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Abstract 

Background:  The traditional neoclassical model of finance has assumed that all individuals 

act rationally and that they update their beliefs according to the information they have obtained 

to maximise their utility. This concept has been challenged by behavioural finance which has 

over the past decades become a new approach to better understand certain behaviours. 

Behavioural finance is a broad area which can be divided into different areas. One of them is 

investor behaviour, which will be the focus of this thesis. Research has shown that investors do 

not act rationally when deciding how much risk to take when considering an investment. 

Instead, it has been found that there are other factors that influence risk-taking in an investment, 

for instance gender, income, marital status and age. 

 

Purpose: The purpose of this thesis is to better understand if a selected group of demographic 

factors can affect the risk attitude investors in Sweden have with regard to their investments 

and to determine how well these factors explain the level of risk. The chosen demographic 

factors are gender, age, marital status and income. 

 

Method: This study is conducted using a deductive approach and employing a quantitative 

research method. A multinomial logistic regression was performed in the statistical program R. 

The data used is secondary data collected from financial counselling meetings of 111,265 

clients during the period of 2018-01-03 to 2019-04-04. It is gathered from one of Sweden’s 

largest bank who measures customers’ risk tolerance by using a risk assessment tool that 

categorises risk tolerance into five levels where one is the lowest and five is the highest.  

 

Conclusion: Statistically significant results confirm that that the selected demographic factors 

have an effect on the risk level an investor takes. Males have higher risk tolerance than women, 

the older an individual is, the less risk the person wants to take, married people have higher risk 

tolerance than those that are not, and risk tolerance increases slightly with income. 
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1 Introduction 

1.1 Background 

Behavioural finance has received a lot of attention over the past years. This has mainly 

been due to the fact that traditional neoclassical economic models have assumed that 

individuals act rationally, meaning that they update their beliefs in a correct way when 

obtaining information and that they make decisions in order to maximise their utility, 

which is seldom the case in reality (Barberis & Thaler, 2003). This traditional approach 

and its assumptions have therefore been accused of lacking the tools to understand why 

individuals act in certain ways, which has led to the rise of behavioural finance 

(Subrahmanyam, 2007). 

 

Behavioural finance includes different areas such as corporate finance and investor 

behaviour, that in turn cover many sub-areas (Barberis & Thaler, 2003). One of these 

areas, that belongs to investor behaviour, is risk-taking. Research has shown that 

individuals do not act rationally when deciding how much risk to take when undertaking 

an investment. Instead, it has been shown that other factors, among them gender, age, 

income and marital status, could affect the level of risk tolerance at an individual level 

(Fisher & Yao, 2017).  

 

The importance of financial investment decisions and risk-taking is highlighted by the 

fact that the European Union (EU) presented new rules regarding the financial markets, 

known as the Mifid II directive. The purpose of the Mifid II directive is to increase the 

transparency of the market, strengthen the investor protection and to improve the 

confidence of the European financial markets (Finansinspektionen, n.d.-a). Strengthening 

the investor protection will be done by making sure that the company has a clear and 

structured process when it chooses financial instruments to customers. Further, the 

company has to make sure that the chosen instrument fulfils the customer’s needs and 

reflects its risk preferences, as well as be able to show how they came to this conclusion. 

The information must be given to the customer, and include the costs, the advice and how 

it fits the customer’s preferences and goals. Hence, assessing a customer’s risk 

preferences becomes important for the banks in the EU (Finansinspektionen, n.d.-b). Due 

to Mifid II, the specific bank that we have cooperated with, decided to launch a new 
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program that financial advisors use when giving advice. The program is used as a tool to 

make sure that the advisor collects all of the information that is necessary to determine 

the risk level, and also to be able to easily hand out the information from the meeting to 

the customer so that the customer knows why he or she received the advice they did and 

on what ground.  

 

In this report, four demographic factors will be analysed to see if they affect risk 

preferences and to which degree. The first one is gender, since its effects on the level of 

risk-taking has been widely discussed. The main reason for this is that many scientists 

have investigated the issue and found that females are usually more risk averse than 

males. This is concerning due to that females are already less wealthy than males are due 

to their lower average incomes. The fact that they invest in assets with lower risk will 

widen the gap since low-risk assets have historically earned lower returns. On top of that, 

the female average lives longer than its male counterpart (Bannier & Neubert, 2016). 

 

The second factor is age which is a complex factor to examine and significant when it 

comes to investment decisions (Yao, Sharpe & Wang, 2011). Several studies have been 

done to examine the effect age has on risk tolerance. Almost all researchers agree that 

there are other factors that affect the age factor, such as demographic and economic 

characteristics (Yao et al., 2011). The results from the studies show that there is a 

relationship between age and risk tolerance. Some studies suggest that risk tolerance 

increases with age (Mata, Josef, Samanez-Larkin & Hertwig, 2011; Wang & Hanna, 

1997), whilst other studies suggest that there is a negative relationship leading to the 

conclusion that risk tolerance decreases with age (Wong, 2011; Yao et al., 2011). 

 

The third factor is marital status. Some researchers claim that marital status is a variable 

that is necessary to include when looking at risk tolerance since it is a stage in life that 

affects the level of risk tolerance a lot (Sundén & Surette, 1998; Yao et al., 2011; Barber 

& Odean, 2001; Sung & Hanna, 1997). This suggestion is based on family development 

theory and prospect theory. According to family development theory, when entering 

different stages in life such as marriage or having children, an individual changes its 

expectations and perceptions due to that many uncertainties arise. Prospect theory states 

that individuals, depending on their situation in life, value potential gains or losses 
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differently, and might find themselves in situations in which a loss is twice as important 

as a gain. Combining the two theories, it becomes apparent that risk tolerance should be 

affected negatively (Chaulk, Johnson & Bulcroft, 2003). Schooley and Worden (1996) 

on the other hand state that risk tolerance is affected positively by marriage and that an 

explanation to this is that the household is receiving two incomes.  

 

The fourth factor is income, and its importance is debated among researchers. Some 

researchers have found the income factor to have a small impact on the risk tolerance 

overall (Ayuub, Mujtaba, Saleem, Latif & Aslam, 2015; Griesdorn, Lown, DeVaney, 

Hyun Cho & Evans, 2014)  whilst other researchers have found the income factor to have 

a significant effect on the risk tolerance (Reddy & Mahapatra, 2017; Sung & Hanna, 

1997.; Wong, 2011). The common argument researchers have regarding income and its 

effect on risk tolerance is that when income increases, risk tolerance follows.  

1.2 Problem 

With a growing Swedish economy and low interest rates, an increasing number of people 

are looking for other alternatives to invest their money in rather than on an ordinary 

savings account with no interest rate (SCB, 2019; DN, 2018). How much that is invested 

and the risk level on the investment differs from person to person. The reasons for this 

can be found in the area of behavioural finance, specifically investor behaviour (Barberis 

& Thaler, 2003).  

 

As mentioned in the background section, four factors that are often claimed to affect 

individual financial risk tolerance and have been studied a lot are gender, age, marital 

status and income. The importance of this lies in the fact that the level of risk an individual 

takes today affects the individual’s wealth in the future. For instance, it has been found 

that women are more risk averse than men, which will widen the gap in wealth between 

the two genders (Bannier & Neubert, 2016). The same problem is faced when looking at 

income. If people with higher incomes are willing to take higher risk, they will most likely 

earn a better return and the economic gap between individuals with low and high income 

will widen (Reddy & Mahapatra, 2017). Age and marital status are also important factors 

as they might affect individuals in a way that can make them take irrational investment 

decisions (Chaulk, Johnson, & Bulcroft, 2003; Mata et al, 2011).  
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Previous research has mainly been conducted in the United States and for some factors 

similar results have been found, while other factors have shown contradicting results. No 

thorough research has been conducted in Sweden on the four factors gender, age, marital 

status and income. As Sweden is the most equal country in Europe, it would be 

particularly interesting to investigate whether the results regarding gender are similar to 

the ones in previous research or if it differs (Regeringskansliet, 2017). 

 

1.3 Purpose 

The purpose of this thesis is to investigate if the factors gender, age, marital status and 

income affect the level of financial risk an individual in Sweden is willing to take and to 

determine how well these factors explain the level of risk. Hence, the following research 

questions will be answered:  

• Does gender affect the level of financial risk an individual is willing to take?  

• Does age affect the level of financial risk an individual is willing to take? 

• Does marital status affect the level of financial risk an individual is willing to 

take? 

• Does income affect the level of financial risk an individual is willing to take? 

• How well do the factors explain the level of financial risk an individual is willing 

to take? 

 

These questions will be answered by performing regressions on individual level data from 

one of the largest Swedish banks. There are 111,265 observations which include the four 

factors and the level of individual financial risk tolerance that has been assessed during a 

meeting with a financial advisor.  

 

Being based on a large amount of reliable data, the study will contribute to the area of 

behavioural finance and to the discussion about which factors that affect financial risk-

taking on an individual level. Specifically, it will contribute with knowledge about 

Swedish investors and pave the way for future research.  
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1.4 Delimitations 

The study will be focused on Swedish participants that invest in different funds depending 

on how much risk they are willing to take. Therefore, the funds differ in how much 

exposure towards the stock market there is and in which parts of the world. The sample 

data will cover financial counselling meetings held in the period 2018-01-03 to 2019-04-

04 and is from one of Sweden's largest banks. The study is limited to four demographic 

factors. This is because the sample data is restricted in other factors depending on which 

type of risk assessment that has been performed.  

 

Even though the data is only from one bank it is assumed to be reliable as the risk 

assessment that is performed is based on research about risk-taking and how it is 

measured. In addition, the collection of the information is done according to the rules 

presented in the Mifid II directive. The bank also compares the outcome each month with 

how the data would have looked if they would have used other methods in order to see if 

there is a substantial difference and if it is normally distributed. The analysis will be done 

with no respect to any major financial events during this period that may have affected 

investors risk tolerance. Major financial events during 2018 where amongst others the 

drop in stock prices during the fourth quarter, Cambridge Analytica data breaches and 

money laundry connected to Deutsche Bank, and in the beginning of 2019 Swedbank was 

uncovered for embezzling money (Yahoo finance, 2018; SVT Nyheter 2019). The bank 

has taken events such as these into consideration when gathering the information and 

adjusted the risk assessment questionnaire to neutralise these effects. 

 

Another delimitation is the fact that we cannot mention the name of the bank we are 

cooperating with. This is due to banking secrecy, which is based on protecting customer 

privacy. What we can say is that it is one of Sweden’s largest banks. The only data we 

received was answers to the questions covering the four demographic variables and the 

risk level of the person. Hence, no social security numbers, names, where the person lives, 

or any other information was included.  
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1.5 Disposition of thesis     

The thesis is outlined as follows: 

 

Chapter 2 - Literature review: The chapter begins with explaining the different 

approaches to finance, such as the neoclassical finance, prospect theory and behavioural 

finance, which are all important stepstones and breakthroughs that have been significant 

to this research. The chapter continues with outlining the concept of risk-taking and risk 

assessment. Further, the literature review will deepen the knowledge of the four different 

demographic factors chosen to understand risk-taking, this by reviewing current findings 

within the field of matter.  

 

Chapter 3 - Method: The chapter begins by explaining the fundamentals of the approach 

for the method that is suited for this research. Continuing in the third chapter, the 

procedure for data collection is explained and an explanation is given to how the data has 

been analysed. To conclude the chapter, a discussion on the strengths and limitations of 

the chosen method is given.    

  

Chapter 4 - Empirical findings: The chapter presents the findings from the multinomial 

logistic regression, consequently presenting the effects the demographic factors have on 

the risk categories and how well they explain risk. The findings will be divided into five 

headlines to properly cover the the data collected and to answer the research questions.   

  

Chapter 5 - Analysis: Recapitulating the empirical findings in relation to the literature 

review. The chapter is analysed in the same order as it is presented in the empirical 

findings, to signify that the structure of the analysis aims to answer the research questions.  

 

Chapter 6 - Conclusion: The chapter will be based on the empirical findings and analysis, 

hence conclude and fulfil the purpose.  

 

Chapter 7 - Discussion: The chapter reflects on the contribution of the research by taking 

a social and ethical aspect to the conducted study. Finally, the chapter is concluded with 

a discussion on future research of the topic.  
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2 Literature review 

2.1 Theoretical approaches to finance 

There have been several theories regarding which way to approach the area of finance 

that is correct. The biggest theories, namely neoclassical finance, prospect theory and 

behavioural finance, are presented below. The three approaches have had a significant 

impact on the view of investor behaviour.  

2.1.1 Neoclassical finance 

For a long time, financial markets have been studied from a perspective based on the 

neoclassical theory of finance. Firstly, this has meant that agents are assumed to be 

rational in their decision making. This implies that investors among others, update their 

beliefs in a correct way when obtaining new information, and that they can use this 

information to make estimations about how probable future events are. Secondly, it has 

meant that when an investor makes a decision, it is according to the expected utility 

theory. Hence, the expected utility is optimised by rational agents, and one alternative is 

preferred to another depending on what the individual’s utility function looks like. It has 

further been assumed that the size of the group of rational investors is sufficiently big and 

that there are no transactions costs. Therefore, irrational decisions taken by others will 

quickly be eliminated with the help of decisions made by the rational ones - resulting in 

a market working efficiently. Finally, an important neoclassical assumption is that the 

individual is risk averse and will only take risk if there is a risk premium to be gained 

(Szyszka, 2013).  

 

Commonly used theories such as the traditional capital asset pricing models, the Efficient 

Market Hypothesis and Markowitz’s portfolio theory are based on the assumptions of 

neoclassical finance. For instance, Markowitz’s portfolio theory states that investors can 

create portfolios that are well diversified and that the expected return in the long run will 

only be affected by the level of systematic risk (Szyszka, 2013). When research has been 

conducted based on these theories, the results have shown that the theories are too 

simplified and that they are not in line with how investors behave in reality (Barberis & 

Thaler, 2003). 
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2.1.2 Prospect theory 

One of the first theories to challenge neoclassical finance was prospect theory, and it was 

developed by Daniel Kahneman and Amos Tversky in 1979 (Szyszka, 2013). The main 

purpose of the theory was to challenge the dominating theory in decision making back 

then, which was the expected utility theory. The expected utility theory was accepted to 

be the standard model for rational choice and was applied as a descriptive model of 

economic behaviour. The report written by Kahneman and Tversky in 1979 presents 

several choice problems where the preference of the investor consistently violates the 

principles in the expected utility theory. In the expected utility theory, the utilities of 

outcomes are weighted by probabilities. In the report, the authors show how people 

overweight outcomes that are considered to be certain, this relative to the outcomes which 

are slightly probable; Kahneman and Tversky (1979) call this phenomenon the certainty 

effect. They further argue that the level of risk aversion mostly depends on the situation 

when the decision is made and that it is difficult for individuals to interpret information 

correctly (Szyszka, 2013).   

 

Prospect theory was developed for simple prospects with monetary outcomes and stated 

probabilities, but it can also be expanded to more engaged choices. The theory 

differentiates two phases in the decision-making process: the early phase of editing and 

then the following phase of evaluation. The first phase consists of an initial analysis of 

the prospects the investor is offered. The second phase is then to evaluate the prospects 

and to choose the one with the highest value. The theory indicates that when the outcome 

will lead to a definite gain the individual will become less risk averse with the incentive 

of a positive assurance (Kahneman & Tversky, 1979). 

 

The main findings that distinguish prospect theory from expected utility theory are: 

1. The investors evaluate assets as gains and losses relative to a given reference 

point.  

2. Investors value the impact of losses bigger than of gains.  

3. The risk aversion the investors have is asymmetric. Their value function is S-

shaped with a turning point at the origin. The decisions-makers are risk-averse in 

the field of gains but risk seeking in the field of losses (figure 1).  
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4. The investors’ probability assessments are biased, meaning that that there are 

either extremely small probabilities or extremely high probabilities leading to 

overvaluing or undervaluing investments.  

(De Giorgi & Hens, 2006; Häckel, Pfosser, & Tränkler, 2017) 

 

The discoveries made by Kahneman and Tversky, formed with prior discoveries in 

cognitive psychology, led to the hypothesis of risk-taking emerging as a function of an 

individual’s personality. This later led to the hypotheses of demographic factors affecting 

the risk-taking behaviour of an individual (McDermott, 2011).  

2.1.3 Behaviour finance 

In addition to being too simplified and unrealistic, the traditional approach to finance has 

been accused of failing to understand the reasons behind why individuals trade, how they 

construct their portfolios, and hence, why stock returns fluctuate due to other reasons than 

risk (Subrahmanyam, 2007). Prospect theory was one of the first theories to challenge 

neoclassical finance, but since then, many more theories have been developed as a critique 

to the traditional assumptions. This has led to the emergence of the behavioural finance 

approach (Szyszka, 2013). 

 

The behavioural finance approach is based on two building blocks: limits to arbitrage and 

psychology. Limits to arbitrage refers to that it is hard for rational traders to take 

advantage of and correct the consequences of irrational traders’ actions since it might be 

too expensive or risky, hence the effect they have on prices will be noticed and will take 

Figure 1 S-shaped value function  

Source: Häckel et al, 2017 
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some time to correct. Psychology on the other hand covers how specifically and why 

individuals may deviate from rational behaviour. It is based on the parts of cognitive 

psychology that study beliefs and preferences, and how they affect decision making 

(Barberis & Thaler, 2003). 

 

When people deviate from rational behaviour they often do so in a systematic way. 

Behavioural finance builds the human and systematic deviations into models (Barber & 

Odean, 2001). Models within behavioural finance are hence based on the actual behaviour 

of people, and it has been shown that they explain evidence better than the traditional 

models do (Subrahmanyam, 2008). 

 

The behavioural finance approach can be applied to different areas, one of them being 

investor behaviour. This area tries to explain how different investors behave, namely, how 

they trade and what their portfolios look like. It has been proved that investors act 

irrationally, and some examples are: 

• Insufficient diversification due to a “home bias”, meaning that investors often 

hold and trade for example domestic stocks or stocks in the company for which 

they work at. 

• Naïve diversification, for example by using a 1/n diversification, meaning that a 

person for instance puts ⅕ in a European fund and ⅕ in a Swedish etcetera. 

• The disposition effect, meaning that investors are less likely to sell assets trading 

at a loss even though they should, and that investors will rather sell shares that 

have increased in value. 

• Excessive trading, as studies have shown that investors would gain more if they 

traded less and were less confident. For example, the annual turnover rate was 

approximately 99% on the NYSE in 2003; hence, looking at the costs of trade, 

investors are paying billions of dollars to financial intermediaries  

• (Barberis & Thaler, 2003; Subrahmanyam, 2008) 

2.2 Risk-taking 

Risk-taking is defined as engaging in any risky activity when there is a safer alternative 

available. Risk-taking can be applied to many situations, such as making unsecured loans 

rather than secured ones, failing to insure one’s home or trading on one’s own account 
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rather than working for an employer. Risk averse individuals also partake in risk-taking. 

They prefer a safer alternative if the mean expected return is the same but can choose a 

riskier alternative if it offers a sufficiently higher return than the safe investment, in order 

to compensate for their risk-taking (Black, Hashimzade & Myles, 2017). 

 

Risk-taking has received a lot of attention within the area of behavioural finance. The 

reason for this is that research has shown that individuals do not act rationally when 

deciding how much risk to take when undertaking an investment. Further, demographic 

factors such as gender, age, income, marital status and geography could affect an 

individual’s degree of risk aversion (Fisher & Yao, 2017).  

 

2.3 Risk assessment 

A risk assessment instrument can help to provide effective ways to evaluate an 

individual’s risk profile. To create a suitable risk profile there is a need to collect 

information about the household’s objective risk factor, such as income and wealth. There 

is also a need to understand and evaluate the subjective risk preference which include 

attitudes toward risk and awareness to behaviour preferences (Finke & Guillemette, 

2016).  

 

The Vanguard Group, an investment management company, developed a risk profiling 

tool to better understand their clients’ true risk profile. The investment company built the 

risk profiling tool based on the Byrne-Blake attitude to risk questionnaires which explore 

the psychometric principles, the science of measuring an individual’s attitudes towards 

taking risk. This approach is somewhat similar to the profiling tools used by the bank 

where the data has been collected. By answering short statements and questions the 

Byrne-Blake algorithm will calculate the input and generate a generalised risk profile 

broken into five risk categories. The five risk categories are: 

1. Low 

2. Low mid 

3. Mid 

4. Mid high 

5. High 

(Alistair & Blake, 2012) 
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2.4 Demographic factors 

Since demographic factors have been shown to affect risk-taking (Fisher & Yao, 2017), 

four of them will be analysed in this report. These four are gender, age, marital status and 

income, and previous research on each of the factors is presented below. 

2.4.1 Gender 

The difference in risk-taking between genders, especially in finance, is a subject that has 

been studied for many years, and from many different perspectives. The reason for this is 

that the result of females taking less risk is that the expected wealth they own when they 

become older is assumed to be smaller since low-risk investments historically have earned 

lower returns (Bannier & Neubert, 2016). This would imply that women will face 

difficulties building a sufficient retirement wealth (Fisher & Yao, 2017). In addition to 

this, females earn less on average and live longer than their male counterparts, which will 

further prohibit them from having as much wealth as men when they are old. In other 

words, females are expected to be more vulnerable and that is why this subject has gained 

so much attention (Bannier & Neubert, 2016). A study that focused on older people in the 

United States showed that 10% of the difference in accumulated wealth between genders 

is a result of differences in risk-taking (Fisher & Yao, 2017). 

 

There are many studies regarding the difference in financial risk-taking between men and 

women, and some of them touch upon a commonly discussed area in behavioural finance, 

namely overconfidence (Barberis & Thaler, 2003). When investors are overconfident, 

they regard their own valuations as more reliable and disregard others’ opinions to some 

extent. Their beliefs regarding the returns they can get are unrealistic, making them trade 

excessively and hold riskier portfolios with small and high beta stocks. Research has 

shown that men are more overconfident than women. Men believe that returns will be 

higher and that returns are more predictable than women do. They do not rely as much on 

brokers, and they trade more excessively than women do; men hence have lower net 

returns. In this study, women turned their portfolios over 53 percent on an annual basis 

as opposed to men who turned their portfolios over 77 percent (Barber & Odean, 2001). 

 

An explanation to why men tend to be more overconfident than women is the so called 

self-serving attribution bias. Women underestimate their abilities when feedback is vague 
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or lacking, which it usually is when taking investment decisions. Men on the other hand 

do not, so the bias is greater for them, making them more overconfident. Further, men 

feel more confident when dealing with a task regarded as masculine, finance being one 

of them. Also, overconfidence is higher when the task is difficult, not very predictable 

and when there is no clear feedback - investing in stocks that will yield high returns meets 

all of these criteria (Barber & Odean, 2001). 

 

Charness & Gneezy (2012) investigate if men are more risk averse from another 

perspective, namely, if women or men tend to invest more in risky assets. The authors 

have used previously conducted research that consist of thousands of observations 

collected systematically for different purposes, on people with different age and in 

different countries. However, all of the tests were based on the same investment game: 

an individual receives a number of dollars and is supposed to choose how much of this 

amount he or she wants to keep and how much to invest in a risky option. The results 

show that men always choose a higher amount to invest than women do.  

  

For instance, one test looked at the length of the 2nd and the 4th finger – a biological 

measure that should be positively correlated to oestrogen before birth and negatively 

correlated to testosterone before birth and found that the ratio was strongly correlated to 

the amount invested in the risky option. Hence, prenatal hormones could affect risk-taking 

(Charness & Gneezy, 2012). Subrahmanyam (2007) takes a similar approach as he 

mentions that risk-taking could be an evolutionary trait since men used to be hunters and 

in order to be successful and survive, they were required to be overconfident risk-takers. 

 

A study conducted by Sundén and Surette (1998) investigates gender differences 

regarding portfolio allocation in retirement savings plans. The authors show that females 

are less likely to invest in assets that are riskier – stocks for instance.  

 

How financial literacy affects risk-taking for men and women is another aspect that has 

been studied and could be connected to overconfidence. Bannier and Neubert (2016) 

conducted a survey containing questions that enables them to score the perceived and 

actual financial literacy as well as to estimate the level of risk tolerance. Finally, they 

looked at the decision to invest in standard or more risky and sophisticated assets, namely 
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corporate funds as opposed to hedge funds. The results showed that actual as well as 

perceived financial literacy is positively correlated with standard investments for males, 

while actual financial literacy is the only factor positively correlated with standard 

investments for females. For sophisticated and more risky investments on the other hand, 

perceived financial literacy affects both genders, especially women (Bannier & Neubert, 

2016). 

 

There has been a big focus on biology when trying to explain why there is a difference 

between males’ and females’ risk tolerance. A common subject has for instance been 

testosterone. Lemaster and Strough (2014) however use a psychological approach to the 

question since they argue that a person cannot only be either masculine or feminine; 

instead, a person possesses both masculine and feminine traits to different degrees. 

Further, they argue that gender is multidimensional and is not only based on biological 

factors, but also psychological factors such as gender identification, gender typicality, 

personality traits and roles. The authors also mention that research has shown that 

differences within the two gender groups are bigger than the differences between the 

groups. 

  

To measure risk tolerance, Lemaster and Strough (2014) use a survey that is commonly 

used by financial advisors when assessing the risk tolerance of their clients. Some of the 

ways that they investigate the psychological and biological dimensions are: 

 

• Personality traits by looking at attributes that are classified as feminine and 

masculine. 

• Roles by using a scale for claims that are regarded as being connected to males or 

females. 

• Gender identification by for example investigating if people feel that their sex is 

a positive part of their identities. 

  

The results showed that males have greater financial risk tolerance than females, are more 

likely to feel like they fit in among other men and possess masculine personality traits 

and roles. Further, the results showed that masculine traits and risk tolerance are 

positively related, and even more for men than women. Likewise, feminine traits resulted 
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in a lower risk tolerance. Adherence to masculine roles was also positively related to risk 

tolerance for both males and females. Men who do not identify as much with other men 

show a lower risk tolerance, while women that identify a lot with other women show 

greater risk tolerance. Finally, the authors found that biological sex, even after accounting 

for all of the mentioned factors, is related to risk tolerance. The conclusion from this 

however is still that personality traits could predict the level risk tolerance, since women 

who more or less seem to ignore the stereotypes constructed by society possess greater 

risk tolerance (Lemaster & Strough, 2014). 

 

Fisher and Yao (2017) also use a psychological approach in their report. The authors 

conclude that the difference in risk tolerance between genders can be further explained 

by looking at individual factors; namely, income, income uncertainty and net worth. The 

results showed that men have higher risk tolerance than women, and that there were 

significant differences between the genders regarding income, net worth and income 

uncertainty. For instance, men with higher income uncertainty had higher risk tolerance 

compared to women who had lower risk tolerance if their income uncertainty was high. 

Further, higher net worth was associated with higher risk tolerance for both men and 

women, and even more for men (Fisher & Yao, 2017).  

2.4.2  Age  

The life expectancies in developed countries is increasing and most babies born since year 

2000 are expected to live up to 100 years (Boseley, 2009). Following the rise in life 

expectancies the working lives will also be needed to be prolonged and will be infused 

with risk and uncertainty regarding wealth and health. Decision about wealth will be 

whether or not to invest in stocks, bonds or other equities to be given the possibility of 

booms and busts (Mata et al., 2011). The emergent subprime mortgage crisis in the 2000s 

and the decline in the equity market taught many investors the importance of having a 

realistic understanding of financial risks and their own risk tolerance; this leading to age 

being significant when it comes to investment decisions (Yao et al., 2011).  

 

Mata et al. (2011) conducted a systematic literature search and computed age-related 

differences in decisions under risk. The authors compared younger and older adults on 

behavioural tasks formed to give a perspective on risk-taking. The results show that age-
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related differences did vary as a function of the tasks presented. The tasks were defined 

as a number of measures used to assess risky behaviour; the measures were divided into 

two categories which then were divided into several subtasks. The first category of 

measuring risk is based on decisions made from experience. The tasks in this category 

was: Iowa gambling task (IGT), behavioural investment allocation strategy (BIAS) and 

balloon analogue risk task (BART). In this category, the information about risk was not 

provided and the participants had to learn about the probabilities of outcomes through a 

number of trials.  The second category is decisions made from description, tasks in this 

category are: sure thing vs risky gamble, blackjack and Cambridge gambling task (CGT). 

As opposed to the first category, the risk associated with each decision was presented to 

all the participants (Mata et al., 2011). 

 

In conclusion the authors find that decisions involving learning from experience, the age-

related differences in risk-taking were a function of decreased learning performance. 

Older adults were more risk seeking than younger adults when learning resulted in a risk 

averse behaviour and proved more risk averse when learning lead to risk-seeking 

behaviour. In risk behaviour decisions made from description, most of the studies 

suggested a negligible difference between the age groups but there are exceptions as a 

function of the experimental model used. The findings mainly suggest a pattern of age-

related differences in risk-taking which is complex and systematic as a function of task 

demands (Mata et al., 2011). 

 

Wang and Hanna (1997) examined the effect age has on risk tolerance. The authors tested 

the life-cycle investment hypothesis using the Survey of Consumer Finances (US) from 

1983-1989. The life-cycle hypothesis is explained to be a model that strives to explain 

the consumption patterns of individuals. They define household wealth as the sum of 

human capital and net worth. Human capital is defined as the present value of future 

earnings and social security pensions. Risk tolerance is measured by a ratio of risky assets 

to total wealth (Wang & Hanna, 1997). 

 

The authors found that young people may appear to be more risk averse since it is hard 

for them to tolerate short-term investment losses as they may have limited financial 

resources. Hence, the authors found that relative risk aversion decreases as people age, 
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when other variables are held constant, and that the proportion of net wealth invested in 

risky assets increases as age increases. In other words, the risk tolerance increases with 

age (Wang & Hanna, 1997). 

 

Yao, Sharpe and Wang (2011) decompose the age effect on risk tolerance. The authors 

define the age effect as a combination of aging, generation and period. Previous studies 

have found that people of different ages have diverse levels of risk tolerance but that the 

effects of generation, period and aging were perplexed. By using the 1998-2007 Survey 

of Consumer Finances cross- sectional datasets (US), the authors were able to separate 

effects as generation, period and aging on financial risk tolerance. Three hypotheses are 

proposed to test the aging effect, period effect and generational effect. Yao et al (2011) 

proposed that age has a negative effect on risk tolerance. The period effect expected that 

respondents in different survey years to have different risk tolerance preference. Lastly, 

the generation effect proposed that baby boomers are more risk tolerant than the silent 

generation and that generation X is more risk tolerant than baby boomers (Yao et al., 

2011).  

 

The results showed that the effect of aging has a negative effect on the willingness to take 

financial risks. Each additional year of life means a shortened time horizon to compensate 

for market losses. The authors also state that there might be other factors that contribute 

to the results, such as decline in cognitive ability associated with aging. The period effect 

was confirmed, the respondents in different survey years had different risk tolerance 

preferences.  The generation effect was inconsistent with the hypotheses, as they found 

that the generation did not make a difference in the likelihood to take any level of risk. In 

conclusion, the study indicates that risk tolerance is not only related to age and period but 

also to other demographic and economic characteristics (Yao et al., 2011). Parts of these 

results are confirmed by Barber and Odean (2001), who showed that the monthly portfolio 

turnover decreases by 0.31% every ten years that people age, and hence that the portfolios 

of young people are more volatile.  

 

Wong (2011) conducted a study to find a link between financial risk tolerance and 

demographic factors in three countries. The three countries are the United Kingdom, 

Australia and the United States. By using a computer-based attitude test comprised of 25 
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risk tolerance assessment questions and 8 demographic questions, Wong was able to find 

the following result for age. The result for the age factor showed that there is a negative 

relationship between age and risk tolerance. When age increases, the tolerance for risk 

decreases in all three countries examined. However, Wong explains that this relationship 

can be biologically based, explaining that changes in risk tolerance attributes can be due 

to changes in enzymes when aging. Further, to clarify the negative relationship Wong 

explains that the time horizon for investments gets shorter and chances of recouping 

losses can be more difficult when an investor’s age increases. This is also similar to the 

findings of Yao et al. (2011).  

2.4.3 Marital status 

Marital status is a recurrent subject in reports regarding risk-taking. For instance, Sundén 

and Surette (1998) who investigated the effect of gender on risk-taking by looking at 

gender differences regarding portfolio allocation in retirement savings plans state that 

investment decisions are affected by both gender and marital status, namely by a 

combination of the two. Their investigation shows that married men are more risk averse 

than single men, and likewise, married women are more risk averse than single women. 

Further, single men are less risk averse than single women. It also showed that married 

couples can affect each other’s investment decisions.  

 

Yao et al. (2011) conducted a study in which they looked at risk tolerance, and their 

results showed the same thing as Sundén and Surrettes, namely that females tolerate less 

risk than both married and unmarried males, especially married females. When 

comparing unmarried males with married ones, the unmarried males were more risk 

tolerant. Barber and Odean (2001) confirm this, as they find that single men and women 

hold more volatile portfolios than married men and women.  

 

A study conducted by Sung and Hanna (1997) about which factors that are related to risk 

tolerance showed that marital status is a significant one. The authors looked at households 

and the results showed that the households with the highest risk tolerance are male-headed 

ones, the households with the lowest risk tolerance are the ones headed by a female and 

the risk tolerance of married couples were somewhere in between but closer to the risk 

tolerance of male-headed households, implying that married couples take more risk but 
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that it could be due to that the male takes the financial decisions. Schooley and Worden 

(1996) also state that married persons take more risk and that this is probably due to that 

there is two people with an income in the household.  

 

Family development theory is something that Chaulk et al. (2003) base their research on. 

The theory says that the expectations of a person’s roles in a family change over time, 

and depending on which stage the couple is in, they will adapt their expectations and 

behaviours since uncertainties are introduced. For instance, after a marriage, some may 

feel that they are expected to behave in a certain way and uncertainties like future 

parenthood are starting to be considered. The situation is similar if the individuals later 

become parents. Another theory that they use to base their research on is prospect theory, 

as it states that losses can be twice as important as gains when making a decision 

depending on the current situation of the decision maker and the individual's expectations. 

Putting the two theories together, it becomes clear that entering different family stages 

alters expectations, which in turn affects the perception of gains and losses. For example, 

a family might have a goal for which it needs to save money and therefore the losses that 

might occur if the money is invested in a risky asset will be perceived as greater than the 

potential gain. Therefore, a secure outcome is preferred, and the risk tolerance is lowered. 

According to the authors, this is why it is important to include factors such as marital 

status when looking at risk tolerance.  

 

Different results were however presented in the study. First, when individuals were to 

assess their own risk tolerance it was clear that young, married individuals do not want to 

take as much risk as their unmarried counterparts. However, in the study conducted, 

marital status had no significant effect on risk tolerance when it comes to investment risk. 

Having one or more children on the other hand did have a significant effect on risk 

tolerance (Chaulk et al., 2003). There are more studies in which the results about if marital 

status has an effect on risk tolerance or not show that it does not. For instance, in a study 

conducted by Anbar and Eker (2010), they find that factors such as gender, income and 

net assets affect the level of risk tolerance but factors such as marital status and number 

of children do not. 

 



 

 

 

 

20 

2.4.4 Income 

As mentioned earlier, to find an individual's risk-taking ability there are several 

demographic factors that should be explored. One of them, and the last one this thesis 

will cover, is income. 

 

Griesdorn et al. (2014) examined the link between behavioural life-cycle (BLC) and 

financial risk tolerance in low-to-moderate income households in the US. A low-to-

moderate income household is limited to a yearly income no greater than USD 80,000. 

BLC uses the constructs of mental-accounting, self-control and framing to explain 

consumer decision-making behaviour. Mental accounting is the process of dividing assets 

into different accounts which are then designated to specific purposes. Mental accounting 

is often used to increase self-control. Self-control is explained as self-regulation, the 

process by which people exert control over their feelings, impulses and thoughts. Framing 

is how wealth is perceived when income increases. Salary is a framed income, and 

therefore spent differently than a bonus income. A bonus income is more likely to be 

saved which also can be the assumed for asset increases (Griesdorn et al., 2014). 

 

Previous studies have found an association between BLC variables and savings 

behaviour. Households with longer time horizons and greater self-control tended to save 

more than other households. In the study by Griesdorn et al (2014), they try to find an 

association between BLC and risk tolerance which is closely related to the consumer 

behaviour. Two hypotheses are presented, the first hypothesis investigated if respondents 

who have more self-control will have greater risk tolerance. The second hypothesis is 

about the relationship between framing and risk tolerance, though the direction of the 

relationship is uncertain (Griesdorn et al., 2014). 

 

The authors found that the behavioural life-cycle variables were positively associated 

with risk tolerance. The first hypothesis was supported by the research, respondents risk 

tolerance increases as self-control increases. The second hypothesis is also confirmed as 

the research indicates that there is a positive relationship between framing and risk 

tolerance, meaning that when income increases the risk tolerance follows. However, the 

framing effect only had a small effect on the overall risk tolerance since only 1% of the 

variance in risk tolerance was explained by the income variable (Griesdorn et al., 2014). 
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Income level is an important characteristic when evaluating risk tolerance according to 

Ayuub et al. (2015) who conducted a study in Pakistan to examine the phenomena of risk-

taking ability in response to different demographic factors. The factors being gender, 

marital status, occupation status, education, age and income. The authors found that 

income is not significant when determining the financial risk tolerance. 

 

Wong (2011) conducted a study to explore and compare the risk tolerance in three 

countries by looking at selected demographic factors. One of Wong’s findings is that risk 

tolerance increases as income rises. Wong clarifies that a person with a higher income 

level usually has more disposable income and is therefore in a better position to tolerate 

more risk. One surprising result for the author is that income is not a more important 

contributor to risk tolerance than gender and age (Wong, 2011). 

 

Reddy and Mahaparta (2017) conducted a study based on primary data collected through 

structured questionnaires in India in order to study the various dimensions of risk 

tolerance and personal knowledge. The authors studied six demographic factors, namely 

gender, age, education, income, marital status and occupation. Higher income levels were 

found to have a positive relation on risk tolerance levels. This is motivated by the fact 

that upper income and/or wealthy individuals have funds to obtain the losses, resulting in 

riskier investments. The study suggests that risk tolerance generally increases as income 

increases (Reddy & Mahapatra, 2017). 

 

Sung and Hanna (1997) investigated the effect of financial variables and individual 

characteristics on risk tolerance by studying the 1992 Survey of Consumer Finances (US). 

Their analysis is based upon working respondents age between 16 and 70. The authors 

found that the level of non-investment income had a positive effect on risk tolerance. 

Other findings were that respondents with 30 or more years to retirement who had higher 

non-investment income were more likely to be perceived as risk tolerant than a household 

that is closer to retirement or had lower income. Lastly, Sung and Hanna examined 

households with one self-employed head and found that they have a high risk tolerance 

despite the fact that a self-employed person tolerates less risk in financial investments 

than an employed person. A self-employed person’s income is presumed to be more 
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variable, however self-employed are generally less risk averse than those who are 

employed (Sung & Hanna, 1997).  

 

 

Table 1 

Summary of prior literature review of the studied demographic factors  

Study by Country & Data Time period  Results & Findings 

Bannier & 

Neubert (2016) 

Germany 

2,047 respondents 

 

2009 Men invest in riskier 

assets than women 

 

Fisher & Yao 

(2017) 

United States 

2,246 respondents 

 

2013 Men have higher risk 

tolerance than females 

Barber & Odean 

(2001) 

United States 

37,664 respondents 

1991-1997 Men turn their 

portfolios over more 

than women do 

Charness & 

Gneezy (2012) 

United States 

186, 200, 94 & 177 

respondents 

 

2008, 2010, 

2004 

&  2006 

Women are more risk 

averse than men 

Sundén & Surette 

(1998) 

United States 

3,906 & 4,299 

respondents 

 

1992 & 

1995 

Women are less likely 

to invest in riskier 

assets / Married people 

are more risk averse 

Lemaster & 

Strough (2014) 

United States 

627 respondents 

 

Unknown A person’s risk 

tolerance depends on 

the degree of masculine 

or feminine traits it 

possesses 

Mata et al. (2011) United States 

29 comparisons 

between young and 

older adults in a 

systematic literature 

search 

 

Unknown No clear age-related 

differences in risk-

taking level. 

Wang & Hanna 

(1997) 

United States 

Unknown 

 

1983-1989 Risk tolerance increases 

with age 

Yao et al. (2011) United States 

21,167 surveys 

 

1998-2007 Risk tolerance is not 

only affected by age / 

Married individuals are 

less risk tolerant 
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Wong (2011) United Kingdom, 

Australia & United 

States 

Unknown 

 

2010 Risk tolerance 

decreases when age 

increases/ More 

disposable income 

leads to better tolerating 

risk 

Schooley & 

Worden (1996) 

United States 

3,143 respondents 

 

1989-1990 Married individuals are 

more risk tolerant 

Chaulk et al. 

(2003) 

United States & Canada 

4305 & 75 respondents  

 

1998 & 

1999 

Marital status does not 

affect risk tolerance 

Anbar & Eker 

(2010) 

Turkey 

1,097 respondents 

 

2008 Marital status does not 

affect risk tolerance 

Griedorn et al. 

(2014) 

United States 

1034 surveys 

 

2010 Income has a small 

effect in the risk 

tolerance 

Ayuub et al. 

(2015) 

Pakistan 

110 respondents 

Unknown Income does not have a 

significant effect on 

risk tolerance 

Reddy & 

Mahaparta (2017) 

India 

297 reponses 

Unknown Risk increases as 

income increases 

Sung & Hanna 

(1997) 

United States 

2,659 respondents 

1992 Higher non-investment 

income has positive 

effect on risk tolerance 

/ Marriage has a 

positive effect on risk 

tolerance 

 

  



 

 

 

 

24 

3 Method 

3.1 Approach  

When dealing with social sciences, a common problem that is faced is whether they can 

be studied in the same manner as natural sciences. According to Bryman (2016), there are 

three main positions one can take. Positivism is the first one and it advocates that the 

approach should be as close to the ones used in natural sciences as possible. According 

to this position, researchers use theories to create hypotheses to test or begin with 

collecting information to create theories. The observations are most meaningful in the 

research, and the position stresses the importance of objectiveness as well as using 

scientific statements instead of normative ones. 

 

Realism is the second position, and it is also based on that the approach to social sciences 

should be the same as to natural sciences. One type of realism is critical realism, and it 

argues that the findings do not have to reflect reality directly; instead, they are a way of 

understanding reality. Further, this position has accepted the use of unobservable 

explanations in their theories and it is based on retroductive reasoning, meaning that one 

should draw conclusions about causes behind observations (Bryman, 2016).  

 

Interpretivism is the third and last position and opposed to positivism it criticizes using 

approaches that are used in natural sciences when studying social sciences. It argues that 

the approach that should be used to collect and interpret the findings has to reflect the fact 

that human behaviour does not follow nature, and that understanding different phenomena 

is most important (Bryman, 2016). 

 

The position that will be taken in this research is positivistic as it will rely on statistical 

inferences based on numerical data, focus on how reality looks at this point in time and 

not go particularly deep into the reasons behind the findings.  

 

3.2 Data collection 

When conducting social research, one of the first things to do is selecting which theory 

to use, namely deductive or inductive theory. When using deductive theory, which is the 

most common thing to do, the researcher collects knowledge from existing theory in order 
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to form a hypothesis. This is followed by collecting data to analyse, which enables the 

researcher to accept or reject the hypothesis. Finally, the researcher analyses and 

compares the findings to the different theories that were reviewed in the beginning. 

Deductive theory is often associated with performing research that is quantitative. 

Inductive theory on the other hand begins with collecting findings in order to form a 

theory, and is associated with performing qualitative research (Bryman, 2016). 

 

Quantitative research is a method in which the researcher collects numerical data and 

prefers an approach based on natural science, often positivistic and always objective. 

Qualitative research focuses on the interpretations of individuals and words instead of 

numerical data. It is however important to note that one can mix the two methods. The 

data used can be either primary or secondary data; primary data referring to that the same 

researchers who collected the data analysed it, and secondary data referring to when 

different researchers collect and analyse the data (Bryman, 2016). Further, the data can 

be cross-sectional, time-series or panel. Cross-sectional refers to quantifiable data that is 

collected at the same point in time for at least two variables to see if there is a pattern, 

time-series is data collected over time to see if there are any patterns and panel-data is a 

mix of the two (Baltagi, 2013). 

 

In this thesis, deductive theory will be used. This is because the theory begins with 

looking at previous research and theories from other countries in order to form research 

questions to test in Sweden. The research will be quantitative as the level of individual 

financial risk-taking is measured on a scale from 1 to 5, the lowest level of risk tolerance 

on the scale is 1 and the highest level is 5. Since the data has been collected by a bank 

and is now analysed by us, it is secondary data. It is also cross-sectional as it is 

quantifiable and collected for different variables at the same point in time to see if there 

are any relationships.  

 

The data that will be used for this research is documentation from financial counselling 

meetings at one of Sweden’s largest banks which educated and experienced financial 

advisors have produced. The questions asked to find an individual's risk tolerance during 

an investment meeting are adjusted each month to limit any current market trends 

affecting risk tolerance. The data consists of a sample of 111,265 men and women of 
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various ages, with various marital status and income that have had a meeting with a 

financial advisor in Sweden. During the meeting, information about gender, age, marital 

status and income has been collected and a level of individual financial risk tolerance has 

been assessed based on seven specific questions and discussion during the meeting. This 

approach is somewhat similar to the risk assessment tool developed by the Vanguard 

group (Alistair & Blake, 2012). The data was collected during 2018-01-03 to 2019-04-

04.  

 

3.3 Descriptive statistics 

In total the sample consisted of 111,265 observations from financial counselling meetings 

with people in the age 20-100 years old. The sample includes 60,023 women and 51,242 

men as can be seen in the figure 2. The sample is not fully balanced, but the difference is 

too small to be assumed to have any effect on the results. In the observations made, there 

are 50,638 who are married and 60,626 who are not, figure 3. In table 2 the sample 

descriptive for the continuous variables is presented. The average age in the sample is 52. 

The age distribution of the participant is depicted in figure 4. The average income per 

month (after tax) in the sample is SEK 23,901. The average risk level in the sample is risk 

level 3, the distribution of individuals by risk category is shown in figure 5.   

  

46%
54%

Distribution of  Married and Not 
Married individuals in sample

Married Not married

54%
46%

Distribution between Women and 
Men

Women Men

Figure 2 Distribution between women and men in sample 

 

Figure 3 Distribution between married and not married in 

sample 
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Table 2 Sample descriptive for continuous variables 

 
 

 

Figure 4 Distribution by age in sample 

 

 

 

 

Figure 5 Distribution of individuals by risk level 

 

3.4 Data analysis 

In order to answer the research questions, regressions were performed in R, which is a 

statistical program. Individual financial risk level was kept as the dependent variable, and 

regressions with gender, age, income and marital status as independent variables were 
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performed. More precisely, a multinomial logistic regression was performed. This was 

due to that the dependent variable financial risk level includes the levels low (1), low-

medium (2), medium (3), medium-high (4) and high (5), and it therefore classifies as a 

nominal, or more specifically, an ordinal dependent variable. Hence, a standard linear 

regression cannot be performed as it requires the dependent variable to be continuous 

(Gujarati & Porter, 2009). Instead, by conducting a multinomial logistic regression we 

were able to obtain the log odds as well as the p-values to see whether the variables affect 

risk level and if the results are statistically significant. Log odds are the logarithm of the 

odds ratio and show the logarithm of the probability of belonging to for instance risk level 

two compared to the probability of belonging to risk level one (Gujarati & Porter, 2009).   

 

The data was also tested for signs of multicollinearity to see if there is a linear correlation 

between the independent variables, which could lead to making wrong predictions about 

the independent variable (Gujarati & Porter, 2009).  

 

Since the reference category used was risk level 1, all of the risk levels’ log odds are 

presented in a way in which they are compared to risk level 1. Hence, the model equations 

are: 

Equation 1 

𝑙𝑛
𝑃(𝑟𝑖𝑠𝑘 𝑙𝑒𝑣𝑒𝑙 = 2)

𝑃(𝑟𝑖𝑠𝑘 𝑙𝑒𝑣𝑒𝑙 = 1)
=  𝛽0 + 𝛽1𝐺𝑒𝑛𝑑𝑒𝑟 + 𝛽2𝐴𝑔𝑒 + 𝛽3𝑀𝑎𝑟𝑖𝑡𝑎𝑙 𝑠𝑡𝑎𝑡𝑢𝑠 ⊢ 𝛽4𝐼𝑛𝑐𝑜𝑚𝑒 

 

Equation 2 

𝑙𝑛
𝑃(𝑟𝑖𝑠𝑘 𝑙𝑒𝑣𝑒𝑙 = 3)

𝑃(𝑟𝑖𝑠𝑘 𝑙𝑒𝑣𝑒𝑙 = 1)
=  𝛽0 + 𝛽1𝐺𝑒𝑛𝑑𝑒𝑟 + 𝛽2𝐴𝑔𝑒 + 𝛽3𝑀𝑎𝑟𝑖𝑡𝑎𝑙 𝑠𝑡𝑎𝑡𝑢𝑠 ⊢ 𝛽4𝐼𝑛𝑐𝑜𝑚𝑒 

 

Equation 3 

𝑙𝑛
𝑃(𝑟𝑖𝑠𝑘 𝑙𝑒𝑣𝑒𝑙 = 4)

𝑃(𝑟𝑖𝑠𝑘 𝑙𝑒𝑣𝑒𝑙 = 1)
=  𝛽0 + 𝛽1𝐺𝑒𝑛𝑑𝑒𝑟 + 𝛽2𝐴𝑔𝑒 + 𝛽3𝑀𝑎𝑟𝑖𝑡𝑎𝑙 𝑠𝑡𝑎𝑡𝑢𝑠 ⊢ 𝛽4𝐼𝑛𝑐𝑜𝑚𝑒 

 

Equation 4 

 

𝑙𝑛
𝑃(𝑟𝑖𝑠𝑘 𝑙𝑒𝑣𝑒𝑙 = 5)

𝑃(𝑟𝑖𝑠𝑘 𝑙𝑒𝑣𝑒𝑙 = 1)
=  𝛽0 + 𝛽1𝐺𝑒𝑛𝑑𝑒𝑟 + 𝛽2𝐴𝑔𝑒 + 𝛽3𝑀𝑎𝑟𝑖𝑡𝑎𝑙 𝑠𝑡𝑎𝑡𝑢𝑠 ⊢ 𝛽4𝐼𝑛𝑐𝑜𝑚𝑒 
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By taking the exponential of the log odds, as explained above, one will obtain the odds 

ratios which we prefer since they are easier to explain. This was therefore done in order 

to analyse the odds ratios for each factor.  

 

Finally, predicted probabilities were obtained to see if the model can be used to make 

future predictions based on the factors included. To do this, we first tested models with 

and without interactions to see which model that would be the best to use. The best model, 

namely the model with the lowest Akaike Information Criteria (AIC), was then chosen 

(Gujarati & Porter, 2009). 

 

In this model, the sample was divided in two parts. One random sample that consists of 

80% of the observations, and another that consists of the other 20%. The 80% were used 

to calculate the probability of having a specific risk level depending on if the individual 

is a female or male, the individual’s age, if the individual is married or not and the 

individual’s net income. The fitted coefficients were then used on the sample of 20%, and 

assuming that the actual financial risk level is not known, the model calculated the risk 

level that is most probable for that person. After that, the calculated financial risk level 

was compared to the actual one to see whether the model was correct or not.  

 

3.5 Strengths and limitations 

Beginning with the limitations, one of the main ones is that it is a quantitative research. 

The result of this is that we can easily look for and find reliable relationships; however, 

it is impossible to draw conclusions regarding why the results look like they do. For 

instance, the reasons for why women would be more risk averse than men. Is it only due 

to specific personality traits or is there perhaps a biological explanation? The same issue 

applies to all of the independent variables. If this research would have been combined 

with some qualitative data, knowledge about underlying factors could have been 

obtained.  

 

Moving on to the strengths, one of them is that the sample is very big compared to the 

ones in earlier studies, which gives us a more reliable result. Another strength is that since 

the questions asked for determining the individual risk level have been designed by 

knowledgeable and experienced experts, it is more probable that the assigned risk level 
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on each person is the correct one. Further, a financial advisor assures that the risk level is 

correct, which strengthens the reliability even more. However, a risk might be that the 

financial advisor has pushed the client in a certain direction, and hence the level of risk-

taking could be wrong. Assuming that this is not common since the advisors are educated 

and strictly forbidden to affect the client in that manner, one could conclude that it should 

not have had a significant effect on the result. An important limitation could however be 

that is happens that married couples attend the meetings together, which could make them 

affect each other. Also, when looking at marital status and why it is important, it might 

be hard to apply in Sweden as marriages are not as common before getting children. In 

2016 for instance, every other born child was born by an unmarried mother (SCB, 2017). 

 

Even though conducting quantitative research can be regarded as a limitation it can also 

be viewed as a strength as it gives comparable results that are hard to manipulate. Further, 

the data was collected during a year; hence, seasonal effects and the effect of one or a 

couple political events for instance can be ruled out.  
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4 Empirical Findings 

4.1 Regression results 

The multinomial logistic regression provided us with log odds, their standard deviation, 

odds ratios and p-values. They are all summarised in table 3. 

 

 

 

 

 

   

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

As mentioned, the odds ratios are easier to explain and are therefore the focus of this 

regression. The odds ratios and their interpretations are more precisely presented for each 

factor below.  

 

 

Gender Age Marital status Net income 

2 -0.204 -0.004 0.069 0.000

3 -0.519 -0.012 0.222 0.000

4 -0.937 -0.019 0.243 0.000

5 -1.378 -0.020 0.235 0.000

Gender Age Marital status Net income 

2 0.815 0.996 1.071 1.000

3 0.595 0.988 1.248 1.000

4 0.392 0.981 1.275 1.000

5 0.252 0.980 1.265 1.000

Gender Age Marital status Net income 

2 0.000 0.000 0.000 0.000

3 0.000 0.000 0.000 0.000

4 0.000 0.000 0.000 0.000

5 0.000 0.001 0.000 0.000

Gender Age Marital status Net income 

2 0.000 0.000 0.004 0.000

3 0.000 0.000 0.000 0.000

4 0.000 0.000 0.000 0.000

5 0.000 0.000 0.000 0.000

The reference category is 1. 

β (log odds ratio)

Exp(β) (odds ratio)

Std. Errors

P-values

  Table 3 Summary of regression results 
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4.1.1 Gender 

For gender and risk level 2, the odds ratio is equal to 0.815. This is the relative risk ratio 

for females compared to males and for risk level 2 compared to risk level 1, keeping all 

other variables constant. So, for females the relative risk for preferring risk level 2 versus 

risk level 1 will decrease by a factor of 0.815 compared to males, meaning that females 

are more likely to prefer risk level 1 over risk level 2 than males are. For risk level 3, the 

odds ratio is equal to 0.595, for risk level 4 it is 0.392 and for risk level 5 it is 0.252. 

Hence, the further away from risk level 1 females get, the more the relative risk for 

preferring that risk level versus risk level 1 will decrease. The conclusion from this is that 

in all categories, females prefer less risk than males, keeping all other variables constant.  

 

The p-values for the results are 0 - they are thus significant. The answer to the research 

question “Does gender affect the level of financial risk an individual is willing to take?” 

is therefore yes. 

 

4.1.2 Age 

For age and risk level 2, the odds ratio is equal to 0.996. This is the relative risk ratio for 

a one-year increase in age for risk level 2 versus risk level 1, keeping all other variables 

constant. So, for a person one year older than another the relative risk for preferring risk 

level 2 versus risk level 1 will decrease by a factor of 0.996, meaning that older people 

are more likely to prefer risk level 1 over risk level 2 than younger people are. For risk 

level 3, the odds ratio is equal to 0.988, for risk level 4 it is 0.981 and for risk level 5 it is 

0.980. Hence, the further away from risk level 1 older people get, the more the relative 

risk for preferring that risk level versus risk level 1 will decrease. The conclusion from 

this is that in all categories, older people on average prefer less risk than younger people 

keeping all other variables constant. However, the difference is not very big since the risk 

factor does not decrease a lot, compared to in the previous example with females and 

males. 

 

The p-values for the results are 0, meaning that they are significant. The answer to the 

research question “Does age affect the level of financial risk an individual is willing to 

take?” is therefore yes, although the effect is small.  
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To see if the financial risk level varies depending on how old one is, figure 6 showing 

risk category and age has been made. Looking at it, one can see that the risk level 

increases when individuals are around 30 years old and then decreases around an age of 

80. Hence, it increases as one gets older and then decreases.  

 

 

Figure 6 Risk classification of clients 

 

 

Since income is also a factor that increases as one gets older and then decreases, figure 7 

depicting age versus income was also made.  
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Figure 7 Distribution of income by age 

 

 

The increase and decrease when depicting net income to age is similar to the one when 

comparing risk category and age. Because of this, one could suspect that they are related. 

The model was therefore tested for signs of multicollinearity and Pearson correlation 

coefficients were obtained. As can be seen in the matrix below, none of the variables is 

highly correlated with another, although age and income are as suspected somewhat 

correlated. Multicollinearity can therefore be excluded (Gujarati & Porter, 2009). 

Table 4 Pearson correlations 
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4.1.3 Marital Status 

For marital status and risk level 2, the odds ratio is equal to 1.071. This is the relative risk 

ratio for a married person compared to person that is not married and for risk level 2 

versus risk level 1, keeping all other variables constant. So, for a married person the 

relative risk for preferring risk level 2 versus risk level 1 will increase by a factor of 1.071 

compared to a person that is not married, meaning that married people are more likely to 

prefer risk level 2 over risk level 1 than people who are not married. For risk level 3, the 

odds ratio is equal to 1.248, for risk level 4 it is 1.275 and for risk level 5 it is 1.265. 

Hence, the further away from risk level 1 married people get, the more the relative risk 

for preferring that risk level versus risk level 1 will increase except for in risk level 5, in 

which it actually decreases a little. However, the odds ratio is still positive so the 

conclusion from this is that in all categories, a married person would prefer more risk than 

a person that is not married would, keeping all other variables constant.  

 

The results are significant since the p-values are 0 except for on risk level 2 where it is 

0.004, which is still below 0.01 and thus significant. The answer to the research question 

“Does marital status affect the level of financial risk an individual is willing to take?” is 

therefore yes. 

 

4.1.4 Income 

For net income and risk level 2, the odds ratio is equal to 1.000017. This is the relative 

risk ratio for a 1 SEK increase in net income for risk level 2 versus risk level 1, keeping 

all other variables constant. So, with a 1 SEK higher net income the relative risk for 

preferring risk level 2 versus risk level 1 will increase by a factor of 1.000017 compared 

to when having a 1 SEK lower net income, meaning that people with higher net income 

are more likely to prefer risk level 2 over risk level 1 than people with lower net income 

are. For risk level 3, the odds ratio is equal to 1.000042, for risk level 4 it is 1.000063 and 

for risk level 5 it is 1.000077. Hence, the further away from risk level 1 people with higher 

net income get, the more the relative risk for preferring that risk level versus risk level 1 

will increase. The conclusion from this is that at all levels, people with higher net income 

prefer higher risk than what people with lower income do, keeping all other variables 

constant. However, the difference is very small since the risk factor only increases a little 

and hence income has a little effect on the individual level of financial risk-taking. 
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The p-values for the results are 0, making the results significant. The answer to the 

research question “Does income affect the level of financial risk an individual is willing 

to take?” is therefore yes, although the effect is small.  

4.2 Prediction 

A common thing to do in addition to a multinomial logistic regression is to obtain 

predicted probabilities to see if the model can be used to make future predictions based 

on the factors included (Starkweather & Kay Moske, 2011). 

 

We tested a model without interactions, a model in which every factor interacts with the 

other and models in which one specific factor interacts with the other to see which model 

that is the best. The best model, which was the model with the lowest AIC, was the model 

in which gender interacted with each of the other factors. The reason for why the model 

in which every factor interacts with the other is not better is due to that it is overfitting, 

which could lower AIC (Gujarati & Porter, 2009).   

 

The sample was as mentioned divided in two parts. One random sample that consists of 

80% of the observations was used to calculate the probability of having a specific risk 

level, and the obtained fitted coefficients were then tested on the other 20%. The predicted 

financial risk level was compared to the actual one to see whether the model was correct 

or not, and the results are summarised in table 2. There it is evident that the prediction 

accuracy of the model is not particularly high since the model often cannot predict if a 

person belongs to risk level 2 or 3. The prediction accuracy was 40.24%. Thus, by only 

using the factors gender, age, marital status and income one cannot draw conclusions 

about which financial risk level the individual will have.  

             

Table 5 Predicition accuracy 

 

1 2 3 4 5

1 0 474 1382 0 0

2 0 1335 4947 3 0

3 0 1109 7611 5 0

4 0 303 3943 8 0

5 0 59 1068 6 0

Predicition accuracy
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5 Analysis 

The traditional neoclassical model of finance was used for a long time and still is. It has 

however been criticised for more than 50 years, and in recent years the discussion has 

boomed. The assumption that an investor makes rational decisions since they process 

information correctly and make financial decisions to maximise their expected utility is 

what has been criticised the most (Szyszka, 2013). Today, there are several models that 

challenge the traditional ones and therefore a new approach to finance has emerged, 

namely behavioural finance. Many researchers have covered investor behaviour and risk-

taking, and they have shown that investors are not rational and that there are plenty of 

factors that affect the level of risk one is willing to take when making financial decisions. 

Four of the most discussed ones, that are also covered in this report, are gender, age, 

marital status and income.  

5.1 Gender 

The multinomial logistic regressions that was performed showed that when comparing 

risk level 2, 3, 4 and 5 to 1, the odds ratio was always less than 1 for females compared 

to males, namely 0.815, 0.595, 0.392 and 0.252 respectively, keeping all other variables 

constant, and the p-values were 0. In other words, females prefer less risk than males do, 

and the result is statistically significant.  

 

These results are in line with what previous researchers have shown. For instance, Bannier 

and Neubert (2016) and Barber and Odean (2001) showed that men take more risk since 

they are overconfident, and that this is shown by the fact that they hold riskier portfolios 

and that they trade more excessively. This was confirmed by Charness & Gneezy (2012) 

who also showed that men invest more in risky assets than women do and Sundén and 

Surette (1998) who illustrate that females are less likely to invest in riskier assets, even 

when saving for their retirement, which is when it is most common to invest in risky 

assets since the investment horizon is long.  

 

It is interesting that gender has such a big effect on the financial risk level even though 

Sweden was shown to be the most equal country in Europe in 2017 (Regeringskansliet, 

2017). Since the results are not in line with how the culture in Sweden looks, this could 

imply that biological factors do affect how risk averse one is, like Charness and Gneezy 
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(2012) as well as Subrahmanyam (2007) proposes. Lemaster and Strough (2014) on the 

other hand challenge this and argue that a psychological approach should be used in which 

one looks at the degree of masculine or feminine traits a person possesses. This has not 

been studied in our thesis; it is nonetheless vital to acknowledge.  

 

The fact that females are more risk averse than males is a bit worrying according to 

Bannier & Neubert (2016) as females are expected to have less wealth than males since 

they earn less on average, live longer and since investments with lower risk historically 

have earned lower returns. Females will therefore be more vulnerable when they become 

older. In the United States, Fisher & Yao (2017) found that 10% of accumulated wealth 

differences between the genders is due to differences in risk-taking. Our study does not 

show how big the effect is in Sweden, although it is an important factor to consider.  

 

To summarize, our results are consistent with previous findings. In all of the reviewed 

articles the authors came to the conclusion that gender has a significant effect on the level 

of financial risk-taking and that females take less risk - which is exactly what we found.  

 

5.2 Age  

The regression that was made by comparing risk level 2, 3, 4 and 5 with the reference 

point to risk level 1 showed that the odds ratio for a person one year older than another 

preferred lower risk. The odds ratios, keeping all other variables constant, were equal to 

0.996, 0.988, 0.981 and 0.980. The p-values were equal to 0, showing that the result that 

older individuals prefer lower risk than younger individuals is statistically significant. 

 

The results are somewhat similar to the previous research. Mata et al. (2011) argue that 

the age factor is complex and a function of different tasks, but they did find that older 

people became more risk averse when they learned about risk-seeking behaviour. In their 

research, Mata et al. (2011) found that risk behaviour decisions made from descriptions 

show a minor difference in the age groups. Decisions that was made from descriptions 

were tasks such as sure thing vs risky gamble, blackjack and the Cambridge gambling 

task. The subjects learned about the tasks before making a decision on how they would 

proceed in the task. Resemblances can be made with the data we have analysed. 

According to Finansinspektionen (n.d.-b), the customer must be given certain information 
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before a transaction can be made to better understand the investment and the risks. In the 

Swedish bank where the data was collected, all the advisors must give the investor certain 

information before the investor makes a decision on whether or not they want to proceed 

with the transaction. Thereof this can somewhat be related to making a decision under 

description as Mata et al (2014) found. The data analysed show that that with one year 

increase in age the preference to take less risk is more apparent but only to a small extent. 

 

Yao et al. (2011) did, just as Mata et al (2011), find that there is a relation between age 

and risk tolerance. They found that when age increases the time horizon of the investment 

is shortened, hence the relation between age and risk tolerance is established. When an 

individual ages he or she will not want to take higher risk with their investment as they 

might not be able to recoup losses (Yao et al., 2011), this was also an argument used by 

Wong (2011).  

 

Following previous researchers, Wong (2011) found that when age increases, the 

tolerance for risk starts to decrease. Wong did however explain the differences to be 

biologically based and as Yao et al. (2011) clarified, time horizon is also an important 

aspect to consider when looking at risk tolerance. Lastly, Barber and Odean (2001) found 

that for every ten year people age the monthly turnover of their portfolios decreases with 

0.31%, hence the portfolios of younger people were more volatile.  

 

The conclusion from previous research is that the age factors is complex. Though several 

authors have found mixed results the majority of the research show that there is a small 

and significant difference in risk tolerance between the different age groups. Our 

empirical findings are therefore supported by past findings, since as age increases the risk 

tolerance decreases.  

 

5.3 Marital status 

In the regression that was performed, it was showed that when comparing risk level 2, 3, 

4 and 5 to 1, the odds ratio was always more than 1 for married individuals compared to 

individuals that are not married. More specifically, the odds ratios were equal to 1.071, 

1.248, 1.275 and 1.265 respectively, keeping all other variables constant, and the p-values 
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were lower than 0.01. In other words, individuals that are married prefer more risk than 

those that are not married do and the result is statistically significant.  

 

Since researchers that have previously investigated the effect of marital status on risk-

taking have come to different conclusions about whether the factor is significant or not 

and whether married or people that are not married take more risk, our results are not in 

line with everyone. For example, Sundén and Surrette (1998) came to the conclusion that 

marital status is vital to include when looking at risk-taking, although they also came to 

the conclusion that married individuals are more risk averse. This was later confirmed by 

both Barber and Odean (2001) and Yao et al. (2011), hence contradicting our results.  

 

Anbar and Eker (2010) found no significant relationship between risk-taking and marital 

status. Neither did Chaulk et al. (2003), however they did argue that marital status should 

be considered and explained it by using family development theory as well as prospect 

theory, claiming that events such as marriage creates uncertainties which will induce 

couples to take lower risk. This argument may however be difficult to apply in Sweden 

since according to SCB (2017), every other child that is born has parents that are not 

married.  

 

The researchers who came to the same conclusions we did were Sung and Hanna (1997) 

as well as Schooley and Worden (1996). Sung and Hanna (1997) argued that married 

couples take higher risk, especially in male-headed households, implying that they affect 

each other’s financial decisions and that it is the male who mostly affects the decisions. 

Schooley and Worden (1996) agree that married individuals are less risk averse and argue 

that this is probably since the household receives two incomes. It happens that some 

couples attend the investment advising meetings together, and therefore this might have 

affected the results. We do not know to which extent this is the case in our sample but do 

believe it is essential to keep in mind.  

 

5.4 Income 

The last demographic factor income had a very small impact on the risk tolerance 

development when comparing risk level 2, 3, 4 and 5 to risk level 1. The odd ratios were 
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1.000017, 1.000042, 1.000063 and 1.000077, keeping all other variables constant and the 

p-values were equal to 0. Hence the results are statistically significant. The regression 

analysis show that a person with 1 SEK higher income than another person is willing to 

take a slightly higher risk in their investments.  

 

The common argument between previous researchers is that when income increases the 

risk tolerance follows. Griesdorn et al. (2014) found that when framing the income 

variable it only had a small effect on the overall risk tolerance in their research but there 

was a link between increase in income leading to an increase in risk tolerance. Wong 

(2011) supported Griesdorn et al. (2014) as he clarified that a person with a higher income 

level usually has more disposable income and is therefore in a better position to take risks 

and that is also what he found in his research. He also found that the income factor was 

not the most important factor when risk assessing an individual (Wong, 2011), which is 

in line with our findings in the regression since the income factor only had a slight impact 

on the risk tolerance.  

 

Sung and Hanna (1997) studied individuals in the ages between 16 and 70 who are 

working and found that the non-investment income had an effect on risk tolerance, when 

the income increases the risk tolerance follows. They also found that individuals with 30 

or more years to retirement who have higher non-investment income were more likely to 

be perceived as more risk tolerant. Sung and Hanna’s (1997) findings are supported by 

Reddy and Mahaparta (2017) who also found that individuals in the upper income levels 

or wealthier individuals are recognised to take riskier investments because they have 

funds to obtain potential losses. In this analysis there is not a clear portrayal to support 

Sung and Hanna (1997) and Reddy and Mahaparta (2017), but the common notion of 

higher income related to risk tolerance is consecutive with our findings. 

 

One interesting finding made by Ayuub et al. (2015) is that the income factor does not 

have a significant impact on the risk tolerance. As mentioned before, Griesdorn et al. 

(2014) found that the framing variable, income, only represented 1% of the variance in 

the risk tolerance - a small effect. This is fairly similar to our findings where the income 

factor had a very small impact on the risk tolerance overall, but it is still statistically 

significant for the result and consecutive with previous research.  
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6 Conclusion 

The purpose of this paper was to investigate if the factors gender, age, marital status and 

income affect the level of financial risk an individual is willing to take and to check if by 

using the fitted coefficients from the data on these samples, it would be possible to predict 

which level of risk one will belong to and hence how well the factors explain individual 

financial risk levels.  

 

Does gender affect the level of financial risk an individual is willing to take?  

The multinomial logistic regression showed that the odds ratios for females relative to 

males, for all of the risk levels relative to risk level 1 was lower than 1, and the p-values 

were all equal to 0. This implies that females are more risk averse than males and that the 

results are statistically significant.  

 

Does age affect the level of financial risk an individual is willing to take?  

In this case, the regression showed that the odds ratios for a one year older person relative 

to a one year younger person, for all of the risk levels relative to risk level 1 was lower 

than 1, and the p-values were all equal to 0. In other words, older individuals are more 

risk averse than younger individuals on average, and the results are statistically 

significant. However, the odds ratio was quite small, so to see whether individual risk-

taking only decreases as one gets older or if it varies, the risk level was plotted against 

the age, and it clearly showed that the level of risk first increases with age and then 

decreases.  

 

Does marital status affect the level of financial risk an individual is willing to take?  

The results from the regression showed that the odds ratios for married individuals 

relative to individuals that are not married, for all of the risk levels relative to risk level 1 

was higher than 1, and the p-values were all less than 0.01. This means that individuals 

that are not married are more risk averse than those who are, and that the results are 

statistically significant.  
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Does income affect the level of financial risk an individual is willing to take?  

The regression that was performed showed that the odds ratios for an individual with a 

net income 1 SEK higher relative to an individual with a 1 SEK lower net income, for all 

of the risk levels relative to risk level 1 was slightly higher than 1, and the p-values were 

less than 0. The meaning of this is that individuals with higher net income are willing to 

take a slightly higher risk, and that the results are statistically significant.  

 

How well do the factors explain the level of financial risk an individual is willing to take?  

By building a model using 80% of the sample and testing it on the other 20%, the model, 

and hence the factors, were able to predict the correct risk level 40% of the time. 

Therefore, the factors on their own do not explain the level of financial risk an individual 

is willing to take particularly well.  
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7 Discussion 

7.1 Ethical and social aspects 

Behavioural finance challenges the assumptions of the traditional approach to finance. It 

has been proven that there are several factors that affect how people trade. The Mifid II 

directive equalizes the European market and services to provide individuals with the right 

“custom designed” investment, which has bloomed the past years with the growth of 

Fintech companies. The need to understand the investor to give a suitable advice is 

important to keep the investor satisfied. The Mifid II directive keeps the financial 

institutions in line and protects the client from unethical investments that are not suited 

for the client and to his or her risk profile. The risk assessment tools are therefore central 

to find the right risk tolerance level, and a result of this is that understanding risk and 

what affects individual’s risk tolerance is also important to understand. The study 

contributes to this understanding.   

 

Another important ethical aspect that this study sheds light on is the fact that females take 

less risk than males and how severe the effects of this is. Not only do females earn less 

and live longer, investing in assets with lower risk will lead to them earning lower returns 

and therefore the gap between the genders will increased. This is important for financial 

advisors to consider and work with.  

 

This study will not harm any individual in the sample, and neither will it harm the bank. 

In the data we received there were no social security numbers or names; thus, specific 

data cannot be connected to anyone.   

 

7.2 Future studies 

To better understand why individuals trade differently one must understand an 

individual’s different characteristics, and one of these is risk. This kind of research, with 

respect to demographic factors, has been done before but not yet on the Scandinavian 

markets or the European market. Future research should therefore cover these markets as 

well.  
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As mentioned in the method, the limitations of conducting quantitative research is that 

the reasons for why the factors affect risk-taking cannot be determined. In future studies, 

one could study this closer and perhaps combine a quantitative approach with a qualitative 

one. Further, how much risk-taking affects accumulated wealth could also be studied. 

Fisher and Yao (2017) for instance stated that 10% of the difference in accumulated 

wealth between genders in the United States is due to risk-taking. To investigate if the 

situation is similar in Sweden would be of interest. Another thing that could be done is to 

perform regressions that would enable the researchers to draw conclusions about if there 

is a difference between individuals in different generations for instance.  

 

Since the predictive analysis showed that the four factors covered in this report only have 

a prediction accuracy of 40%, future studies should include more factors. These could for 

instance be geographic area, ethnicity, number of children in the household, education, 

wealth and debts. In Sweden, instead of or in addition to using marital status one could 

look at how having a domestic partner affects risk tolerance. 
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