controlling
for spousal couples), age and years of education. In addition, women often take
part in teams where they are outnumbered by men, whereas men rarely take
part in teams that are dominated by women. Diversity in terms of industry
experience and salary tend to be rather high. There is also some variation in
type of education. Industry experience and type of education are horizontal
achieved characteristics. Although the measures are not directly comparable
(Bedeian & Mossholder, 2000; Harrison & Klein, 2007), these findings suggest
that the possible effects of homophily are more visible for the variables
associated with status. Incorporating status aspects in the study of diversity
appears to be a promising route. To assess fully the extent of homophily in the
initial team composition, the baseline distribution needs to be considered.
Then, observed figures are compared with figures reported had these teams
been formed randomly (cf. McPherson et al., 2001; Ruef et al., 2003). Such
analyses are outside the scope of the current study. In sum, however, findings
are in line with the studies of Ruef et al. (2003) and Steffens et al. (2007).
Accordingly, homophily is likely to have an influence not only on the
formation of nascent teams. During the early stages of a start-up such effects
can also be observed. In addition, allowing for more diversity in type of
education and industry experience can reflect the need for complementary skills
and abilities facing entrepreneurial teams (Ruef et al., 2003). In other words,
the need to balance instrumental and social demands and preferences is
satisfied.
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Trust and joint experiences
One of the most striking findings in the descriptive chapter concerns the
majority of the teams involving spousal pairs and/or individuals with prior joint
work experiences. These relationships can be described as having high levels of
trust, which is frequently claimed to be important for entrepreneurs (Ruef et al.,
2003; Xu & Ruef, 2007). It also suggests that trust might be more important
than the instrumental aspects, where individuals instead would search for other
team members regardless of their current relationship, as Ruef et al. (2003) also
conclude. They find that functional diversity is less important than homophily
in the team formation process. Except for educational type and sex, spousal
pairs are rather homogenous and less likely to be diverse. This can be an effect
of the strong tendency towards homogamy and the fact that people tend to
marry similar others (Kalmijn, 1991, 1998). However, the findings also show
that teams consisting of spousal couples, on average, exhibit higher levels of
human capital implying that high levels of trust and instrumental objectives are
not necessarily contradictory. Rather, it appears possible to fulfill the need for
both human capital and trust even if diversity is likely to be low. Francis and
Sandberg (2000) point out, in their theoretical paper, that strong ties and
instrumental objectives can indeed be combined.
Individuals frequently start a business together as a team. As a consequence,
when studying self-employment at the individual level, there is a risk that
observations are interdependent. Studies on entries and exits from selfemployment generally do not account for this. Consequently, one of the
underlying assumptions of statistical analyses is frequently violated, i.e. the
independence of observations (Hair et al., 1998). In addition, individuals
frequently start businesses together with their spouse. Timmons (1999) used a
metaphor where he likened entrepreneurial teams to a form of marriage. This
metaphor appears to be more real than he perhaps intended. The large share of
spousal couples venturing together further elevates the risk of observations
being interdependent. Methodologically, this needs to be accounted for.
There are also theoretical reasons for why omitting such relationships can be
problematic. If these relationships are not included in studies on teams, and
entrepreneurs, in general, then there is a risk of miss-match between the
empirical setting and the theoretical models applied. Thereby, findings may be
erroneous and interpreted incorrectly. This also has implications for the current
study. Social categorization and homophily have been central concepts in the
current study. According to prior research, homophily has been shown to be at
play in the selection of marriage partners (Kalmijn, 1998). It has also been
argued to exert influence during divorce processes and de-selection of partners
(Furman & Simon, 2008). Therefore, it can be a relevant lens for studying
team member entries and exits also from teams consisting of spousal pairs.
However, there may be other mechanisms that can provide more knowledge
over and above what the homophily principle can (Reagans, Zuckerman, &
McEvily, 2004). Findings reveal that these teams are much more stable and less
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likely to experience team member exits, which is further elaborated on in
section 7.2.2. This could be explained by homophily, but also other issues, such
as the development of trust, is worthy of greater attention. At the outset of the
current study, I did not have access to spousal information. This is interesting,
considering that it has shown to be one of the most central findings and
provided important insights into entrepreneurial teams.
In relation to the sub-groups, prior joint work experience seems to lessen the
impact of the homophily principle such that these teams are more diverse in
terms of age, educational type, county or birth and industry experience. Teams
consisting of members that previously have worked together are larger and
slightly younger than teams that have no such joint experience. In line with
theory and the homophily principle, increased contacts lead to openness toward
dissimilar people and less influence of visible social categories (Harrison et al.,
1998). In essence then, these teams seem to have overcome the skepticism
towards grouping with dissimilar others. However, age is the only aspect related
to status differentials. The other variables are horizontally aligned. As a
consequence, differences on these dimensions are not as influential for the
decision to join a team. Plausibly, instrumental goals have a higher impact on
the team formation process for these individuals, resulting in more diverse
teams. When controlling for spousal couples, these individuals are likely to be
of the same sex. There are two possible reasons. Either, their prior work place
was characterized by sex segregation, or the homophily principle is exceptionally
strong. It could also be a combination of these factors.

7.2.2 Team and individual dynamics
There are dynamics within the teams studied even if a large share never
experiences those dynamics. Furthermore, exits from teams are more common
than entries. 333 teams (27 percent) experience member exits while 135 (11
percent) teams experience member entries. There are studies on new venture
teams demonstrating that factors driving exits and entries do differ (e.g.
Ucbasaran et al., 2003). However, many studies group these two processes into
one and instead focus on turnover (e.g. Boeker & Wiltbank, 2005). This thesis
supports the view of Ucbasaran et al. (2003) and Forbes et al. (2006) in that
entries and exits are two separate processes even if they are, according to the
findings, highly related. Consequently, diversity has differential effects
depending on the outcome studied. This means that research grouping the two
might overlook important aspects of the turnover process and consequently
future studies should aim to separate between the two outcomes. Chapter 4 and
Chapter 5 showed that the models analyzed are better at predicting exits than
member entries and firm performance. The variables predicting exits did not
appear to be as influential for predicting team member entries. Therefore, the
driving force behind the two processes is likely to differ and other aspects seem
more important for understanding when entries take place.
153

Jönköping International Business School

The analyses conducted have shown that team member exits should be
treated multi-dimensionally, both at the team and individual level. At the team
level, four different routes were distinguished and at the individual level, there
were an additional two. The team can either experience member exits or not
and the firm can either stay in business or dissolve. Therefore, there are firms
staying in business with the team intact and firms staying in business while
experiencing member exits. Likewise, a firm that dissolves can either stay intact
until dissolution or experience member exits prior to dissolution. At the
individual level, an individual can either stay or leave when the route involves
team member exits. It is possible that a similar separation can be made in terms
of team member entries. However, the empirical material has not allowed me to
investigate this possibility. Nevertheless, it seems important to consider team
member exits in a more nuanced manner than prior studies have done. This
adds to the studies conducted so far (Chandler et al., 2005; Ucbasaran et al.,
2003), where member exits are treated as a binary outcome.
Even if the analyses have shown that the four exit routes are distinct and
different, there are also many similarities. When comparing what outcomes are
more likely to differ based on the studied variables, some intriguing patterns
emerge. At the team level, the outcome of continuation with an intact team has
more in common, or is much less likely to differ from, a pure firm dissolution
than the other two outcomes. Likewise, the two outcomes in which the team
experiences member exits, regardless of if the firm eventually dissolves or not,
are more often tied together than they are with the other two outcomes. Put
differently, when predicting exits, the effects of the diversity measures are less
likely to be statistically significantly different when comparing firms that stay in
business with the team intact with firms that experience a pure dissolution. The
same observation holds when comparing the two outcomes where teams
experience member exits while other members stay, regardless of if the firm
eventually dissolves. This suggests that exits from firms that stay in business and
firms that eventually dissolve, largely are driven by the same social mechanisms.
If these exits are related to conflicts it supports the view that individuals are
generally unable to separate between task and relational conflicts (Ilgen,
Hollenbeck, Johnson, & Jundt, 2005). However, given that individuals with
higher levels of human capital tend to stay, it still suggests that the instrumental
focus has an impact on these dynamics. In sum, even if some outcomes are
similar to one another it is important to point out that there are differences.
The analyses have clearly shown that none of the outcomes should be combined
and that it is important to separate between different types of exits. Especially at
the individual level, such separation adds valuable information over and above
what a binary outcome does.
Influence of team and individual characteristics on team and individual dynamics
Team size is an important aspect of team dynamics. At the firm level, the
findings showed that the larger the initial team size, the more likely that
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additional members will be added. This shows that initially larger teams are
more open to adding members. For small teams this might be perceived as a
much larger step. Research conducted on the growth of firms has shown that
new and small business managers are often hesitant towards growing (Wiklund
et al., 2003). Making the new venture team larger relates to this debate,
indicating that the skepticism is larger the smaller the team. Team size is also
positively related to team member exits. The larger the team, the more likely
that individuals will leave.
As hypothesized, individuals belonging to larger teams are more likely to exit
their teams. In addition, individuals’ human capital, measured in years of
education, salary and age were negatively related to individual exits.
Consequently, in line with the hypotheses, individuals possessing higher levels
of human capital are less likely to leave the team. Interestingly, however, if the
firm eventually dissolves, higher educated individuals leave the team prior to
dissolution. As this involves a loss in human capital, it could cause the firm to
later dissolve. However, it could also mean that the higher educated leave
because they foresee firm dissolution. Counter to expectations, prior industry
experience did not appear to have the same effect on individuals’ odds of
staying in their teams. Given that thresholds or opportunity costs are not
controlled for, but may still be important considerations facing individuals
(Gimeno et al., 1997), it is plausible that individuals with relevant industry
experience have more career options. Therefore, their higher levels of human
capital can induce them to stay with the firm or they may have other, more
attractive, options.
Influence of diversity and deviation on team and individual dynamics
With regard to the hypotheses predicting team and individual exits, team
demographics indeed appear to be important factors in the development of
teams over time, lending support to the argument that social psychological
processes are part of the team development. According to Lau and Murnighan
(2005) more readily detectable characteristics are almost always salient in social
interaction because they are difficult to disregard. According to social identity
theory, easily detected demographic attributes can indeed be socially
meaningful (McGrath et al., 1995; O'Reilly et al., 1989; O'Reilly et al., 1998).
The findings concerning exits support the notion that these types of
characteristics are related to social processes such as exits from new venture
teams.
Team level variables capturing vertically aligned diversity do have an effect
on team member exits. This implies that diversity capturing status differences
has a negative impact on team stability and is likely to result in team member
exits. The diversity measures with the strongest influence on team member exits
concern age and sex. This is in line with previous findings concerning age and
network characteristics (McPherson et al., 2001) as well as top management
team turnover (Jackson et al., 1991; O'Reilly et al., 1989; Wiersema & Bird,
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1993). Not only does the homophily principle seem to guide team formation
(Kim & Aldrich, 2004a; Ruef et al., 2003), but it also appears to drive the
process of team member exits (Kim & Aldrich, 2004a). The findings
concerning vertically aligned diversity, especially in terms of ascribed
characteristics, are in line with this view. The more diverse a team is, the more
likely it is to experience member exits. The analyses in Chapter 5 showed that
diversity along some, but not all, of the achieved vertical characteristics was
positively related to team member exits. More specifically, income diversity was
negatively related to team member exits, while the same relationship was not
found for years of education. The hypothesis concerning ascribed vertical
diversity was supported and the hypothesis concerning achieved vertical
diversity was partly supported. It appears, then, that even if the ascribed
characteristics may not be important for the tasks at hand, they may still have
an impact on the exit of team members.
In addition, individual deviation in vertically aligned characteristics, on
dimensions such as age and sex, drives individual exits. Interestingly, individuals
that are substantially older than the mean age of the team tend to stay whereas
those that are substantially younger than the mean age tend to leave. This
confirms and extends the findings of Popielarz and McPherson (1995) who
showed that the more an individual deviates from others in the group the more
likely he or she is to leave the group. However, it does not appear to be
deviation per se, but rather the direction of deviation (younger or older) that is
important. An applicable explanation is to be found within the social
categorization process and distinctiveness theory and ways to deal with social
categories (Ellemers et al., 2003; Mehra et al., 1998; Turner, 2004). From the
individuals’ point of view, the person with more human capital should
theoretically want to distance him- or herself from the others in the group while
the ones deviating negatively could be expected to strive for the opposite. This
would be related to social creativity (Ellemers et al., 2003) and distinctiveness
theory (Mehra et al., 1998), which predict that people will try to distance
themselves from others of an undesirable identity (Haslam, 2004). As a result,
the person with higher levels of human capital might try to push out others
from the team while these individuals in turn aim to stay with the team.
Individuals belonging to a group with a higher social status will be more prone
to distance themselves from others on the team (Mehra et al., 1998). Who will
end up leaving, depends on who is least associated with the firm and have least
influence on decisions. It could be the case that a person deviating from others
by also having higher levels of human capital, might associate more with the
firm identity, i.e. feel more obliged towards the company. It could also be that
people of higher social status and more human capital have more say in relation
to who stays and who leaves.
In regards to sex, however, it is highly interesting to note that men and
women differ in their reactions to being outnumbered. While men are much
more likely to leave if they are outnumbered, women are much more likely to
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stay. Being outnumbered, if one has a higher status, might lead people to
choose the path of least resistance. That is, they would rather leave the team and
firm than force several others to leave. This would also be in line with the
findings of Popielarz and McPherson (1995) since being outnumbered implies
that one is dissimilar to a majority of the team members in the group on that
particular dimension. However, status might be important for deciding on
whether to stay or leave and therefore women and men tend to react differently.
Previous findings from other fields concerning men and women’s reactions to
being outnumbered have revealed similar findings (Chatman & O'Reilly, 2004;
Tsui et al., 1992; Williams & O'Reilly, 1998). For example, Chatman and
O’Reilly (2004) found that men were more likely to leave work groups as the
proportion of women increased while women were more likely to leave
homogenous or balanced workgroups. An explanation can be found in the
discussion on status and reactions to different status groups (O'Reilly et al.,
1998). The theoretical chapter discussed that women are frequently viewed as
having a lower status than men have. Therefore, the composition in regards to
sex is likely to effect the members of the group differently (O'Reilly et al.,
1998). According to distinctiveness theory and the social creativity strategy one
would strive to be associated with individuals of higher status (McGuire, 1984,
cited in Haslam, 2004; Mehra et al., 1998). That is, if an individual is not
satisfied with the values associated with the social category one belongs to, in
this case the entrepreneurial team, he or she is likely to take action. Being an
outnumbered woman could imply that the other members of the team are
ranked as having a higher status. For ones self-image this can be beneficial, as
belonging to this group possibly increases one’s own status. On the contrary, if
others in the group have a lower status, one would aim to not be associated with
them to the same extent. This is also a sign of social creativity, which states that
one strategy individuals might choose, when they are unhappy with the
category to which they belong, is to identify with other out-group members in
order to obtain a more positive identity (Haslam, 2004). Thus, a person will
belong to the social category of being a man or a woman and the social category
associated with the new venture team. The team identity in turn is influenced
by the composition. If this identity is not favorable individuals will decide to
leave. If it is favorable the choice will be to stay. This means that a man who is
part of a team dominated by women will tend to leave this group as the status
level might not be satisfactory. A woman in a male dominated team on the
other hand will want to stay since there may be positive spillover effects of the
other members’ status levels.
Furthermore, deviations in terms of achieved vertical characteristics, such as
salary, also appear to have an influence on the tendency to leave a team such
that people earning substantially less that the team mean tend to leave the team,
whereas people that earn substantially more tend to stay. The reason for leaving
would be either that these individuals are expelled from the team, or they do
not receive enough return on their human capital and might turn to other
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income sources. Taken together, the findings suggest that absolute deviation is
not critical; rather it is the ability to measure both negative and positive
deviation that matters. This could be a result of both social processes and
instrumental objectives influencing who tends to be expelled from, or choose to
leave, the team. Deviation in terms of educational level did not have a
statistically significant impact on individual exits.
Trust and joint experiences are indeed important to consider when studying
dynamics. Joint work experience was anticipated to decrease the likelihood of
team member exits. On the contrary, findings suggest that joint work
experience is positively related to team member exits. There are two possible
explanations to this. Either individuals underestimate the demands that running
a business together involve, or they have higher expectations on the
development and financial returns of the company. If these are not fulfilled,
members might choose to exit the firm. The hypothesized relationship between
joint work experience and team member entry was not supported.
At large, the findings concerning spousal pairs supported the anticipated
relationships. Teams consisting of spousal pairs exhibit much less dynamics
than other teams. Very high levels of trust appear to make people either stay in
business or continue until dissolution. In that sense, they appear to follow the
rules of marriage: “for better or worse.” These individuals do not leave the
team, nor do they force their spouses to do so. Analyses at the individual level
show that the people without spousal ties are more likely to leave, even if the
team consists of spousal couples. Thereby, these ties seem to be the most
durable, even in a business context. Bringing in new team members also appears
to be less common for spousal couples. In the review on teams Daily and
Cooper (1997) point out that teams can be formed by bringing family members
on board as there is developed compatibility in long-term relationships. In
addition Bird (1989) states that running a business together poses different
demands than being a spouse. Interestingly, Daily and Cooper (1997) ask
whether teams consisting of individuals with prior joint work experience and
teams formed with family are more stable. This research provides an answer.
Teams consisting of members with prior joint work experience are less stable,
while family ties increases stability.
Influence of performance on team dynamics
The influence of performance on team member entry was hypothesized to have
a positive effect, meaning that firms performing well would be more likely to
have entries. This did not appear to be the case. In fact, in the initial conditions
model, performance showed to be negatively related to team entry.
Consequently, well performing firms are less likely to bring in new team
members. The effect of past performance on member exits was, however,
supported in the initial conditions model. Thereby, it appears as if poor initial
performance brings about team member exits. None of these relationships
gained support in the longitudinal model. Given that these are based on rather
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small groups, the findings in the initial conditions model are given more
weight. Therefore, it can be concluded that poor performance drives both
member entries and exits. This confirms the arguments by Wagner et al. (1984)
who found that poorly performing firms had higher turnover rates. According
to them, there is a high cost associated with member turnovers and therefore it
is likely to be a solution used to solve only severe problems. Poor performance
has been shown to drive team member exits (Boeker & Wiltbank, 2005; Fiet et
al., 1997). However, there are also findings indicating that firms performing
exceptionally well stand a higher chance of doing changes to the top
management team. The findings of this thesis support the argument that poor
performance is associated with member changes (Fiet et al., 1997; Wagner et
al., 1984), both in terms of entries and exits. It is possible that a longer time
span would show different patterns, but for young ventures past performance is
negatively related to exits and entries of team members. It is likely that there are
costs associated with socializing new members and as long as the firm is doing
well, the team members will be happy with the team make up. Prior studies
have asked whether poor financial performance will make the teams less stable
(Cooper & Daily, 1997). These findings show poor performance and team
stability are negatively related.
Performance during the first year in business is critical for firm survival and
team stability. Studies have shown that initial capital is important for firm
survival (Bamford, Dean, & McDougall, 2000; Gimeno et al., 1997). The
relative profits of a firm during its first year in business could be viewed as a
proxy for this. It also appears as if the feedback from the market during the first
year in business is important for whether dynamics and dissolution will take
place.

7.2.3 Performance
The analyses of performance indicate that the compositional variables and
diversity indices are poor predictors of firm performance, providing fuel to the
black box argument that criticizes diversity research for making too large leaps
(Pelled et al., 1999). These types of variables are rather distal from firm-level
behavior and outcomes such as performance (Delmar, 2000). There is strong
reason to believe that more proximal variables would be better predictors of
performance. Furthermore, the variables included in the study may be
moderated by context (Murray, 2003; Richard et al., 2004; Wiersema &
Bantel, 1993) or stage of development (Chandler et al., 2005). Therefore, if
there is a link between the stock of human capital, diversity and firm
performance, it is likely to be more complex than a direct effect implies. None
of the eight hypotheses predicting performance, as measured by sales, profits
and ROS, received full support. There were some statistically significant
findings providing partial support for four of the hypotheses.
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Influence of team characteristics on performance
Human capital in terms of age and education had no effect on performance.
Some other relationships between human capital and performance were noted,
however. The average salary of the team and team size positively influenced
sales while the hypothesis predicting a positive relationship between prior joint
work experience and performance did not gain support. Having worked
together previously, was argued to signal that team working skills should already
be in place. Therefore, these teams would be more efficient in executing their
tasks. This does, however, not seem to be the case.
Interestingly, the hypothesized relationship between spousal couples and
firm performance received some support. It appears as if spousal couples
perform somewhat better in terms of profits. The same relationship to sales was
not found. Perhaps, these teams are in fact more efficient and/or frugal and able
to be somewhat more profitable. Prior relationships could, in that sense, make
the team more efficient and committed (2003). In light of the descriptive
statistics, presented in Chapter 4, this should not be given too much weight
even if the tendencies to achieve higher relative profits indeed are interesting.
Influence of diversity on firm performance
The hypothesis predicting a relationship between diversity in horizontally
aligned achieved characteristics was based on one main assumption. More
precisely, the theoretical chapter argued that when diversity does not imply
status differences, the benefits often associated with diversity may be reaped
more easily. Therefore, diversity in industry experience and type of education
were believed to bring benefits to the team and the firm. However, the findings
concerning this relationship were mixed. The initial conditions model showed a
reversed relationship with diversity in industry experience and a positive effect
of educational diversity on sales. Thus, it is possible that having different
industry experiences actually brings about less cohesion, communication
problems and less effective teams, while different educational profiles ascertain
that the team members complement each other. Williams and O’Reilly (1998)
argue for this in their review of diversity in organizations. They show how
diversity can benefit as well as have negative effects on teamwork. Given that
the results do not appear to be strong, this thesis has not fully explained the
influence of diversity on performance.
Influence of entries and exits
One could contemplate on whether exits are good or bad and for whom. My
aim has not been to examine if the exit is good or bad from a company’s point
of view. What I can say, however, is that when exits take place, they appear to
partly be related to the diversity of the team. In that sense, similarity can be
argued to represent the ties that bind the team together. One could also ask if
the “right” person exits the team. From the analyses of team dynamics, it is
clear that diversity tends to impact team member exits and to some extent team
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member entries. This in turn is likely to have an effect on firm performance.
My findings reveal that exits have a positive impact on sales while entries have a
negative effect. Additionally, entries are likely to lead to increased profits and
return on sales. However, it might be the case that also the influence of exits
and entries are moderated by other variables. For example, an exit while facing a
financial loss might have other effects than an exit taking place during
prosperous times.

7.2.4 Summarizing the findings
Over the past decade, entrepreneurship research has moved from a focus on
individual entrepreneurs to an appreciation of the role entrepreneurial teams
play in the development of new firms. Recent contributions suggest that
entrepreneurial teams are highly stable over time, but that individuals are
occasionally added to, or dropped from, a team. Thanks to the unique database
that was constructed for this thesis, it has been possible to study such dynamics
over time, both from a team and an individual perspective. In addition, I have
investigated the link between team and individual characteristics, dynamics and
firm performance. By applying theoretical principles of homophily, social
identity, and social categorization theory, combined with human capital and
status aspects, I have gained a greater understanding for how the tangible
characteristics of team members affect the probability of their departures from a
team. More precisely, diversity and deviation on vertically aligned dimensions,
related to status differences, appear to have a strong impact on team
development and individual dynamics. It is interesting to note that both
negative and absolute deviation need to be measured. This thesis has shown
that individuals being much younger than others in a team are more likely to
exit. In addition, men are more likely than women to leave teams when being in
minority. Thus, it is not individual differences as such that leads to exits.
Instead, the choice is influenced by the direction and attractiveness of deviation.
This suggests that social processes combined with instrumental objectives guide
who will exit a team. Furthermore, trust and joint experiences are important
factors to consider when investigating team dynamics and composition. In
terms of previously having worked together, teams with such individuals
onboard are more likely to experience team member exits. At the same time,
prior joint work experience seems to counteract certain aspects of homophily
behavior in the formation stages. The effects of diversity, however, may still
have an impact. Spousal pairs on the other hand display low levels of team
dynamics and the multivariate analyses indicate that they also are more
profitable.
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7.3 Implications
7.3.1 Contributions to the entrepreneurial teams literature
This thesis makes some distinct and important contributions to the literature.
In particular, five contributions deserve special attention. First, this thesis has
applied a social rather than an economic lens to the study of entrepreneurial
teams. The processes entrepreneurial teams go through appear to be well
captured by drawing on theoretical insights from social psychology. A limited
number of prior studies have taken a similar approach (e.g. Ruef et al., 2003).
However, the insights from doing so have not yet made the way into the
mainstream entrepreneurship discourse. The reliance on social identity and
social categorization theory appears particularly fruitful for research on
entrepreneurial teams. These theories seem ideal for explaining new venture
team dynamics. In line with theory, my findings show that trust and familiarity
are particularly important for new venture teams and their processes. These
findings run counter to the conventional view of entrepreneurial teams. I find
that especially spousal relations matter. Importantly, these teams are different
from other teams. In particular, they exhibit less dynamics across a number of
attributes. The literature on entrepreneurial teams rarely considers these
relationships but instead portrays the team formation process as a lead
entrepreneur’s deliberate search for specific skills and competencies. Such a
rational and economically based selection of tem members is probably not
applicable to the majority of teams.
Second, in this thesis I have shown that social identity and categorization
theory as well as the principle of homophily can be applied to the context of
entrepreneurial teams. In addition, using insights from human capital theory,
combined with status, to examine the structure of diversity seems particularly
promising. It appears that it is essential to consider if diversity is horizontally or
vertically structured. Vertically structured diversity where team members have
different status appears to drive much of the findings concerning team
dynamics. In addition, being different from others in the group is not enough
to drive individual exits. The direction and perceived attractiveness of the
deviation seems to be critical. The conceptualization of horizontal and vertical
diversity (status) and the empirical findings constitute an important
contribution to the diversity literature in general and to the new venture teams
literature in particular.
Third, I utilized a more fine-grained measure of exit than previous research.
The empirical analyses supported the exit routes identified. The exit categories
were shown to be distinct and empirically, as well as theoretically, meaningful.
A team starting a firm that continues to survive during the whole observation
period may have member exits for different reasons than teams whose firms
eventually shut down. In the latter case it may be the case that a team member
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is actually leaving the firm with an anticipation that the firm is close to
dissolution. An analogy would be individuals on a boat. If the boat slowly
started to sink a person might decide to leave earlier than others in order to
avoid going down with the ship. However, an equally applicable argument
could be that the individual is jettisoned as an attempt to make the boat lighter.
On the contrary, people on a boat that is holding or picking up its speed, may
have other reasons for people leaving. By distinguishing between these types of
exits, I have been able to observe differences in behavior depending on the
different outcomes. Of particular importance is the finding that the two
categories ‘survival’ and ‘pure dissolution’ are relatively similar whereas they are
quite different from the categories ‘member exit and survival’ and ‘member exit
and dissolution’. The literature on team exits often views entry and exit as one
dimension, i.e. turnover, disregarding that entries and exits differ. In addition,
different exit routes are completely disregarded. However, accounting for
different exit routes turned out to be more distinct empirically. It therefore
appears that the entrepreneurial teams literature would benefit greatly from
utilizing the more fine-grained approach developed here.
Fourth, the thesis demonstrates the potential for cross-fertilization between
the small groups literature and the formal teams literature (such as the TMT
literature). These two strands of literature have developed in relative isolation
from each other. Entrepreneurial teams appear to constitute a middle ground
between these domains benefitting from insights from both literatures.
Entrepreneurial teams, just like TMTs and project teams meet financial
objectives and goals. In addition, the new venture team context adds the trust
dimension. More precisely, how spouses are part of the team. The research
presented in this thesis contributes to both literatures and represents a bridge
between them showing when cross-fertilization is possible.
Fifth, I have shown that linked employer-employee data can provide
valuable insights and empirical material. One of the great strengths is that they
allow for unbiased estimates and that they facilitate the study of changes over
time. There are few readily available data registers containing entrepreneurial
teams (Forbes et al., 2006). Most previous studies have therefore relied on
convenience samples. Because response rates are notoriously low, they have also
conducted cross sectional studies. Admittedly, a drawback of the data I use is
that variable measures tend to be coarse-grained. However, by combining
different registers and by combining different measures into new variables, the
resulting databases nevertheless contain relatively rich information.
Furthermore, my approach can be further developed. It is possible to approach
team members several years after the actual founding in order to investigate
further team processes and outcomes. Such an approach would also enable
researchers to track unsuccessful teams and investigate the processes they went
through.
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7.3.2 Implications for practitioners
My research also has valuable implications for practitioners. Four groups in
particular can draw on the insights offered. First, people involved in teams in
general, and new venture teams in particular, face several challenges.
Oftentimes, as a rationalization, we tend to downplay the role of social
dimensions. This thesis shows that such dimensions exert a strong influence of
who is part of the team as well as the stability of the team. Neglecting the
importance of these dimensions may hamper team processes and performance.
Instead, this could be viewed as a great resource for the team and the firm. As
argued by Francis and Sandberg (2000) trust and strong ties can be thought of
in an instrumental way. These ties, may in fact be more cost efficient as well as
process efficient. By being aware of the importance of social dimensions and
levering on such relations and trust, it is possible that firm specific
competencies and a competitive edge can be built.
Second, individuals involved in giving advice to new venture teams also gain
from addressing the role of trust and prior relations. Without doing so, advise
given may lead to increased team conflicts, less identification with the team and
less trust and cohesion. The findings suggest that trust plays an important role
in the composition of teams. Even if there is an instrumental focus, trust and
strong ties appear to be more important when joining a new venture (Ruef et
al., 2003). By focusing more on whom individuals trust and how such relations
can be managed, team members can be offered better advice and be well
equipped to take on future challenges. Additionally, the small role
entrepreneurial teams, in the form of venturing couples, play in the literature
needs to be changed. In part, this is addressed by the family business literature.
However, given that new firms face slightly different challenges from
established businesses, these practitioners could benefit from courses and
programs specifically targeting them. Being aware of the social dimensions and
consequences is crucial. These aspects should not be denied or viewed as
inferior. Instead, the potential strengths of relying on trusted others can be
viewed as an advantage.
People working with teams, either as VCs or as teachers, often impact the
composition of the team. Especially in the classroom, normative advice abound.
Special focus often lies on how successful teams should be built (cf. Timmons,
1999). Rarely are potential benefits of venturing with trusted others brought
up. The importance of having prior joint work experience is often highlighted,
though. Family, friends and the importance of trust, on the other hand, are not
given much room. Instead, claims concerning the importance of diversity
proliferate. Therefore, this group of practitioners can benefit from knowing that
some types of diversity might bring about a higher likelihood of member exits.
Chances are that diversity on characteristics, which implies status differences,
are likely to have an effect on team member exits. This might not be
detrimental to firm performance, but if striving for creating stability, an overlap
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on vertically structured characteristics, such as sex and age, seem to aid. In
addition, one should be aware that income differences are also likely to be
related to team member differences. Other types of diversity do not seem to
have the same effect and does not need to be avoided to the same extent, when
striving for team stability. Furthermore, the aspect of men’s and women’s
differential reactions to being outnumbered is important to consider when
actively influencing the composition of a team. When men are outnumbered
they are more likely to leave the team than women being in the same situation.
Therefore, if aiming to avoid team member exits, teams and firms can work
more on acknowledging the potential down sides and thereby be better
prepared in the face of conflicts and turmoil. Even though composition based
on readily detected characteristics do not have a direct effect on firm
performance, it seems to influence team stability and individuals choices to stay
or leave a team. Indirectly, this can have an effect on the performance of the
firm. However, at large, this thesis shows that when forming new venture
teams, the readily demographic characteristics are not the most important
decision criteria. Nor does diversity on these dimensions appear to result in
higher performance. Therefore, creating diverse groups based on such criteria
should not be a goal in itself. More important is the issue of trust and prior
relations.
Fourth, following the discussion above, policy makers, when highlighting
the importance of diverse groups need to contemplate on two things. First,
diversity in terms of what should be given extra thought. As shown, diversity
(especially on demographic characteristics) as a goal in itself might not be
beneficial. Second, for what is the diversity thought to be important. I find that
the structure of diversity, individuals response to being in minority, as well as
different types of outcomes need to be integrated into this general debate. This
does not mean that I am pro segregation and homogenous groups. Rather, I
believe further research in relation to diversity management and groups
processes can provide valuable policy implications leading to better informed
advice and decision-making.

7.4 Limitations and future research
All research struggles with limitations. This thesis is no exception. However,
many of the limitations can also offer promising avenues for future research. I
here elaborate on these limitations and challenges for future research.
Although this thesis addresses the impact of dynamics both at the team and
at the individual level, there is much left to do. In particular, I have adopted a
negative view on member exits. However, exits are not necessarily bad. in
relation to exits I see several intriguing questions. What is it that drives exists
from teams that face firm dissolution? Put differently, do exits lead to
disbanding more often than anticipation of disbanding leads to exits? Perhaps,
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the effects of different types of diversity and deviation would differ depending
on the answer. When do individuals gain from leaving a team and a firm and
when do firms gain from member exits? I believe it would be promising to
further disentangle the effects of team dynamics on team, firm as well as
individual performance. It could also be highly interesting to consider when
exits and additions are made. For example, if a firm performs well, an addition
might bring about different outcomes than if the entry is made while facing
tough times. Especially, since past firm performance has an impact on current
firm performance.
My research has shown that spousal couples often team up. Considering that
they constitute a large share of all new venture teams, they ought to have more
attention in the literature. This would be a way to merge the family business
literature with the entrepreneurship literature. Family business and
entrepreneurship scholars have recently shown an interest in integrating the
domains (Brockhaus, 1994; Naldi, Nordqvist, Sjöberg, & Wiklund, 2007;
Rogoff & Heck, 2003; Steier, Chrisman, & Chua, 2004; Zahra, 2005). Even
though the family dimension empirically has shown to be core for new business
development, entrepreneurship scholars only to a certain degree consider
aspects of family business. Given the prevalence of these firms, this context
indeed deserves more attention. In addition, other types of relations may prove
important for new venture teams. This thesis does not consider other family
relations, which is a limitation. Nor do I investigate the potential impact of
friends. There are reasons to believe, that such dimensions will provide
additional insights.
Studying teams over time poses some difficult challenges. I have previously
mentioned that this is difficult from a data collection perspective. In addition, it
requires additional considerations from a methodological perspective. First, it is
technically more difficult to model and fully make use of a panel data set. Most
likely, fixed effects estimation is required. As a consequence, changes over time
are investigated rather than differences across cases. This has theoretical and
empirical implications. More precisely, predictions should be related to changes
taking place and not the variation across teams. In addition, individual level
analyses are likely to be biased if the nested structure of individuals belonging to
the same team is not accounted for. There are very sophisticated multi-level
modeling techniques (e.g. gllamm) that have been developed to deal with this.
Even if there are challenges and drawbacks of using longitudinal data, this
research has shown that the time dimension indeed is important to capture.
Teams are likely to change over time (Arrow et al., 2004). I have been able to
capture parts of the time dimension, but there is more work needed.
Given the coarse grained nature of the variables investigated, many
interesting aspects are lost. They relate to values and beliefs, creativity and
conflict, as well as lifestyles and personal interests. Consequently, I am not able
to provide insights into the internal processes of new venture teams. One such
issue relates to trust. The development of trust and its relation to status would
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be a highly interesting research area. Status has an influence on team dynamics,
as well as other group processes (cf. Adams, 1953). Trust is also important for
new venture teams and their stability (Ruef et al., 2003). Therefore,
investigating further how trust and status are related would elucidate important
issues facing new venture teams and their members.
Additionally, I have not been able to control for private equity and venture
capitalists involvement in the new venture teams. I do not expect the results to
differ substantially based on that. Nonetheless, this is a weakness of this research
project. New venture team formation is argued to be similar to natural group
formation. However, outsiders are known to have an impact on the
composition of teams backed by venture capitalists. As a consequence, they do
not represent new venture teams in general. This thesis does not reveal how
outsiders influence on team composition influences dynamics and firm
performance. Future research could address this issue in depth, showing if
diversity has the same impact on these firms. Overall, new venture teams offer
many intriguing possibilities and challenges for future research.
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Appendix
Appendix 1Overview of empirical studies on entrepreneurial teams
Author
Sample
Random
(Aldrich et al., 2002)
(Amason et al., 2006)
(Bamford et al., 2002)
(Baum & Silverman, 2004)
(Beckman et al., 2007)
(Bruton & Rubanik, 2002)
(Chaganti et al., 2008)

(Chandler et al., 2005)
(Chowdhury, 2005)
(Clarkin & Rosa, 2005)
(Clarysse & Moray, 2004)
(Eisenhardt & Schoonhoven,
1990)
(Ensley & Hmieleski, 2005)

(Ensley & Pearson, 2005)
(Ensley et al., 2000)
(Ensley, Hmieleski, & Pearce,
2006)
(Ensley, Pearce, & Hmieleski,
2006))
(Ensley et al., 2002)
(Fiet et al., 1997)

(Foo et al., 2005)

(Forbes et al., 2006)

816 U.S. nascent entrepreneurs
(PSED)
174 U.S. IPO-firms, six years or
younger.
140 new bank start-ups, i.e. all banks
started in 1988.
204 Canadian biotechnology start-ups
and 471 incumbent firms.
161 high-tech independent firms in
silicon Valley.
45 high-tech firms at a Russian
technological park.
52 new American Internet ventures
(26 with at least one immigrant on the
team and 26 with no immigrants)
408 Swedish (emergent) firms 124
American (5-year-old) firms.
79 U.S. high-tech team ventures.
1201 North-American franchises.
One high-tech university spin-off from
CINE, Belgium.
98 U.S. semiconductor firms founded
between 1978-1985
Convenience sample of 102 high-tech
university-based start-ups and a
random sample of 154 independent
high-tech start-ups.
224 Inc. 500 firms.
625 team members of Inc. 500 firms.
Sample one: 66 Inc. 500 firms,
Sample two: 154 Dun & Bradstreet
firms.
66 U.S. Inc. 500 firms.
70 U.S. Inc. 500 firms.
837 ventures having received initial
funding, identified in the venture
capital journal. 205 answers used.
131 judges (based on their
experiences), i.e. not random sample
of judges. No information on how the
business plans were chosen.
Three U.S. technology based spin out
firms.
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Yes, on
individuals
No
No
No
No
No
No

Partly
No
No
No
No
Partly

No
No
No

No
No
No

No

No
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(Lechler, 2001)
(Matlay & Westhead, 2005)
(Neergaard, 2005)
(Roure & Maidique, 1986)
(Ruef et al., 2003)
(Steffens et al., 2007)
(Talaulicar et al., 2005)
(Ucbasaran et al., 2003)

(Vanaelst et al., 2007)

(Weinzimmer, 1997)

159 German firms, less than 6 years
old.
15 case studies in the tourism and
hospitality industry.
24 Danish new technology based firms.
8 VC funded high-tech start-ups.(four
successful and four unsuccessful)
816 American nascent entrepreneurs
(PSED).
410 Swedish nascent entrepreneurs
(PSED).
56 German high-tech start-ups.
92 Brittish manufacturing or service
firms that part of a study conducted in
1990/1991 and still in business in 2000.
2 Technology transfer office projects
and 2 spin-outs that were on a listing
of spin-outs in Flanders.
Matched sample of 74 small and 114
large firms.
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No
No
No
No
Yes, on
individuals
Yes, on
individuals
No
No

No

No
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Appendix 2 All industries in the sampling procedure
Code
24410
24420
24650
29402
29600
30010
30020
31100
31200
31300
31400
31502
31610
31620
32100
32200

32300

33101
33102

33200
33300
33400
33500
35300
64201
64202

Industry
Manufacturing of pharmaceutical base products
Manufacturing of pharmaceuticals and drugs
Manufacturing of recording material
Manufacturing of welding and soldering equipment
Manufacturing of weapons and ammunition
Manufacturing of office equipment
Manufacturing of computers and other information
processing equipment
Manufacturing of electric motors, generators and
transformers
Manufacturing of electricity distribution and control
apparatus
Manufacturing of insulated wire and cable
Manufacturing of accumulators, primary cells and
primary batteries
Manufacturing of light bulbs and fluorescent tubes
Manufacturing of electrical equipment for engines and
vehicles n.e.c.
Manufacturing of other electrical equipment n.e.c.
Manufacturing of electronic valves and tubes and
other electronic components
Manufacturing of television and radio transmitters
and apparatus for line telephony and line telegraphy
Manufacturing of television and radio receivers, sound
or video recording or reproducing apparatus and
associated goods
Manufacturing of medical and surgical equipment and
orthopedic appliances except artificial teeth, dentures
etc.
Manufacturing of artificial teeth, dentures, dental
plates etc.
Manufacturing of instruments and appliances for
measuring, checking, testing, navigating and other
purposes, except industrial process control
equipment
Manufacturing of industrial process control
equipment
Manufacturing of optical instruments and
photographic equipment
Watch manufacturing
Manufacturing of aircraft and spacecraft
Network operations
Radio and television broadcast operation
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1
1
0
1
1
0
1
2
3
3
1
0
0
0
5
0

0

1
5

1
3
1
0
1
4
0
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64203
065110
65120
65210
65220
65231
65232
66011
66012
66020
66030
67110
67120
67130
67201
67202
70110
70120
70201
70202
70203
70204
70209
70310
70321
70329
72100
72201
72202
72300
72400
72600
73101
73102
73103
73104
73105
73201

Cable television operation
Central banking
Other monetary intermediation
Financial leasing
Other credit granting
Investment trust activities
Unit trust activities
Unit link insurance
Other life insurance
Pension funding
Non-life insurance
Administration of financial markets
Security broking and fund management
Activities auxiliary to financial intermediation n.e.c.
Insurance broking
Other activities auxiliary to insurance and pension
funding
Development and selling of real estate
Buying and selling of own real estate
Letting of dwellings
Letting of industrial premises
Letting of other premises
Property management of tenant-owners’ association
Letting of other property
Real estate agencies
Management activities of national cooperative building
societies
Other management of real estate on a fee or
contract basis
Hardware consultancy
Other software consultancy and supply
Publishing of software
Data processing
Data base activities
Other computer related activities
Research and development on natural sciences
Research and development on engineering and
technology
Research and development on medical and
pharmaceutical sciences
Research and development on agricultural sciences
Interdisciplinary research and development,
predominantly on natural sciences and engineering
Research and development on social sciences
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0
0
1
1
0
1
5
0
0
0
0
0
9
4
14
9
0
0
19
5
9
0
5
24
0
16
12
198
28
5
4
3
1
4
9
0
0
0
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73202
73203
74111
74112
74120
74130
74140
74150
74201
74202
74300
74401
74402
74403
74409
74841
74842
74843
74844
74849
80301
80302
80303
80304
80305
80309
85110
85120
85130
85140
85200
85311
85312
85313
85314

Research and development on humanities
Interdisciplinary research and development,
predominantly on social sciences and humanities
Legal advisory and representation activities
Advisory activities concerning patents and copyrights
Accounting, book-keeping and auditing activities; tax
consultancy
Market research and public opinion polling
Business and management consultancy activities
Management activities of holding companies
Architectural activities
Construction and other engineering activities
Technical testing and analysis
Advertisement agency activities
Advertisement placement activities
Delivery of advertising material
Other advertising activities
Graphical design
Other design activities
Debt collecting and credit rating activities
Exhibition, trade fair, congress and day conference
activities
Various other business activities
University and university college higher education
University and university college higher education for
business administration and social work
University and university college higher education for
teaching work
University and university college higher education for
health work
University and university college higher education for
culture and information work
Other higher education
Closed health care institutions
Open health care institutions
Dental care
Other human health activities
Veterinary activities
Care in special forms of accommodation for the aged
Care in special forms of accommodation for disabled
persons
Twenty-four hours care with accommodation for
children and young people
Operations of refugee locations
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1
0
25
2
69
8
166
1
9
182
4
58
7
0
12
15
6
1
8
39
0
0
0
0
0
0
1
40
20
38
6
1
1
14
0
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85315
85321
85322
85323
85324
85325
92110
92120
92130
92200
92310
92320
92330
92340
92400
92511
92512
92513
92520
92530
92611
92612
92613
92614
92615
92621
92622
92623
92624
92625
92710
92721
92722
92729

Twenty-four hours care with accommodation for
adult substance misusers
Child day-care activities
Other child day-care activities
Elder and disabled care
Individual and family care
Humanitarian operation
Motion picture and video production
Motion picture and video distribution
Motion picture projection
Radio and television activities
Artistic and literary creation and interpretation
Operation of arts facilities
Fair and amusement park activities
Other entertainment activities n.e.c.
News agency activities
Public library activities
Research and specialist library activities
Archive activities
Museums activities and preservation of historical sites
and buildings
Botanical and zoological gardens and nature reserves
activities
Operation of ski facilities
Operation of golf courses
Operation of motor racing tracks
Operation of horse race tracks
Operation of arenas, stadiums and other sports
facilities
Sportsmen’s and sports clubs activities
Horse racing activities
Sporting activities n.e.c.
Organization of sports events
Administration of sports activities
Gambling and betting activities
Operation of riding schools and stables
Operation of angling water
Various other recreational activities
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0
4
2
2
1
0
10
0
1
9
18
0
1
5
2
0
0
0
1
0
0
0
0
0
0
0
0
0
0
0
1
0
0
0
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Appendix 3 Eurostat's sector code definition
Sector Code Description
Manufacturing 15 to 37
High and medium high technology
manufacturing
High technology manufacturing
Medium high technology manufacturing
Low-technology
Medium low technology
Services 50 to 99
Total knowledge-intensive services
Knowledge-intensive high-technology
services
Knowledge-intensive market services
Knowledge-intensive financial services
Other knowledge-intensive services
Total less-knowledge-intensive
services
Less-knowledge-intensive market
services
Other less-knowledge-intensive
services

2-digit SNI (NACE Rev 1.1 codes)
24, 29 to 35
30, 32 & 33
24, 29, 31, 34-35
15 to 22 & 36-37
23 & 25-28
61, 62, 64 to 67, 70 to 74, 80, 85 &
92
64, 72, 73
61, 62, 70, 71, 74
65, 66, 67
80, 85, 92
50, 51, 52, 55, 60, 63, 75, 90, 91, 93, 95
& 99
50, 51, 52, 55, 60, 63
75, 90, 91, 93, 95, 99
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Appendix 4 Team size at entry
Team size
2
3
4
5
6
7
8
9
10
12
16
23
Total

Freq.
742
246
125
47
18
16
7
1
7
1
1
1
1,212

Percent
61.22
20.30
10.31
3.88
1.49
1.32
0.58
0.08
0.58
0.08
0.08
0.08
100.00

Cum.
61.22
81.52
91.83
95.71
97.20
98.53
99.11
99.18
99.76
99.84
99.92
100.00

Appendix 5 Number of teams and mean size per year and cohort
Year
1996
1997
1998
1999
2000

Teams
size
teams
size
teams
size
teams
size
teams
size

t1

t2

t3

t4

t5

t6

t7

318
2,88
175
2,95
199
2,69
248
2,69
272
2,67

306
2,79
168
2,92
195
2,64
241
2,63
271
2,59

294
2,69
162
2,90
186
2,54
231
2,54
260
2,53

277
2,60
152
2,63
181
2,40
217
2,49

256
2,52
146
2,47
163
2,33

243
2,44
134
2,45

240
2,48
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Appendix 6 Team characteristics by spouse category
Team characteristics
Mean team size
Mean age
Three categories
Sex
Male majority
Balanced
Female majority
Country of Three categories
birth
Only Swedes
Mix
Only NonSwedes
Mean number of education
types
Mean years of education
Two categories
Industry
No prior exp.
Prior exp.
Mean salary at entry

Spousal pairs on the team
No
Mix
Only
2.37
4.07
2.23
34.77
38.62
43.37

F-value p-value
263.06
0.000
109.64
0.000

51.26%
34.04%
14.71%

67.35%
5.88%
26.76%

100%

Pearson’s Chi2:
911.3416***

84.45%
16.87%
1.68%

79.12%
20.00%
0.88%

89.12%
9.03%
1.70%

1.79

2.84

1.94

185.48

0.000

12.88

13.01

13.44

12.30

0.000

71.01%
28.99%
~190,00
0

63.53%
36.47%
~220,00
0

65.14%
34.86%
~250,00
0

Pearson’s Chi2:
24.5024***

Pearson’s Chi2:
19.3304*
11.86
0.000

Appendix 7 Team size at entry by spouse category
Team size at entry

No spousal pairs
No. of teams
Percent

Mixed
No. of teams

Percent

2
3
4
5+

175
43
15
5

0
203
48
89

0
59.71
14.12
26.17

340
Total
No. of teams
742
248
125
99
1,212

100

75.53
18.07
6.30
2.10

Total

238
100
Only spousal pairs
Team size at entry
No. of teams
Percent
2
567
89.43
3
0
0
4
62
9.78
5+
5
0.79
Total
634
100
Pearson Chi2: 887.1984***
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Percent
61.12
20.43
10.30
8.15
100
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Appendix 8 Team characteristics by joint work experience
Team characteristics
Mean team size
Mean age
Sex
Male majority
Balanced
Female majority
Country of Only Swedes
birth
Mix
Only Non-Swedes
Mean number of education types
Mean years of education
Industry
No prior exp.
Prior exp.
Mean salary at entry

Joint work exp.
No
Yes
2.21
3.26
41.40
39.44
16.04%
40.09%
77.72%
45.93%
6.24%
13.98%
88.58%
83.26%
9.99%
15.20%
1.43%
1.54%
1.99
2.31
13.26
13.17
67.74%
64.21%
32.26%
35.79%
~230,00
~220,00
0
0

Standardized
difference
0.58***
0.22***
N/A

Pearson’s
Chi2
N/A
N/A
127.7539***

N/A

5.9222†

0.61***
0.05
N/A

N/A
N/A
1.6669

0.06

N/A

Appendix 9 Team diversity by spouse category
Team diversity
Ascribed characteristics
Age
Coefficient
of variation
Sex
IQV
3 Categories
1 Low
2 Medium
3 High
Country of
Blau’s index
birth
2 Categories
1 None
2 Some
Achieved characteristics
Type of
Blau’s index
education
3 Categories
1 Low
2 Medium
3 High
Years of
Coefficient
education
of variation
Industry
Blau’s index
3 Categories
1 Low
2 Medium
3 High
Salary
Coefficient
of variation

Spousal pairs on the team
No
Mix
Only

F-value

p-value

0.19

0.26

0.06

250.92

0.000

0.44

0.88

1.00

568.79

0.000

54.20%
11.76%
34.03%
0.07

94.12%
5.88%
0.08

100.00%
0.05

85.71%
14.29%

79.41%
20.59%

90.22%
9.78%

0.35

0.56

0.42

32.35%
57.98%
9.66%
0.12

6.47%
34.12%
59.41%
0.14

17.35%
75.24%
7.41%
0.11

0.75

0.67

0.67

23.53%
3.78%
72.69%
0.57

24.12%
17.35%
58.53%
0.75

26.81%
11.83%
61.36%
0.55
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Pearson’s Chi2:
1600***
5.14
0.006
Pearson’s Chi2:
21.8712***
77.70

0.000

Pearson’s Chi2:
404.2543***
13.31
0.000
2.87

0.057

Pearson’s Chi2:
28.1001***
22.53
0.000
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Appendix 10 Team diversity by joint work experience
Team diversity
Ascribed characteristics
Age
Coefficient of
variation
Sex
IQV
3 Categories
1 Low
2 Medium
3 High
Country of
Blau’s index
birth
2 Categories
1 None
2 Some
Achieved characteristics
Type of
Blau’s index
education
3 Categories
1 Low
2 Medium
3 High
Years of
Coefficient of
education
variation
Industry
Blau’s index
3 Categories
1 Low
2 Medium
3 High
Salary
Coefficient of
variation

Joint work exp.
No
Yes

Standardized
difference

Pearson’s
Chi2

0.11

0.17

0.33***

N/A

0.91

0.81

0.36***

N/A

7.49%
14.80%
77.72%
0.05

13.36%
40.71%
45.93%
0.07

N/A

130.4538***

0.41†

N/A

88.95%
11.05%

84.02%
15.98%

N/A

6.1801*

0.45

0.44

0.05

N/A

12.83%
77.01%
10.16%
0.12

21.04%
45.93%
33.03%
0.12

N/A

130.2280***

0.03

N/A

0.66

0.71

0.10†

N/A

27.09%
13.01%
59.89%
0.61

23.96%
10.75%
65.28%
0.61

N/A

3.8617

0.00

N/A

Appendix 11 Team dynamics and four potential outcomes by initial team
size
Outcome
Continuation
Exit&Continuation
Exit&Shutdown
Shutdown
Total
Outcome
Continuation
Exit&Continuation
Exit&Shutdown
Shutdown
Total

Teamsize:2
No. of Teams
Percent
501
67.52
88
11.86
16
2.16
137
18.46
742
100
Teamsize:4
No. of teams
Percent
45
36.00
45
36.00
16
12.80
19
15.20
125
100
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Teamsize:3
No. of teams
Percent
90
36.59
95
38.62
18
7.32
43
17.48
246
100
Teamsize:5+
No. of teams
Percent
24
24.25
43
43.43
12
12.12
20
20.20
99
100
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Appendix 12 Team member characteristics by spousal relation
Variable

Age
Sex

Two categories
Man
Woman
Two categories
Country of
birth
Sweden
Abroad
Years of education
Two categories
Industry
experience
No prior exp.
Prior exp.

Spouse in
business
together
No
Yes
33.44
43.05

Standardized
difference

Pearson’s
Chi2

0.78***

N/A

70.38
29.62

49.14
50.86

N/A

143.7476***

93.01
6.99
12.64

93.23
6.77
13.46

N/A

0.635

0.35***

N/A

79.97
20.03

79.29
20.71

N/A

0.2222

Appendix 13 Team member characteristics by joint work experience
Variable
Age
Sex

Two categories
Man
Woman
Two categories
Country of
birth
Sweden
Abroad
Years of education
Two categories
Industry
experience
No prior exp.
Prior exp.

Joint work exp.
No
Yes
40.68
39.27

Standardized
difference
0.13***

Pearson’s
Chi2
N/A

50.72%
49.28%

60.92%
39.06%

N/A

38.0990***

93.70
6.30%
13.21

92.65%
7.35%
13.21

N/A

1.5352

0.00

N/A

82.92%
17.08%

76.28%
23.72%

N/A

24.3006***
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Appendix 14 Sex balance at entry by spousal relation
Sex composition
Man in male dominated teams
Man in sex balanced teams
Man in female dominated teams
Woman in female dominated teams
Woman in balanced teams
Woman in male dominated teams

Spouse in business
together
No
Yes
59.50
13.54
9.24
20.89
1.73
4.72
17.10
4.80
9.41
31.58
3.02
14.48

Pearson’s
Chi2
1,100***

Appendix 15 Sex balance at entry by prior joint work experience
Joint work
experience
No
Yes
19.89
36.30
27.56
20.48
3.32
4.16
7.51
9.94
30.49
18.75
11.23
10.37

Sex composition
Man in male dominated teams
Man in sex balanced teams
Man in female dominated teams
Woman in female dominated teams
Woman in balanced teams
Woman in male dominated teams

Pearson’s
Chi2
163.3396***

Appendix 16 Team member deviation by spousal relation
Individual deviation
Ascribed characteristics
Age deviation
Mean
Achieved characteristics
Years of
Mean
education dev.
Salary deviation
Mean

Spouse in
business together
No
Yes

Standardized
difference

7.30

3.76

0.48***

1.21

1.12

0.08*

~86,000

~110,000

0.25***

Appendix 17 Team member deviation by joint work experience
Joint work experience
Individual deviation
Ascribed characteristics
Age deviation
Mean
Achieved characteristics
Years of
Mean
education dev.
Salary deviation
Mean

Standardized
difference

No

Yes

4.49

5.27

0.14***

1.18

1.12

0.06

~100,000

~110,000
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†

0.03

1
1.00
0.02
-0.02
0.04
0.00
-0.12***
0.07*
0.03
0.01
-0.04
0.02
-0.01
0.06*
0.08**
0.01
0.03
0.03
0.01
-0.09**
-0.07*

Significance levels: p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001

†

Mean S.D.
1 Years
4.57
1.63
2 Team size
2.77
1.47
3 Profit
50.30 28.86
4 Age mean
40.35
8.72
5 Mean years of edu.
13.21
1.76
6 Mean salary
227.68 148.86
7 Age heterogeneity
2.16
1.11
8 Medium heterog. sex
0.29
0.45
9 High heterog. sex
0.61
0.49
10 Country of birth heterog.
0.14
0.34
11 Medium heterog. type of edu.
0.60
0.49
12 High heterog. type of edu.
0.22
0.42
13 Years of edu. heterog.
2.10
1.13
14 Salary heterogeneity
0.61
0.45
15 Medium industry heterog.
0.12
0.32
16 High industry heterog.
0.63
0.48
17 Mixed spousal pairs and others
0.28
0.45
18 Spousal pairs
0.52
0.50
19 Joint work exp.
0.54
0.50
20 Fulltime employment degree
0.48
0.37
-0.11***

0.12*** -0.08**

5

1.00
0.29***
-0.14***
-0.09**
0.14***
0.06*
-0.01
-0.09**
-0.21***
-0.07*
0.02
-0.06†
-0.07*
0.14***
-0.03

1.00
0.04
-0.03
0.19***
0.02
0.05
-0.02
0.01
-0.04
0.08*
0.03
-0.03
0.01
-0.08*
0.08*
0.00
0.00

1.00
0.04
-0.09**
0.00
0.07*
0.36***
0.51***
-0.41***
0.16***
-0.39***
0.61***
0.08**
0.12***
0.20***
-0.09**
0.55***
-0.39***
0.36***
-0.05†

4

1.00
0.09**
0.1**
-0.23***
-0.15***
0.33***
-0.05
0.09**
-0.07*
0.06†
-0.04
0.06†
-0.05†
-0.12***
0.36***
-0.11***

3

2
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1.00
0.48***
-0.47***
0.09**
-0.25***
0.38***
0.22***
0.33***
0.04
0.02
0.47***
-0.51***
0.24***
-0.09**

0.05†

7

1.00
-0.15***
-0.09**
0.12***
0.01
0.02
-0.03
-0.07*
-0.20***
0.03
-0.05
-0.04
0.13***
-0.03

6

-0.07*

1.00
-0.79***
0.09**
-0.33***
0.53***
0.16***
0.19***
0.07*
-0.06†
0.90***
-0.66***
0.29***

8

-0.02

1.00
-0.08**
0.32***
-0.42***
-0.12***
-0.11***
-0.01
-0.02
-0.7***
0.84***
-0.32***

9

0.03

1.00
-0.08**
0.09**
0.07*
0.02
0.03
0.02
0.13***
-0.12***
0.07*

10

0.48

20 Fulltime employment degree

11
-0.66***
0.05†
-0.03
-0.10**
0.06†
-0.33***
0.32***
-0.32***

0.37 -0.02

0.42
0.08
0.45
0.32
0.48
0.45
0.50
0.50

S.D.

Significance levels: p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001

†

0.22
0.11
0.61
0.12
0.63
0.28
0.52
0.54

Mean

12 High heterog. type of edu.
13 Years of edu. heterog.
14 Salary heterogeneity
15 Medium industry heterog.
16 High industry heterog.
17 Mixed spousal pairs and others
18 Spousal pairs
19 Joint work exp.

Appendix 18 continued
12

-0.08**

1.00
0.17***
0.13***
0.20***
-0.12***
0.55***
-0.38***
0.27***
1.00
0.01
0.04
0.19***
-0.14***
0.00
-0.33***

-0.06†

14

1.00
0.18***
-0.02
-0.01
0.15***
-0.13***
-0.01

13

-0.15***

1.00
-0.48***
0.11***
0.00
-0.04

15

0.09**

1.00
-0.06†
-0.03
0.06†

16

1.00
-0.65***
0.29***
-0.08**

17

1.00
-0.31***
0.00

18

1.00
0.14***

19

0.51

1.00
0.06***
0.00
-0.01
0.00
0.00
0.03†
-0.01
-0.20***
0.08***
0.05***
-0.2***
0.21***
0.01
0.00
-0.02
0.01
-0.03†

2

3

1.00
0.01
0.01
0.02
0.11***
0.02
-0.01
0.01
-0.01
-0.02
0.01
0.02
-0.01
-0.00
0.15***
0.12***
0.05**
0.50 -0.08*** 0.22*** 0.01

S.D.
1
1.83 1.00
2.61 -0.02
29.92 0.10***
11.06 0.16***
0.50 0.01
0.25 0.05*
3.53 0.04*
2.29 0.09***
7.44 0.18***
0.43 0.09***
0.19 0.05***
0.28 -0.02
0.43 0.06***
0.31 -0.05***
206.16 0.05***
1.53 0.09***
0.50 0.06***
0.40 -0.03*
0.47 0.19***

Significance levels: p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001

†

20 Prior joint work experience

1 Years observed
2 Team size (at entry)
3 Profit
4 Age
5 Sex
6 Country of birth
7 Salary
8 Years of education
9 Age deviation
10 Man in sex balanced team
11 Man in woman balanced team
12 Woman in woman balanced team
13 Woman in sex balanced team
14 Woman in man balanced team
15 Salary deviation
16 Years of education deviation
17 Full time occupation
18 Prior industry experience
19 Spouse in business together

Mean
3.93
3.58
50.64
39.95
0.44
0.93
11.04
13.21
-0.05
0.24
0.04
0.09
0.24
0.11
-0.80
0.00
0.46
0.20
0.68
1.00
0.02
0.00
0.18***
0.18***
0.67***
0.19***
0.07***
-0.09***
0.07***
0.02
0.16***
0.16***
0.02
0.04*
0.41***
-0.06***
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Significance levels: p<0.10; * p < 0.05; ** p < 0.01; *** p < 0.001

†

11 Man in woman balanced team
12 Woman in woman balanced team
13 Woman in sex balanced team
14 Woman in man balanced team
15 Salary deviation (1000)
16 Years of education deviation
17 Full time occupation
18 Prior industry experience
19 Spouse in business together
20 Prior joint work experience
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Appendix 20
Predicted probabilities for teams with and without spousal couples at different levels of mean age
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Predicted probabilities for teams with and without spousal couples at different levels of mean salary

.9

.8

.7

.6

.5

.04

.03

.02

.01

0

.25
.2
.15
.1
.05
.25
.2
.15
.1

5

5

15

10

20

20

non-spousal teams

15

Pr(exit&shutdown)

10

Pr(continuation)

5

5

Pr(shutdown)

spousal pairs

10

10

15

15

Pr(exit&continuation)

Years of edu. mean (at entry)

20

20

Appendix 22
Predicted probabilities for teams with and without spousal couples at different levels of mean years of education
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Predicted probabilities for teams with and without spousal couples at different levels of age diversity

.8

.7

.6

.5

.4

.3

.08

.06

.02

0

.04

.5
.4
.3
.2
.1
0
.28
.26
.24
.22
.2
.18

0

0

1

1

2

Pr(exit&shutdown)

2

Pr(continuation)

3

3

4

4

non-spousal teams

0

0

2

2

Pr(shutdown)

spousal pairs

1

1

Pr(exit&continuation)

Years of edu. coefficient of variation (at entry)

3

3

4

4

Appendix 24
Predicted probabilities for teams with and without spousal couples at different levels of years of education diversity
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Predicted probabilities for teams with and without spousal couples at different levels of salary diversity
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