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Abstract 

Problem: Parallels have been drawn between the rise of the internet in 1990s and the 
present rise of bitcoin (cryptocurrency) and underlying blockchain technology. 
This resulted in a widespread of media coverage due to extreme price fluctuations 
and increased supply and demand. Garcia et al. (2014) argues that this is driven 
by several social aspects including word-of-mouth communication on social 
media, indicating that this aspect of social media effects individual attitude 
formation and intention towards cryptocurrency. However, this combination of 
social media of antecedent of consumer acceptance is limited explored, especially 
in the context of technology acceptance. 

 

Purpose:    The purpose of this thesis is to create further understanding in the Technology 
Acceptance Model with the additional construct: social influence, first suggested 
by Malhotra et al. (1999). Hereby, the additional construct of social media 
influence was added to advance the indirect effects of social media influence on 
attitude formation and behavioural intention towards cryptocurrency, through 
the processes of social influence (internalization; identification; compliance) by 
Kelman.   

 

Method:   This study carries out a quantitative study where survey-research was used that 
included a total sample of 250 cases. This sample consists of individuals between 
18-37 years old, where social media usage is part of the life. As a result of the data 
collection, analysis was conducted using multiple regression techniques.  

 

Conclusion:   Analysis of the findings established theoretical validation of the appliance of the 
Technology Acceptance Model on digital innovation, like cryptocurrency. By 
adding the construct of social media, further understanding is created in the 
behaviour of millennials towards cryptocurrency. The evidence suggests that 
there are clear indirect effects of social media on attitude formation and intention 
towards engaging in cryptocurrency through the processes of social influence. 
This study should be seen as preliminary, where future research could be built 
upon. More specifically, in terms of consumer acceptance of cryptocurrency and 
the extent of influence by social media.   
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Figure 1 Comparison between traditional transaction and Bitcoin transaction (Morabito, 2017, pp. 6-8)  

1. Prologue  

Establishment of the context is a necessity in research papers and, therefore, the section below will provide 

background details about this to create clarity and understanding for the reader. Hereby, it is important to keep 

the framed context in mind.   

For the past years, parallels have been drawn between the rise of the internet in 1990s and the present 

rise of the blockchain technology. In those days the internet was seen as a disrupting and interfering 

technology that led to the current state of society. Yet, internet revolutionized society completely. 

Some experts foresee a similar scenario for blockchain (Ito, Narula, & Ali, 2017).  

 

The blockchain technology represents a global database of records containing all transactions and or 

digital events without a single owner or controller of the data. This technology has several benefits 

for society (Crosby et al. 2015; DBS Group Research, 2016). The first benefit is decentralization of 

databases. This means that there is no direct third party involved, which decreases the likelihood of 

hacking and manipulation.  Secondly, once a transaction is verified by the majority of the participants 

it will be added to the blockchain which makes it inerasable. Thirdly, since blockchain operates as a 

public ledger it is accessible and open for everyone. However, to maintain anonymity and security, 

the information makes use of heavy-duty encryption (Tapscott & Tapscott, 2017; Morabito, 2017).  

 

Where e-mail drove the further adoption of the internet development, bitcoin is powering the adoption 

of the underlying blockchain technology, which was first conceptualized by Satoshi Nakamoto in 

2008. He argued that society became too dependent on exclusive financial institution, serving as third 

party to process transactions.  Although these systems work for most transactions, it still suffers from 

problems, like fraud and high transaction costs. Therefore, he suggested a system that was able to 

allow transactions between two parties without the need for a trusted third party – Bitcoin (Nakamoto, 

2008). This network is maintained by so-called ‘miners, whose computers execute calculations 

validating each transaction. For these mining activities, the miners receive, as reward, a proportion 

of the new bitcoin (mining fee) (Kharif & Leising, Bitcoin and Blockchain, 2017). Figure 1 provides 

an overview of the difference in processes between a traditional transaction and a bitcoin transaction.  
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Since bitcoin emerged in 2008, hundreds of other cryptocurrencies entered the market, where the 

majority have similar characteristics (e.g. public ledger) and are seen as mere clones of bitcoin (e.g. 

variation in process time) – altcoins (Hileman & Rauchs, 2017). However, some involve novel and 

innovative variation to bitcoin. For instance, Ethereum provides a decentralized ledger with ‘smart 

contract’ capabilities. This software allows contracts to be automatically enforced (Crosby, 

Nachiappan, Pattanayak, Verma, & Kalyanaraman, 2015).  Another example of an alternative to 

bitcoin is IOTA, where bitcoin uses blockchain technology, while IOTA uses the tangle technology 

which excludes the miners (and mining fee) (Popov, 2017). 

 

Since Bitcoin is not regulated by law or backed by governments and other legal entities, it operates 

like a free market system (Bouoiyour & Selmi, 2015). It eliminates the intermediaries which make 

trading in bitcoin easier, but also increases the likelihood of speculation due to the extreme volatility. 

This made it attractive for investors to trade and speculate on the future value of bitcoin. As a result, 

the bitcoin value rapidly increased over the last twelve months which, on its turn, attracted the 

attention of the media (Bouoiyour & Selmi, 2015). Economics call this often the ‘animal spirits’, 

which refers to (investing) decision making based on human emotion (irrational and intuitive), rather 

than hard analysis (Akerhof & Shiller, 2009). Therefore, an important role for media is reserved. 

Similar influences come from critics and advocates who openly criticize and endorse cryptocurrency 

(Bloomberg, 2018). These influences are affected by the surrounding social context and information 

reported by media (and vice-versa). Thus, this shows the importance of understanding the role of 

media in these opinion dynamics (Quattrociocchi, Caldarelli, & Scala, 2014) 
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2. Introduction 

Over the past decade, (digital) advancements in terms of the ubiquity of Information and 

Communication Technology (ICT) altered the way people and society interact among each other 

(Mieczakowski et al. 2011; Przybylski & Weinstein, 2012). In the past individuals were merely 

passive receivers of innovation, but rather they play a more interactive role now (Rogers, 2003; Atkin 

et al. 2015; Li et al. 2017). This is affecting the way individuals are exposed to innovation since these 

are the drivers of human behaviour (Sîrbu, Loreto, Servedio, & Tria, 2016).  

 

Diffusion research contributed to the increased understanding in the individual adoption process 

(Straub, 2009; Atkin, Hunt, & Lin, 2015). Where innovation is seen as “an idea, practise or object 

that is perceived as new”, diffusion is “the process in which an innovation is communicated through 

certain channels over time among the members of the system (Rogers, 2003, pp. 5, 12). This process 

helps to predict and explain the different stages of innovation adoption. The Innovation Diffusion 

Theory (IDT) by Rogers (1962) is to date still seen as most influential within the field of innovation 

diffusion (Gatignon & Robertson, 1985; Straub, 2009; Talke & Heidenreich, 2014).  

 

Despite the importance of the process of diffusion and its relation to consumer acceptance, it is often 

forgotten or poorly implemented by researchers, when modelling the acceptance of technological 

innovations (Davis, 1986; Venkatesh & Davis, 2000; Malhotra & Galletta, 1999). Even the 

Technology Acceptance Model (TAM), which is the most widely accepted model within its field has 

limited input from diffusion processes (Venkatesh & Davis, 2000; Malhotra & Galletta, 1999; 

Abdullah & Ward, 2016; Kwak & McDaniel, 2011). This model was first introduced by Davis et al. 

(1986) and explains the user acceptance of a technology seen from an individual perspective. Hereby, 

they identified two determinant roles of user’s attitude and behaviour intention: Perceived Usefulness 

(PU) and Perceived Ease of Use (PEOU) (Davis, 1986). Over the years, the TAM has been a validated 

and robust framework in understanding consumer acceptance in a variety of contexts including 

mobile banking (Laukkanen, 2016), internet-based learning (Straub, 2009; Park, 2009; Youl Park, 

Nam, & Cha, 2012;  Abdullah & Ward, 2016), blogs (Yang & Chang, 2013), online gaming (Kwak 

& McDaniel, 2011) and health care (Holden & Karsh, 2009).  

 

However, over the years the landscape changed which exposed several limitations of the model. 

Malhotra & Galletta (1999) argued that the TAM does not consider the social influence that might 

alter the eventual consumer acceptance. Hence, the construct of social influence (psychological 

attachment) was added as it further explains the development of one’s attitude and intention (Kelman, 

1958; Malhotra & Galletta, 1999; Malhotra & Galletta, 2005). In addition to this, Straub found that 

the setting of adoption is also an important determinant. Where the majority of all research in the 

field of the TAM is related to a mere mandated top-down adoption in organizations, individual 

adoption in a complete voluntary setting is often forgotten (Fathema, 2013). Especially, when we 

take into consideration that in a mandatory setting the users do not always have a choice as to whether 

to accept a technology, while in a voluntary setting the likelihood that an individual is getting 

influenced by external variables is higher (Straub, 2009).  
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This was also observed by López-Nicolás et al. (2008) who researched it in this context and identified 

a significant positive correlation between the traditional determinants of the TAM (PU and PEOU) 

and social influence on individuals in a voluntary setting (López-Nicolás, Molina-Castillo, & 

Bouwman, 2008). Hereby, they framed social influence in interpersonal (word-of-mouth) and 

external influences (media).  

2.1. Problem 

Over the past decade, researchers approached technology acceptance mainly from a work-based 

environment, in the context of organizations with a more mandated adoption (Malhotra & Galletta, 

1999; Venkatesh & Davis, 2000; Park, 2009; Holden & Karsh, 2010; Abdullah & Ward, 2016). 

Within this, external variables like opinion dynamics on social media are less important since the 

adoption of a particular system of technology is directed top-down and, therefore, bounded (Straub, 

2009). As adoption also includes a voluntary setting, where individuals are not obliged to accept a 

certain technology, it is of importance to understand these differences of impact on consumer 

acceptance. Especially when we take into consideration that social influence is seen as a key construct 

in voluntary setting (López-Nicolás, Molina-Castillo, & Bouwman, 2008). Prior research by López-

Nicolas et al. (2008) has drawn attention to this relation of social influence and the technology 

acceptance. They argued that technology acceptance should include social influence as antecedent, 

since it clarifies the underlying motivation. However, further decomposition of the construct social 

influence in the context of the technology acceptance model is limited (López-Nicolás, Molina-

Castillo, & Bouwman, 2008).  

 

To close this gap, we investigate the underlying determinant of voluntary technology acceptance, 

specifically, focused on the technology acceptance model. We build further upon the findings of 

López-Nicolas et al. (2008) who suggested that social influence is strongly associated with 

technology acceptance. In our study, unlike others, we aim to further deconstruct social influence to 

understand the impact of external social influence on technology acceptance. Similarly argued by 

Sîrbu et al. (2016), opinions are the main drivers of human behaviour, and thus, essential when 

researching the aspects as social influence and consumer acceptance of individuals (Sîrbu, Loreto, 

Servedio, & Tria, 2016). Prior research by Malhotra et al. (1999) has drawn attention between these 

constructs of social influence (internalization; identification; compliance) and the Technology 

Acceptance Model, however further elaboration on the underlying determinants of social influence 

were limited.  

 

Kapitan et al. (2016) relate change to of one of these processes (internalization; identification; 

compliance) to the impact of social systems (networks). They argue that input from consumers on 

social media will affect outcomes of social influence (Kapitan & Silvera, 2015). Therefore, we 

presume a strong relationship between social media and social influence with one’s attitude and 

intention to engage in cryptocurrency.  

 

Over the past twelve months, cryptocurrency emerged and reached high awareness where the value 

of cryptocurrency, especially Bitcoin, fluctuated from $899 in January 2017 to $19.360 in December 

2017, has now a current value of $8390 (World Coin Index, 2018). The fluctuation in prices makes 

it attractive for investors and is caused by the supply and demand of the cryptocurrency. This on its 

turn is driven by the interaction of a variety of social aspects which includes word-of-mouth 

communication on social media (Garcia, Tessone, Mavrodiev, & Perony, 2014). 
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2.2. Purpose 

Extensive research showed that the majority of the TAM research is predominately aimed at 

(technology) acceptance in a mandated setting with a limited focus on the voluntary setting. In the 

former, social influences seem less important, however, in the latter we argue that these influences 

are an important determinant (Straub, 2009; Fathema, 2013). Lopez-Nicolas et al. (2008) showed the 

importance of media as an antecedent of social influence, but no further distinction between specific 

communication channels was made. Despite that social media played a dominant role in society for 

the past decade, no researchers incorporated social media as a predictor of consumer acceptance, 

specifically in context of the Technology Acceptance Model. Therefore, this paper seeks to further 

understand the following research question: 
 

Research question: What effect does the social networks (e.g. opinions) of an individual have on the 

consumer acceptance of digital innovations (cryptocurrency)? 

 

Till now limited research was conducted regarding the impact of social media on the consumer 

acceptance of digital innovations. Thus, we seek to contribute to the literature by validating the 

extended Technology Acceptance Model, first suggested by Malhotra et al. (1999) in a different 

setting. Additionally, the social media influence construct will be added as an antecedent of social 

influence in order to better understand these dynamics.  

 

To place this abstract theory in context, we applied the Technology Acceptance Model on blockchain 

technology with focus on cryptocurrency. This is the most widely adopted and known by individuals, 

which caused also a lot of contradicting media coverage about cryptocurrency and the extent people 

should or should not invest (CNBC, 2017; The Guardian, 2017). Despite this increased popularity, 

research about actual consumer acceptance of cryptocurrency was, based on our research, never 

conducted in an academic setting. Thus, the integration of previous literature on consumer 

acceptance, social influence and social media with the technology acceptance model creates further 

understanding of the effects of social media on the consumer acceptance of cryptocurrency.  

 

Hereby, the thesis is structured as follows: the third chapter provides a comprehensive overview of 

the literature in terms of innovation diffusion, technology acceptance and social media, in order to 

lay the foundation for the development of the hypotheses and the conceptual model. The fourth 

chapter contains the methodology, which provides an understanding in the underlying research, 

questionnaire design and approach used for our analysis. Subsequently (in the fifth chapter), the 

overview of the empirical findings is given with additional descriptive analysis that ‘clean’ and 

prepare the dataset for the analysis.  These analyses (sixth chapter) present both the relationships 

between the constructs (developed hypothesis), but also the differences among the group 

characteristics. Finally, the seventh chapter, discusses theoretical- and practical implications, and the 

research limitations that lay the ground for future research.  
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3. Literature Review 

The frame of reference is divided into four sections. The first section gives a broad overview of prior research 

regarding innovation, with the main focus on innovation diffusion. After narrowing down further, the second 

section will provide an overview of the research of the Technology Acceptance Model (TAM) and mechanisms 

and models related to this topic which will include the foundation of the TAM – Theory of Reasoned Action 

(TRA) and an extension of the TAM that adds the construct of social influence. Deriving from all these prior 

literature, hypotheses will be formulated and conceptualized in a model.  

3.1. Innovation Diffusion 

Innovation Diffusion research can be traced back to early 20th century where Schumpeter first 

introduced the theory of innovation (Śledzik, 2013).  Over the years scientists and academics have 

drawn upon this theory. It was Everett M. Rogers, however, that developed to date the most influential 

theory regarding innovation diffusion (Godin, 2006). It can be defined as a “process in which an 

innovation is communicated through certain channels over time among the members of a social 

system” (Rogers, 2003, pp. 5, 12) In this diffusion process the following elements are involved: (1) 

innovation, (2) communication channels, (3) social system, (4) time.  

 

Innovation consists of “an idea, practise, or object that is perceived as new by an individual or another 

unit of adoption”. Hereby, it doesn’t matter if the innovation is ‘objectively’ new, but rather the 

perceived novelty of the innovation (Rogers, 2003, p. 5). According to Rogers (2003), innovations 

have the following characteristics (as perceived by the individual): relative advantage, compatibility, 

complexity, trialability and observability (Rogers, 2003). Firstly, relative advantage indicates the 

extent an innovation is considered as more beneficial than prior existing innovations. Therefore, 

increased relative advantage indicated a more rapid rate of adoption. Secondly, compatibility is the 

degree to which an innovation is seen as consistent with societies values and needs of the adopter. 

Incompatible ideas with existing values and norms of individuals and social system will have a slower 

rate of adoption. Thirdly, complexity is the extent an individual perceives the innovation as difficult 

to use, which also affect how rapidly the innovation will be adopted. Fourthly, trialability shows the 

degree an individual is able to experiment with the innovation. Evidence by Ryand and Gross found 

that farmers are more likely to adopt a hybrid seed corn if they were able to try it first (Rogers, 2003, 

p. 16). Lastly, observability characterizes the visibility of an innovation, perceived by the individual. 

Innovations that are more visible to the individual are more likely to be adopted (Rogers & 

Shoemaker, 1971; Rogers, 2003). 

 

Communication channels are the instruments by which information passes from individual to another 

(Rogers & Shoemaker, 1971).  Hereby, the distinction can be made between the following channels: 

(a) Mass media, and (b) interpersonal channels. Mass media involves all mass medium such as radio, 

television, magazines and newspapers where the focused is more on creating awareness and 

knowledge about the innovation. The interpersonal channels include the (face-to-face) exchange of 

word-of-mouth of family, friends and colleagues with more effectiveness in forming and changing 

attitudes towards an innovation (López-Nicolás, Molina-Castillo, & Bouwman, 2008).  

 

Although Rogers (2003) clearly distinguishes two channels, we see that over the past decade a third, 

highly influential, overlapping channel aroused: social networks. According to research by Nielsen 

(2013), circa 84% of the consumers would take action following endorsements or recommendations 
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Figure 2 Innovation Diffusion Process (Rogers & Shoemaker, 1971; Rogers, 2003) 

by family, friends and over 70% of the consumer would take action following online user reviews 

(Nielsen, 2013) This indicates the increased importance of interpersonal and social networks. These 

findings were acknowledged by Hu and Zhu (2017) who discovered the direct impact of mass media 

on altering people’s attitude but also the indirect impact on this attitude via interpersonal channels 

and social networks (Hu & Zhu, 2017). 

 

Rogers defines the third element: social system as a ‘set of units that are engaged in joint problem 

solving to accomplish a common goal’ (Rogers & Shoemaker, 1971, p. 28). These units are 

individuals, informal group, organizations or other subsystems. This diffusion occurs in the social 

system, where the structure could either stimulate or limit the diffusion of a particular innovation. 

The social system affects the diffusion process in the several ways. Firstly, Social structures and 

norms provide both regularity and stability towards the members of a social system. However, both 

of them could also be a barrier to further innovation diffusion. Rogers (2003) provides an example of 

the cultural norms in India regarding eating cow, which could be a barrier to change food habits. 

Secondly, opinion leaders in a social system could affect the diffusion processes due to their ability 

to change/influence ones’ individuals’ attitude. Another actor related to this are change agents who 

are mere individuals that attempt to change attitude towards the desired direction of a change agency. 

Examples of these change agents are the paid-by-brand endorsers on social media (Kapitan & Silvera, 

2015). Lastly, the social system could also influence the diffusion if an innovation is adopted or 

rejected by individual members or an entire system. This often the case when authorities or 

communities decide to implement or forbid particular innovation (Rogers, 2003).  

 

The last element of the Innovation Diffusion Theory is time, which is involved in three processes of 

diffusion: (1) innovation-decision process, (2) innovativeness of an individual, (3) innovation’s rate 

of adoption in a system. Since the scope of our study is not aimed at investigating the process of time 

in diffusion or adoption, but rather understanding underlying mechanisms of the Technology 

Acceptance Model, we excluded the element of time from our scope. In figure 2 all mentioned 

elements are shown, including the phases were these are involved in (Rogers & Shoemaker, 1971; 

Rogers, 2003). 
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3. Perceived need for innovation  
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3.2. Technology Acceptance Model 

While the innovation diffusion theory (IDT) primarily deals with the adoption of innovation on a 

societal level, its execution to model individual adoption and acceptance of technology innovation is 

often forgotten or poorly implemented. Hence the need for a subcategory in adoption research that is 

concerned with the individual acceptance of end-user information system technologies (Straub, 

2009). Venkatesh et al. (2003) compared numerous of widely accepted quantitative theories, each 

using different sets of acceptance determinants, that try to predict individual adoption of information 

systems (Straub, 2009). Some examples discussed in their review were: the theory of reasoned action 

(TRA), the theory of planned behaviour (TPB), and the technology acceptance model (TAM) 

(Venkatesh, Morris, Davis, & Davis, 2003).  Although Venkatesh et al. (2003) made a comparison 

between these models, Venkatesh and Davis (2000) already established that the TAM is considered 

to be parsimonious, powerful, and robust model to forecast individual acceptance of information 

systems. As of May 2018, the TAM has been cited in over 8250 articles, according to Web of Science 

(Clarivate Analytics, 2018).  The reason for its popularity is caused for the reason that studies have 

considered the TAM more favourable for usage to clarify the variance in ATT and BI, by a significant 

percentage, compared to the TRA and the TPB (Venkatesh & Davis, 2000). For this reason, we have 

chosen to utilize the TAM as our base to identify the effects social media can have on user behaviour 

in information systems. To get a better understanding of the TAM, we will commence with an 

explanation of the TRA, since this model is the theoretical foundation of the TAM (Davis, 1986; 

Davis Bagozzi & Warshaw, 1989; Malhotra & Galletta, 1999).  

 

3.2.1. Theory of Reasoned Action 

According to the TRA (see Appendix A1.1), an individual’s actual behaviour is the direct determinant 

of an individual’s intention to perform an action (behavioural intention).  BI is “an individual’s 

subjective probability that a specified behaviour will be performed by him/her” (Davis, 1986, p. 16) 

and is influenced by both a person’s subjective norm (SN) and attitude (ATT) (Davis, 1986; Malhotra 

& Galletta, 1999; Belleau, Summers, Xu, & Pinel, 2007). Both ATT and SN can differ in importance 

weight that detemines BI (Davis, 1986). 

 

SN is the function of the individual’s perception of beliefs that the social environment, consisting of 

people that are considered important to the individual, opposes on the individual to perform or not to 

perform the targeted behaviour and the individual’s motivation to act in accordance to their external 

environment (Davis, 1985; Malhotra & Galletta, 1999; Belleau, Summers, Xu, & Pinel, 2007). 

 

ATT refers to the degree of the individual’s evaluative effect on the target behaviour (Davis, 1986). 

If an individual has a negative ATT, it will be less likely that he or she will execute the action. The 

opposite is that if the ATT is positive, he/she has an increase in desire to act on it (Fishbein & Ajzen, 

1980). ATT is the function of both beliefs and evaluations. The first is characterized as the 

individual’s likelihood of performing a specific behaviour in order to effect a salient outcome. The 

latter can be understood as an individual’s process of assessment in reaction to that outcome (Davis, 

1986). 
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3.3. Technology Acceptance Models  

While Davis (1986) referenced Fishbein’s (1967) model to create the technological acceptance 

model, it has a considerably small focus for implementation. As the TRA can be used for explaining 

any behaviour in general, the TAM solely focuses on the acceptance of computer usage behaviour 

(Davis, Bagozzi & Warshaw, 1989). (The term relates both to the actual hardware, but also the 

software tools (e.g. trading software in cryptocurrency) running on the computer.) The TRA formed 

the foundation of the TAM, by creating the linkage between identified cognitive and affective 

determinants and their effects on an individual’s beliefs, attitudes and intentions to understand user 

acceptance in information systems (Davis, Bagozzi & Warshaw, 1989).  

3.3.1. Attitude, Perceived Usefulness & Perceived Ease of Use 

The original TAM (for an overview see Appendix A.1.2), proposed by Davis (1986), postulates that 

an individual’s ATT (“the negative or positive feelings individuals have towards a behaviour” (Davis, 

Bagozzi & Warshaw, 1989, p. 984)) towards using an information system, whether using the system 

(or not), is affected by the function of two determinants, perceived ease of use PEOU and perceived 

usefulness (PU) (Davis, 1986; Davis, Bagozzi & Warshaw, 1989). PEOU is theorized as “the degree 

to which an individual believes that using a particular system would be free of (physical and mental) 

effort” (Davis, 1986, p. 82; Davis, Bagozzi & Warshaw, 1989, p. 985). PU is defined as: “the degree 

to which an individual believes that using a particular system would enhance his or her job 

performance” (Davis, 1986, p. 82).  

 

Davis, et al. (1989) theorizes that PU has a positive influence on ATT. They claim that while 

behaviour is not always directly correlated to the expected rewards yielding from positive system 

performance as an outcome of exhibiting such behaviour, there is evidence that when the system 

performance is positive, there is a higher correlation to exhibit such behaviour. PEOU is believed to 

be highly correlated to an individual’s attitude through self-efficacy. The greater the PEOU of a 

system, the greater the self-efficacy, meaning the more likely an individual will be able to behave in 

a way that generates the desired results by using the system. This is due to the fact that efficacy is at 

the root of intrinsic motivation, competence, and self-determination. Therefore, self-efficacy operates 

autonomously and is unaffected by external determinants of behaviour. This intrinsic motivation is 

reflected in the PEOU-ATT relationship (Davis, Bagozzi & Warshaw, 1889).  

 

Besides PEOU having an effect on ATT, evidence also indicates the direct relationship with PU. For 

its reason that the result of an improved PEOU (if other factors remain the same) makes it easier for 

an individual to use a system, which can lead an increase of an individual’s performance, as he or she 

is able to be more productive within the same time span. That is why PEOU and PU are distinctly 

separate but interlinked constructs (Davis, 1986; Davis, Bagozzi & Warshaw, 1989; Venkatesh & 

Davis, 2000).  

 

External variables (e.g. system characteristics) can also play a distinguishing role to influence both 

PEOU and PU, over and above PEOU. If these external variables, for instance, result in better system 

output, individuals will perceive it as more useful. In addition, PEOU is directly linked to the external 

variables that impact and enhance a given system’s usability. This increment in practicality might 

result in improvement in PU, thus the indirect of external variables on PU via PEOU (Davis, Bagozzi 

& Warshaw 1989).  
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There are two reasons the TAM theorizes PEOU and PU as accurate determinants to measure an 

individual’s attitude to use a system. First of all, the salient beliefs are conceived prior to using a 

system. Therefore, these determinants of user acceptance can be generalized and broadly applied to 

multiple computer systems and different demographics. Secondly, if Davis retained Fishbein’s belief 

structure to measure attitude, the TAM wouldn’t be possible to distinguish the belief or beliefs set 

that are making up a person’s attitude (Davis, Bagozzi & Warshaw, 1989). There may be 

circumstances where the system simultaneously increases high usefulness but decreases ease of use, 

which negates both values, leading to no change in usefulness. Furthermore, it could lead to a 

situation where, for example, certain design features increase the usefulness of the system while at 

the same time decreasing ease of use, this effect of PEOU on PU might cancel out each other which 

leads to an incorrect no different conclusion (Davis Bagozzi & Warshaw, 1989). By separating TRAs 

beliefs into two distinct constructs gives the researcher the possibility to measure the influence of 

each individual’s construct on attitude. They are, therefore, more able to see which external variables 

(interface, features, etc.) have a higher impact on individuals target behaviour. (Davis, Bagozzi & 

Warshaw, 1989). 

3.3.2. Attitude or Behavioural Intention as the main determinant of Actual Use 

The original TAM postulates that PU and PEOU determine an individual’s attitude toward using a 

system. ATT, in turn, is theorized to be the most influential factor in the deciding making process to 

use a given system (Davis, 1986). In the development of the TAM, ATT was chosen to be the direct 

influencer of actual use and, thus, omitting BI from the model. The reason for choosing ATT over BI 

is because he recognized that during the gathering of primary data, the subjects are not able to form 

well-though out decisions (intentions) for important matters, due to the limited time frame of a 

subject’s participation in the study. According to Davis (1986), the amount of time required to go 

through the decision process should be equal to the decision’s importance. Consequently, measuring 

the lack of BI within the individual might lead to intention instability. Because individuals exhibit 

inconsistent intentions, it is difficult to draw an accurate connection between intention and the 

performance of the target behaviour. Therefore, it is difficult to predict future behaviour based on the 

data from a measured intention. On the other hand, Fishbein and Ajzen (1975) made the observation 

that individuals form ATT at the same time during the belief formation about an object. In this case, 

it is expected that ATT is a better indicator of actual usage when he/she hasn’t formed an intention 

towards a specific target behaviour (Davis, 1986). On the other hand, Davis (1986) acknowledges 

that once an intention is formed by an individual, BI is better, compared to attitude, to predict actual 

usage behaviour of a specific information system. In the latter situation, Davis (1986) theorizes that 

BI acts as a mediator between an individual’s attitude and his/her actual target behaviour.  

 

While ATT is in some scenario’s favoured over BI to predict actual usage behaviour in information 

systems, it was disputed by research over time whether or not to exclude the variable ATT. Davis et 

al. (1989) discovered that the mediating role of attitude played only partially a roll (far less than 

originally expected in the TAM) between PU and BI. Following studies by Davis (Venkatesh & 

Davis, 2000) excluded the key determinant ATT from the development of the TAM. Instead, PU and 

PEOU were directly linked to BI. They did, however, conclude that in order to better understand the 

determinant conditions that allow ATT to intervene in the belief-intention link, further research is 

required. However, multiple social science researchers argued that ATT plays a central role in the 

formation of BI, as supporting evidence is found that indicates the relationship between ATT and BI 

(Fathema, 2013). Therefore, we have chosen to measure both ATT and BI. We believe that the 

voluntary setting of cryptocurrency and the user’s possibility to invest as little as desired, due to its 
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low minimum buy-in, will decrease the importance of the decision. This will lead to a decrease in 

time to form BI. We, therefore, believe that they have adequate time to form it about trading in 

cryptocurrency, when being asked.  

3.3.3.  Behavioural Intention 

The construct BI is theorized as “the degree to which an individual has decidedly chosen to exhibit 

or not exhibit a particular behaviour” (Davis, 1989).  Compared to the TRA, the TAM excludes SN 

and chooses, instead, PU, plus ATT as the determinant of BI (Davis, Bagozzi & Warshaw, 1989). If 

all relations of TAM factors are equal, the ATT-BI relationship indicates that individuals with a 

positive ATT towards a target behaviour will create intentions to conduct it (Davis, Bagozzi & 

Warshaw, 1989).  

 

The TAM identifies that beliefs (such as PU) can directly affect BI. The reason for PU is that ATT 

itself cannot entirely apprehend the affect performance consideration it has on an individual’s BI. 

Instead, it theorizes that cognitive appraisal is a strong driver in creating the intention to accept or 

decline information systems usage. Empirical evidence and theoretical justification were found that 

indicates that PU can even outweigh any negative or positive ATT presented toward the behaviour, 

within organizational settings (Davis, Bagozzi & Warshaw, 1989). In this situation, intentions are 

generated by individuals if they believe that the perceived usefulness will increase job performance 

that could lead to extrinsic rewards. In this scenario, the cognitive decision process of the individual 

is primarily focused with the goal to improve performance. In this scenario, individuals might have 

the intentions to perform a targeted behaviour, even when they have a negative attitude towards it. 

Hence, PU is considered as the bases for his/her (BI). In addition, the findings from Venkatesh & 

Davis (2000) support this statement as they discovered that, in their longitudinal study, BI was 

explained by PU for more than half other variances. 

3.3.4. Exclusion of Subjective Norm 

While the TRA argues that SN influences a person’s BI, the original excludes this constructs for the 

reason that Davis et al., (1989) pointed out that the measurement of SN doesn’t make a distinction 

between Kelman’s three different processes of social influences (internalization, identification and 

compliance). If SN was included, it would have been difficult to determine the type of social influence 

that affects a user’s ATT and BI. However, Davis et al. (1989) did indicate the importance to include 

social influences within the TAM as it represents a more ‘real world’ situation. 

3.3.5. Actual Use 

The last dependent construct of the TAM is actual use (AU), which theorized as “whether or not an 

individual will actually use the targeted information system (Davis, 1986). While the original TAM, 

by Davis (1986), postulates the direct link of ATT on AU, more recent papers of the TAM (include 

the key construct BI) from the same author (Davis, Bagozzi & Warshaw, 1989; Venkatesh & Davis, 

2000) found evidence that supported the relationship between BI and AU. In this scenario, the 

assumption is made that an individual will only use an information system if he/she has an intention 

that is positive towards it. This thesis will not measure AU, since we conduct primary data within 

one specific time point (thus, not over a extended period of time) and, therefore, not able to measure 

if users made the transition from not trading in cryptocurrency to trading in it. Consequently, we are 

not able to measure the actual adoption of cryptocurrency. However, we are able to measure a person 

ATT and BI, which relates to the individual’s acceptance.   
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3.3.6. Development of TAM over time 

As time and academic findings developed, so did the TAM model. Lee et al. (2003) were one of the 

leading forces in tracking the progress of and exploring the potential of the TAM by conducting a 

detailed meta-analysis of all highly regarded published works on the subject. His findings revealed 

how each researcher has evolved the model to both work out its limitations and also to relate its 

practical application to separate and specific contexts. The significant developments in the TAM 

model, generated by these numerous alterations, can be divided into four stages: introduction, 

validation, extension, and elaboration (Lee, Kozar, & Larsen, 2003).  

 

The first period, the introduction of the TAM, originated from researchers investigating the dominant 

factors in determining users’ beliefs and attitudes (these being derived from the TRA) towards the 

usage of information systems after introduction into organizations (Lee, Kozar, & Larsen, 2003). The 

second stage of TAM’s progress was the validation period, during which researchers ran validation 

tests and verified the accuracy, reliability, and consistency with which the TAM can determine users’ 

acceptance behaviour (Lee, Kozar, & Larsen, 2003). This validation till now an ongoing process as 

researchers are still recreating and testing the model’s durability for other technological behaviour 

applications and separate environments (Davis, Bagozzi & Warshaw, 1986; Holden & Karsch 2009;  

Youl Park, Nam, & Cha, 2012). In parallel research, others evaluated the TAM in juxtaposition with 

other behavioural theories (e.g. TRA and TPB). Their results proved that TAM was superior in both 

its ease of use, and its accuracy in predicting information system acceptance behaviour across 

multiple technologies and conditions (Davis, Bagozzi & Warshaw, 1989; Lee, Kozar, & Larsen, 

2003). 

 

The validation period was followed by the extension period. This period was marked by researchers’ 

addition of multiple external variables, such as individual, organizational, and task characteristics 

(Lee, Kozar, & Larsen, 2003). An example is the extended TAM, created by researchers Malhotra & 

Galletta (1999). While the original TAM did not take into considerations social influences, due the 

limitations of SN (see 3.3.4 Exclusion of subjective norm), Davis et al. (1989) acknowledged its 

importance. Instead, they suggested to make use of Kelman’s three processes of social influences. As 

a result, Malhotra & Galletta (1999) extended model as suggested by Davis et al. (1989). In addition, 

Lopez-Nicolas et al. (2008) added the construct media influences to measure its effect on social 

influences. 

 

The final stage was the model elaboration period, during which researchers enhanced the TAM model 

and its scope most notably through the construction of a synthesized TAM model to service the next 

generation, and with the establishment of answers to researchers’ previous questions (Lee, Kozar, & 

Larsen, 2003). Researchers in this period expanded the dimensions of the studies to include more 

external variables, such as both voluntary and mandatory technology usage (Venkatesh & Davis, 

2000). The literature of this time not only expressed proof of legitimacy for the TAM’s measurement 

of users’ attitudes toward technology within multiple situational contexts, but also introduced the 

noteworthy scholarly characterization of the external variables of PU (cognitive instruments such as 

job relevance and result demonstrability) and PEOU (anchor computer self-efficacy, computer 

anxiety, etc.) and adjustments (perceived enjoyment and objective usability) (Davis, Bagozzi & 

Warshaw, 1989; Venkatesh & Davis, 2000; Lee, Kozar, & Larsen, 2003).  
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Furthermore, several researchers have endeavoured to realize and improve the TAM model’s 

potential to conceptualize and predict. For example, researchers adopted the TAM by infusing the 

innovation diffusion theory (Rogers, 2003). Venkatesh and Davis (2000) created TAM2, an enhanced 

TAM model that synthesized longitudinal data in order to reframe perceived usefulness in terms of 

cognitive instrumental processes and social influence. As these determinant factors proved to have a 

strong impact on users’ information system acceptance, the TAM2 was widely received. Venkatesh 

and Bala (2008) integrated TAM2 and fully integrate all determinants of IT adoption and use, 

resulting in the TAM3. Its goal is to assist managers in the decision-making process to apply 

interventions that are considered to be effective. Favourable interventions will lead to the diminishing 

of resistance and increasing acceptance towards new information systems (Venkatesh & Bala, 2008). 

Besides the previous mentioned model, Venkatesh et al. (2003) combined acceptance determinants 

of the TAM and seven other models to create a unified acceptance model, referred as the Unified 

Theory of Acceptance and Use of Technology (UTAUT).  

 

Our research will contribute to the theory of the TAM since the research focus of TAM2 and TAM3 

are placed within organizational context (Venkatesh & Davis, 2000; Venkatesh & Bala, 2008). In 

addition, the UTUAT is untested since its publication. Because only a limited number of researchers 

have incorporated the model in their research (Straub, 2009). While the TAM, on the other hand, has 

undergone many improvements and renderings over the years, information systems researchers have 

continued their support of the original TAM model for its simplicity, accuracy, and ability to be 

reapplied (Straub, 2009).  

3.4. TAM Extended 

As we explained previously that Davis et al. (1989) argued the importance of SN to be accounted for 

in this model, it is difficult to identify whether usage of computer systems is derived from his or her 

own attitude or a result of social influence. Malhotra & Galletta (1999) acknowledged this statement, 

as they agreed to the importance of social influences that might alter ATT and BI. They suggest using 

alternative theories to conceptualize SN, Kelman’s processes of social influence (see appendix 

A.1.3).  

 

Kelman’s study (1958) suggests that social influences result in a change in actions and attitudes at 

different levels (Kelman, 1958). The underlying processes that encourage the adoption or acceptance 

of a specific behaviour might be different, while the behaviour shown to the external world may look 

identical (conformity). Kelman distinguished three different processes of social influence that alter a 

person’s attitude and behaviour: (1) Internalization, (2) Identification, and (3) Compliance (Kelman, 

1958). Simultaneously, French and Raven (1959) approached social influence from a mere power 

perspective. They argue that there are different bases of influence (power) that an agent (O) can 

invoke to influence the recipient (P). The six bases of power are: (a) reward power; (b) coercive 

power; (c) legitimate power; (d) referent power; (e) expert power and (d) informational power 

(French & Raven, 1959). 

 

The first process of social influence by Kelman, internalization argues that influence is accepted 

when induced behaviour aligns with their own value system (Kelman, 1958; Malhotra & Galletta, 

1999). The content of this behaviour (ideas and beliefs) is understood and accepted by the individual 

and, thus, he/she is intrinsically motivated to integrate and conform to this behaviour. Leet-Pellegrini 

et al. (1974) linked the bases of power by Raven with the social influences of Kelman. He argues that 
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especially informational power is likely to elicit internalized behaviour, indicating that the individual 

(P) accepts and understands the change in behaviour without direct relevance to the agent (O), but 

rather the relevance of the information (Leet-Pellegrini & Rubin, 1974).   

 

The second process, identification states that the reason for accepting influence is not the acceptance 

of the content of the behaviour, but solely creating and maintaining a self-defining relationship with 

others. This relationship between recipient and agent can have an exchange, where the recipient takes 

on characteristics of the agent (Kelman, 1958). With respect to this, referent power resulted in the 

‘greatest perceived liking of O by P’ (Leet-Pellegrini & Rubin, 1974, p. 70). This refers to the ability 

to get influenced based on the attractiveness of P, resulting in the desire to become associated with 

this person. Thus, it is more likely that referent power produces identification (French & Raven, 

1959). 

 

The last process of social influence, compliance suggests that a person adopts induced behaviour due 

to the presumption that he/she will receive rewards or avoid punishments (Kelman, 1958). This type 

of conformity is motivated by the satisfaction of perceived social effect and not caused by the 

acceptance of the core/content of the behaviour. French et al. (1959) distinguish two bases of power 

related to the conformity of behaviour: (1) reward power and (2) coercive power. The former is 

defined as influence based on the ability of a reward, where the strengths are dependent on the level 

of reward, perceived by P. The latter stems from the expectation of a punishment if P fails to conform. 

Like reward power, the strengths of coercive power is depending on the level of the punishment 

multiplied by the perceived probability of avoiding this punishment by conformity (French & Raven, 

1959, p. 263). 

 

Malhotra and Galletta (1999) incorporated these processes of social influences by Kelman to extend 

the pre-existing Technology Acceptance Model. Their research indicates that social influence 

(psychological attachment) is an important determinant that plays a role in the acceptance of 

technology (especially in the usage of information systems).  

 

Their research indicates that both identification and internalization have a positive effect on an 

individual’s attitude (ATT). In contrast, compliance negatively influences someone attitude towards 

using information systems. Compared to Perceived Usefulness (PU) and Perceived Ease of Use 

(PEOU), internalization is considered as a stronger influencing factor on ATT then PU and PEOU. 

While this significant impact on ATT is measured, no statistically link between social influence and 

behavioural intention is found. Malhotra et al. (1999) argue that this could indicate that a BI is 

impacted indirectly via ATT (Malhotra & Galletta, 1999). However, later researched by Malhotra et 

al. (2005) contradicted this and identified the significant impact of social influence on behavioural 

intention (Malhotra & Galletta, 2005).  

 

On the contrary, Bhattacherjee (2000) divides social influence into two parts: external and 

interpersonal. While the former relates to mass media, expert opinions and non-personal information, 

the latter can be defined as mere word-of-mouth from friends, colleagues and superiors 

(Bhattacherjee, 2000; López-Nicolás, Molina-Castillo, & Bouwman, 2008). However, we relate 

social influence more to the latter – interpersonal influence, since it is more in line with the processes 

of social influence by Kelman.  
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3.5. Social Media 

Individuals’ behaviour can be explained partially by understanding the social context within which 

they intentionally choose to create for themselves (Quattrociocchi, Caldarelli, & Scala, 2014).  While 

a decade ago the context of interpersonal channels consisted of mainly face-to-face direct 

interactions, it shifted later to more online interactions on social media (Przybylski & Weinstein, 

2012). In 2005 only 7% of all American adults were active on social media, ten years later this 

increased by almost sixty percent to a staggering 67 percent in 2015 (Pew Research Center, 2015). 

Boyd & Ellison (2007) define social network sites as “web-based services that allow individuals to 

(1) construct a public/semi-public profile within a bounded system, (2) articulate a list of others users 

with whom they share a connection, and (3) view and traverse their list of connections and those 

made by others within the system” (Boyd & Ellison, 2008, p. 211).  

 

Generally, it was assumed that this shift from offline to online would break the “spiral of silence” 

(Pew Research Center, 2014). This theory, first suggested by Noelle-Neumann (1974), argues that 

people tend to not express their opinion publicly or among peers when they believe that their opinion 

is in the minority (Noelle-Neumann, 1974). However, research by Pew Research Center found several 

findings that contradicted this broad assumption. Firstly, they noticed that people were less willing 

to share or discuss stories on social media (42%) than in person (86%). Secondly, researchers found 

that individuals who use Facebook were more willing to share their opinions if they thought that their 

network would agree with them (Pew Research Center, 2014). Hereby, we have to acknowledge that 

this was researched in the context of one’s opinion regarding the NSA Snowden leaks, which could 

indicate that it relates more to sensitive information.  

 

Although social media enables individuals to express their opinion more openly (and anonymously), 

still the majority of the online social space consist friends, family and colleagues (Pew Research 

Center, 2011). In this social space that consists of peers it is more likely that the ‘spiral of silence is 

still in place. McPherson et al. (2001) argue that network homophily is universal for the social world, 

meaning that people tend to connect to people who have similar social characteristics.  

 

Hereby, there are two types of homophily: status homophily, connection based on informal or formal 

status, and value homophily, connection based on values, attitudes and beliefs. Especially in the latter, 

people tend to assume that their friends have similar social characteristics, and disagreements are 

therefore often not discussed, often referred to as the ‘spiral of silence’ (McPherson, Smith-Lovin, & 

Cook, 2001; Mason, Conrey, & Smith, 2007). This could be explained by normative influence 

(compliance), which indicates that groups give social rewards to those who conform to a particular 

behaviour, both off–  and online,  and punish those who non-conform.  Another explanation could 

relate to the conformity of induced behaviour, based on establishment or maintenance of a 

relationship and not the actual acceptance of the content of behaviour (Mason, Conrey, & Smith, 

2007).  

 

Especially when you take into consideration that within cryptocurrency, decision making is based on 

mere human intuition, rather than hard analysis makes individuals more sensitive and vulnerable for 

social influence from reference groups (Akerhof & Shiller, 2009).  
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3.6. Hypothesis development 

Previous research has identified that the drivers of human behaviour are opinions. Individual opinions 

are formed through the availability of information and throughout the negative and positive 

interaction among peers, where social networks play an important role (Sîrbu, Loreto, Servedio, & 

Tria, 2016). Therefore, we will investigate how the opinions and information on social media will 

affect consumer behaviour, more specifically consumer acceptance behaviour in new technological 

information systems.   

 

In order to understand the influence of social media on an individual’s behaviour, we will make use 

of the extended Technology Acceptance Model by Malhotra & Galletta (1999), as a foundation. 

Hereby, the following constructs are revealed. These are: (1) Perceived Usefulness, (2) Perceived 

Ease of Use, (3) Identification, (4) Internalization, (5) Compliance, (6) Attitude, and (7) Behaviour 

Intention. Past studies on the (extended) TAM have examined and supported that the constructs PU, 

PEOU, INTERN, IDENT and COMP can forecast the value ATT. Where BI is influenced, both 

directly and indirectly through ATT, by PU, INTERN, IDENT and COMP (Davis, Bagozzi & 

Warshaw, 1989; Malhotra & Galletta, 1999; Malhotra & Galletta, 2005). Since earlier research 

examined the relationships between the individual constructs of the original TAM and its extension 

(Davis, 1986; Davis, Bagozzi & Warshaw, 1989; Malhotra & Galletta, 1999; Malhotra & Galletta, 

2005), we used their findings to develop individual hypotheses for PEOU, PU, ATT, INTERN, 

IDENT and COMP. In regards to the assessment of social media as a construct, we contribute to the 

extended TAM by measuring how social media predict each of the individual psychological 

attachment constructs (internalization, identification and compliance). The discussion below 

elaborates further upon these mentioned key constructs and underlying mechanisms (Lewis, Agarwal, 

& Sambamurthy, 2003). 

3.6.1. Perceived Usefulness 

The first construct, PU is considered to have a significant influence on attitude and more so on BI, 

over and above attitude. Commencing with the correlation between PU and ATT, it is theorized that 

individuals have a tendency to exhibit a positive attitude towards a behaviour that incorporates the 

usage of the system to generate outcomes that are valued as favourable (e.g. performance increase) 

(Davis, Bagozzi & Warshaw, 1989). However, PU can also have a direct effect on BI, without running 

through attitude. In this condition, the direct relationship illustrates the formation of behavioural 

intention during situations they believe that the system will increase their individual performance, 

despite taking into consideration any negative or positive feelings they have towards that specific 

behaviour. This is due to the fact that they consider performance improvements to be contributing to 

accomplishing rewards, e.g. promotions and increased compensation, as these rewards are contingent 

on the means-end behavioural outcome, but do not require evaluation or acceptance of the actual 

content of the system. The intentions behind this are believed to be driven by cognitive decision 

mechanisms focused on performance improvement. However, the individual’s behaviour does not 

require a continuous reassessment of the role enhanced performance plays in their hierarchy of goals, 

and consequently, can alter behaviour without triggering the accompanying positive effect of 

performance-contingent rewards (Davis, Bagozzi & Warshaw, 1989). 
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This would suggest, that individuals are more likely to show a positive attitude and behavioural 

intention towards cryptocurrency, if they have the perception that trading in cryptocurrency will not 

only generate an increase in trading performance, but also generate extrinsic (financial rewards) 

rewards and, hence, the following hypothesis.  

 

Hypothesis 1a: Perceived Usefulness has a significant effect on Attitude   

 

Hypothesis 1b: Perceived Usefulness has a significant effect on Behavior Intention 

 

3.6.2. Perceived Ease of Use 

Similar to PU, PEOU has a direct effect on two key constructs in the TAM, perceived usefulness and 

attitude.  Davis (1986) argues that a person’s job performance will increase when he/she becomes 

more productive via the greater ease of use of the system. In addition, PEOU is considered to have a 

direct influence on attitude through self-efficacy. Self-efficacy will increase if a person considers 

that: (1) the system is easy to operate, and (2) they are able to perform the behaviour required to 

operate the system (Davis, Bagozzi & Warshaw, 1989). 

 

When considering the concept of cryptocurrency, we can see a trend on social media where users 

with no experience in finance and trading, invest their money in different types of cryptocurrency 

while having the assumption that they can make tremendous financial rewards, due to its high 

increase in popularity and value on the market (Garcia, Tessone, Mavrodiev, & Perony, 2014). While 

the behaviour required to trade is identical between shares and cryptocurrency, we believe that people 

consider trading in cryptocurrency to be easier because they value its potential short-term financial 

benefits over the long-term orientation of company shares. Based on the literature (Davis, 1986, 

Davis, Bagozzi & Warshaw, 1989), we, therefore, can make two assumptions. The first relates to the 

idea that trading in cryptocurrency results in potential efforts being saved through the ease of use and 

the small learning curve to become a skilful trader. By redeploying the saved efforts, the individual 

becomes capable to carry out more trades for the same amount of effort. Hence, the belief that PEOU 

has a direct effect on PU. The second concerns a person’s perception that they are able to: perform 

that behaviour that is required to trade in cryptocurrency, consider that trading in it is easy and that it 

generates beneficial results, which will lead to a positive attitude. Based on these expectations, the 

following hypotheses for perceived ease of use are developed. 

 
Hypothesis 1c: Perceived Ease of Use has a significant effect on Perceived Usefulness 

   

Hypothesis 1d: Perceived Ease of Use has a significant effect on Attitude towards Use 

 

3.6.3. Attitude 

Attitude is seen as a favourable or unfavourable disposition towards an object, person, institution or 

event. It is a behavioural intention without the direct willingness to engage (Ajzen, 2005). Fishbein 

and Ajzen (pp. 301-302, 1975) suggest that attitude is one of the factors that determine behavioural 

intention, because, in the context of cryptocurrency, it is considered that a positive attitude towards 

cryptocurrency will lead to the creation of intentions to actually start to trade in cryptocurrency 

(Davis, Bagozzi, & Warshaw, 1989).  
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This positive relationship between attitude and intention was identified by several scholars over 

different models (Fishbein & Ajzen, 1974; Triandis, 1977; Davis, Bagozzi & Warshaw, 1989; 

Malhotra & Galletta, 1999; Malhotra & Galletta 2005). Therefore, it can be constituted that attitude 

is positively associated with intention (Kim & Hunter, 1993). 

 

Hypothesis 2a: There is a positive relationship between Attitude towards Use and Behavioural 

intention 

3.6.4. Compliance 

Compliance refers to an individual’s acceptance and conforming to a certain behaviour with the 

expectation or aim to receive rewards or avoid punishment from others. An example of a reward 

could be in the form of positive reaction from a group or individual. This induced behaviour by 

compliance is most likely to be produced by reward and coercive power. While the former rewards 

the individual if he/she conforms to the induced behaviour, the latter relates to the expectation that 

he/she will receive punishment if he fails to conform (French & Raven, 1959). Therefore, behaviour 

induced by compliance is not intrinsic or voluntary, as is characteristic of behaviour driven by 

identification and internalization. With compliance, an individual can avoid genuine acceptance 

while still publicly conforming through displaying of the desired behaviour (Malhotra & Galletta, 

2005). As a result, individuals see that encouraged behaviour (e.g. to engage in cryptocurrency) from 

others is being forced upon them, while they themselves to do not have any particular feelings/beliefs 

towards this target behaviour (Leet-Pellegrini & Rubin, 1974; Malhotra & Galletta, 2005). This 

means that compliance negatively affects a person’s attitude and intention. Therefore, the following 

hypotheses are proposed: 

 

Hypothesis 3a: Compliance has a negative effect on user’s attitude towards use   

 

Hypothesis 3b: Compliance has a negative effect on user’s behavioural intention   

 

3.6.5. Internalization 

The process of internalization occurs when an individual is encouraged to adopt the induced 

behaviour for the primary reason that it is corresponding with their own personal values and norms 

and is intrinsically rewarding (Malhotra & Galletta, 2005). In the context of information systems, 

individuals embrace system usage behaviour as it is in accordance with his/her existing values and 

he/she will get a feeling of satisfaction from it that is derived through the content of the induced 

behaviour (Malhotra & Galletta, 2005). Therefore, regardless of external factors forcing the 

individual to trade in cryptocurrency, the person might still want to use it. For the reason that the 

usage of it is intrinsically rewarding, and provides him/her the opportunity to do what really matters 

to him/her. Because internalization is considered to have the strongest influence of psychological 

attachment to system use, it is theorized to have a positive influence on individual’s attitude and 

behaviour (Malhotra & Galletta, 2005).  

 

Hypothesis 3c: Internalization has a positive effect on user’s attitude 

 

Hypothesis 3d: Internalization has a positive effect on user’s behavioural intention 
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3.6.6. Identification 

Identification of system usage behaviours, similar to internalization, is developed out of user’s 

emotional responses and individual values and norms. Identification diverges from internalization 

due to the irrelevance of the content of the behaviour. Instead, the system user’s personal values and 

affective processes must align with the associated behavioural response (relationship among groups). 

System users derive satisfaction from identification not by personally affiliating with the content of 

the induced behaviour, but by fulfilling a salient relationship with another person or group that is 

central to the user’s identity. It is this desire that leads system users to accept and embrace a specific 

behaviour, hence the following hypotheses (Malhotra & Galletta, 2005).  

 

Hypothesis 3e: Identification has a positive effect on user’s attitude 

 

Hypothesis 3f: Identification has a positive effect on user’s behavioural intention 

 

3.6.7. Social Media 

Since more opinions are being formulated and shared through social media, due to its increase in 

popularity in the last 15 years (Pew Research Center, 2015), opinion leaders, change agents and 

members of a social system are playing an increasing role in altering individual’s attitude by sharing 

their opinions about a particular topic through social media (Hu & Zhu, 2017).  

 

The connection between these three actors and the individual are often based and created by people 

who have similar social characteristics (informal/formal status, attitude and beliefs). This indicates 

the direct association between individuals and their connections on social media and the internalized 

behaviour. Hereby, the mutual disagreements are often not discussed (McPherson, Smith-Lovin, & 

Cook, 2001; Pew Research Center, 2014). Not discussing these disagreements (or particular 

behaviours) could indicate social nonconformity (compliance), which argues that social rewards and 

punishments are given to those who conform or non-conform to the group’s opinion or behaviour 

(Kelman, 1958). Another justification of not discussing these opinions or particular behaviour could 

be the conformity of induced behaviour to maintain their relationship to the group – identification, 

even when they do not directly agree or accept it. With that said, it is reasonable that these three 

actors can influence an individual’s attitude (French & Raven, 1959; Kapitan & Silvera, 2016; 

Rogers, 2003). Leet-Pellegrini et al. (1974) argued that the different bases of the influence of power, 

communicated from these actors, would cause a type of attitude or behaviour intention that is 

grounded from each Kelman’s three different processes of influence.  

 

Hypothesis 4a: There is a positive relationship between social media and internalization 

 

Hypothesis 4b: There is a positive relationship between social media and identification 

 

Hypothesis 4c: There is a positive relationship between social media and compliance 
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Figure 3 Conceptual research model (Malhotra & Galletta, 1999; Straub, 2009) 

3.7. Research model 

Based on the previously developed hypotheses and current literature a research model can be derived. 

This model has built its foundation upon the Technology Acceptance Model (TAM) plus the model 

extension of Malhotra regarding Kelman’s processes of social influence. Although the majority of 

scholars study technology acceptance in the organization in a merely mandated setting, we argue that 

social influence will have a major impact on technology acceptance in a voluntary setting.  

 

This model (see figure 3) illustrates the relationship between the underlying mechanisms of consumer 

attitude and behavioural intention and the effect of social influence on one’s attitude and intention in 

a voluntary setting. Lastly, given the presumed relationship between psychological attachment and 

media, we examined the impact of social media on the process of social influence, which is derived 

from the diffusion process.  

 

Since the context of our research relates to consumer acceptance of cryptocurrency, the latter is of 

importance to consider. The last twelve months’ extreme volatile value fluctuations took place, where 

media was one of the main factors that drove these fluctuations (Garcia, Tessone, Mavrodiev, & 

Perony, 2014; Kharif, 2017). Since fluctuation is determined by human decision making, an 

important role is reserved for social media.  
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4. Methodology  

Based on prior analysis of the current literature a frame of reference has been set in order to better understand 

and shape our research. Underlying all choices regarding the subsequent phases of our study is the methodology 

which aims to provide transparency and clarity. The chapter discusses the research philosophy, research design 

and the methods that will be used to collect and analyse the data (Saunders, Lewis, & Thornhill, 2007; Easterby-

Smith, Thorpe, & Jackson, 2015).  

4.1. Research philosophy 

When creating a further understanding in our study it is a necessity to specify the research paradigm, 

which is seen as “the set of common beliefs and agreements shared between scientists about how 

problems should be understood and addressed” (Kuhn, 1962, p. 45). This can be characterised by 

three fundamental aspects: (1) ontology, (2) epistemology, (3) methodology which helps to create a 

clear overview of how reality and knowledge are seen and how methodological strategies help to 

discover it (Guba, 1990; Easterby-Smith, Thorpe, & Jackson, 2015). 

 

According to Easterby-Smith et al. (2015), the ontology is seen as the nature of reality and existence 

which consists, in the school of social science, of two opposing paradigms: realism and nominalism, 

with varying perspectives in between. The former sees reality as merely external and concrete, driven 

by fixed natural laws and mechanism (single truth), while the latter, however, considers social reality 

more as a creation of the human mind through language and discourse and, thus, has no truth (Guba, 

1990; Easterby-Smith, Thorpe, & Jackson, 2015). 

 

The second aspect of the research paradigm is the epistemology. This aspect relates to the theory of 

knowledge and the researchers’ stance on what is considered as acceptable knowledge. This consists 

of the two opposing views of positivism and constructionism, with varying perspectives in between. 

Positivism, which is in line with the ontological belief of realism, concerns the existence of the social 

world externally and its relevance in measuring through objective methods rather than subjective 

interpretative methods (Easterby-Smith, Thorpe, & Jackson, 2015). The latter assumes that reality 

exists only in the context of a mental framework and therefore there is not only a single truth. Hence, 

a mix of qualitative and quantitative methods is needed to capture these different perspectives (Guba, 

1990; Saunders, Lewis, & Thornhill, 2007; Easterby-Smith, Thorpe, & Jackson, 2015) 

 

We want to investigate the consumer acceptance in the context of cryptocurrency, where we further 

elaborate upon the extended TAM, first suggested by Malhotra et al. (1999). Here the additional 

construct of social media influence was added to create further understanding in the consumer 

acceptance of cryptocurrency. Thus, we will examine if previous drawn (causal) relationships 

between constructs within the technology acceptance model still hold in a different context but also 

if the new construct (social media) can be seen as the antecedent of social influence (in context of 

cryptocurrency) (Malhotra & Galletta, 1999). Hereby, it is important to note that the inquirers 

(researchers) are not part of the observed sample, but rather more independent and objective 

observers. This means that a more realistic ontological paradigm is used with a positivistic belief.  
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4.2. Research approach and design 

As we noted on the prior section, this study encompasses a more positivistic approach which means 

that we take the basic assumption that within our study there will be a true answer which will be 

tested by several hypotheses (Easterby-Smith, Thorpe, & Jackson, 2015). The true answer in our 

study relates to the causality of the constructs of technology acceptance of cryptocurrency. These 

patterns and causal relations in human behaviour are generally associated with the survey 

methodology. Surveys allow the researcher to measure multiple factors simultaneously in order to 

allow the potential underlying relationship to be measured (Saunders, Lewis, & Thornhill, 2007; 

Easterby-Smith, Thorpe, & Jackson, 2015). Hereby, the main research concerns revealing these 

relationships and is less concerned with direct generalizability of the sample to a particular population 

(see 4.7. trustworthiness of data) (De Vaus, 2002). 

 

According to Easterby-Smith et al. (2015) survey research consists of three types of surveys: (1) 

factual, (2) exploratory and (3) inferential. While the main aim of factual surveys is associated to the 

feedback process of getting peoples opinion and attitude towards a given topic, the exploratory survey 

is aimed at identifying and discovering new patterns and ideas. These exploratory surveys use more 

open-ended questions to provide researchers with new insights which were not possible when close-

ended questions were used. The last type is inferential surveys which aim is to draw a relationship 

between variables and concepts, which is most common in academic management research. Here the 

starting point is isolating all involved factors and identifying the cause-effect relationship (Easterby-

Smith, Thorpe, & Jackson, 2015). Hence, hypotheses can be developed and subsequently be tested 

(see 3.6. hypotheses development). 

 

Therefore, inferential survey research allows us to measure and examine the causal relationship like 

social influences of individuals with their attitude and intention, which was not possible with either 

factual or exploratory surveys. Our research is not concerned with solely cause-effect relationship, 

but rather the involvement of multiple determinants on a single construct. This similar pattern is seen 

when looking at existing research of the TAM, where the majority of the scholars used cross-sectional 

surveys in order to research more complex cause-effect relationships (Davis, 1986; Malhotra & 

Galletta, 1999; Venkatesh & Davis, 2000; López-Nicolás, Molina-Castillo, & Bouwman, 2008). 

Hence, the usage of cross-sectional surveys, which is a variation on inferential surveys, since it 

enables us to draw direct as well as indirect relationships. Cross-sectional surveys are consisting of 

different units or construct where the researcher measures the outcome and the underlying 

determinants at the same time (Easterby-Smith, Thorpe, & Jackson, 2015; Setia, 2016). Although this 

method provides deeper insights into the causal relationship it also increases the complexity of the 

research.  
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Figure 4 Overview of search process over the two phases 

4.3. Data collection – Literature review 

As showed, our research is built upon established literature regarding innovation diffusion, consumer 

acceptance, technology adoption and social influence. This traditional literature review provided 

direct context to our research, refined our topic further and helped to highlight flaws in the current 

state of our research (Easterby-Smith, Thorpe, & Jackson, 2015). 

 

After initial reading of scholarly publications, we were able to identify, define and establish our topic. 

Based on this, the search process of relevant papers regarding our topic started. Hereby, we deployed 

two different search strategies in separated phases of our literature review. However, these phases are 

not a linear process, but rather feedback loops (Easterby-Smith, Thorpe, & Jackson, 2015). We started 

by making use of the protocol driven search method, using queries of keywords to search in electronic 

databases like Google Scholar, ABI/Inform, Web of Science, Scopus and the university library 

(offline and online). For this initial phase, the following combination of keywords (and variations of 

synonyms) was considered (see Appendix B.1): consumer acceptance, media, technology acceptance 

and social influence. By using variations of operators like ‘consumer acceptance’ AND ‘media’; 

‘technology acceptance’ OR ‘consumer acceptance’ AND ‘social influence’ – we scanned through a 

total of circa [355] titles. Subsequently, we reviewed the abstracts and retrieved an initial total of [45] 

peer-reviewed publications in this first phase. 

Table 1 Topics/Theory and related scholars 

 

This prior phase enabled us to identify the leading/key scholars in the field of technology acceptance 

and social influence, which helped to lay the foundation for the second phase of the search process 

(see table 1). This phase consisted of the method of snowballing, where we traced citations and 

references based on the publications made by leading scholars. We noticed that this was the most 

effective and efficient way of finding relevant papers (see figure below). For instance, after initial 

research, we identified Malhotra & Galletta (1999) as one of the scholars who has built further upon 

the Technology Acceptance Model (1986). By tracing citations in this publication we identified new 

themes from different perspectives (social influence) and additional scholars. The result of this 

second phase was a total of [31] new publications, including peer-reviewed papers, conference 

proceedings and academic books.  

 

 

 

 

 

 

 

 

 

Topic/Theories Key scholar 

Theory of Reasoned Action (1967) 
M. Fishbein 

I. Ajzen 

Technology Acceptance Model (1986; 1999; 2000; 2008) F. Davis 

V. Venkatesh 

Y. Malhotra 

D.F. Galletta 

E.T. Straub 

“Technology Acceptance 
Model” AND “Social 
Influence” 

“Social Influence” AND 
“Attitude” 

Phase 1 

Malhotra (1999) 
Kelman (1958) 

Raven (1959) Mason (2007) 

TAM 

Social 
Influence Cialdini (1998) 

Phase 2 
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4.4. Data collection – Primary data 

In our research, the data collection tool was based on web-based questionnaires, which enables us to 

effectively mine large samples of data. This standardized format and use of close-ended questions 

gives us the ability to equally weight and easily compare tested variables. We chose to make an 

electronic form with Google Forms to facilitate self-administration of the questionnaire and aid the 

answer collection process.  

4.4.1. Sampling 

Our ability to draw a causal relationship between these constructs will depend partially on the size of 

the population sample. Hereby, the aim is to have a sample large enough to give the researchers the 

ability to generalize and make trustworthy statements. According to Easterby-Smith et al. (2015) 

there are two basic principles that underlie the decision concerning the sample: (1) representativeness 

and (2) precision. The former relates to whether the characteristics of the sample represent the same 

characteristics of the population. Burns et al. (2008) argue that these characteristics should be 

carefully defined in order to evaluate the adequacy of the target population (Burns & Burns, 2008). 

The latter relates to the credibility of the sample – meaning the precision of the sample in predicting 

the outcome. 

 

Our population of interest is defined in terms of a combination of a demographic (age) and a 

behavioural component (social media usage). It consists of individuals between the age of 18 and 37 

(demographic), were the use social media (Facebook, Instagram, Twitter) is part of their daily life 

(behavioural). This population (=millennials) is highly active on social media and is more likely to 

be familiar with cryptocurrency (Blockchain Capital, 2017; Pew Research Center, 2018). Therefore, 

as population most relevant to our study.  

 

We decided to apply convenience sampling with aspects of random sampling. Convenience sampling 

consists of sample selection based on practical criteria, such as accessibility in terms of time and 

willingness to participate. Since this population shows high presence on social media, we distributed 

the questionnaire on these platforms (convenience sampling). Although this distribution was mostly 

conducted in a restricted network, the members of our population still had equal chances of being 

selected. Thus, aspects of random sampling, which is in line with other scholars. (Teddlie & Yu, 

2007; Burns & Burns, 2008). Hereby, we acknowledge the increased chance of a bias in our research 

since the sample is not completely random obtained. This presents the likelihood of over-

representation of a particular group within the sample, which limits the generalizability of our sample 

(Easterby-Smith, Thorpe, & Jackson, 2015; Etikan, Musa, & Alkassim, 2016). 

 

Relating to the actual sample size a mere traditional equation is used. This equation calculates the 

minimum sample size based on the population. Since our population relates to the group millennials 

(18-37) as a whole and not to a specific country, population size is less influential in terms of 

determining sample size. As an assumption, we used a population size of 5.000.000+ with a margin 

error of 5 percent and a confidence level of 95 percent. This resulted in a required initial sample size 

of 384. The confidence level relates to the accuracy of the results with a tolerable standard deviation, 

indicated as the margin error (Saunders, Lewis, & Thornhill, 2007). 
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Consequently, we achieved a total response of 250 useful cases. Since our initial calculated sample 

size was 384, the margin of error increased from 5 percent to 6.16 percent and the confidence level 

decreased to 88.8 percent. As discussed, there was an increased likelihood that there was over-

representation of particular groups. In order to check our achieved sample on over-representation of 

groups, we repeatedly selected random samples of cases in order to see the impact of this 

randomization on the distribution of age. As showed in table 2, all smaller randomized samples 

captured similar proportions of the larger sample age mean (Burns & Burns, 2008). 

 

 
N Minimum Maximum Mean 

Std. 
Deviation 

Random 
sample 

Statistic Statistic Statistic Statistic Std. Error Statistic Statistic 

 0 250 18 37 24,49 0,206 3,258 100% 

1 42 18 35 24,48 0,522 3,380 

20% 
2 54 19 34 24,26 0,415 3,048 

3 43 19 37 24,84 0,550 3,605 

4 47 19 29 24,26 0,364 2,498 

Table 2 Selection of random samples of cases via SPSS 

4.5. Questionnaire design 

Before researchers can start with the collection process of data, they have to take the questionnaire 

design into consideration. It is important that it complies with the following criteria: 1) a clear 

explanation of the purpose of the study, 2) a clear design of each individual question, and 3) a clear 

layout (Saunders, Lewis & Thornhill, 2007).  

4.5.1. Measurement of key construct 

The first step of our questionnaire design is to search for existing items and scales that measure each 

construct of the TAM and extended TAM, that comply to the criteria of being both reliable and 

legitimate (Davis, 1986) while adding questions to measure our proposed contribution to existing 

theory. In the case of the TAM, we adapted the following measurement items PU, PEOU, ATT and 

BI from Davis (1986), Davis et al. (1989), Venkatesh & Davis (2000), and Venkatesh et al. (2003). 

For the extended TAM, validated questions from the study of Malhotra & Galletta (2005) were used 

as a foundation. In addition, similar to the previous researchers we applied a seven-point Likert scale 

(Davis, 1986; Venkatesh & Davis, 2000; Venkatesh, Morris, Davis & Davis, 2003; Malhotra & 

Galletta, 2005). To make the adapted measurements fit the context of our study, we have conducted 

a pilot test with six millennials, who make use of social media (see Appendix B.4 for more details 

about the objective of the pilot test). Based on their feedback, minor changes have been made to the 

questions that make them easier to understand and more suitable to the topic of cryptocurrency. The 

final questionnaire can be found in Appendix B.5. 

 

Original TAM - PU & PEOU Measurement Scales 

Table 3, 4 and 5 shows an overview of the most commonly used scales for the original TAM, based 

on the literature from Davis (1986), Davis et al. (1989), Venkatesh & Davis (2000), and Venkatesh 

et al. (2003), and our adaptation of each to fit our research purpose. The primary reason for adapting 

our survey questions is rooted in the gap between two different environmental settings: mandated and 

voluntary adoption. Adjustments were made to make them represent a voluntary setting. 
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Construct Measurement 

dimension of 

constructs 

Sources used Adapted dimension of constructs 

PU 

Useful for job 

(or task) 

Davis, 1986; Davis, Bagozzi & Warshaw, 

1989; Venkatesh & Davis, 2000; Venkatesh, 

Morris, Davis & Davis, 2003; Malhotra & 

Galletta, 2005; Holden & Karsh, 2009 

(I believe that) Trading in cryptocurrency 

would be useful in my life 

 

 

Allows task to 

be 

accomplished 

more quickly 

Davis, 1986; Venkatesh, Morris, Davis & 

Davis, 2003; Malhotra & Galletta, 2005; 

Holden & Karsh, 2009 

(I believe that) Trading in cryptocurrency 

enables me to accomplish my financial 

goals more quickly 

 

Improves job 

performance 

Davis, 1986;  Davis, Bagozzi & Warshaw, 

1989; Venkatesh & Davis, 2000; Venkatesh, 

Morris, Davis & Davis, 2003; Malhotra & 

Galletta, 2005; Holden & Karsh, 2009 

(I believe that) Trading in cryptocurrency 

improves my financial situation 

 

 

Makes it 

easier to do 

job/work 

Davis, 1986; Venkatesh, Morris, Davis & 

Davis, 2003; Holden & Karsh, 2009 

(I believe that) Trading in cryptocurrency 

makes it easier to improve my financial 

situation 

 

Increases 

chance of 

getting a raise 
Holden & Karsh, 2009 

(I believe that) Trading in cryptocurrency 

increases my chances to get financial 

rewards 

 
 

PEOU 

Easy to use Davis, 1986; Davis, Bagozzi & Warshaw, 

1989; Venkatesh & Davis, 2000; Venkatesh, 

Morris, Davis & Davis, 2003; Malhotra & 

Galletta, 2005; Holden & Karsh, 2009 

 

(I believe that) It is easy to trade in 

cryptocurrency 

Clear and 

understandabl

e 

Davis, 1986; Venkatesh & Davis, 2000; 

Venkatesh, Morris, Davis & Davis, 2003; 

Malhotra & Galletta, 2005; Holden & Karsh, 

2009 

 

(I believe that) Trading in cryptocurrency 

is clear and understandable 

Easy to 

become skilful 

with system 

Davis, 1986; Davis, Bagozzi & Warshaw, 

1989; Venkatesh, Morris, Davis & Davis, 

2003; Malhotra & Galletta, 2005; Holden & 

Karsh, 2009 

 

(I believe that) It is easy for me to become 

skilful at trading in cryptocurrency 

Easy to get it 

to do what you 

want it to  

Davis, 1986; Davis, Bagozzi & Warshaw, 

1989; Venkatesh & Davis, 2000; Venkatesh, 

Morris, Davis & Davis, 2003; Malhotra & 

Galletta, 2005; Holden & Karsh, 2009 

 

(I believe that) Trading in cryptocurrency 

would be effortless in terms of 

experience, use, etc. 

Easy to learn 

to operate 

Davis, 1986; Davis, Bagozzi & Warshaw, 

1989; Venkatesh, Morris, Davis & Davis, 

2003; Malhotra & Galletta, 2005; Holden & 

Karsh, 2009 

 

(I believe that) It is easy to learn to trade 

in cryptocurrency 

 

Table 3 Measurement scales of the constructs PU and PEOU 

 

In addition, researchers Holden and Karsch (2009) conducted a systematic literature review on the 

TAM and identified that all reviewed papers showed a great difference in the operationalization of 

the measurement scales, but they shared similarities in the number and selection of questions used in 

the survey.  In most common cases, both PU and PEOU were measured by four to five items and 

those researchers used most frequently the measurements from Davis (1986), Davis et al. (1989), 

Venkatesh & Davis (2000), and Venkatesh et al. (2003) as these scales meet the validity and 

reliability criteria (Holden & Karsch, 2009).  

 



 

 

 

29 

While Holden and Karsch (2009) have identified two measurements for PU that are most commonly 

used: “increase productivity” and “enhancement of effectiveness of the job or work” (Holden & 

Karsch, 2009, p. 165), we chose not to apply them as they are not relevant to the focus of our research. 

We believe that the participants in our research are not able to compare the two dimensions: increase 

in effectiveness and increase in productivity in the hypothetical context of trading in cryptocurrency, 

when they have no trading experience in reality or are not currently trading.  As an alternative for the 

two, we have chosen to select and adjust the measurement “increase chance of getting a raise” 

(Holden & Karsch, 2009, p. 165) to “trading in cryptocurrency increases my chances to get financial 

rewards”. Although this wording was only once used by one reviewed researcher (Holden & Karsh, 

2009) we believe it is more relevant in the voluntary context that our respondents will be participating 

in, as financial rewards are the cryptocurrency equivalent to a raise in the working world. 

 

Moreover, we think that the measurement of PEOU: “easy to get it to do what you want it to” (Holden 

& Karsch, 2009, p. 165) is not applicable to the focus of our research, because the concept to trade 

in cryptocurrency is relatively simple to perform and, thus, will be positively answered by our 

respondents (Holden & Karsch, 2009). Therefore, we have decided to extend this value with the 

overall experience to trade in cryptocurrency to force participants to think about all the aspects related 

to the aspect of trading. 

 

Original TAM - Attitude & Behaviour Intention Measurement Scales 

To measure the constructs of ATT and BI, we identified and adapted validated scales from previous 

research (Davis, 1986; Davis, Bagozzi & Warshaw, 1989; Venkatesh & Davis, 2000; Venkatesh, 

Morris, Davis & Davis, 2003; Malhotra & Galletta, 2005). Again, each of the items was reworded to 

make them suitable to the context elements of our study.  

 

Construct 
Measurement scales of 

construct 
Sources used Adapted scales of construct 

Attitude 

Using the system is a 

bad/good idea 

Fishbein and Ajzen, 1975 Davis, Bagozzi 

& Warshaw, 1989; Venkatesh, Morris, 

Davis & Davis, 2003; Malhotra & Galletta, 

2005 

 

I think trading in cryptocurrency is 

a good idea 

Disliking/liking the idea of 

using the system 

Fishbein and Ajzen, 1975 Davis, Bagozzi 

& Warshaw, 1989; Venkatesh, Morris, 

Davis & Davis, 2003 

 

I (would) like to trade in 

cryptocurrency 

Having positive feelings 

towards using the system 

Davis, 1986; Malhotra & Galletta, 2005 

 

 

I’m positive towards trading in 

cryptocurrency 

Having positive feelings 

towards using the system 

Davis, 1986; Malhotra & Galletta, 2005 

 

 

Trading in cryptocurrency is 

appealing 

Table 4 Measurement scales of the construct ATT 
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Construct 
Measurement scales of 

construct 
Sources used Adapted scales of construct 

Behaviour 

Intention 

Predicting to use the 

system 

Davis, 1986; Venkatesh & 

Davis, 2000; Venkatesh, 

Morris, Davis & Davis, 

2003; 

  

Given that I am able to trade in 

cryptocurrency, I think that I will trade in it 

Intending to use the 

system 

Venkatesh & Davis, 2000; 

Venkatesh, Morris, Davis 

& Davis, 2003; 

 

Assuming I will start to invest, I intend to trade 

in cryptocurrency 

Planning to use the 

system 

Venkatesh, Morris, Davis 

& Davis, 2003; 

 

I plan to trade in cryptocurrency 

Table 5 Measurement scales of the construct BI 

 

To improve the reliability and validity of a questionnaire, it is recommended to employ, at least, a 

four multi-item scale to estimate and to test a construct within a model to improve its validity and 

reliability (Diamantopoulous, Sarstedt, Fuchs, Wilczynski, & Kaiser, 2012; Davis, 1986). Despite a 

recommended minimum from literature, Venkatesh and Davis (2000) only measured BI by two 

constructs. They do, however, recognize the limitations of a two-item scale and justify with the use 

of Cronbach alpha of 0.8 for its adequate reliability and validity. In spite of this, we added an 

additional scale “planning” to increase both the validity and reliability. For the reason that both the 

consistency and validation will improve when questions are added to measure a construct (Davis, 

1986). This added question has been validated by Venkatesh et al. (2003).   

 

Easterby-Smith et al. (2015) pointed out that researchers should avoid the use of negatives in their 

questionnaire as participants have the tendency to read the questions too quickly and, therefore, 

misread the negatives. Their statement is derived from a large-scale study that concluded that 10 

percent of respondents show this type of behaviour. Participants overlooking the contradiction word 

in questions will result in false answers and negatively impact the clarity of data analysis (Easterby-

Smith, Thorpe, & Jackson, 2015). However, Easterby-Smith et al. (2015) identified that some 

researchers have developed opposing views that promote the idea to include negatives, as they believe 

balancing negative and positive wording prevents distracted answering tendencies and forces 

participants to pay more attention to each question.  

 

Unfortunately, this view fails to consider the increased difficulty of understanding questions 

containing negatives, especially in the context of Likert scale answers (negative → neutral → 

positive). For example, disagreeing with a negative implies you actually feel good about the core 

concept, and vice versa. This type of wording can create disconnection between the answer options 

and the participants’ feelings, which can make reporting their opinion more difficult. Thus, we have 

converted the questions for some of questions to measure attitude in positive wording to avoid any 

confusion and to emphasize clarity.  
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Extended TAM - Psychological Attachment Measurement Scales 

As the previous section discussed scales used for each individual construct concerning the TAM, 

Malhotra and Galletta (1999) extended the TAM by adding Kelman’s three social influences that 

alter attitude and behaviour intentions. For the latter, Malhotra & Galletta (2005) developed validated 

and reliable scales to measure the three processes of social influences by Kelman: 1) internalization, 

2) identification, and 3) compliance. The findings and the respective adjustments made to the scale 

can be found in table 6, 7 and table 8 each describing one of three processes.  

 

Construct 
Measurement scales of 

construct 
Sources used 

Adapted scales of 

construct 

Internalization 

I like using the system primarily 

based on similarity of my values 

and what is use stands for 

 

Malhotra & Galletta, 2005 I (would) trade in 

cryptocurrency because it 

reflects my personal values 

What the use of the [the system] 

stands for is important for me 

 

Malhotra & Galletta, 2005 I (would) trade in 

cryptocurrency to support 

blockchain technology 

 

I like using the system primarily 

based on similarity of my values 

and what is use stands for  

 

Malhotra & Galletta, 2005 I (would) like to trade in 

cryptocurrency because I 

agree with the values I 

associate with 

cryptocurrency 

 

The reason I prefer use of the 

system is because of what its use 

stands for 

 

Malhotra & Galletta, 2005 I (would) trade in 

cryptocurrency because 

blockchain technology 

interests me 

I’m proud about using the [the 

system] 

Malhotra & Galletta, 2005 

 

I would be/am proud to 

trade in cryptocurrency 

Table 6 Measurement scales of the construct INTERN 

 

From the predefined scales that measure internalization, we have identified that a misunderstanding 

could potentially derive from the several (observed) variables that measure the single latent variable 

“internalization”. As discussed earlier, internalization occurs when an individual adopts a behaviour 

because it is consistent with their own personal values (Malholtra & Galletta, 2005). We believe that 

participants might find it difficult to match the reasoning for adopting the behaviour of trading in 

cryptocurrency with their own value system and, thus, negatively affect our questionnaire results. 

Therefore, a multiple selection question was added with the primary goal to enable them to associate 

trading in cryptocurrency more easily with their own beliefs. As a result, all participants in our survey 

were requested to select 3 values from 15 different options (predefined by the researcher), that 

consider to be most associated with the behaviour of trading in cryptocurrency. These 14 predefined 

values were based on our own logic interpretation. As we based these on our own interpretation, we 

included the category “others” to avoid overlooked values that participants might associate with 

engaging with cryptocurrency.  

 

Although Malhotra & Galletta (2005) validated the question: “I’m proud about using [the system]” 

(Malhotra & Galletta, 2005, p. 34) to the construct of identification, the participants from the pilot 

test argued that this observed variable has a higher association with internalization then identification. 

They debated that in the context of cryptocurrency, they would consider that this sense of pride 

applying to the individuals own personal values (internalization), instead of obtaining this feeling to 

maintain a relationship with others (identification). Hence, it measuring the construct internalization.  
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Nonetheless, the feeling of proud to use the system can still be related to identification, through 

specifying the clear link between this feeling in relation to the social network of the individual.  

Therefore, we adapted the construct from “I am proud about using the system” (Malhotra & Galletta, 

2005, p. 34) to “I would praise trading in cryptocurrency as having use to friends/peers”. We believe 

individuals are motivated by bonds and relationships in the context of cryptocurrency, but more 

specifically they share what they are proud of because they believe it provides value for others. 

 
Construct Measurement scales of 

construct 

Sources used Adapted scales of construct 

Identification 

I am proud about using 

[the system] 

Malhotra & Galletta, 2005 I (would) praise trading in 

cryptocurrency as having use to 

friend(s)/peer(s) 

 

People who influence my 

behaviour think that I 

should use the system 

Venkatesh & Davis, 2000; Venkatesh, 

Morris, Davis & Davis, 2003; Malhotra 

& Galletta, 2005; Holden & Karsh, 

2009 

I (would) trade in 

cryptocurrency since all my 

friend(s)/peer(s) is/are trading 

in it 

 

People who are important 

to me think that I should 

use the system  

Venkatesh & Davis, 2000; Venkatesh, 

Morris, Davis & Davis, 2003; Malhotra 

& Galletta, 2005; Holden & Karsh, 

2009 

I (would) trade in 

cryptocurrency , because the 

people I look up to are trading 

in it 

 

I talk up the use of [the 

system] to my colleagues 

as having great utility for 

me. 

Malhotra & Galletta, 2005 I talk about trading in 

cryptocurrency to make friends 

as it provides great 

utility/opportunity (for me/the 

group) 

 

Table 7 Measurement scales of the construct IDENT 

 

The item: “I feel sense of ownership for the use of the system” (Malhotra & Galletta, 2005 p. 34) was 

excluded from our questionnaire, because participants from the pilot testing described the question 

as “vague” and “not relevant” to the theory of identification. Hereby, an explanation of the key 

constructs was given to the participants to check if the questions are applicable to the theory. Instead, 

two additional questions were selected from the subjective norm construct, to meet the recommended 

four item minimum per construct. The reason for choosing items from the subjective norm scale is 

due to the fact that Venkatesh & Davis (2000) described Kelman’s processes as a mechanism 

underlying subjective norm. Therefore, we have selected two validated questions (“People who 

influence my behaviour think I should use the system” (Venkatesh & Davis, 2000, p. 17; Venkatesh, 

Morris, Davis & Davis, 2003, p.452) and “People who are important to me think I should use the 

system” (Venkatesh & Davis, 2000, p. 17; Venkatesh, Morris, Davis & Davis, 2003, p.452) that our 

participants in our pilot test associated with identification. Yet again, these have been adapted to the 

purpose of our study.   
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Construct Measurement scales of 

construct 

Sources used Adapted scales of construct 

Compliance 

Willingness to spend extra 

effort using a system, only 

if I’m rewarded for this 

 

Malhotra & Galletta, 2005 I would put extra effort to trade in 

cryptocurrency, if I’m rewarded for using it 

I only get rewarded if I use 

the system 

 

Malhotra & Galletta, 2005 I feel social pressure to trade in 

cryptocurrency 

My private views about 

the use of [the system] are 

different than those I 

express publicly 

 

Malhotra & Galletta, 2005 My personal views on cryptocurrency differ 

from those I express on social media 

Table 8 Measurement scales of the construct COMP 

Not only did we convert the question “I only get rewarded if I use the system” (Malhotra & Galletta, 

2005 p. 34) for the key construct compliance, but we also added the following question: “I (would) 

trade in cryptocurrency if I believe it is socially expected of me”. For the reason that it will further 

explore the nuances of attitude/intention derived from compliance (the individual presumption that 

they will receive rewards or avoid punishment by performing the target behaviour), but it also 

emphasises the social pressure of other individuals, which we relate to potential social pressure being 

enforced through the use of social media. In chapter 4.7 Trustworthiness of data, we discuss how we 

assure reliability and validity of this newly created measurement scale.   

4.5.1 Development of measurement scales for social media influence 

We mentioned earlier that researcher can ensure content validity, by making use of existing validated 

scales used to measure the construct in question (Saunders, Lewis, & Thornhill, 2007; Davis 1989). 

Research from López-Nicolás et al. (2008) developed three questions that capture the relationship 

between media- and social influence. They defined the construct media influence as “the individual 

perception to which they believe that mass media is influencing them to make use of the targeted 

system” (López-Nicolás, Molina-Castillo & Bouwman, 2007, p. 360). Hereby, media influences the 

subjective norm of the individual. However, they didn’t make a distinction between the different 

forms of media (e.g. social media). Consequently, we made use of the same definition but converted 

mass media to social media. Given that Kapitan & Silvera (2016) argue the input from individuals of 

social media will affect outcomes of social influence, we want to measure this effect by asking 

participants of the questionnaire whether social media influences them to trade in cryptocurrency. As 

Kelman specified the social influence in three distinct constructs, we designed our questions to 

acknowledge the relationship between social media and internalization, identification and 

compliance. Table 9 provides an overview of the questions to measure the influence of social media. 

Chapter 4.7 discusses how reliability and validity of this newly created measurement scales are met.  

 

Social media influence 

SM1 
Social media makes me believe that I would want to trade in cryptocurrency because I agree with 
the values I associate with it 

SM2 Social media (can) positively change(d) my opinion about trading in cryptocurrency 

SM3 My opinion is susceptible to friends/others beliefs expressed on social media 

SM4 Social media convinces me that trading in cryptocurrency is something be proud of 

SM5 Social media pressures me to trade in cryptocurrency 

Table 9 Measurement scales to measure social media influence 
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Demographical questions 

Besides answering the questions that measure each construct, all participants were asked to provide 

information that entails their demographics (e.g. age, gender and nationality). In addition, they were 

questioned to provide general information about their usage behaviour on social media and whether 

they are engaged in the cryptocurrency market. This allows us to run additional statistically analysis 

to determine any differences between age, gender, social media usage, and engagement in 

cryptocurrency within the TAM.  

4.6. Data analysis 

After all the data is fully collected, the data will be analysed using a mixed set of statistical techniques. 

Hereby we followed several steps as we carried out the analysis. Prior to the inferential statistical 

analysis, the dataset will be prepared and ‘cleaned’. This process includes checking the data on 

outliers, missing data and running normality and reliability tests in order to ensure a dataset that has 

no errors, extreme values or inconsistent scales (Pallant, 2005). After retrieving a ‘cleaned’ dataset 

the first initial descriptive statistical analysis can be run to get insights in measures of central tendency 

(mean, mode, median) and dispersion (range, variance, standard deviation) (Saunders, Lewis, & 

Thornhill, 2007). These insights will provide a foundation for the subsequent phase – inferential 

statistical analysis (Easterby-Smith, Thorpe, & Jackson, 2015).  Pallant (2005) distinguishes these 

analysis into two parts: (1) exploration of relationships among variables and (2) exploration of 

differences among groups (Pallant, 2005). 

 

The purpose of our research is to examine the effect social media and social influence on the 

consumer acceptance of cryptocurrency. Here the main purpose is to explore the relationship between 

these constructs (social media, psychological attachment, consumer perception, attitude and 

behavioural intention). However, further exploration of differences in age, social media and 

cryptocurrency engagement could provide a deeper understanding of consumer acceptance in 

cryptocurrency. 

4.6.1. Relationship among variables 

In order to examine the effects of social media and social influence, we applied multiple regression. 

This statistical technique provides us with the opportunity to explore the relationship between 

multiple independent variables on one dependent variable. By using this we are able to see how well 

a set of variables is able to predict a particular outcome. In addition, it is possible to see which variable 

is the best predictor of the dependent variable (Pallant, 2005). This statistical technique is in line with 

the taken approach by major scholars in the field of the TAM (Davis, 1986; Davis, 1989; Davis, 

Bagozzi, & Warshaw, 1989; Malhotra & Galletta, 1999; Malholtra & Galletta, 2005) 

 

Before the actual analysis is carried out via IBM SPSS Statistics version 23, we checked our data on 

several assumptions that are required when applying parametric statistical techniques like multiple 

regressions. These assumptions include (Pallant, 2005):  

• Multicollinearity: relationship among independent variables, where a high correlation 

between independent variables indicate collinearity that should be avoided 

• Normality: general assumption that argues that the data should be normally distributed 

• Linearity: data were the relationship between variables is linear 

• Homoscedasticity: similarity of variability in scores between variables  
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After the data is checked and cleaned the multiple regression will be carried out. Table 10 provides 

an overview of all variables either independent or dependent in terms of the multiple regression. For 

each of the hypothesis, the regression will be applied in order to see if the data supports or rejects. 

 

Independent variable Dependent variable 

Consumer Perception 
Attitude towards using 

Psychological Attachment 

Consumer Perception 
Behavioural intention 

Psychological Attachment 

Table 10 Regression (independent versus dependent variable) 

4.6.2. Differences in groups  

The second part of the analysis is the exploration of differences between groups (Pallant, 2005). For 

our research, it is of importance to explore the difference in variables like: cryptocurrency 

engagement, age and social media usage, which provides valuable insights in providing 

understanding in consumer acceptance of cryptocurrency 

 

To see whether there is a significant difference the independent-samples t-test will be used. This test 

tells the statistical difference in mean scores between two groups in terms of a dependent continuous 

variable (see table 11).  

Independent variable Dependent variable 

Cryptocurrency engagement  
Attitude Behavioural intention 

Psychological attachment Consumer perception (PU/PEOU) 

Table 11 Independent-samples t-test of cryptocurrency engagement 

 

More insights between differences in groups can be found by using the one-way analysis of variance 

(ANOVA). This analysis compares the variance of means between several groups on a dependent 

continuous variable. Since the independent-samples t-test is not able to explore differences over more 

than one group, the ANOVA is used to explore statistical differences between the age groups and the 

different constructs. The statistics from the ANOVA could be misleading when exploring differences 

between gender and attitude and behavioural intention. Therefore, the two-way analysis of variance 

is applied to explore the same difference between these variables, where the only difference is that 

an additional variable (e.g. cryptocurrency engagement) will be added to explore the possibility of an 

interaction effect (Pallant, 2005). A comprehensive overview of the used variables for ANOVA and 

Two-way ANOVA is provided in table 12. 

 Independent variable Dependent variable 

ANOVA Social media (daily/monthly) 

Attitude Behavioural intention 

Psychological attachment Consumer perception (PU/PEOU) 

Two-way 
ANOVA 

Age 

Social media usage Attitude 

Psychological attachment Behavioural intention 

Consumer perception 

Table 12 ANOVA and Two-way ANOVA with Social Media usage and Age as independent variable 
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4.7. Trustworthiness of data 

Our research makes use of survey research seen from a mere positivistic viewpoint. In order to ensure 

the trustworthiness of our research, we present the issues of validity, reliability and generalizability. 

In addition to this, key principles in terms of ethics will be discussed and related to our study.  

4.7.1. Validity  

When taking a positivistic viewpoint, the main concern is related to whether the used questionnaire 

items measure the stated construct accurately (Easterby-Smith, Thorpe, & Jackson, 2015). As 

mentioned previously, we ensured the validity of our research by pre-testing the instrument before 

data collection and by evaluating the extent our measures conform with the literature. Over the 

previous three decades extensive research was conducted in the field of Technology Acceptance and 

the influence of social media, hence the establishment of a strong foundation. It is this foundation 

that ensured (internal) content validity. While designing the questionnaire we compared our 

measurements with the literature to ensure ‘adequate coverage’ and the correct meaning of our 

research questions. As final assessment, we performed an additional pilot test among six individuals 

(millennials). This pilot test took an hour per individual, where we assessed the relevance of the 

questions and any misinterpretations. Any problems found during the pilot testing could be solved 

before submitting the questionnaire to their audience. Failing to address this, could cause error or 

biases, affect response rate and might potentially harm the validity and reliability of the gathered data 

(De Vaus, 2002; Saunders, Lewis, & Thornhill, 2007; Easterby-Smith, Thorpe, & Jackson, 2015). A 

task of the participants was to compare and align the theory of each construct, with the validated 

questions from previous literature (non-existing for the construct social media influences) and our 

translated version to the context of cryptocurrency. This enabled us to minimize the possibility of 

ambiguity as a result of translating the questions from previous research to the context of our study. 

The improvements made increased the accuracy of measurement (De Vaus, 2002; Saunders, Lewis, 

& Thornhill, 2007; Easterby-Smith, Thorpe, & Jackson, 2015). 

 

Another aspect is external validity (generalizability). This examines whether our observed patterns 

are consistent with findings from other studies. Due to the choices of our research design, we have a 

limited ability to generalize our sample to the population, but rather exposing the technology 

acceptance model to a different research setting/context. However, we acknowledge that no 

generalization from a sample of the whole population can be made. 

4.7.2. Reliability 

Reliability relates to the extent that the measures provide a good estimate of the underlying concepts 

of interest (Easterby-Smith, Thorpe, & Jackson, 2015). As argued earlier, we made use of multiple-

item indicators (Likert scale) combined with multiple questions to measure a single construct, all in 

order to measure the underlying concepts (De Vaus, 2002).  

 

Another technique to ensure and show the reliability is by measuring the internal consistency 

coefficient (Cronbach’s Alpha). This coefficient measures the degree of consistency of responses 

across different measures (Kline, 2016). The correlation is drawn between all observed variables were 

a value greater than 0.70 is considered as a acceptable level of reliability (Easterby-Smith, Thorpe, 

& Jackson, 2015).  
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4.7.3. Ethics 

During the process of our research, we followed key principles discussed by Easterby et al. (2015). 

They argue that these principles consist of two section: (1) protection of participants, and (2) 

protection of the integrity of research community.  

 

We ensured, while researching, that the interest of the participants was protected. We incorporated 

in our questionnaire an informed consent which included the nature of our research, the participation 

requirements, implications/rights of the participants and how the data will be used (see Appendix 

B.5). Although our data does not directly involve personal or sensitive topics we still keep the data 

anonymized and confidential in order to ensure that no participants are identifiable. In case insecurity 

about specific questions occurred, the participants had the opportunity to skip the item(s) which 

ensured the voluntary nature of participation but also their right to withdraw at any moment during 

the process (Saunders, Lewis, & Thornhill, 2007). 

 

Subsequently, we ensured the protection of the integrity of research by providing complete 

transparency and honesty in both the aim of the research (see subchapter 2.1), communication about 

the research and the reporting of research findings (see chapter 5) While this research has not been 

funded or does not have any affiliations with organizations nor individuals, there isn’t a conflict of 

interest (Easterby-Smith, Thorpe, & Jackson, 2015). For instance, we strived towards complete 

transparency and honesty in the validity and reliability section, by providing a different perspective 

of scholars with contradicting views about the specific thresholds of Cronbach Alpha and 

multicollinearity in order to avoid misleading findings/statements. 
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5. Empirical findings 

Prior to the data analysis, a preview of the empirical findings will be given. Moreover, the process of data 

cleaning and preparation will be discussed in order to ensure that the data is free of errors, invalid responses 

and misinterpretation. This process includes the assessment of missing data, outliers and normality (Kline, 

2016). 

5.1. Descriptive statistics  

When working with datasets it is of importance to work with complete datasets with no missing 

values. We prevented this by using online survey software (Google Forms) that enabled us to record 

incomplete surveys. Here a few missing values were found (<2.5%), which was solved by running 

the ‘listwise deletion option’ (SPSS) in order to avoid a biased dataset. This resulted in a reduced 

sample size of 4 cases (Pallant, 2005).  

5.1.1. Demographics 

In April 2018, a web-based questionnaire (see Appendix C.1) was conducted among millennials 

(between the ages of 18-37) with the purpose to create a better understanding in technology 

acceptance in the context of cryptocurrency. As a result of this, 250 responses were collected over a 

period of two weeks. 

 

Out of 250 respondents, 139 (55.6%) were male and 111 (44.4%) were female. The majority of the 

respondents’ age (87.4%) varied between 21-30 years old (mean = 24.49). Data indicates that this 

clustered group is more active and engaged in cryptocurrency, when comparing to older age groups 

(see table 13). When further decomposing this matter, we see that males show more interest in 

cryptocurrency (75.7%) than female (24.3%). Out of all respondents, the main countries of origin 

were Dutch (20%), German (15.2%), Swedish (12.8%) and American (11.2%). A brief overview is 

shown in table 13, were more detailed demographic results can be found in Appendix C.1. 

 

 

5.1.2. Social Media 

In terms of general social media usage, almost 70% of the respondents are using social media 

(Facebook, Twitter and Instagram) on frequents basis (frequently/usually/daily), were only 8.4% of 

all 250 respondents is using social media rarely a month (see figure 6, 7). Further looking at social 

media usage we see that on daily basis almost 90% is using these platforms occasionally, which could 

result in an increased likelihood of getting influenced by peers. We will further elaborate on this in 

the data analysis section, where SPSS Statistics will be used to further decompose, compare and 

analyse the data of this matter.  

 

20 or less 21 - 25 26 - 30 31 - 37  

Count Count Count Count  

Gender 

Male 
Are you engaged in 

cryptocurrency? 

No 7 59 20 3 
139 

Yes 5 35 8 2 

Female 
No 6 67 16 6 

111 
Yes 1 8 6 1 

Table 13 Combined overview of demographics and involvement in cryptocurrency 
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Although the majority of respondents is not (yet) involved in cryptocurrency, we observed an 

increased awareness of cryptocurrency on social media in terms of the discussion of the topic in their 

newsfeed. Over 53% of all respondents are exposed at least occasionally (occasionally; sometimes; 

frequently; usually; everyday) to the topic cryptocurrency (see figure 8). Moreover, we see that the 

respondents tend to not believe in cryptocurrency (mean <3.00) (see table 14). 

  

When asking about the potential change of attitude towards cryptocurrency caused by social media 

or peers a mere neutral response is given, indicating a possible association between social media and 

social influence.  

 

 

 

 

 

 

 

 

 
 

 

 

 

 

 

 

 

 

 

 

 

 

5.1.3. Social Influence by Kelman 

Following up the prior questions about cryptocurrency, we asked the respondents about their opinion 

regarding the processes of social influence by Kelman (internalization, identification and 

compliance), which helps us to determine the way respondents are getting influenced. For each 

process of influence, four to five questions were asked.  

 

Internalization relates to the acceptance of the content of behaviour, therefore questions were asked 

related to cryptocurrency and the extent this was aligned with their values. This included questions 

like: (a) 'I would be/am proud to trade in cryptocurrency' and (b) 'I (would) trade in cryptocurrency 

because blockchain technology interests me'. When looking at the mean (3.327) we see a clear 

disagreement with these statements (see appendix C.4), however initial analysis indicate a mere 

fragmented response when comparing this with the variable: engagement in cryptocurrency (see table 

15). 

 

 Mean 

SM makes me believe that I would want to 
trade in cryptocurrency because I agree with 
the values I associate with it 

2,81 

SM (can) positively change(d) my opinion 
about trading in cryptocurrency 

3,66 

SM convinces me that trading in 
cryptocurrency is something be proud of 

2,83 

My opinion is susceptible to friend's/others 
beliefs expressed on SM 

3,58 

SM pressures me to trade in cryptocurrency 2,43 

Figure 7 Discussion of cryptocurrency in 

newsfeed of respondents 

Table 14 Perception of respondents towards the 

extent SM can influence  
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Figure 6 Daily time spend on Social Media Figure 5 Monthly time spend on Social Media 
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With identification there is no direct acceptance of the content of behaviour, mere creating and 

maintaining relationships among peers, therefore questions were asked like: (a) 'I (would) trade in 

cryptocurrency since all my friends are trading in it' and (b) 'I (would) trade in cryptocurrency because 

it is popular'. As a response, the majority of the respondents took a negative stance towards the 

statements (mean = 3.214), which indicates that there is no influence from peers when related to 

trading in cryptocurrency (see appendix C.4). However, a similar fragmentation as internalization is 

seen for identification where engagement in cryptocurrency causes the fragmentation.  

 Internalization Identification 

Are you engaged in cryptocurrency? 
No 2,9 2,88 

Yes 4,5 4,15 

Table 15 Effect of engagement in cryptocurrency on INTERN and IDENT 

For compliance, we asked questions related to the perceived probability of rewards and avoidance of 

punishment. Hereby, we see a difference between responses related to the difference two bases of 

power related to compliance (mean = 3.121) (see appendix C.4). Firstly we asked the respondents 

whether they would put in extra effort in trading in cryptocurrency if they would be rewarded for it 

(reward power). This resulted in a cohesive agreed response by both crypto-traders and non-traders 

(variable: engagement in cryptocurrency) and female and male. For the other three questions related 

to coercive power, there is again a pattern seen related to the fragmented response between crypto-

traders and non-traders. Another observation we can make based on these statistics is that males tend 

to be less influenced by coercive power when trading in cryptocurrency, compared to females (see 

table 16). More demographic details can be found in found in Appendix C.2. 

 

 

5.1.4. Technology Acceptance Model 

Table 17 shows the overall result of the four constructs of the Technology Acceptance Model. When 

looking at the combined mean we see a mere negative perception, attitude and behavioural intention. 

However, when the distinction is made between CT and NT a different observation can be made. 

Where non-traders tend to have a more negative perception and attitude (mean = 3.242), which could 

indicate a lack of knowledge regarding the topic or even a lack of interest (see appendix C.4). Crypto-

traders, on the other hand, show a more positive stance (mean = 4.608).   

 

 

 

 

 

 
 

Table 16 Effect of engagement in 

cryptocurrency on COMP  

 

Social influence  (mean) 
Compliance 
(Coercive) 

Compliance 
(Reward) 

Male 
Engaged in 
Cryptocurrency 

No 2,4 4,6 

Yes 3,0 5,2 

Female 
No 2,3 4,6 

Yes 4,0 5,6 

Table 17 Perception, attitude and 

behavioural intention of CT and NT 

 Engaged in cryptocurrency? 

 No Yes 

Perceived Usefulness 
Mean 3,123 4,348 

SD 1,360 1,442 

Perceived Ease of Use 
Mean 3,276 4,327 

SD 1,187 1,223 

Attitude towards Using 
Mean 3,488 4,818 

SD 1,532 1,387 

Behavioural Intention 
Mean 3,080 4,939 

SD 1,592 1,652 
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5.2. Normality test 

Within statistics, the general assumption is that data is normally distributed thus the requirement for 

the majority of the statistical inferences. A normal distribution has a skewness and kurtosis close to 

the value 0 (Kline, 2016) and is described as symmetrical, bell-shaped curve which has the greatest 

frequency of scores in the middle (Gravetter & Wallnau, 2013). While skewness implies the 

symmetry of the distribution, kurtosis provides the ‘peakedness’ of its distribution (Pallant, 2005, p. 

51). 

 

By looking at the descriptive statistics we are able to get a first indication about the normality of the 

data. Hereby, we look at the difference between the mean and the 5% trimmed mean, the latter is the 

obtained value where the top and bottom 5% of values are removed (Pallant, 2005). Over all eight 

constructs, there is a minimum variation between overall mean and trimmed mean indicating a robust 

normally distributed dataset (see Appendix C.4).  When looking at the absolute values of kurtosis 

and skewness (z-value) we confirm this approximate indication of normality. According to Ghasemi 

et al. (2012) the absolute value of kurtosis and skewness in larger samples (200 or more) should range 

between -2.58 and +2.58, while a range of -1.96 and +1.96 is normally the standard. Based on the 

former we can state that there is no direct indication that the normality assumption is violated 

(Ghasemi & Zahediasl, 2012).On the contrary, when running the Shapiro-Wilk test, the most widely 

accepted normality test by tacticians, a violation of the normality assumption is showed (see table 

18), since the Sig. value of all constructs is below .0.5. Within this test, a normal distribution is 

detected if a non-significant result is given (Pallant, 2005). This contradiction is observed regarding 

the normality assumption. However, Pallet (2005) argues that the Shapiro-Wilk test (SW) could be 

sample sensitive. This implies that the use of parametric statistical techniques like (ANOVA, T-test) 

is still justifiable (Pallant, 2005). An overview of the more detailed normality tests can be found in 

Appendix C.4. 

  

  
Statistic Std. Error 

Z-value (Skew) or Sig. 
value for SW  

Social Media 

Skewness 0,255 0,154 1,66 

Kurtosis -0,895 0,307 -2,92 

Shapiro-Wilk ,965  ,000 

Perceived Usefulness 

Skewness 0,047 0,154 0,30 

Kurtosis -0,800 0,307 -2,61 

Shapiro-Wilk ,970  ,000 

Perceived Ease of Use 

Skewness 0,234 0,154 1,52 

Kurtosis -0,536 0,307 -1,75 

Shapiro-Wilk ,980  ,001 

Internalization 

Skewness 0,137 0,154 0,89 

Kurtosis -0,912 0,307 -2,97 

Shapiro-Wilk ,961  ,000 

Identification 

Skewness 0,160 0,154 1,04 

Kurtosis -1,132 0,307 -3,69 

Shapiro-Wilk ,951  ,000 

Compliance 

Skewness 0,276 0,154 1,79 

Kurtosis -0,233 0,307 -0,76 

Shapiro-Wilk ,984  ,005 

Attitude 

Skewness -0,206 0,154 -1,34 

Kurtosis -0,839 0,307 -2,74 

Shapiro-Wilk ,963  ,000 

Behavioural Intention 

Skewness 0,166 0,154 1,08 

Kurtosis -1,097 0,307 -3,58 

Shapiro-Wilk ,945  ,000 

Table 18 Combined overview of the Normality tests 
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5.3. Reliability analysis 

When deciding upon the composition of the scales for measures particular constructs it is of 

importance to measure the internal consistency of measures (observed variables) underlying this 

construct to see if they all measure the same construct. Here the most commonly used indicator of 

internal consistency is Cronbach Alpha (α). The Cronbach Alpha coefficient should ideally be above 

0.7 where a low internal consistency indicates a heterogeneous set of items (Easterby-Smith, Thorpe, 

& Jackson, 2015; Kline, 2016). However, Vaske et al. (2017) suggest that in human dimension 

research an alpha of .65 is also considered as ‘adequate’ and acceptable (Vaske, Beaman, & 

Sponarski, 2017)   

With that in mind, we can check the internal consistency of the used measurement scales. Table 19 

shows the Cronbach Alpha coefficient of all eight constructs. We see here that for all constructs there 

is an increased internal consistency greater than .800, indicating that all observed variables measure 

the constructs consistently. Compliance is the outlier here with an Alpha coefficient of .661. 

Therefore we run an additional comparison were alpha coefficients of prior were checked and 

compared (see Appendix C.5). All of these measures of the Technology Acceptance Model (including 

compliance) are based on prior publications of Davis (1986; 1989) and Malhotra (1999; 2005). By 

comparing these alpha coefficients we see that for compliance a similar coefficient showed up. 

Scale Items 
Items 

retained 
α α (standardized) α (prior scholars) 

Social Media 5 5 0.838 0.840 0,920** 

Perceived Usefulness 5 5 0.937 0.938 0,965 

Perceived Ease of Use 5 5 0.888 0.888 0,929 

Internalization 5 5 0.909 0.908 0,790 

Identification 5 5 0.904 0.904 0,790 

Compliance 4 4 0.661 0.661 0,694 

Attitude 4 4 0.940 0.940 0,905 

Behavioural Intention 3 3 0.940 0.940 0,855 
** note: Lopez-Nicolas et al. (2008) built upon subjective norm, where we took the three processes of social influence as foundation. Therefore it is only used as 
extra indication to increase the internal consistency. 

Table 19 Internal Consistency statistics of measurement items 

 

 

 

 

 

 

 

 

 

 

 

 



 

 

 

43 

6. Data analysis 

In order to explore the relationships between constructs, described in the proposed hypotheses, a variety of 

statistical techniques will be used to test and further decompose relationships and single constructs. The aim of 

this analysis is to explore the relationships among constructs were statistical techniques as independent-

sampling t-test and ANOVA will be used to provide deeper insights (Pallant, 2005).  

 

Correlation between constructs will be tested using Pearson 

correlation. Here it looks at the correlation between 

variables without making the distinction between 

dependent and independent variables. These results will be 

used as a foundation for the more in-depth subsequent 

analysis (see table 20). The significance level of Pearson 

correlation (r) is strongly affected by the sample size.  

 

 

 

 

 

 SM PU PEOU INTERN IDENT COMP ATT 

SM 1       

PU ,547** 1      

PEOU ,304** ,435** 1     

INTERN ,535** ,733** ,415** 1    

IDENT ,619** ,726** ,457** ,743** 1   

COMP ,607** ,611** ,349** ,618** ,730** 1  

ATT ,492** ,748** ,408** ,787** ,738** ,598** 1 

BI ,489** ,767** ,442** ,802** ,732** ,616** ,871** 

Table 20 Overview of correlations between constructs 

6.1. Relationships among variables 

Multiple regression gives the opportunity to determine how a set of independent variables is 

predicting a particular outcome of the dependent variable (Pallant, 2005). With this technique, we 

could explore the extent consumer perception (CP) and psychological attachment (PA) are predicting 

variables like attitude and behavioural intention. The following equations aim to tell the association 

between the dependent variables (attitude and behavioural intention) and independent variables 

(perceived usefulness and perceived ease of use, internalization, identification, compliance and 

attitude). 

 

ATT = PU + PEOU + INTERN + IDEN + COMP  

 

BI = ATT + PU + PEOU + INTERN + IDEN + COMP  

 

Preliminary analyses were performed to ensure that the assumption of normality (see 5-2 – normality 

test) and homoscedasticity were not violated (Pallant, 2005). The latter argues that the variance across 

independent and dependent variables must be the same (Gravetter & Wallnau, 2013). 

SM Social Media 

PU Perceived Usefulness 

PEOU Perceived Ease of Use 

ATT Attitude towards Use 

BI Behavioural intention 

INTERN Social Influence – Internalization 

IDEN Social Influence – Identification 

COMP Social Influence – Compliance 

CP Consumer Perception (PU + 

PEOU) 

PA Psychological Attachment 

(INTERN; IDENT; COMP) 

 Small relationship (.10-29) 

 Medium relationship (.30-.49) 

 Large relationship (.50-1.0) 

ATT 

CP 

PA 
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Table 21 Multicollinearity of independent variable son dependent variable ATT 

6.1.1. Influence on Attitude 

The last assumption that needs to be checked is multicollinearity. This refers to the direct correlation 

between independent variables (PU, PEOU, INTERN, IDENT and COMP), which should be kept at 

a minimum. Hair et al. (2013) argue that the presence of a correlation above .90 is seen as the first 

indicator of multicollinearity (Hair, Black, Babin, & Anderson, 2013). Each of these independent 

variables significant correlate with each other (r = .408 - .703) (see table 21). Another measure of 

multicollinearity is the VIF (variance inflation factor) where the common threshold should be below 

10. We see here that the VIF ranges between 1 and 4, a second indication that there is no occurrence 

of multicollinearity (Pallant, 2005).  

 

 

 

 

 

 

 

 

 

 

 

The multiple hierarchical linear regression was calculated to predict ATT on their (CP) – PU; PEOU, 

and (PA) – INTERN; IDENT; COMP (see results in table 22). This type of multiple regression enables 

us to compare groups of independent variables with each other to see whether the overall fit of one 

model changes when more independent variables are added (Easterby-Smith, Thorpe, & Jackson, 

2015). Model 1 test the extent PU and PEOU predict the dependent variable ATT. Here we see that 

PU and PEOU significantly explains 56.8 percent of the variance in Attitude towards with 

Cryptocurrency (Sig = .000). Subsequently, we evaluated the contribution of each independent 

variable individually (see table 22 - coefficients). Here we can see that PU (B = .705) and PEOU (B 

= .101) made both a significant unique contribution to explaining the variance of ATT.  

 

Model 2 tests the extent INTERN, IDENT and COMP predict the dependent variable ATT. These 

independent variables explain for 67.3 percent the variance of the ATT, where only INTERN (B = 

.525) and IDENT (B = .318) had a significant unique contribution.  

 

Lastly, model 3 tests the total regression of the dependent variable ATT (ATT = PU+PEOU+ 

INTERN+IDENT+COMP). This combined set of independent variables increases the prediction-

value (R2) with approximately 13% (for model 1) and 3% (for model 2). Here the strongest significant 

unique contribution was made by INTERN (B = .407), PU (B = .277), IDENT (B = .220). However, 

no individual contribution in explaining ATT was made by PEOU (B = .013) and COMP (B = .012) 

since Sig. value exceeded .05 (Sig = .740 and .820). While in model 1, PEOU had an individual 

contribution on ATT, no significant contribution is seen in model 3.  

 

 

 

 

 

  ATT PU PEOU INTERN IDENT 

ATT 1,000         

PU 0,748 1,000       

PEOU 0,408 0,435 1,000     

INTERN 0,787 0,733 0,415 1,000   

IDENT 0,738 0,726 0,457 0,743 1,000 

COMP 0,598 0,611 0,349 0,618 0,730 

 Collinearity Statistics 

Tolerance VIF 

PU 0,378 2,645 

PEOU 0,765 1,307 

INTERN 0,363 2,756 

IDENT 0,292 3,430 

COMP 0,448 2,230 
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Table 22 Comprehensive overview of multiple regression for dependent variable ATT 

Hypotheses 1a and 1d were asserting that PU and PEOU effects an individuals’ ATT significantly. 

We found that PU (r = .748) and PEOU (r = .408) were strongly correlated to ATT. However, when 

calculating the multiple regression to see to what extent these aspects affect ATT it differed. PU 

showed a positive strong influence on explaining the variance of ATT, while the effects of PEOU   

were limited (B = .101; Sig = .003). Especially when looked at the total multiple regression no 

significant effect occurred between PEOU and ATT (B = .013; Sig = .740).  

 

As hypothesized INTERN and IDENT (H3c and H3e) were found to have a strong effect on ATT when 

looked at the total multiple regression (including PU and PEOU), whereas COMP (H3a) did not show 

any significant individual contribution. From these three processes of Kelman, showed INTERN the 

strongest individual contribution (B = .407) and therefore seen as a construct that effects ATT the 

most (Sig = .000). 

 

 R R2 
Adjusted 

R2 
Std. Error of 
the Estimate 

Change Statistics 

R Square 
Change 

F 
Change 

df1 df2 
Sig. F 

Change 

1 ,754a 0,568 0,565 1,0581 0,568 162,605 2 247 0,000 

2 ,820b 0,673 0,669 0,9235 0,673 168,387 3 246 0,000 

3 ,838c 0,703 0,697 0,8835 0,134 36,757 3 244 0,000 
a. Predictors: (Constant), PEOU, PU 

b. Predictors: (Constant), COMP, INTERN, IDENT 

c. Predictors: (Constant), PEOU, PU, COMP, INTERN, IDENT 

c. Dependent Variable: ATT 

 

   

ANOVA Sum of Squares df Mean Square F Sig. 

1 Regression 364,068 2 182,034 162,605 ,000b 

Residual 276,514 247 1,119     

Total 640,582 249       

2 Regression 430,796 3 143,599 168,387 ,000c 

Residual 209,786 246 0,853     

Total 640,582 249       

3 Regression 450,137 5 90,027 115,344 ,000d 

Residual 190,445 244 0,781     

Total 640,582 249       
a. Dependent Variable: ATT 

b. Predictors: (Constant), PEOU, PU 

c. Predictors: (Constant), COMP, INTERN, IDENT 

d. Predictors: (Constant), PEOU, PU, COMP, INTERN, IDENT 

Coefficients Unstandardized Coefficients Standardized Coefficients 

t Sig. B Std. Error Beta 

1 (Constant) 0,761 0,214   3,549 0,000 

PU 0,763 0,050 0,704 15,170 0,000 

PEOU 0,127 0,058 0,101 2,179 0,030 

2 (Constant) 0.778 0.174   4.481 0.000 

INTERN 0.539 0.057 0.525 9.489 0.000 

IDENT 0.338 0.067 0.318 5.007 0.000 

COMP 0.058 0.076 0.041 0.765 0.445 

3 (Constant) 0,551 0,200   2,760 0,006 

PU 0,300 0,061 0,277 4,883 0,000 

PEOU 0,017 0,050 0,013 0,332 0,740 

INTERN 0,418 0,060 0,407 7,027 0,000 

IDENT 0,233 0,069 0,220 3,403 0,001 

COMP 0,017 0,073 0,012 0,228 0,820 
a. Dependent Variable: ATT 
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Table 23 Multicollinearity of independent variables on dependent variable BI 

6.1.2. Influence on Behavioural Intention 

Another multiple regression was calculated to predict BI on PU, PEOU, 

INTERN, IDENT, COMP and ATT. Key in interpreting multiple 

regression is the correlation among independent variables: 

multicollinearity, which should kept at a minimum (Pallant, 2005). As 

table 23 shows, the range of the correlations between independent 

variables vary from .435 and .748 (below .9), and VIF statistics do not 

exceed the threshold of 10. Therefore, no indication of multicollinearity is observed (Pallant, 2005).  

 

 

 

 

 

The multiple hierarchical linear regression was calculated to predict BI (see results in table 24). Here 

the regression is paired in groups (1) - PU, PEOU, INTERN, IDENT, COMP, and (2) ATT. This 

enables us to determine what effects occur among independent variables on predicting BI (Easterby-

Smith, Thorpe, & Jackson, 2015). 

 

Model 1 shows a predicting value of 72.7 percent of the independent variablesa in predicting BI (Sig 

= .000). When looking at ATTb as a predictor of BI (model 2), we see an increase of predictability 

of 8.3 percent (Sig = .000). This indicates that ATT is a better predictor than the paired group - PU, 

PEOU, INTERN, IDENT, COM.  

 

Regarding the unique contribution of each independent variable we see that in model 1 PU (B = .277), 

INTERN (B = .407) and IDENT (B = .220) have a significant contribution in predicting BI. However, 

the moment ATT is added as additional independent variable (model 3) there is only a significant 

contribution by PU (B = .154), INTERN (B = .213) and ATT (B = .529) itself. This could indicate 

that IDENT (B = .015; Sig = .779) indirectly predicts BI through ATT.    

 

 

 

 

 

 

 

 

 

 

 

  BI ATT PU PEOU INTERN IDENT 

BI 1,000           

ATT 0,871 1,000         

PU 0,767 0,748 1,000       

PEOU 0,442 0,408 0,435 1,000     

INTERN 0,802 0,787 0,733 0,415 1,000   

IDENT 0,732 0,738 0,726 0,457 0,743 1,000 

COMP 0,616 0,598 0,611 0,349 0,618 0,730 

 Collinearity Statistics 

Tolerance VIF 

PU 0,344 2,904 

PEOU 0,765 1,307 

INTERN 0,302 3,313 

IDENT 0,278 3,592 

COMP 0,448 2,230 

ATT 0,297 3,364 

CP 

BI 

PA 

ATT 
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Table 24 Comprehensive overview of multiple regression for dependent variable BI 

 

 R R2 
Adjusted 

R2 
Std. Error of 
the Estimate 

Change Statistics 

R Square 
Change 

F 
Change 

df1 df2 
Sig. F 

Change 

1 ,853a 0,727 0,722 0,9509 0,727 130,196 5 244 0,000 

2 ,871b 0,758 0,757 0,8885 0,758 777,159 1 248 0,000 

3 ,900c 0,811 0,806 0,7939 0,083 107,010 1 243 0,000 
a. Predictors: (Constant), COMP, PEOU, INTERN, PU, IDENT 

b. Predictors: (Constant), ATT 

c. Predictors: (Constant), COMP, PEOU, INTERN, PU, IDENT, ATT 

d. Dependent Variable: BI 
 

 

 
 

 
 

 
 

 

 
 

 

 

 

 

As theorized, INTERN (H3d) and PU (H1b) was found to have a significant strong individual 

contribution to explaining BI (B = .213; B = .154; Sig = .001). More surprisingly was the effect of 

INTERN on BI. When calculating the effect of IDENT (H3f) on BI a significant contribution was 

found (B = .220); however, ATT as independent variable was excluded. The moment ATT is included 

there is no significant contribution by IDENT, which could indicate that IDENT (B = .015; Sig = 

.779) is effecting BI via ATT. Therefore this hypothesis partially supported. For ATT (H2a) the 

strongest unique contribution was found (B = .529). Lastly, hypothesis 3b argues a negative effect of 

COMP on BI; however, no significant contribution was found in either both calculated regressions 

(model 1 and 3). 

ANOVA Sum of Squares df Mean Square F Sig. 

1 Regression 588,624 5 117,725 130,196 ,000b 

Residual 220,628 244 0,904 
  

Total 809,252 249 
   

2 Regression 613,483 1 613,483 777,159 ,000c 

Residual 195,769 248 0,789     

Total 809,252 249       

3 Regression 656,077 6 109,346 173,470 ,000d 

Residual 153,174 243 0,630   

Total 809,252 249    
a. Dependent Variable: BI 

b. Predictors: (Constant), COMP, PEOU, INTERN, PU, IDENT 

c. Predictors: (Constant), ATT 

c. Predictors: (Constant), COMP, PEOU, INTERN, PU, IDENT, ATT 

Coefficients Unstandardized Coefficients Standardized Coefficients 

t Sig. B Std. Error Beta 

1 (Constant) 0,551 0,200   2,760 0,006 

PU 0,300 0,061 0,277 4,883 0,000 

PEOU 0,017 0,050 0,013 0,332 0,740 

INTERN 0,418 0,060 0,407 7,027 0,000 

IDENT 0,233 0,069 0,220 3,403 0,001 

COMP 0,017 0,073 0,012 0,228 0,820 

2 (Constant) -0,186 0,146   -1,276 0,203 

ATT 0,979 0,035 0,871 27,878 0,000 

3 (Constant) -0,704 0,182   -3,860 0,000 

PU 0,187 0,058 0,154 3,240 0,001 

PEOU 0,067 0,045 0,048 1,503 0,134 

INTERN 0,246 0,059 0,213 4,200 0,000 

IDENT 0,018 0,063 0,015 0,281 0,779 

COMP 0,073 0,066 0,046 1,104 0,271 

ATT 0,595 0,058 0,529 10,345 0,000 
a. Dependent Variable: BI 
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Table 25 Overview of regression for dependent variables INTERN, IDENT and COMP with SM as 

independent variable 

6.1.3. Influence on Psychological Attachment and Perceived Usefulness  

Prior analysis focused on multiple regression, aiming to explore the contribution of several 

independent variables to the prediction of dependent variables. Subsequently, a linear regression is 

used to determine how well the single independent variable SM is capable of predicting the three 

dependent variables INTERN, IDENT and COMP. In addition to this, the effect of PEOU on PU is 

calculated.  

 

Model R R Square 
Adjusted R 

Square 

Std. Error 
of the 

Estimate 

1 ,535b 0,287 0,284 1,321 

2 ,619c 0,384 0,381 1,189 

3 ,607d 0,369 0,366 0,909 
a. Predictors: (Constant), SM 

b. Dependent Variable: INTERN 

c. Dependent Variable: IDENT 

d. Dependent Variable: COMP 
 

Model Sum of Squares df 
Mean  

Square 
F Sig. 

1 Regression 173,843 1 173,843 99,616 ,000a 

Residual 432,792 248 1,745     

Total 606,635 249       
2 Regression 218,192 1 218,192 154,339 ,000b 

Residual 350,602 248 1,414     

Total 568,794 249       
3 Regression 119,55 1 119,55 144,73 ,000c 

Residual 204,852 248 0,826     

Total 324,402 249       
a. Dependent Variable: INTERN 

b. Dependent Variable: IDENT 

c. Dependent Variable: COMP 

d. Predictors: (Constant), SM 

Model Unstandardized Coefficients Standardized Coefficients t Sig. 

B Std. Error Beta 

1 (Constant) 1,352 0,215   6,291 ,000 

  SMa 0,645 0,065 0,535 9,981 ,000 

 2 (Constant) 1 0,193   5,173 ,000 

  SMb 0,723 0,058 0,619 12,423 ,000 

 3 (Constant) 1,483 0,148   10,032 ,000 

  SMc 0,535 0,044 0,607 12,03 ,000 
a. Dependent Variable: INTERN 

b. Dependent Variable: IDENT 

c. Dependent Variable: COMP 

 

   

 

 

As table 25 shows, the independent variable SM shows a strong, positive 

relationship with each of the three processes of social influence. The R 

square of this regressions shows that SM is capable to explain the 

variance in INTERN for 28.7 percent, IDENT for 38.4 percent and 

COMP for 36.9 percent, where for all regressions statistical significance 

was reached (Sig = .000). SM exhibits unique significant contribution to all of the three processes 

(INTERN: B = .535; IDENT: B = .619; COMP: B = .607). Therefore we can state that, as hypothesized 

(H4a, H4b, H4c) a positive effect of SM on the processes of Kelman is found.  

 

 

INTERN 

SM IDENT 

COMP 
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Table 26 Comprehensive overview of regression for the dependent variable PU 

Model R R Square 
Adjusted R 

Square 

Std. Error 
of the 

Estimate 

1 ,435a 0,189 0,186 1,3367 
a. Predictors: (Constant), PEOU 

b. Dependent Variable: PU 
 
 

Model Sum of Squares df Mean Square F Sig. 

1 Regression 103,456 1 103,456 57,9 ,000b 

Residual 443,125 248 1,787 
  

Total 546,582 249 
   

a. Dependent Variable: PU 

b. Predictors: (Constant), PEOU 
 
 

Model Unstandardized Coefficients Standardized Coefficients t Sig. 

B Std. Error Beta 

1 (Constant) 1,659 0,25   6,646 ,000 

  PEOU 0,503 0,066 0,435 7,609 ,000 
a. Dependent Variable: PU 

 

  

 

Table 5.7 reveals a medium, positive correlation between PEOU and PU. The R square value, in table 

26 indicates that PEOU explains 18.9 percent of the variance in PU, while 

reaching statistical significance (Sig. = .000). Although only 18.9 percent 

of the variance can be explained by PEOU, a significant higher 

standardized beta coefficient is found, meaning the extent PEOU is able to predict the outcome of 

PU (B = .435). As expected (H1c, PEOU appeared to have a significant effect on PU.  

6.1.4. Overall hypothesis results 

With the extracted information from the regression analysis, we were able to support the majority of 

our developed hypothesis (10 out of 13). Out of the four rejected hypothesis, we found that two of 

them were partially rejected (H1d H3f) where an indication of indirect effects was observed. Table 

27 provides the complete overview of all hypothesis either supported or rejected. 

Hypothesis – Technology Acceptance Model Coefficient Sig. 
Hypothesis 1a Supported .277 ,000 

Hypothesis 1b Supported  .154 ,001 

Hypothesis 1c Supported .435 ,000 

Hypothesis 1d Rejected*  ,740 

Hypothesis 2a Supported .529 ,000 

 

Hypothesis – Psychological Attachment Coefficient  Sig. 
Hypothesis 3a Rejected ,820 

Hypothesis 3b Rejected ,271 

Hypothesis 3c Supported .407 ,000 

Hypothesis 3d Supported .213 ,000 

Hypothesis 3e Supported .220 ,001 

Hypothesis 3f Rejected* ,779 

 

Hypothesis – Social Media Coefficient  Sig. 
Hypothesis 4a Supported .535 ,000 

Hypothesis 4b Supported  .619 ,000 

Hypothesis 4c Supported .607 ,000 
* partially rejected  

Table 27 Results of the hypotheses test of total regression analysis  

PEOU IDENT 
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6.2. Differences in groups  

Where the first part of the analysis is focused on the relationships among constructs, the following 

section will explore the differences in groups in order to aim for further understanding in differences 

between engagement in cryptocurrency, age and social media usage.  

6.2.1. Difference between Crypto-traders and Non-traders  

An independent-samples t-test was calculated to compare constructs like CP, PA, ATT and BI for 

crypto-traders (CT) and non-traders (NT). Between these two groups, there was over all seven 

constructs a significant difference in scores found (see table 28). As expected, engagement in crypto-

currency effects an individual’s perception, attitude and behavioural intention. The importance of 

these statistics can be further analysed by calculating the effect size (eta). This statistic represents the 

extent the total variance of the dependent variable is explained by the independent variable. Cohen 

(1988) argued that a value over .06 indicates a moderate effect and a value over .14 a large effect 

(Cohen, 1988; Pallant, 2005). When looked at this statistic we see a large effect of engagement in 

cryptocurrency on the dependent variable (eta squared = .113 - .208). When looked at ATT and BI 

we see that, as expected there is a large mean difference between CT (ATT: M= 4.818; BI: M=4.939) 

and NT (ATT: M= 3.488; BI: M=3.080) – see appendix D1.1). However, we have to acknowledge 

that the distribution between crypto-traders (N=66) and non-traders (N=184) was unequal, which 

could have caused an error.  

 
 

 

Levene's Test for 
Equality of Variances 

t-test for Equality of Means 

ETA F Sig. t df Sig. (2-tailed) Mean Difference 
between CT and NT 
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0,252 0,616 -6,182 248 0,000 -1,2257 0,134 

PEOU 0,447 0,504 -6,121 248 0,000 -1,0512 0,131 

INTERN 0,021 0,885 -7,549 248 0,000 -1,5276 0,187 

IDENT 2,639 0,106 -6,272 248 0,000 -1,266 0,137 

COMP 0,616 0,433 -5,631 248 0,000 -0,8701 0,113 

ATT 2,876 0,091 -6,201 248 0,000 -1,3304 0,134 

BI 0,022 0,883 -8,060 248 0,000 -1,8597 0,208 

Table 28 Independent-samples t-test with engagement in cryptocurrency as grouping variable 

6.2.2. Difference in social media usage 

The one-way ANOVA was calculated to create further understanding in the difference in social media 

usage and the extent this impact the processes of social influences by Kelman. Surprisingly no overall 

statistical impact of Social media was found on INTERN or COMP for daily (SMdaily) and monthly 

(SMmonthly) usage, whereas identification did show a small significant difference for monthly social 

media usage. Post Hoc tests found that for the latter that there was a significantly higher level of 

identification for individuals who use social media frequently (M=4.24, SD=1.637) than for 

individuals who use social media rarely (M=2.81, SD=1.391), whereas no significance was found for 

this matter when checked on daily social media usage. The more detailed overview of the analysis 

can be found in Appendix D.2. Another variable to further explore the discussion of cryptocurrency 

on social media and the extent it impacts the processes of social influence. In contrast with general 

social media usage a significant influence was found of cryptocurrency on INTERN and IDENT, 

where COMP did not reach significance.  
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Table 29 Overview of Two-Way ANOVA test with Age main as independent variable 

For instance, multiple comparisons using Tukey HSD found that individuals who are frequently 

exposed to cryptocurrency on social media have an increased level of internalization (M=4.30, 

SD=1.733) than someone who is rarely exposed (M=3.03, SD=1.521). A Similar pattern for 

identification is seen for individuals who are exposed usually to cryptocurrency (M=4.69, SD=.965). 

This groups shows a higher level of identification than people who are rarely exposed to 

cryptocurrency (M=2.81, SD=1.393). 

6.2.3. Difference in age  

The two-way ANOVA was calculated to explore the impact of age and engagement in cryptocurrency 

on the individuals’ perception, attitude and behavioural intention (see table 29). The former is divided 

in five different groups (Group 1: 20 or less; Group 2: 21-25; Group 3: 26-30; Group 4: Above 31). 

We found no significant interaction effect between Age and Engagement (Age*Engaged) on the 

dependent variables (Pallant, 2005). This means that (e.g.) the effect of age on ATT is not depending 

on an individual’s engagement in cryptocurrency. Between the different age groups, there was no 

significant difference found for the majority of the dependent variables. Post Hoc tests found that 

only for internalization there was a significantly higher level of internalization with cryptocurrency 

for individuals between 26 and 30 [F(3, 250) = 4.906, p=.003, M=3.604, SD=1.56) than for 

individuals above 31 (M=2.450, SD=1.41). However, this has only a small effect size on explaining 

the variance of internalization. 

 

 

 

 

 

 

 

 

 

(I) Age Groupa Mean Difference (I-J) Std. Error Sig. 

20 or 
less 

21-25 -0,672 0,3339 0,186 

26-30 -0,899 0,3719 0,077 

Above 31 0,255 0,5088 0,959 

21-25 20 or less 0,672 0,3339 0,186 

26-30 -0,226 0,2222 0,738 

Above 31 0,928 0,4123 0,113 

26-30 20 or less 0,899 0,3719 0,077 

21-25 0,226 0,2222 0,738 

Above 31 1,154* 0,4436 0,048 

Above 
31 

20 or less -0,255 0,5088 0,959 

21-25 -0,928 0,4123 0,113 

26-30 -1,154* 0,4436 0,048 
*. The mean difference is significant at the .05 level. 
a.  Post Hoc test – Tukey HSD, multiple comparisons for INTERN (monthly) 

 

 

 

  
Source 

BIa ATTa PUa PEOUa 

Sig. 
Part. Eta 
Squared 

Sig. 
Part. Eta 
Squared 

Sig. 
Part. Eta 
Squared 

Sig. 
Part. Eta 
Squared 

Ageb ** 0,026 0,037     

Age*Engaged 0,494 0,010 0,195 0,019 0,500 0,010 0,559 0,008 

  
Source 

INTERNa IDENTa Compa SMa 

Sig. 
Part. Eta 
Squared 

Sig. 
Part. Eta 
Squared 

Sig. 
Part. Eta 
Squared 

 

Ageb 0,003 0,057     
** 

Age*Engaged 0,143 0,022 0,759 0,005 0,557 0,009 
a. Dependent Variable  

b. independent variable  

** violation of Levene’s Test of Equality of Error Variances (see appendix 5-5)  
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7. Conclusion, Contribution and Future research 

7.1. Conclusion 

Our study attempts to understand the effects of social media usage of an individual on the consumer 

acceptance of digital innovations, placed in the context of cryptocurrency. Over the past year, 

cryptocurrency received a widespread of media coverage, due to price fluctuations caused by 

increased supply and demand. Hereby, one of the aspects that effects this supply and demand is the 

increased word-of-mouth communication on social media, indicating that this aspect of social media 

effects the extent individuals form either negative or positive attitude towards cryptocurrency and 

eventually intend to engage (or not). Thus, we aimed at studying consumer acceptance of 

cryptocurrency, whereas an additional construct (social media influence) was added in order provide 

better understanding in the acceptance of cryptocurrency. This resulted in the following research 

question: 

Research question: What effect does the social networks (e.g. opinions) of an individual have on the 

consumer acceptance of digital innovations (cryptocurrency)? 

Our study builds further upon and confirms findings by Lopez-Nicolas et al. (2008) who suggested 

that social influence is strongly associated with technology acceptance. Since interactions shifted to 

more online interactions, we expected social media as a strong influential factor. Our findings suggest 

that the individuals’ usage of social media affecting our behaviour and attitude through the processes 

of social influence (internalization; identification). Although there was a significant effect, the 

respondents tend to ‘somewhat’ disagree with the extent they perceived influence from social media. 

The most reasonable interpretation is that individuals don’t perceive social media as highly influential 

when evaluating their own behaviour. When further analysing the effect of social media we observe 

that the relevance of the content itself seem more important than actual general exposure to social 

media.  

Subsequently, we applied the TAM in the context of cryptocurrency. Even though the TAM was 

founded decades ago, our study confirms its appliance on novel technologies like cryptocurrency. 

We discovered that perceived usefulness is a significant contributor to an individuals’ attitude 

towards use and intention to engage in cryptocurrency, whereas compliance and perceived ease of 

use did not show a consistent contribution to one’s attitude or intention. When weighing this evidence 

it appears to be likely that cryptocurrency has not yet reached the mainstream market in terms of 

consumer acceptance. Therefore, aspects of influence that include establishment/maintenance of 

relationships (identification) or include pressure (compliance) are not yet involved, since these 

influences depend on solely interactions with others. Surprisingly, a significant effect of 

internalization and perceived usefulness were found on individuals’ attitude and behavioural 

intention. This indicates that, even though cryptocurrency has not yet fully established itself in 

society, the benefits of it are acknowledged and seen. Figure 9 provides a comprehensive overview 

of all (in) significant paths between constructs of the TAM. 
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7.2. Theoretical implications  

Prior to discussing the Technology Acceptance Model in-depth, the antecedent social media and 

psychological attachment will be discussed in order to fully understand the process towards attitude 

formation of cryptocurrency. 

7.2.1.  Social media 

As mentioned earlier, a unique significant contribution was found for all developed hypotheses 

regarding the construct social media influence. This indicates that each of these processes of Kelman 

(internalization; identification; compliance) are directly influenced by social media usage of an 

individual. Our analysis approached this relationship from different angles in order to gain deeper 

insights into the extent that social media is influencing our decision making. We researched the 

perception of individuals towards social media in the context of cryptocurrency. Our findings imply 

that social media is influencing the level of internalization, identification and compliance positively 

for both crypto-traders and non-traders (table 30). Although, both of these group still have the opinion 

that there less influence involved through social media (average mean threshold below 4). This aspect 

of perceived influence correspondents with findings by Zhang and Daugherty (2009) in which they 

acknowledge the overall influence of social media on our behaviour. However, they argue that, as 

suggested by Park and Salmon (2005), when people evaluate the effects of medium (social media) 

they tend to perceive themselves as much more resistant to influence (Zhang & Daugherty, 2009). 

For that reason, we also looked at the frequency of overall social media usage and the extent relevant 

content effects an individual. 

 

 

 

 

Engaged in Cryptocurrency N Maximum Mean 

No 

INTERN 184 6,2 2,92 

IDENT 184 7 2,88 

COMP 184 5,5 2,89 

SM 184 5,80 2,87 

Yes 

INTERN 66 7,0 4,45 

IDENT 66 6 4,15 

COMP 66 6,5 3,76 

SM 66 6,00 3,59 

Table 30 Mean comparison between crypto-traders and non-traders 

.619* 

.607* 

.535* 

INT .407* 

IDE .220* 

INT .213* 

.529* 

Psychological attachment 

Social 

Media 

Perceived Usefulness 

Perceived Ease of Use 

Internalization 

Identification 

Compliance 

Attitude 

toward using 
Behavioural 

intention 

Consumer perception 

.227* 
.154* 

Significant path 

Insignificant path 

Figure 8 Research model with standardized coefficients with significance at .05 
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Our findings found that there was no overall statistical impact of social media frequency of 

individuals on internalization, identification and compliance. This could indicate that the frequency 

of social media exposure seems less important. However, our findings do advocate the importance of 

content. It implies that increased exposure to particular content affects the levels of internalization, 

identification and compliance. While internalization is focused on the individuals’ actual believe in 

the exposed content on social media, identification is more focused on the attractiveness of it (Kapitan 

& Silvera, 2015). These correlations between informational content related to cryptocurrency and 

internalization and attractive content and identification were found, whereas the correlation for 

compliance was missing. 

7.2.2. Technology Acceptance Model 

The results of the analysis show that our (extended) technology acceptance model validates largely 

with the findings of previous literature (Venkatesh & Davis, 2000; Malhotra & Galletta, 1999; 

Malhotra & Galletta, 2005; Holden & Karsch, 2009).  

 

Attitude 

When measuring an individual’s attitude, based on the original TAM model (perceived usefulness 

and perceived ease of use on attitude) in the context of cryptocurrency, we found that individuals 

consider the (perceived) usefulness of cryptocurrency as the strongest determinant of attitude, with a 

significant contribution of (B = .704). PEOU contributes far less on attitude (B = .101). Malhotra & 

Galletta (2005) implied that while the individual’s perceived ease of use towards a system is essential 

for initial adoption, user value the outcome (results) provided by the system more. For the reason that 

an easy-to-use system by itself does not imply that it can help them realize their goals, they want to 

achieve through using the system. Therefore, directly highlighting the indirect effect of PEOU 

through PU on A. However, our findings partially reject the above statement as it is shown that 

perceived ease of use is not a strong determinant of an individual’s attitude to trade in cryptocurrency 

for initial adoption. We argue that the low contribution of PEOU could be explained due to the fact 

that the majority of our sample is not engaged in the cryptocurrency market. We believe, therefore, 

that the individuals who are not engaged have non-existing too limited experience in trading and can, 

thus, not base their attitude on the ease of use of trading in it. As a result, their perception of the 

usefulness in trading in cryptocurrency becomes the predominate foundation of attitude.  

 

When taking the psychological attachments into consideration on attitude, we found contradicting 

evidence with previous research from Malhotra & Galletta (1999). Their findings indicate that 

attitude is negatively influenced by feelings of compliance created through social influences, whereas 

our findings indicate that users’ attitude towards trading in cryptocurrency will not be influenced by 

the desire to receive favourable reactions from others. The reason for the lack of influential factors 

could be a result in the novelty of our topic context. In our scenario, it might be the case that an 

individual’s social network does not discuss or understand cryptocurrency at the level necessary to 

induce social influences towards using it and, therefore, individuals are not feeling obliged to use this 

topic to receive favourable reactions. Perhaps, as cryptocurrency is still not fully established in 

society the opposite social influences are at play, meaning that individuals may feel pressured to 

actually avoid the topic in order to keep status quo (also known as spiral of science) (Noelle-

Neumann, 1974; López-Nicolás, Molina-Castillo, & Bouwman, 2008). However, it may be possible 

that as cryptocurrency popularizes and it begins to hold majority interest that these attitudes through 

compliance will adjust. This possible phenomenon could also explain the significant positive 
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contribution of identification on attitude (B = .318). The findings suggest that popularity of the topic 

cryptocurrency could make alterations to an individual’s attitude towards it. This positive effect 

between identification on attitude is similar to other research, the same counts for internalization 

(Malhotra & Galletta, 2005). 

 

By combining both the effect of PU, PEOU and Kelman’s three psychological attachments on 

attitude, we noticed a shift in the contribution among the constructs. Where a positive influence is 

mainly derived through internalization (B = .407), followed by PU (B = .277) and identification (B 

= .220). This indicates that the attitude is primarily influenced by their personal values/beliefs, 

followed by the usefulness and popularity. The lower contributed effect of perceived usefulness could 

be explained by the fact that individuals might see the intrinsic rewards (satisfaction) derived from 

trading in cryptocurrency as more important than actual extrinsic rewards in terms of money.  

 

While compliance is again not a factor of stimulus on attitude, PEOU is, compared to the original 

TAM, not considered to be an influence on a person’s attitude towards cryptocurrency. This 

observation could be explained by the statement of Davis et al. (1989) who implicated that individuals 

are willing to deal with technology that is not easy to operate, but will allow them to access 

functionality that the individual considers as important. This may perhaps indicate that users who 

consider to trade in cryptocurrency do not take into account ease of use as a factor into account and 

rather focus on the potential benefits it generates.   

Behavioural Intention 

Measuring the effects of each construct, on BI, our findings suggest, in the two scenarios that attitude 

is excluded and included, that only perceived usefulness and internalization have a significant 

contribution in predicting BI. Consistent with prior research (Venkatesh & Davis (2000); Malhotra 

& Galletta (2005); Holden & Karsch (2009), perceived usefulness is considered to be a strong 

determinant on behavioural intention.  

 

Identification only has a significant contribution when the influence of attitude is excluded to predict 

BI. According to research from Malhotra Galletta (1999), it suggests that identification indirectly 

affects an individual’s intention through attitude. Their findings indicate that there is no significant 

relationship between each of the individual psychological attachment constructs and BI, however 

internalization and identification show a significant relationship with attitude. They, therefore, 

concluded that these constructs have an indirect effect, through attitude, on behavioural intention 

(Malhotra & Galletta, 1999). In our situation, the most reasonable interpretation would mean that an 

individual could form a particular attitude towards cryptocurrency that is similar to the opinion of 

others. However, they wouldn’t per se create conscious plans to trade in cryptocurrency to create or 

maintain a self-defining relationship with others. Instead, a positive attitude is formed through the 

opinion of others and could shape a specific intention, which might result to the individual performing 

the behaviour to trade in cryptocurrency. Besides this possible interpretation we still have to take into 

consideration that cryptocurrency has not yet reached mainstream market in terms of consumer 

acceptance. Therefore, aspects of influence that include interactions (identification; compliance) are 

not yet involved when developing an intention to engage into cryptocurrency.  
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Our findings for compliance shows that there is no influence on BI. When reviewing previous 

literature, we found inconsistency in the results of compliance on intention (Venkatesh & Davis, 

2000; Malhotra & Galleta, 1999; Malhotra & Galleta, 2005). While Malhotra & Galleta (1999) found 

no relationship of compliance on BI in a mandatory setting, Venkatesh and Davis (2000) did find a 

connection. To make things more complicated, Venkatesh and Davis (2000) didn’t discover this link 

in a voluntary setting while Malhotra and Galletta (2005) were able to find that compliance 

negatively influences behavioural intention. We believe that the reasoning for our non-existing 

relationship can be a result that cryptocurrency is relatively unknown technology by our samples and, 

therefore, isn’t able to generate any form of social influence through compliance on BI.  

 

As consistent with our defined model, based on our literature review and previous findings (Davis, 

Bagozzi & Warshaw, 1989; Holden & Karsch, 2009), we found evidence that indicates the effect of 

ATT on BI. Similar to the findings of Malhotra and Galletta (2005) attitude is the primary determinant 

of behavioural intention.  

7.3. Practical implications  

Besides the mentioned theoretical implications, this study also has its implications for practitioners 

in terms of marketers for organizations that have the intention to become active or already operating 

on social media. Our study will help them to recognize the effect of external stimuli of social media 

on the opinion-forming (attitude and behavioural intention) towards cryptocurrency, via 

internalization, identification and compliance. Our study found a significant impact of social media 

on the three processes of social influence and impact of these processes (except compliance) on the 

formation of attitudes. Especially internalization proofed to be a strong influential factor on attitude 

and behavioural intention. Kapitan et al. (2015) acknowledge that digital endorsers and influencers 

could enhance brand attitudes through internalization and identification (Kapitan & Silvera, 2015). 

Thus, to increase endorsement effectiveness, organizations should make use of change-agents and 

endorsers to convince users to trade in cryptocurrency. Attitude of individuals can be changed through 

the identification process, as they want to be like the endorsers (aspects of attractiveness) and use the 

products they use (Kapitan & Silvera, 2015). 

 

Businesses can also affect behaviour, through internalization, by using endorses who communicate 

the benefits of trading in cryptocurrency. By doing, its goal is to influence individuals to make them 

internalize the belief that trading in it does provide benefits. In this scenario, individuals are mainly 

internalized by relevance of the message. As a result, they are adopting the message as an idea of 

their own. As individuals want to copy the behaviour of favoured endorsers, organizations should 

communicate the message of their favoured endorses trading in cryptocurrency. This will not only 

influence individuals to copy their activities, but will also stimulate individuals to make them trade 

in the company’s developed cryptocurrency (Kapitan & Silvera, 2015).  

 

Finally our findings indicate a non-existing effect of COMP on ATT, which it is similar to the belief 

of Kapitan et al. (2015). They consider this relation unlikely to occur in real life, since it is believed 

that famous endorses will not punish or reward the behaviour of individuals whether or not they are 

trading in cryptocurrency.  
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7.4. Academic contributions  

While previous studies attempted to understand social influence and its association with the 

Technology Acceptance Model, the decomposition of social influence (and antecedents) was limited. 

The current study contributes in several ways. First, while the majority of scholars in the field of 

technology acceptance study it in a mere system- and mandated-based setting, we confirmed the 

appliance of TAM on a digital innovation such as cryptocurrency.  

 

Second, we added social media as newly construct of the TAM. Recent research investigated the 

impact of social media, word-of-mouth and endorsers on attitude and behaviour (Kapitan & Silvera, 

2015). However, the relation between the latter with technology acceptance was never made. We 

found evidence that supports social media as a new construct and antecedent of psychological 

attachment of the extended TAM by Malhotra et al. (1999; 2005). We observed a strong relationship 

between social media usage and the three processes of social influence by Kelman by asking validated 

perception-based questions. This study should not be seen as comprehensive, covering all aspects of 

the effect of social media on the consumer acceptance of digital innovations, but rather preliminary 

where future theoretical implications can be built upon. 

 

Lastly, we provide academic contribution by researching the consumer acceptance of 

cryptocurrency. Over the past years, cryptocurrency emerged further in society. Despite this, no 

research in academic setting regarding consumer acceptance of cryptocurrency was conducted. With 

this paper, we provided a first glance in this consumer acceptance and how social media effects this. 

Nevertheless, future research is needed to further understand this novel topic.  

7.5. Limitations and future research 

As shown in the prior section, this study provides a theoretical validation of the social media construct 

for technology acceptance in the context of cryptocurrency. While researching, several limitations 

were observed in different phases of our research. This section addresses these limitations with 

practical implications for future research. 

 

First, the novelty of cryptocurrency. The past year cryptocurrency received a lot of attention on 

(social) media. We expected that the consumer acceptance of cryptocurrency was further developed. 

However, while researching, we experienced a bias in terms of the way respondents perceived the 

topic cryptocurrency. Although we explained the topic thoroughly in the questionnaire, we observed 

that there was a lack of knowledge, interest and affinity with the topic. This could indicate that 

cryptocurrency did not reach the mainstream market in terms of acceptance. Therefore we suggest 

that future research should relate to replicating the direction of this study in a further stage of 

consumer acceptance of cryptocurrency in order to understand the extent social media is influencing 

consumer acceptance of cryptocurrency. By doing this in a later stage the prior mentioned bias in 

terms of limited knowledge/interest by respondents will be avoided.  
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Second, the research was limited to initial consumer acceptance of cryptocurrency. This study was 

restricted to the consumer acceptance of cryptocurrency, including the formation of attitudes towards 

and intention to engage in cryptocurrency. As beliefs, attitudes and intentions are not static, future 

research is needed to determine whether actual usage affects the presence of social media as an 

antecedent of psychological attachment. We suggest a mere longitudinal research including attitude 

formation, initial and extended usage to provide insights in the way social media affects acceptance 

over a period of time.  

 

Third, in-depth consideration between structural equation modelling and multiple regression 

analysis. Structural Equation Modelling (SEM) gives the opportunity to research the direct as well as 

the indirect effects on latent and observed variables and how these are interrelated (Hayduk et al. 

2007; Kline, 2016, p. 10). Although we acknowledge its potential, we were not able to use this type 

of analysis due to limited resources in terms of time and resources. Although structural equation 

modelling is rising in the field of technology acceptance, the majority of scholars still makes use of 

regression analysis (Davis, 1986; Davis, 1989; Davis, Bagozzi, & Warshaw, 1989; Malhotra & 

Galletta, 1999; Malholtra & Galletta, 2005). Usage of structural equation modelling could provide 

better insides in the (in)direct effect of social media, attitude and behavioural intention. In this study, 

the relationship between social influence and PU and PEOU is unexplored for the reason that we 

suspected a possible error in terms of a mix of direct and indirect effects that blurred the regression 

results. The SEM has the potential to explore these kind of direct and indirect effects.   

 

Fourth, the sample in terms of ratio crypto-traders and non-traders. This study limited to the overall 

consumer acceptance of cryptocurrency and the effect of social media on this. Here, less focus was 

on the actual differences between attitude and intention of crypto-traders and non-traders (ratio -

4:10). As such, future research is needed to create further understanding of the effects of social media 

on the consumer acceptance of crypto-traders versus non-traders.  

 

Fifth, further validation of the social media construct in the context of TAM. Malhotra and Galletta 

(2009) suggest that when a new construct is defined and created, further validation is needed. We 

based the measures of our new construct on a publication by López-Nicolás et al. (2007) who 

hypothesized media influence and social influence (López-Nicolás, Molina-Castillo, & Bouwman, 

2008). However, while researching we observed that individuals perceive themselves as resistant to 

social media influence, which caused an error. Consequently, we ran beside the perception-based 

questions additional questions related to content and frequency of social media usage, whereas the 

content questions remained limited.  

 

We believe that this only grasps the relationship between constructs of social media influence and 

social influence, where the relationship between social media influence and PU and PEOU was 

missing. This relates to the lack of distinction between content-related questions, which limited us in 

drawing in-depth relationships with PU and PEOU.  

 

Therefore, it is suggested that future research should be approached from both quantitative and 

qualitative. As mentioned, quantitative research could help to further validate social media as an 

antecedent of the TAM. Qualitative research, on the other hand, could provide the opportunity to gain 

in-depth insights in the extent specific components of social media (e.g. detailed distinguished 

content) are influencing an individual perceived usefulness and perceived ease of use, which is at the 

moment unexplored (Easterby-Smith, Thorpe, & Jackson, 2015).  



 

 

 

59 

8. Bibliography 

 

Abdullah, F., & Ward, R. (2016). Developing a General Extended Technology Acceptance Model 

for E-Learning (GETAMEL) by analysing commonly used external factors. Computers in 

Human Behavior 56, 56, 238-256. 

Ajzen, I. (2005). Attitude, Personality and Behavior (Vol. Second edition). New York: Open 

University Press. 

Akerhof, G. A., & Shiller, R. J. (2009). Animal spirits : how human psychology drives the economy, 

and why it matters for global capitalism. Princeton: Princeton University Press. 

Atkin, D. J., Hunt, D. S., & Lin, C. A. (2015). Diffusion Theory in the New Media Environment: 

Toward an Integrated Technology Adoption Model. Mass Communication and Society, 18, 

623-650. 

Belleau, B. D., Summers, T. A., Xu, Y., & Pinel, R. (2007). Theory of Reasoned Action - Purchase 

Intention of Young Consumers. Clothing & Textiles Research Journal, 14. 

Bhattacherjee, A. (2000). Acceptance of E-Commerce Services: The Case of Electronic Brokerages. 

IEEE Transactions on Systems, Man, and Cybernetics, 30(4), 411-420. 

Blockchain Capital. (2017). Blockchain Capital Bitcoin Survey Fall 2017. San Francisco: Blockchain 

Capital. 

Bloomberg. (2018). Website of Bloomberg. Retrieved from Bitcoin Bulls and Bears: Who is hot, and 

who is not on crypto?: https://www.bloomberg.com/features/bitcoin-bulls-bears/ 

Blunch, N. J. (2008). Introduction to Structural Equation Modelling Using SPSS and AMOS. London: 

SAGE Publications. 

Bouoiyour, J., & Selmi, R. (2015). What does Bitcoin look like? Analysis of Economics and Finance, 

449-492. 

Boyd, D. M., & Ellison, N. B. (2008). Social Network Sites: Definition, History, and Scholarship. 

Journal of Computer-Mediated Communication, 13, 210-230. 

Burns, R. B., & Burns, R. A. (2008). Business Research Methods and Statistics Using SPSS. London: 

Sage Publication. 

Clarivate Analytics. (2018, May 18). Web of Science - Technology Acceptance Model. Retrieved from 

Web of Science [v.5.29]: 

http://apps.webofknowledge.com.proxy.library.ju.se/RAMore.do?product=WOS&search_

mode=GeneralSearch&SID=D6kjJAJyiOGyHlO1uR7&qid=1&ra_mode=more&ra_name=

DocumentType&colName=WOS&viewType=raMore 



 

 

 

60 

CNBC. (2017, 12 20). Celebrities who have Endorsed or Invested in Cryptocurrency. Retrieved from 

CNBC: https://www.cnbc.com/2017/12/20/celebrities-who-have-endorsed-or-invested-in-

cryptocurrency.html 

Cohen, J. (1988). Statistical Power Analysis for the Behavioural Sciences (Second Edition ed.). 

Lawrence Erlbaum Associates. 

Crosby, M., Nachiappan, Pattanayak, P., Verma, S., & Kalyanaraman, V. (2015). Blockchain 

Technology: Beyond Bitcoin. Sutardja Center for Entrepreneurship & Technology. 

Davis, F. D. (1986). A Technology Acceptance Model for Empirically Testing New End- User 

Information Systems: Theory and Results. Cambridge: MIT Sloan School of Management. 

Davis, F. D. (1989). Perceived Usefulness, Perceived Ease of Use and User Acceptance of 

Information Technology. MIS Quarterly, 13(3), 319-340. 

Davis, F. D., Bagozzi, R. P., & Warshaw, P. R. (1989). User Acceptance of Computer Technology: 

A Comparison of Two Theoretical Models. Management Science, 22. 

DBS Group Research. (2016). Understanding Blockchain Technology and What is Means for your 

Business.  

De Vaus, D. (2002). Surveys in social research. London: Routledge. 

Diamantopoulous, A., Sarstedt, M., Fuchs, C., Wilczynski, P., & Kaiser, S. (2012). Guidelines for 

choosing between multi-item and single-item scales for construct measurement: a predictive 

validity perspective. Journal of Academy Marketing Science, 40, 434-449. 

Easterby-Smith, M., Thorpe, R., & Jackson, P. R. (2015). Management & Business Research. Sage. 

Etikan, I., Musa, S. A., & Alkassim, R. S. (2016). Comparison of Convenience Sampling and 

Purposive Sampling. American Journal of Theoretical and Applied Statistics, 1-4. 

Fathema, N. (2013). Structural Equation Modeling (SEM) of an Extended Technology Acceptance 

Model (TAM) to Report Web Technology Adoption Behavior in Higher Education 

Institutions. Auburn University. 

Fishbein, M., & Ajzen, I. (1974). Attitude towards objects as predictors of single and multiple 

behavioral criteria. 81, 59-74. 

Fishbein, M., & Ajzen, I. (1975). Beliefs, Attitude, Intention and Behavior: an introduction to Theory 

and Research. Reading. 

French, J. R., & Raven, B. (1959). The Basis of Social Power. In D. Cartwright, Studies in Social 

Power (pp. 150-167). Ann Harbor: Institute for Social Research. 

Garcia, D., Tessone, C. J., Mavrodiev, P., & Perony, N. (2014). The digital traces of bubbles: 

feedback cycles between socio-economic signals in the Bitcoin economy. Journal of Royal 

Society Interface. 

Gatignon, H., & Robertson, T. S. (1985). A Propositional Inventory for New Diffusion Research. 

Journal of Consumer Research, 11, 849-867. 



 

 

 

61 

Ghasemi, A., & Zahediasl, S. (2012). Normality Tests for Statistical Analysis: A Guide for Non-

Statisticians. International Journal for Endocrinology Metabolism, 486-489. 

Godin, B. (2006). The Linear Model of Innovation: The Historical Construction of an Analytical 

Framework. Science, Technology, & Human Values, 31(6), 639-667. 

Gravetter, F., & Wallnau, L. (2013). Statistics for the Behavioural Sciences (Vol. 9th Edition). 

Belmont: Wadsworth. 

Guba, E. G. (1990). The Paradigm Dialog. University of Indiana: Sage Publications. 

Ha, S., & Stoel, L. (2009). Consumer e-shopping acceptance: Antecdents in a technology acceptance 

model. Journal of Business Research, 62, 575-571. 

Hair, J. F., Black, W. C., Babin, B. J., & Anderson, R. E. (2013). Multivariate Data Analysis (Seventh 

Edition ed.). Pearson Education. 

Hayduk, L., Cummings, G., Boadu , K., Pazderka-Robinson, H., & Shelley Boulianne. (2007). 

Testing! testing! one, two, three – Testing the theory in structural equation models! 

Personality and Individual Differences, 42, 841-850. 

Hileman, G., & Rauchs, M. (2017). Global Cryptocurrency Benchmarking Study. Cambridge Centre 

for Alternative Finance. Cambridge: University of Cambridge. 

Holden, R. J., & Karsh, B.-T. (2009, July 15). The Technology Acceptance Model: Its past and its 

future in health care. Journal of Biomedical Informatics, 43, 159-172. 

Hox, J., & Bechger, T. (2007). An introduction to Structural Equation Modeling. Family Science 

Review, 11, 364-373. 

Hu, H., & Zhu, J. J. (2017). Social networks, mass media and public opinions. Journal of Economic 

Interaction and Coordination, 12, 393-411. 

Ito, J., Narula, N., & Ali, R. (2017, 03 09). The Blockchain Will Do to the Financial System What the 

Internet Did to Media. Retrieved from Harvard Business Review: 

https://hbr.org/2017/03/the-blockchain-will-do-to-banks-and-law-firms-what-the-internet-

did-to-media 

Kapitan, S., & Silvera, D. H. (2015). From digital media influencers to celebrity endorsers: 

attributions drive endorser effectiveness. Marketing Letters: A Journal of Research in 

Marketing, 553-567. 

Kelman, H. C. (1958). Compliance, Identification, and Internalization: Three Processes of Attitude 

Change. Journal of Conflict Resolution, 2(1), 51-60. 

Kharif, O. (2017, 11 10). All You Need to Know About Bitcoin’s Rise, From $0.01 to $15,000. 

Retrieved from Bloomberg: https://www.bloomberg.com/news/articles/2017-12-

01/understanding-bitcoin-s-rise-0-01-to-11-000-quicktake-q-a 

Kharif, O., & Leising, M. (2017, 12 12). Bitcoin and Blockchain. 



 

 

 

62 

Kim, M.-S., & Hunter, J. E. (1993). Relationships among Attitudes, Behavioural Intentions, and 

Behaviour - A Meta-analysis of Past Research, Part 2 (Vol. 20). Communication Research. 

Kline, R. B. (2016). Principles and Practise of Structural Equation Modeling (Vol. Fourth Edition). 

London: The Guilford Press. 

Kuhn, T. S. (1962). The Structure of Scientific Revolutions. International Encyclopedia of Unified 

Science. 

Kwak, D. H., & McDaniel, S. R. (2011). Using an extended Technology Acceptance Model in 

exploring antecedents to adopting fantasy sports league websites. International Journal of 

Sports Marketing & Sponsorship, 43-57. 

Laukkanen, T. (2016). Consumer adoption versus rejection decisions in seemingly similar service 

innovations: The case of the Internet and mobile banking. Journal of Business Research, 69, 

2432–2439. 

Lee, Y., Kozar, K. A., & Larsen, K. R. (2003, December 29). The Technology Acceptance Model: 

Past, Present and Future. Communications of the Association for Information Systems, 12(1), 

32. 

Leet-Pellegrini, H., & Rubin, J. Z. (1974). The effects of six bases of power upon compiance, 

identification, and internalization. Bulletin of Psychonomic Society, 3. 

Lewis, W., Agarwal, R., & Sambamurthy, V. (2003). Sources of Influence on Beliefs about 

Information Technology Use: An Empirical Study of Knowledge Workers. MIS Quaterly, 

27(4), 657-678. 

Li, M., Wang, X., Gao, K., & Zhang, S. (2017). A Survey on Information Diffusion in Online Social 

Networks: Models and Methods. Information, 8(118). 

López-Nicolás, C., Molina-Castillo, F. J., & Bouwman, H. (2008). An assessment of advanced 

mobile services acceptance: Contributions from TAM and diffusion theory models. 

Information & Management, 45, 359-364. 

Malholtra, Y., & Galletta, D. (2005). A Multidimensional Commitment Model of Volitional Systems 

Adoption and Usage Behavior. Journal of Management Information Systems, 22(1), 117-

151. 

Malhotra, Y., & Galletta, D. (2005). A Multidimensional Commitment Model of Volitional Systems 

Adoption and Usage Behavior. Journal of Management Information Systems, 22(1), 117-

151. 

Malhotra, Y., & Galletta, D. F. (1999). Extending the Technology Acceptance Model to Account for 

Social Influence: Theoretical Bases and Empirical Validation. Proceedings of the 32nd 

Hawaii International Conference on System Sciences. Hawaii. 



 

 

 

63 

Mason, W. A., Conrey, F. R., & Smith, E. R. (2007, August 3). Situating Social Influence Processes: 

Dynamic Multidrectional Flows of Influence Within Social Networks. Personality and 

Social Psychology, 11(3), 279-300. 

McPherson, M., Smith-Lovin, L., & Cook, J. M. (2001). Birds of a Feather: Homophily in Social 

Networks. Annual Review of Sociology, 27, 415-444. 

Mieczakowski, A., Goldhaber, T., & Clarks, J. (2011). Culture, Communication and Change: 

Summary of an investigation of the use and impact of modern media and technology in our 

lives. University of Cambridge. 

Morabito, V. (2017). Business Innovation Through Blockchain: The B3 Perspective. Milan: Springer. 

Nakamoto, S. (2008). Bitcoin: A Peer-to-Peer Electronic Cash System.  

Nielsen. (2013). Global Trust in Advertising and Brand Messages. Nielsen. 

Noelle-Neumann, E. (1974). The Spiral of Silence, A theory of Public Opinion. Journal of 

Communication, 2, 43-51. 

Pallant, J. F. (2005). SPSS Survival Manual: a step by step guide to data analysis using SPSS. Sydney: 

Allen & Unwin. 

Park, S. Y. (2009). An Analysis of the Technology Acceptance Model in Understanding University 

Students’ Behavioral Intention to Use e-Learning. Educational Technology & Society, 12(3), 

150-162. 

Pew Research Center. (2011). Why Americans use Social Media.  

Pew Research Center. (2014). Social Media and the 'Spiral of Silence'.  

Pew Research Center. (2015). Social Media Usage: 2005-2015.  

Pew Research Center. (2018). Social Media Fact Sheet.  

Popov, S. (2017). Whitepaper: IOTA - The Tangle. 

Przybylski, A. K., & Weinstein, N. (2012). Can you connect with me now? How the presence of 

mobile communication technology influences face-to-face conversation quality. Journal of 

Social and Personal Relationships, 30(3), 237-246. 

Quattrociocchi, W., Caldarelli, G., & Scala, A. (2014). Opinion dynamics on interacting networks: 

media competition and social influence. Scientific Reports, 4. 

Quattrociocchi, W., Conte, R., & Lodi, E. (2011). Opinions within Media, Power and Gossip. 

Advances in Complex Systems, 14(4). 

Reyburn, S. (2018, 01 13). Will Cryptocurrencies Be the Art Market’s Next Big Thing? Retrieved 

from New York Times: www.nytimes.com/2018/01/13/arts/cryptocurrency-art-market.html 

Rogers, E. M. (2003). Diffusion of Innovations (Vol. 5th edition). New York: Free Press. 

Rogers, E. M., & Shoemaker, F. F. (1971). Communication of Innovations - A Cross-cultural 

Approach. New York City: The Free Press. 



 

 

 

64 

Saunders, M., Lewis, P., & Thornhill, A. (2007). Research Methods for Business Students. Pearson 

Education. 

Schumacher, R. E., & Lomax, R. G. (2010). A Beginner's Guid to Structural Equation Modeling 

(Vol. Third Edition). Routledge. 

Setia, M. S. (2016). Methodology Series Module 3: Cross-sectional Studies. Indian Journal of 

Dermatology, 61(3), 261-264. 

Sîrbu, A., Loreto, V., Servedio, V. D., & Tria, F. (2016). Opinion dynamics: models, extensions and 

external effects. Participatory Sensing, Opinions and Collective Awareness. 

Śledzik, K. (2013). Schumpeter’s View on Innovation and Entrepreneurship. Management Trends in 

Theory and Practice. 

Straub, E. T. (2009). Understanding Technology Adoption: Theory and Future Directions for 

Informal Learning. Review of Educational Research, 79(2), 625-649. 

Talke, K., & Heidenreich , S. (2014). How to Overcome Pro-Change Bias: Incorporating Passive and 

Active Innovation Resistance in Innovation Decision Models. Journal of Product Innovation 

Management, 31(5), 894-907. 

Tapscott, D., & Tapscott, A. (2017). How Blockchain will change organizations. MIT Sloan 

Management Review, 58(02). 

Teddlie, C., & Yu, F. (2007). Mixed Methods Sampling: A Typology with Examples. Journal of 

Mixed Methods Research, 77-100. 

The Guardian. (2017, 12 02). Bitcoin: Is it a Bubble waiting to burst or a good investment. Retrieved 

from The Guardian: https://www.theguardian.com/business/2017/dec/02/bitcoin-is-it-a-

bubble-waiting-to-burst-or-a-good-investment 

Triandis, H. (1977). Interpersonal Behavior. Monterrey. 

Vaske, J. J., Beaman, J., & Sponarski, C. C. (2017). Rethinking Internal Consistency in Cronbach's 

Alpha. Leisure Science: an Interdisciplinary Journal, 163-173. 

Venkatesh, V., & Bala, H. (2008, May). Technology Acceptance Model 3 and a Research Agenda on 

interventions. Decision Sciences, 39(2), 44. 

Venkatesh, V., & Davis, F. D. (2000). Theoretical Extension of the Technology Acceptance Model - 

Four longitudinal field studies. Management Science, 46(2), 186-204. 

Venkatesh, V., Morris, M. G., Davis, F. D., & Davis, G. D. (2003, September). User Acceptance of 

Information Technolgoy: Toward a Unified View. MIS Quarterly, 27(3), 425-478. 

World Coin Index. (2018, 05 16). World Coin Index. Retrieved from 

https://www.worldcoinindex.com/. 

Yang, C., & Chang, Y.-S. (2013). Why do we blog? From the perspectives of technology acceptance 

and media choice factors. Behaviour & Information Technology, 43(3), 371-386. 



 

 

 

65 

Youl Park, S., Nam, M.-W., & Cha, S.-B. (2012). University students’ behavioral intention to use 

mobile learning: Evaluating the technology acceptance model. British Journal of 

Educational Technology, 43(4), 592-605. 

Zhang, J., & Daugherty, T. (2009). Third-Person Effect and Social Networking: Implications for 

Online Marketing and Word-of-Mouth Communication. American Journal of Business, 53-

64. 

 

 

 

  



 

 

 

66 

Appendix A: Literature Review 

A.1 Model overview 

A.1.1 Theory of Reasoned Action (Fishbein & Ajzen, 1975) 

 

 

 

 

 

 

 

 

 

 

 

A.1.2 Technology Acceptance Model (Davis, 1986) 

 

 

 

 

 

 

 

 

 

 

 

 

A.1.3 Extended Technology Acceptance Model (Malhotra & Galletta, 1999) 
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Zvalue is the confidence level (1.96 for 

95% confidence level; P is the 

distribution of expected outcome (e.g. 

0.5); C is the margin error (e.g. 0.5) 

Appendix B: Methodology 

B.1 Protocol driven search (Phase 1) 
 

Operator Keyword Operator Keyword Results 

Technology 
Acceptance Model 

AND Social Influence   325 

AND Social Influence AND Media 33 

AND Social Influence AND Social Media 15 

AND Social Influence AND Subjective norm 26 

AND Influence AND Subjective norm 113 

AND Influenced AND Media 120 

AND Media   447 

AND Social Media   149 

Consumer acceptance 

AND Social Influence AND Media 0 

AND Influence AND Media 31 

AND Influence AND Social Media 3 

AND Influence AND Subjective norm 13 

AND Influence   591 

AND Media   102 

 

B.2 Formula Sample Size 

 

 

  

Sample Size (SS)
Zvalue2 ∗ (𝑃) ∗ (1 − 𝑃)

𝐶2
 True Sample

Sample Size

1 + (
𝑆𝑆 − 1

𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛
)
 

Formula of Sample size calculation (De Vaus, 2002) 
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B.3 Visual of regressions between variables  

 

 

 

 

 

 

 

 

 

 

 

 

B.4 Questionnaire – pilot test 

Objective of the study 

For our master thesis at Jönköping University, we would like to request your participation in our 

questionnaire pilot to evaluate the interpretation of respondents to the questions based on a set of 

criteria. The goal is to improve and finalize our survey before we send it to our survey sample. We 

want to eliminate the possibility that questions or errors derive during our data gathering process, 

therefore we appreciate your time and effort to provide feedback to help us fine tune our survey.  
   

The main criteria we would you to focus on are: 

- Do you understand the question? 

- Can the question be shortened? 

- Is the question double-barrelled? 

- Is the question leading? 

- Does the respondent have the necessary knowledge to answer the question? 

- Does the question artificially create opinion? 

- Is the question ambiguous? 

- Is the frame of reference for the question sufficiently clear? 

- Do you believe that the questions capture the supposed theory we are trying to measure? 

- Do you believe that the question is measuring the same constructs as compared to previous 

studies? 

- Are all items necessary (redundancy)? 

- Do agree with the scale items scale? 

- Does the questionnaire as a whole flow well? 

- What do you think of the total duration of the questionnaire? 

 

Aside from the above-mentioned criteria, feel free to suggest other points of improvement.   

Social Media 

Independent variable Dependent variable 

Psychological 

Attachment 

Independent variable Dependent variable 

Psychological 

Attachment 

Consumer 

perception 

Attitude toward 

using 

Consumer 

perception 

Psychological 

Attachment 

Behavioral 

intention 

Independent variable Dependent variable Independent variable Dependent variable 

Attitude 

toward using 

Behavioral 

intention 

Behavioral 

intention 

Psychological 

Attachment 

Attitude  

Control variable 

Consumer 

perception 
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B.5 Questionnaire – Consumer Acceptance of Cryptocurrency 

 

Objective of the study 
As part of our master thesis at Jönköping University, we are conducting a survey that will enable us 

to determine the effects of social media on consumer acceptance towards digital innovation (in the 

context of cryptocurrency). We are currently in the stage of gathering primary sources, with a target 

goal to collect 400 survey samples from Millennials through Facebook, through which we will gather 

perception-based data. 

 

Method of the study 
This survey is an online questionnaire consisting of [#] scale questions. Each question is designed 

to measure your opinion or belief through selecting a single answer choice on a spectrum that best 

reflects your own sentiment. This one time only survey is estimated to take a maximum of 7 

minutes, available between April 1st and April 14th.  

 

Disclaimer 
By submitting this form, you will: 1) acknowledge that you have read the consent form, 2) agree to 

participate in this study, and 3) declare that you have filled out each question in complete honesty.  

 

Please note that this survey is voluntary, you have the right to decline to answer a question or set of 

questions, and you are able to discontinue the participation of the study at any point in time. The 

survey is completely anonymous, and your privacy will be safeguarded as we will not ask for your 

name, email, or contact information. Please note, the raw data will be saved for future reference in 

research and will only be accessible to us and faculty members of the university. 

 

Thank you, 

 

Nick Rodenrijs & Jord Wokke 

 

 

Background (Terminology) 
In the case that you are unfamiliar with the term blockchain and cryptocurrency, this section provides 

a short explanation of each term. If you do have an understanding of these concepts you can move to 

the next section. 

 

Blockchain: The Blockchain technology represents a global database of records of all transaction 

and or digital events without a single owner or controller of the data. This global database of records 

of all transactions generates the implementation of the concept cryptocurrency.  

 
Cryptocurrency: Bitcoin (an example of a cryptocurrency) is driving the adoption of the underlying 

blockchain technology. Bitcoin was introduced to decentralize financial institutions, by eliminating 

financial institutions to act as a third party to process transactions. While these systems work for most 

transactions, it still suffers from problems due to fraud and high transaction costs. Therefore, bitcoin 

was introduced as a system that was able to allow transactions between two parties without the need 

for a trusted third party. This network is maintained by so-called ‘miners, whose computers execute 

calculations validating each transaction. For these mining activities, the miners receive as a reward a 

proportion of the new bitcoin.  
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Page 4 

 

General information 

 

 Age: Age  

 

Gender:  

o Male 

o Female  

 

Nationality: Nationality 

 

Are you engaged (e.g. analysing and trading) in cryptocurrency? 

o Yes 

o No 

 

Please select 3 dimensions of values that you believe is most related to the concept of "trading 

in cryptocurrency" 

□ Adventurousness 

□ Belonging 

□ Challenge 

□ Competitiveness 

□ Curiosity 

□ Enthusiasm 

□ Excitement 

□ Fun 

□ Joy 

□ Practicality 

□ Results-oriented 

□ Simplicity 

□ Usefulness 

□ Other ______________________________ 

 

 

Social Media 

 

How often do you spend monthly on social media? 

o Rarely (10%) 

o Occasionally (30%) 

o Sometimes (50%) 

o Frequently (70%) 

o Usually (90%) 

o Every Day 

 

How much time do you spend daily on social media? 

o Rarely (10%) 

o Occasionally (30%) 

o Sometimes (50%) 

o Frequently (70%) 

o Usually (90%) 

o All the time 
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1 - Strongly Disagree; 2 – Disagree; 3 – Somewhat disagree; 4 – Neutral; 5 – Somewhat agree; 6 – Agree; 7 – Strongly agree 

How often did social media on your news feed discuss cryptocurrency in the last month? 

o Rarely (10%) 

o Occasionally (30%) 

o Sometimes (50%) 

o Frequently (70%) 

o Usually (90%) 

o Every Day 

 

 

Cryptocurrency 

     
 1 2 3 4 5 6 7 

CR1 
I (would) use social media to gather new information (trends, 

tips, tutorials, etc.) about cryptocurrency 
○ ○ ○ ○ ○ ○ ○ 

CR2 
I (would) use social media for entertainment purposes 

(success/failure stories) regarding cryptocurrency 
○ ○ ○ ○ ○ ○ ○ 

 

 

Social Media Influence 

 
 1 2 3 4 5 6 7 

SM1 
Social media makes me believe that I would want to trade in 

cryptocurrency because I agree with the values I associate with 

it 

○ ○ ○ ○ ○ ○ ○ 

SM2 
Social media (can) positively change(d) my opinion about 

trading in cryptocurrency 
○ ○ ○ ○ ○ ○ ○ 

SM3 
My opinion is susceptible to friends/others beliefs expressed on 

social media 
○ ○ ○ ○ ○ ○ ○ 

SM4 
Social media convinces me that trading in cryptocurrency is 

something be proud of 
○ ○ ○ ○ ○ ○ ○ 

SM5 Social media pressures me to trade in cryptocurrency ○ ○ ○ ○ ○ ○ ○ 

 
Perceived Usefulness 

     
 1 2 3 4 5 6 7 

PU1 
(I believe that) Trading in cryptocurrency enables me to 

accomplish my financial goals more quickly 
○ ○ ○ ○ ○ ○ ○ 

PU2 
(I believe that) Trading in cryptocurrency improves my 

financial situation 
○ ○ ○ ○ ○ ○ ○ 

PU3 
(I believe that) Trading in cryptocurrency makes it easier to 

improve my financial situation 
○ ○ ○ ○ ○ ○ ○ 

PU4 
(I believe that) Trading in cryptocurrency increases my chances 

to receive financial rewards 
○ ○ ○ ○ ○ ○ ○ 

PU5 
(I believe that) Trading in cryptocurrency would be useful in 

my life 
○ ○ ○ ○ ○ ○ ○ 
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1 - Strongly Disagree; 2 – Disagree; 3 – Somewhat disagree; 4 – Neutral; 5 – Somewhat agree; 6 – Agree; 7 – Strongly agree 

 

 
Perceived Ease of Use 

     
 1 2 3 4 5 6 7 

PEOU1 (I believe that) It is easy to learn to trade in cryptocurrency ○ ○ ○ ○ ○ ○ ○ 

PEOU2 
(I believe that) It is easy for me to become skilful at trading 

in cryptocurrency 
○ ○ ○ ○ ○ ○ ○ 

PEOU3 (I believe that) It is easy to trade in cryptocurrency ○ ○ ○ ○ ○ ○ ○ 

PEOU4 
(I believe that) Trading in cryptocurrency is clear and 

understandable 
○ ○ ○ ○ ○ ○ ○ 

PEOU5 
(I believe that) Trading in cryptocurrency would be 

effortless in terms of experience, use, etc. 
○ ○ ○ ○ ○ ○ ○ 

 
Compliance 

     
 1 2 3 4 5 6 7 

COMP1 
I would put in extra effort to trade in cryptocurrency, if I am 

rewarded for using it 
○ ○ ○ ○ ○ ○ ○ 

COMP2 I feel social pressure to trade in cryptocurrency ○ ○ ○ ○ ○ ○ ○ 

COMP3 
My personal views on cryptocurrency differ from those I 

express on social media 
○ ○ ○ ○ ○ ○ ○ 

COMP4 
I (would) trade in cryptocurrency if I believe it is socially 

expected of me 
○ ○ ○ ○ ○ ○ ○ 

 
Internalization 

 
 1 2 3 4 5 6 7 

INTERN1 
I (would) trade in cryptocurrency because it reflects my 

personal values 
○ ○ ○ ○ ○ ○ ○ 

INTERN2 
I (would) trade in cryptocurrency to support blockchain 

technology 
○ ○ ○ ○ ○ ○ ○ 

INTERN3 
I (would) like to trade in cryptocurrency because I agree 

with the values I associate with cryptocurrency 
○ ○ ○ ○ ○ ○ ○ 

INTERN4 
I (would) trade in cryptocurrency because blockchain 

technology interests me 
○ ○ ○ ○ ○ ○ ○ 

INTERN5 I would be/am proud to trade in cryptocurrency ○ ○ ○ ○ ○ ○ ○ 

 
Identification 

 
 1 2 3 4 5 6 7 

INTERN1 
I (would) praise trading in cryptocurrency as having use 

to friend(s)/peer(s) 
○ ○ ○ ○ ○ ○ ○ 

INTERN2 
I (would) trade in cryptocurrency since all my 

friend(s)/peer(s) is/are trading in it 
○ ○ ○ ○ ○ ○ ○ 

INTERN3 
I (would) trade in cryptocurrency, because the people I 

look up to are trading in it 
○ ○ ○ ○ ○ ○ ○ 

INTERN4 I (would) trade in cryptocurrency because it is popular ○ ○ ○ ○ ○ ○ ○ 

INTERN5 
I talk about trading in cryptocurrency to my friends as it 

provides great utility/opportunity (for me/the group) 
○ ○ ○ ○ ○ ○ ○ 
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1 - Strongly Disagree; 2 – Disagree; 3 – Somewhat disagree; 4 – Neutral; 5 – Somewhat agree; 6 – Agree; 7 – Strongly agree 

Attitude 

 
 1 2 3 4 5 6 7 

ATT1 I (would) like to trade in cryptocurrency ○ ○ ○ ○ ○ ○ ○ 

ATT2 I think trading in cryptocurrency is a good idea ○ ○ ○ ○ ○ ○ ○ 

ATT3 I am positive towards trading in cryptocurrency ○ ○ ○ ○ ○ ○ ○ 

ATT4 Trading in cryptocurrency is appealing ○ ○ ○ ○ ○ ○ ○ 

 

 
Behavioural Intention 

 
 1 2 3 4 5 6 7 

BI1 
Given that I am able to trade in cryptocurrency, I think that 

I will trade in it 
○ ○ ○ ○ ○ ○ ○ 

BI2 
Assuming I will start to invest, I intend to trade in 

cryptocurrency 
○ ○ ○ ○ ○ ○ ○ 

BI3 I plan to trade in cryptocurrency ○ ○ ○ ○ ○ ○ ○ 
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Appendix C: Empirical Findings 

C.1 Demographic statistics  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

N Minimum Maximum Mean Std. Deviation Skewness Kurtosis 

     Statistic Std. Error Statistic Std. Error 

Age 250 18 37 24,49 3,258 1,313 ,154 3,109 ,307 

 Frequency Percent 

Male 139 55,6 

Female 111 44,4 

Gender 250 100,0 

Nationality Frequency Percent    Frequency Percent 

Dutch 50 20,0  Iranian 2 0,8 

German 38 15,2  Mexican 2 0,8 

Swedish 32 12,8  Norwegian 2 0,8 

American 28 11,2  Pakistani 2 0,8 

British 16 6,4  Swiss 2 0,8 

Italian 10 4,0  Austrian 1 0,4 

Finnish 8 3,2  Azerbaijani 1 0,4 

Spanish 6 2,4  Bahraini 1 0,4 

Chinese 4 1,6  Canadian 1 0,4 

French 4 1,6  Chilean 1 0,4 

Romanian 4 1,6  Croatian 1 0,4 

Russian 4 1,6  Ethiopian 1 0,4 

Belgium 3 1,2  Greek 1 0,4 

Lithuanian 3 1,2  Irish 1 0,4 

Vietnamese 3 1,2  Italian 1 0,4 

Australian 2 0,8  Latvian 1 0,4 

Bulgarian 2 0,8  Mauritian 1 0,4 

Czech 2 0,8  Polish 1 0,4 

Danish 2 0,8  Portuguese 1 0,4 

Filipino 2 0,8  Slovenian 1 0,4 

Indian 2 0,8     



 

 

 

75 

C.2 Social media, cryptocurrency and influence statistics  

 

C.3 Technology Acceptance Model 

Perceived Usefulness (%) 
Strongly 
Disagree 

Disagree 
Somewhat 
Disagree 

Neutral 
Somewhat 

agree 
Agree 

Strongly 
Agree 

Mean 

PU1 (enable) 16,4 19,2 17,6 18,4 17,6 8,4 2,4 3,36 

PU2 (improve) 15,6 18,8 17,2 22,0 16,0 8,4 2,0 3,37 

PU3 (easier) 16,4  16,4 19,6 20,0 18,8 6,4 2,4 3,37 

PU4 (increases) 15,6 13,6 15,2 22,0 23,2 6,0 4,4 3,59 

PU5 (useful) 17,6 14,4 13,6 22,4 18,0 11,6 2,4 3,53 

 

Perceived Ease of Use (%) 
Strongly 
Disagree 

Disagree 
Somewhat 
Disagree 

Neutral 
Somewhat 

agree 
Agree 

Strongly 
Agree 

Mean 

PEOU1 (learn) 8,8 12,4 28,8 16,0 18,8 12,4 2,8 
3,72 

PEOU2 (skillful) 9,6 16,4 24,0 20,0 15,2 12,4 2,4 
3,62 

PEOU3 (trade) 8,8 16,4 21,2 17,6 22,8 10,0 3,2 
3,72 

PEOU4 (clear) 7,2 20,8 26,8 19,6 15,2 8,8 1,6 
3,48 

PEOU5 (Effortless) 12,4 24,4 23,2 18,0 12,4 8,4 1,2 
3,24 

 

Attitude towards Use (%) 
Strongly 
Disagree 

Disagree 
Somewhat 
Disagree 

Neutral 
Somewhat 

agree 
Agree 

Strongly 
Agree 

Mean 

ATT1 (would) 16,0 12,8 14,8 16,0 22,4 11,6 6,4 
3,76 

ATT2 (idea) 12,4 13,6 12,4 22,8 23,6 11,2 4,0 
3,81 

ATT3 (positive) 14,4 9,6 12,0 22,8 22,8 13,6 4,8 
3,90 

ATT4 (appealing) 14,0 8,8 16,4 21,2 20,8 13,2 5,6 
3,88 

 

Behavioral Intention (%) 
Strongly 
Disagree 

Disagree 
Somewhat 
Disagree 

Neutral 
Somewhat 

agree 
Agree 

Strongly 
Agree 

Mean 

BI1 (able) 17,2 14,8 14,4 15,2 19,2 12,4 6,8 
3,69 

BI2 (idea) 16,4 18,0 14,8 12,0 20,0 10,8 8,0 
3,66 

BI3 (positive) 24,4 17,2 11,6 16,0 13,2 10,0 7,6 
3,37 

Cryptocurrency (in %) 
Strongly 
Disagree 

Disagree 
Somewhat 
Disagree 

Neutral 
Somewhat 

agree 
Agree 

Strongly 
Agree 

Mean 

I (would) use social media to 
gather new information about 
cryptocurrency 

16,0 14,4 13,6 10,8 27,6 14,0 3,6 3,76 

I (would) use social media for 
entertainment purposes 
regarding cryptocurrency 9,6 12,0 11,2 15,2 25,6 20,8 5,6 4,20 

Social influence  (mean) Internalization Identification Compliance (Coercive) Compliance (Reward) 

Male 
Engaged in 
Cryptocurrency 
 

No 3,1 3 2,4 4,6 

Yes 4,3 4 3,0 5,2 

Female 
No 2,8 3 2,3 4,6 

Yes 4,9 5 4,0 5,6 
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Table -  Overview of Skewness, Kurtosis and Z-value with gender as split variable 

 

Table - Comparison between 5% trimmed 

mean and overall mean 

 

C.4 Normality test 

 

 

 

  Statistic Std Error Z-value 

Perceived 
Usefulness 

Male Skewness -0,014 0,206 -0,068 

  Kurtosis -0,906 0,408 -2,218 

Female Skewness 0,125 0,229 0,544 

  Kurtosis -0,658 0,455 -1,447 

Perceived 
Ease of Use 

Male Skewness 0,042 0,206 0,202 

  Kurtosis -0,399 0,408 -0,977 

Female Skewness 0,468 0,229 2,039 

  Kurtosis -0,531 0,455 -1,166 

Internalization 

Male Skewness 0,085 0,206 0,416 

  Kurtosis -0,892 0,408 -2,185 

Female Skewness 0,085 0,229 0,372 

  Kurtosis -1,190 0,455 -2,615 

Identification 

Male Skewness 0,110 0,206 0,536 

  Kurtosis -1,154 0,408 -2,826 

Female Skewness 0,227 0,229 0,988 

  Kurtosis -1,094 0,455 -2,404 

Compliance 

Male Skewness 0,036 0,206 0,174 

  Kurtosis -0,597 0,408 -1,462 

Female Skewness 0,614 0,229 2,678 

  Kurtosis 0,469 0,455 1,031 

Attitude 

Male Skewness -0,388 0,206 -1,886 

  Kurtosis -0,844 0,408 -2,067 

Female Skewness 0,015 0,229 0,065 

  Kurtosis -0,676 0,455 -1,485 

Behavioural 
Intention 

Male Skewness 0,041 0,206 0,198 

  Kurtosis -1,208 0,408 -2,957 

Female Skewness 0,320 0,229 1,396 

  Kurtosis -0,866 0,455 -1,902 

 

 

 

 

 

 

 

  Trimmed Mean Mean 

Social Media 3,031 3,061 

Perceived Usefulness 3,425 3,446 

Perceived Ease of Use 3,544 3,554 

Internalization 3,287 3,327 

Identification 3,182 3,214 

Compliance 3,100 3,121 

Attitude 3,839 3,839 

Behavioural Intention 3,528 3,571 
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Table - Internal Consistency comparison between prior publications by Davis, Malhotra. Fathema and Lopez-

Nicolas 

 

C.5 Reliability analysis 

Scale Davis (1986;1989) Malhotra (2005) Fathema (2013) Lopez-Nicolas (2008) Mean 

Social Media**  0,920 0,920 

Perceived 
Usefulness 

0,970 0,970 0,964 0,971 0,963 0,950 0,965 

Perceived Ease 
of Use 

0,860 0,920 0,959 0,959 0,934 0,940 0,929 

Internalization   0,744 0,836  

 

0,790 

Identification   0,757 0,823 
 

0,790 

Compliance   0,768 0,619 0,694 

Attitude 0,940 0,965 0,839 0,865 0,963 0,860 0,905 

Behavioural 
Intention 

0,930 0,816 0,772 0,898 0,860 0,855 

** note: Lopez-Nicolas et al. (2008) built upon subjective norm, where we took the three processes of social influence as 
foundation. Therefore it is only used as extra indication to increase the internal consistency.  
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9. Appendix D: Data analysis  

D.1 Difference in Groups 

D1.1 Crypto-traders and Non-traders 

Are you engaged in cryptocurrency? N Mean Std. Deviation 

No PU 184 3,123 1,3598 

PEOU 184 3,276 1,1875 

INTERN 184 2,924 1,3946 

IDENT 184 2,88 1,445 

COMP 184 2,891 1,0384 

ATT 184 3,488 1,5321 

BI 184 3,080 1,5922 

Yes PU 66 4,348 1,4424 

PEOU 66 4,327 1,2232 

INTERN 66 4,452 1,4538 

IDENT 66 4,15 1,295 

COMP 66 3,761 1,1787 

ATT 66 4,818 1,3871 

BI 66 4,939 1,6516 

D1.2 Social media 

Homogeneity of variance 

 SM_Monthly SM_Daily 

  INTERN IDENT COMP INTERN IDENT COMP 

Levene-s Test of 
Equality 

Confirmed Confirmed Confirmed Confirmed Confirmed Confirmed 

 

Difference between groups (monthly) 

 ANOVA Sum of 
Squares df 

Mean 
Square F Sig. 

INTERN Between Groups 22,091 5 4,418 1,844 0,105 

Within Groups 584,544 244 2,396     

Total 606,635 249       

IDENT Between Groups 28,910 5 5,782 2,613 0,025 

Within Groups 539,884 244 2,213     

Total 568,794 249       

COMP Between Groups 10,262 5 2,052 1,594 0,162 

Within Groups 314,140 244 1,287     

Total 324,402 249       
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Post Hoc test – Tukey HSD, multiple comparisons for IDENT (monthly) 
Dependent Variable Mean Difference Std. Error Sig. 

IDENT Rarely Occasionally -0,859 0,449 0,397 

Sometimes -0,269 0,429 0,989 

Frequently -1,190* 0,411 0,046 

Usually -0,487 0,471 0,906 

Every day -0,357 0,351 0,912 

Occasionally Rarely 0,859 0,449 0,397 

Sometimes 0,590 0,419 0,722 

Frequently -0,332 0,399 0,962 

Usually 0,372 0,461 0,966 

Every day 0,502 0,338 0,673 

Sometimes Rarely 0,269 0,429 0,989 

Occasionally -0,590 0,419 0,722 

Frequently -0,921 0,377 0,146 

Usually -0,218 0,442 0,996 

Every day -0,088 0,311 1,000 

Frequently Rarely 1,190* 0,411 0,046 

Occasionally 0,332 0,399 0,962 

Sometimes 0,921 0,377 0,146 

Usually 0,704 0,424 0,559 

Every day ,834* 0,285 0,043 

Usually Rarely 0,487 0,471 0,906 

Occasionally -0,372 0,461 0,966 

Sometimes 0,218 0,442 0,996 

Frequently -0,704 0,424 0,559 

Every day 0,130 0,366 0,999 

 

Difference between groups (daily) 

 ANOVA Sum of 
Squares df 

Mean 
Square F Sig. 

INTERN Between Groups 19,186 5 3,837 1,594 0,162 

Within Groups 587,449 244 2,408     

Total 606,635 249       

IDENT Between Groups 24,238 5 4,848 2,172 0,058 

Within Groups 544,555 244 2,232     

Total 568,794 249       

COMP Between Groups 6,130 5 1,226 0,940 0,456 

Within Groups 318,272 244 1,304     

Total 324,402 249       
a. no significance was found, therefore multiple comparison (Tukey HSD) was left out 

 

Difference between groups (SM_crypto) 

 ANOVA Sum of 
Squares df 

Mean 
Square F Sig. 

INTERN Between Groups 72,298 6 12,050 5,480 0,000 

Within Groups 534,337 243 2,199     

Total 606,635 249       

IDENT Between Groups 56,099 6 9,350 4,432 0,000 

Within Groups 512,695 243 2,110     

Total 568,794 249       

COMP Between Groups 14,811 6 2,469 1,938 0,075 

Within Groups 309,591 243 1,274     

Total 324,402 249       
a. significance was found for INTERN and IDENT 
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Post Hoc test – Tukey HSD, multiple comparisons for INTERN and IDENT (SM_crypto) 

Dependent Variable 
Mean 

Difference 
Std. Error Sig. 

INTERN 

Never Frequently -1,4800* 0,3829 0,003 

Usually -2,5229* 0,6075 0,001 

Rarely Frequently -1,2605* 0,3472 0,006 

Usually -2,3034* 0,5857 0,002 

Occasionally Frequently -1,0875* 0,3549 0,039 

Usually -2,1304* 0,5903 0,007 

Frequently Never 1,4800* 0,3829 0,003 

Rarely 1,2605* 0,3472 0,006 

Occasionally 1,0875* 0,3549 0,039 

Usually Never 2,5229* 0,6075 0,001 

Rarely 2,3034* 0,5857 0,002 

Occasionally 2,1304* 0,5903 0,007 

IDENT 

Never Frequently -1,217* 0,375 0,022 

Rarely Frequently -1,434* 0,340 0,001 

Usually -1,878* 0,574 0,021 

Occasionally Frequently -1,054* 0,348 0,042 

Frequently Never 1,217* 0,375 0,022 

Rarely 1,434* 0,340 0,001 

Occasionally 1,054* 0,348 0,042 

Usually Rarely 1,878* 0,574 0,021 

* The mean difference is significant at the 0.05 level. 
a. Non-significant differences between social media and INTERN/IDENT were left out  

D1.3 Age 

Levene’s Test of Equality 

  BI ATT PU PEOU INTERN IDENT COMP SM 

Levene-s Test 
of Equality 

Partially** Confirmed Confirmed Confirmed Confirmed Confirmed Confirmed Rejected 

Interaction 
effect 

No No No No No No No No 

 
 Levene Statistic df1 df2 Sig. 

BI** 

Mean 2,280 7 242 0,029*** 
Median 1,934 7 242 0,065 
Median and with adjusted df 1,934 7 207,868 0,066 
Trimmed mean 2,200 7 242 0,035*** 

*** Sig. < .05 = violation of homogeneity of variance assumption 

 

Two-way ANOVA (INTERN): Tests of Between-Subjects Effects   
Source Type III Sum of 

Squares 
df Mean 

Square 
F Sig. Part. Eta 

Squared 
Corrected Model 145,817a 7 20,831 10,939 0,000 0,240 
Intercept 857,884 1 857,884 450,520 0,000 0,651 
Age 28,025 3 9,342 4,906 0,003 0,057 
Engaged 26,884 1 26,884 14,118 0,000 0,055 
Age* Engaged 10,434 3 3,478 1,827 0,143 0,022 
Error 460,818 242 1,904       
Total 3374,200 250         
Corrected Total 606,635 249         
a. R Squared = ,240 (Adjusted R Squared = ,218) 

b. dependent variable: INTERN 

 

 


